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Preface 
We both work in foreign language education: Yunus Emre Sarı in German 
language teaching and Ali Tilbe in French language teaching. The book be-
gan with a simple question we put to colleagues who do the same work: where 
did they think our field was going? 

We did not start from artificial intelligence or from any other single theme. 
We chose the subtitle, Pedagogies for a Changing World, before a single 
chapter arrived, because we wanted the contributors to show us what that 
changing world looked like. 

When the chapters came in, artificial intelligence was everywhere. We had 
not asked for it, but we were not surprised either. It had already become part 
of how colleagues talk about materials, assessment, teacher education, feed-
back and classroom practice. 

The book also keeps in view questions that no technology has settled: what 
learners feel while they learn, and how future teachers learn to see a classroom 
before they teach in one. For that reason the subtitle still seemed right to us. 
Change in foreign language education is wider than any one technology. 

The fourteen chapters were written by eighteen colleagues at eight universi-
ties across Türkiye. Ten of them teach English, French, German and Italian 
in schools of foreign languages; eight prepare future teachers of English, 
French and German in faculties of education. They do not give one answer to 
where the field is going, and we did not expect them to. What they show is 
what a group of teachers and teacher educators considers worth examining now. 

We think of the book as a conversation among colleagues. One colleague 
names a problem, and another suggests a way of looking at it. 

We hope it will be useful to language teachers, teacher educators, researchers 
and everyone else working in foreign language education. It is published open 
access so that the conversation can reach beyond the institutions and class-
rooms where it began. 

We thank all our authors for their work and their patience, and Verlag H.J. 
Maurer in Frankfurt am Main for publishing the book and making it freely 
available. 

Yunus Emre Sarı & Ali Tilbe 
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Introduction 
Language teachers have always had to decide what their learners should 
be able to do and how to tell whether they can. What changes from one 
period to the next is the setting in which those decisions are made. Today 
the most visible change is a technology that drafts and redrafts text, an-
swers questions about grammar, produces code, reads learner data and 
keeps a conversation going for as long as anyone likes. It does not settle 
a single pedagogical question. Teachers still have to judge when such help 
is appropriate, what learners should manage on their own, how a gener-
ated sentence should be checked and which parts of the work cannot be 
handed over. 

New Directions in Foreign Language Education: Pedagogies for a 
Changing World starts from these judgements and from the older ques-
tions behind them. Its chapters range over post-method pedagogy, positive 
affect, the practicum, prompt writing, personalised materials, assessment 
and ethics. What they share is a concern with how foreign language edu-
cation should respond when the conditions it was built on change. 

We have arranged the fourteen chapters in four parts: pedagogical frame-
works, the teacher, materials and task design, and assessment and ethics. 
As we see it, this is roughly the order in which these questions come up 
in practice. 

Part I. Pedagogical Frameworks 
The book opens with Yunus Emre Sarı’s “Teachers as Developers: AI-
Assisted Coding in Language Education” (Chapter 1), which looks at the 
gap between using a digital material and building one. Sarı separates two 
kinds of work: building a working artefact, and judging whether it is ped-
agogically and technically sound. For some small artefacts, AI-assisted 
coding makes building easier, but the standards for judging the result stay 
the same. From this difference the chapter develops a typology of teacher-
built artefacts and a five-item checklist that runs from writing the prompt 
to a short note after first use. It also asks what happens once an artefact 
exists: maintenance and abandonment, accessibility, learner data, owner-
ship, and artefacts that work but teach little. 
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Aysel Deregözü and İlayda Erdem (Chapter 2) ask what remains of post-
method pedagogy once the learning environment itself adapts to the 
learner. Their chapter, “Reconceptualizing EFL Pedagogy in the Age of 
Generative AI and Digitalization”, argues that generative AI might put 
post-method principles into practice, among them learner autonomy, con-
text-sensitive exposure to language and wider learning opportunities. The 
authors also take the costs seriously and raise questions of data bias, dig-
ital equity and pedagogical integrity. In their account, AI works as adap-
tive scaffolding within a context that teachers and learners shape together. 

Maghsoud Hassani Mehr (Chapter 3) turns to a process the field has paid 
little attention to: savoring, the way learners attend to a positive experi-
ence, intensify it and make it last. “Savoring Language Through 
Translanguaging: A Conceptual and Discursive Perspective” brings to-
gether research on positive psychology, second language affect and 
translanguaging. Hassani Mehr argues that translanguaging provides the 
semiotic architecture through which savoring is enacted, and he builds a 
model of “savoring-through-translanguaging” around a four-stage Discur-
sive-Savoring Cycle, with a coding matrix for analysing it. The chapter 
distinguishes savoring from enjoyment and treats it as discursive work 
that learners do with their whole linguistic repertoire. 

Part II. The Teacher 
This part follows the teacher’s career from its start. Ebru Üstün and Bilal 
Üstün (Chapter 4) examine the practicum hours that the regulation re-
quires to be planned but does not name. “Learning to See Before Learning 
to Teach: The Unnamed Role in the Practicum of Pre-Service Teachers of 
German in Türkiye” is about the time pre-service teachers spend in class-
rooms without teaching. Drawing on the 2021 national regulation, four 
institutional practicum documents and research on professional vision, the 
authors show that being present in a classroom does not by itself lead to 
professional learning. It does so only where observation is structured, and 
what student teachers notice depends on what they already know. Their 
framework organises observation along the object of perception, the form 
of mediation and the observer’s epistemic stance, and moves from imita-
tive to analytical and then inquiry-oriented observation. 

Hamdullah Şahin (Chapter 5) stays with student teachers of German and 
asks what motivates them to learn with generative AI. “Motivation to 
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Learn with GenAI: A Self-Determination Theory Perspective on Pre-Ser-
vice German Language Teachers” reports survey data from 94 pre-service 
teachers. They show high autonomous motivation and low levels of both 
controlled motivation and amotivation. The strong negative correlation 
between intrinsic motivation and amotivation suggests that engagement 
with these tools is associated more closely with interest than with external 
pressure. Şahin concludes that teacher training needs a hybrid model that 
addresses intrinsic and extrinsic motivational needs together. 

The next chapter moves from student teachers to practising ones. Şule 
Çınar Yağcı and Tuğba Aydın Yıldız (Chapter 6) interviewed four Eng-
lish instructors after a four-hour professional development programme 
and report their views in “AI as Support, Not Substitute: English Instruc-
tors’ Perceptions of ChatGPT in Foreign Language Teaching”. The in-
structors valued AI for developing materials, finding resources and sup-
porting learner autonomy. They were just as quick to name their concerns 
about privacy, academic integrity, student dependency and reduced cog-
nitive engagement. In their view, responsible use still depends on teacher 
expertise and clear institutional guidance. 

Hakan Dolan (Chapter 7) closes the part. He treats prompt engineering as 
a didactic competence. In “The Transformation of the Teacher’s Role in 
the Age of Artificial Intelligence: A Didactic Decision Tree Proposal 
Based on a Prompt Engineering Taxonomy” he reinterprets a 41-tech-
nique taxonomy for the needs of language teaching and builds a scenario-
based decision tree that helps teachers choose among six techniques for 
source-grounded material development, from document-grounded 
prompting and retrieval-augmented generation to chain-of-verification. 
One point runs through the chapter: checking by the model does not re-
place the teacher’s review, which must always follow it. 

Part III. Materials and Task Design 
Betim Neyran Can (Chapter 8) questions the common assumption that 
more personalisation means more automation. “A Stage-Oriented Model 
of AI-Personalized German Language Preparation from A1 to B2” links 
the type and intensity of AI support to proficiency, task purpose, learner 
independence and teacher judgement. At A1 and A2, support stays con-
trolled and close to the curriculum. At B1 and B2, it can extend to com-
parison, revision, mediation, register awareness and reflective feedback. 
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Personalisation, in this model, is therefore calibrated rather than simply 
increased. 

Fayrouz Merabti (Chapter 9) asks what learner data can actually contrib-
ute to materials design. In “AI-Driven Learning Analytics for French Lan-
guage Materials Design across CEFR levels A1 to B1” she proposes a 
cycle in which learner interaction produces data, AI helps analyse it and 
teachers use the results to revise their materials, with a different emphasis 
at A1, A2 and B1. Analytics should inform design decisions, she argues, 
and should not make them. Alignment with the CEFR, cultural relevance 
and pedagogical appropriateness remain the teacher’s responsibility. 

Burcu Ün and Gizem Arslan (Chapter 10) start from a familiar weakness 
of textbook dialogues: they leave out social and emotional variation. “Ar-
tificial Intelligence-Based Dynamic Persona in Language Education: An 
Examination Of Sociocultural Context And Pragmatic Competence” uses 
characters generated by large language models to bring that variation into 
everyday settings such as restaurants, family, health and work. Learners 
then have to adapt their language to interlocutors who differ in social po-
sition, personality and emotional state. The authors describe AI in this role 
as a “sociocultural laboratory” for exploring pragmatic and sociolinguistic 
variation. 

Maryam DelfarianTurk (Chapter 11) also works on pragmatic compe-
tence, but through revision. In “From AI Translation to Pragmatic Post-
Editing: A Task-Based Framework for Developing University EFL 
Learners' Pragmatic Competence” she treats AI-generated and machine-
translated language as a draft to be evaluated and rewritten before it is 
accepted. Her five-dimensional framework and six-stage Pragmatic Post-
Editing Cycle direct learners’ attention beyond grammatical fluency to 
communicative purpose, the relationship with the recipient, directness and 
imposition, politeness and the writer’s own voice. 

Part IV. Assessment and Ethics 
Gizem Köşker (Chapter 12) addresses the assessment problem directly. 
When learners can generate, translate and revise texts with AI, an accurate 
final text does not necessarily show what they can do on their own. In 
“Assessment in French Language Instruction in the Age of Generative 
Artificial Intelligence” she proposes a four-stage process: independent 
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initial performance, documented AI-supported editing, critical validation, 
and an oral explanation in which the student transfers the work to a new 
context. The chapter includes sample tasks and analytical scoring criteria 
for A2, B1 and B2. 

Alireza Navidmoghaddam (Chapter 13) reads seven empirical studies, 
which are usually discussed separately, as one body of evidence. They 
cover portfolio writing and assessment, biometric-informed reading, a 
longitudinal speaking corpus, task-based instruction and learner emotion. 
“Living Portfolio in Iterative Artificial Intelligence Feedback and the Re-
orientation of Foreign Language Assessment” proposes that sustained, 
proficiency-calibrated feedback within an iterative, documented cycle 
may support linguistic, cognitive and affective development. The author 
presents this as a proposition that still has to be tested and states its limits 
openly: pragmatic competence, the governance of longitudinal data and a 
narrow evidence base. 

Zeyneb Dolan (Chapter 14) closes the book. “Ethical Dimensions of Ar-
tificial Intelligence in Foreign Language Education” discusses privacy 
and data security, bias, academic integrity, risks to human interaction, dig-
ital inequality and the opacity of algorithmic decisions. Drawing on the 
governance frameworks and ethical guidelines of UNESCO, the European 
Commission and the World Economic Forum, Dolan argues for princi-
ples-based governance combined with digital literacy training, so that AI 
supports teachers instead of replacing them. 

Taken together, the chapters do not propose a single model for the future 
of foreign language education. They place their emphasis differently: on 
teacher competence and professional vision, on motivation and affect, on 
materials, on pragmatic interaction, on assessment or on governance. Yet 
one concern keeps returning, and that is human judgement. Whatever the 
tool or task, decisions about purpose, appropriateness, responsibility and 
educational value remain with teachers, learners and institutions. 
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Teachers as Developers:                                                         
AI-Assisted Coding in Language Education  

Yunus Emre Sarı 1 

Abstract 
Crea%ng interac%ve digital materials has o3en required either working within the constraints of 
authoring tools or drawing on programming exper%se. AI-assisted coding begins to change this, 
since teachers can now obtain working artefacts by describing them in ordinary language. Easier 
produc%on leaves two ques%ons open: whether an artefact is worth building and whether it 
serves its learners. The chapter therefore separates two kinds of work: building an artefact and 
judging its pedagogical and technical adequacy, both when it is planned and a3er it is built. For 
some small artefacts, AI-assisted coding can reduce the exper%se and effort needed to build 
them. It does not lower the standards by which the result must be judged, even where tools 
perform some checks, and a working artefact can hide a failure to meet them. The chapter pro-
poses a typology of teacher-built artefacts organised by whether each receives learner input 
and what it does with it, and examines the costs that arise once a working version exists: mainte-
nance and abandonment, accessibility, learner data, ownership, and artefacts that work but 
teach liHle. It closes with a five-item checklist covering planning, tes%ng, and first use, and with 
implica%ons for teacher educa%on. 
Keywords: foreign language educa4on, AI-assisted coding, materials development, teacher-
made materials, computer-assisted language learning 

 

Introduction 
Materials development is an established field within language teaching, 
with its own literature and evaluative criteria (Tomlinson, 2012). Teachers 
have long taken part in this work by selecting, adapting, and rewriting 
materials. When the material is software, however, teachers have often 
worked within the options provided by authoring tools. Moving beyond 
those options has typically required programming knowledge or expertise 
in more complex authoring environments, which cannot be assumed to 
form part of every language teacher’s preparation. 

The need for teacher-made materials varies across languages and teaching 
contexts. Even in the saturated English language teaching market, 
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commercial pressures constrain what a global coursebook can contain 
(Mishan, 2022). Teachers of less commonly taught languages often face 
a more basic problem, since materials suited to their teaching context may 
be unavailable or out of date (Özçelik & Kennedy Kent, 2023). In such 
contexts, producing materials can be a practical necessity. 

Generative artificial intelligence (AI) extends what teachers can produce. 
For example, Shin et al. (2026) describe no-code routes through which 
English language teachers can build and revise their own applications, and 
Mørch et al. (2025) report two case studies of teachers adapting and con-
figuring language models. In a chapter published elsewhere, the author 
examined the use of generative AI in skill-based German instruction (Sarı, 
2025). This conceptual chapter turns to teachers who build digital arte-
facts with AI assistance rather than adjust an existing tool or model. It 
develops an argument from selected literature and an illustrative exercise; 
it does not report a systematic review or a study of learning outcomes. It 
examines teacher-built software in terms of pedagogical justification and 
learner fit, drawing on materials development and computer-assisted lan-
guage learning (CALL) scholarship (Chapelle, 2001; Tomlinson, 2012), 
and considers the responsibilities that arise once a working artefact exists. 

The chapter’s central point is that building an artefact and judging it are 
two different kinds of work. Building requires knowledge, skills, time, 
and resources. Judging requires the expertise and effort to decide whether 
the artefact is pedagogically and technically adequate, both while it is be-
ing planned and once a working version exists. For some small artefacts, 
AI-assisted coding can reduce what building requires. It does not lower 
the standards for judging the result, and whether it reduces the effort of 
judging remains open. For teachers without programming expertise, ideas 
that exceeded the limits of available templates could remain unbuilt. Ped-
agogical design questions still mattered, but there was no working version 
to evaluate. When a working version is easy to obtain, successful produc-
tion can be mistaken for successful design. A functioning artefact does 
not, by itself, show that it suits the intended proficiency level, serves a 
worthwhile learning objective, is accessible to its learners, or handles their 
data appropriately. Nor can teachers assume that a coding assistant will 
raise these questions. Where requirements remain unstated, the assistant 
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may either settle consequential design decisions without drawing atten-
tion to them or leave them open. 

The chapter first places teacher-built software within materials develop-
ment, CALL authoring, and end-user development, and explains the dif-
ference between building and judging. It then considers what AI-assisted 
coding has changed and what it has left in place, proposes a typology of 
teacher-built artefacts illustrated by an exercise built with an assistant, and 
examines the costs that follow. It closes with implications for teacher ed-
ucation, among them a five-item checklist that runs from writing the 
prompt to a short note after first use. 

Theoretical Background 

Materials Development and Teachers as Designers 
Materials development rests on a normative commitment: a material 
needs a defensible relationship to how learners learn and to the purposes 
it serves (Tomlinson, 2012). Principled decision-making therefore matters 
in selecting and adapting existing materials as well as in creating new 
ones. Tomlinson’s (2023) account of blended learning connects materials 
design to meaningful language use, affective and cognitive engagement, 
and opportunities for communication. These principles provide grounds 
for evaluating what a digital artefact asks learners to do, beyond whether 
its interface works. Recent research on generative AI-supported materials 
development also highlights the continuing importance of teachers’ con-
textual judgement (Lo, 2025). 

Kali et al. (2015) frame teachers as designers of technology-enhanced 
learning and treat teacher design as professional knowledge work in its 
own right. McKenney et al. (2015) situate teacher design knowledge 
within an ecological framework of design assets and needs, noting that 
teacher education rarely develops design expertise beyond lesson plan-
ning. Teaching involves design reasoning, whose objects are goals, se-
quences, learner activity, and the artefacts that carry them. A further ques-
tion is whether the design knowledge and resources developed through 
creating lessons, tasks, and texts transfer unchanged to software design. 
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Authoring Systems and End-User Development 
CALL has a long history of authoring tools that allow teachers to create 
materials without programming. Drawing on Otto and Pusack’s (2009) 
account of these tools, this chapter distinguishes building a new artefact 
from adjusting one that someone else has designed. Their account treats 
authoring as a continuum. Simple templates, predefined forms into which 
content is typed, sit at one end. Complex authoring environments sit at the 
other end and offer more flexibility, but they demand advanced skill, con-
siderable time, and resources. The same authors identify several barriers 
to teacher authoring: demands on time and resources, training require-
ments, a lack of professional recognition, and the short lifespan of the re-
sulting software. At the template end, convenience comes from what has 
been defined in advance, but even a skilled teacher cannot go beyond it. 
The available interaction types are those the designer of the template an-
ticipated, and a need outside that set cannot be met by filling in the form 
differently. With such templates, teachers could already create materials 
without programming, but their options were bounded by each template’s 
design. Production through conversation loosens that bound. 

When a teacher builds an artefact, what it does and the order of its steps 
come from the teacher’s description, although an assistant may fill in de-
tails the teacher has not specified. When a teacher adjusts an existing tool, 
the teacher changes settings and prompts within a structure designed by 
someone else. Some cases fall between the two. Mørch et al. (2025) illus-
trate why this distinction needs care: the teachers in their two cases mainly 
adapted and adjusted existing tools, although one project also involved 
building a system together with researchers and computer scientists. The 
distinction used here concerns the teacher’s role in specifying what the 
artefact does; building can still make use of existing tools and services. 

End-user development refers to the methods and tools that let people who 
are not professional software developers create or modify a software arte-
fact (Lieberman et al., 2006). Ko et al. (2011) open their survey of end-
user software engineering with the observation that most programs are 
written not by professional developers but by people whose expertise lies 
in other domains and who need computational support for their own pur-
poses. That is the position this chapter assigns to the teacher. Ko et al. add 
that end-user developers face many of the same software engineering 



Teachers as Developers: AI-Assisted Coding in Language Education 
 

 19 

challenges as professionals, including understanding requirements, mak-
ing design decisions, testing, and debugging. For two decades, end-user 
software engineering has documented the obligations that come with 
building software with spreadsheets and web-authoring tools. In materials 
development, those obligations rest on different ground. Quality depends 
not only on whether the software works correctly but also on pedagogical 
justification. The teacher responsible for developing the material is ac-
countable to learners: an artefact can run exactly as specified yet serve no 
defensible learning objective. 

Building and Judging 
These strands provide complementary accounts of teachers’ design work. 
Materials development addresses the selection, adaptation, creation, and 
evaluation of learning resources; teacher-design research examines learn-
ing environments; CALL authoring extends these concerns to digital 
tools; and end-user development explicitly includes software created by 
non-professionals. The question here is how the evaluative responsibili-
ties these strands describe apply when a teacher can obtain a working dig-
ital artefact by describing to a coding assistant what it should do. 

AI-assisted coding makes it useful to separate two kinds of work that are 
easily treated as a single technical requirement. Creating a working arte-
fact requires knowledge, skills, time, and resources; until recently, any-
thing beyond a template also required programming or comparable tech-
nical skill. For some small, self-contained artefacts, AI assistance reduces 
these demands, because the assistant supplies code for behaviour that a 
template does not offer. Judging the result still requires the expertise and 
effort to decide whether it is pedagogically and technically adequate, both 
in the decisions made beforehand and in the finished artefact. Easier cre-
ation does not lower the standards for that judgement, and tools that help 
with checking may change this work without removing it. Responsibility 
for the judgement remains with people. That judgement is pedagogical, 
covering the level an artefact addresses, the objective it serves, and the 
learner performance it expects. It is also technical, covering accessibility, 
security, and data handling. 

Sarkar and Drosos (2025) analysed videos in which programmers built 
software through conversation with an AI assistant. Programming exper-
tise remained necessary, but the work shifted towards managing what the 
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assistant was given, checking generated code quickly, and deciding when 
to intervene directly. However, none of the sessions featured a user with-
out programming expertise, and the authors do not extend the finding to 
such users. Carrying it over to teachers is the author’s inference. On that 
inference, a teacher may need additional support when a judgement de-
pends on aspects of the artefact that cannot be established by trying the 
page. 

What AI-Assisted Coding Has Changed 
The most immediate change is how easily a teacher can reach a first work-
ing version. A bespoke artefact used to sit at the far end of the authoring 
continuum. Consider an exercise tool that records which form in a case 
paradigm a learner got wrong, rather than merely recording that a response 
was incorrect, and presents that form again in fresh lexical contexts until 
the learner gets it right consistently. A template that records only correct-
ness cannot provide this diagnosis; a template can do so only if its design 
supports the relevant error categories and sequencing. Moving beyond 
such a template requires a more flexible authoring environment or code. 

Two controlled comparisons in general software engineering point in op-
posite directions, and both are preprints, not refereed reports. Peng et 
al. (2023), some of whose authors work for the tool’s vendor, studied an 
assistant that suggested code as programmers typed, not the conversa-
tional loop at issue here, and found that professional programmers com-
pleted a small programming task, begun from a partly prepared project, 
markedly faster. Becker et al. (2025) found the opposite with experienced 
developers working on large projects they already knew well: with the 
tools, their tasks took longer, yet afterwards the developers still believed 
the tools had made them faster. Neither study measured the production of 
teaching materials, so their relevance here is analogical. 

For teachers without programming expertise, the change is that some be-
spoke artefacts may now be within reach. This concerns access to produc-
tion, not simply the speed of an existing workflow. It remains open 
whether teachers who work by prompting and trying the page misjudge 
the assistant’s effect on their time, and whether they also underestimate 
the faults in what it produces or the need to check it. 
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A second change is the speed of trial and revision. Teacher design has 
been theorised as iterative and situated (Kali et al., 2015; McKenney et 
al., 2015). When a small revision can be made through a conversational 
turn, a teacher can test an intuition against a working artefact. Technical 
difficulty also screens out fewer projects than it did. It once kept some 
projects from reaching learners, but that barrier reflected effort rather than 
pedagogical value. With that filter weakened, more artefacts can reach 
learners, and problems that nobody looked for beforehand surface in use. 
An artefact that does not run is usually noticed quickly, whereas one that 
runs without error but does no defensible teaching work is noticed only 
by someone who is already asking the pedagogical question. 

Teachers’ existing design knowledge does not guarantee that they will 
catch these problems. A digital artefact fixes decisions about which 
learner responses are treated differently, what stays unchanged, and when 
a person reviews its output. A teacher can adjust a lesson during interac-
tion; an artefact can adjust only in the ways specified in advance. A work-
ing artefact can also exist before its rationale, which makes it easy to jus-
tify the finished result after the fact. 

The shift that Sarkar and Drosos (2025) describe also leaves much of the 
work in place, and some of that work requires expertise beyond pedagog-
ical design. Specifying requirements is still a human act. When a teacher 
leaves part of the description unspecified, the assistant may fill the gap in 
a way that does not serve the intended pedagogy. Whether the artefact 
actually fits what learners need remains a materials-development judge-
ment, and the assistant cannot make it for the teacher. Maintenance re-
mains an obligation, and CALL’s own sustainability literature separates 
one-off artefacts from projects that survive technological and institutional 
change (Kennedy & Levy, 2009). 

An informal observation from the author’s own teaching illustrates the 
concern. Pre-service teachers were asked to introduce digital applications 
and then teach a short lesson with one. Most chose ready-made platforms, 
and a few built something of their own with a coding assistant. The work 
repeatedly stalled before the teaching step, and where an artefact was 
built, the level, the age group, and the objective still had to be settled after 
the artefact existed. The difficulty also arose with ready-made platforms, 
suggesting that building software alone did not explain it. 
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Producing a useful teaching artefact draws on pedagogical experience, op-
portunities to practise design, familiarity with the tools, and access to 
technical support. AI-assisted coding can reduce some technical demands 
for small artefacts. However, it does not supply all of these conditions. 
Mørch et al. (2025, Introduction section, para. 2) observe that “not all 
teachers are interested, able, or willing to utilize the increased agency.” 
How much checking an artefact needs depends largely on what it does 
with learner input. 

A Typology of Teacher-Built Artefacts 
The proposed typology distinguishes four functional categories according 
to whether an artefact receives learner input and what it does with that 
input. These categories are not stages on a scale of complexity, and one 
artefact can combine several functions, as the exercise below does. The 
first judges closed responses; the second evaluates open production; the 
third sustains an exchange without assigning scores; and the fourth trans-
forms teacher-supplied material without receiving learner responses. 
Gamification is treated here as an optional extra, most often added to 
closed-response practice, not as a separate function. 

The scope is set separately and covers artefacts whose output reaches 
learners, either directly or through materials and feedback the teacher 
passes on. Tools used solely for teacher or researcher analysis fall outside 
it, as do environments whose purpose is communication among people. 
All four categories can be implemented at different points on the author-
ing continuum, and AI-assisted coding has brought its far end within reach 
of some teachers who do not program, at least for small artefacts. The 
possibility of moving beyond templates means that the teacher as a cus-
tomiser of existing CALL materials (Barcomb & Cardoso, 2025) no 
longer marks the upper limit of what teachers can build. 

Practice and Feedback Tools 
The first and most familiar category presents items and judges responses; 
it may also give different follow-up items depending on the kind of error 
made. Its value lies in matching practice more closely to a particular group 
of learners. A teacher may face a cohort whose error profile is not ad-
dressed by available materials, and where the market is thin, suitable 
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material may be absent or dated (Özçelik & Kennedy Kent, 2023). One 
decision that shapes the quality of such a tool is the level label, which is a 
claim about the proficiency an item targets. In a study of alignment to the 
Common European Framework of Reference for Languages (CEFR), ex-
pert judges assigning levels to test items varied in the criteria and de-
scriptors they used and in their interpretations of the levels (Harsch & 
Hartig, 2015). 

That study concerns testing, and carrying it over to teaching materials is 
the author’s analogy, resting on a shared task: in both cases a person 
judges an item’s level before any learner has answered it. A level label 
produced with a generative model is therefore a design claim in need of 
justification, and an item does not acquire its level by being generated. A 
practice tool can also respond only to the kinds of error its designer antic-
ipated, and a generative model may produce plausible items whose level 
labels are unsupported, without reliably signalling the mismatch. Figures 
1 to 4 show how a simpler tool, one that explains each error but gives 
every learner the same items, was specified and built. 

 
Figure 1. The prompt given to Claude Opus 5: a teaching specification for an 
interactive exercise on at, on, and in with places. It is reproduced in full; it 
states the teaching requirements and asks that the exercise look like the other 
exercises on the site. Highlighting marks each decision the teacher stated. 

The prompt is a specification written in the language of teaching rather 
than of programming. It names the structure (at, on, and in with places), 
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the CEFR level (A1), and the confusion that matters most. It sets out five 
steps from recognition to a sentence of the learner’s own, states what the 
learner should be able to do at the end, and asks that every incorrect option 
receive its own explanation of the mistake made. Its analysis of a place as 
a point, a surface, or an enclosure is close to cognitive-linguistic accounts 
of prepositions, on which computer-based tutors for English prepositions 
have already been built (Wong et al., 2018; Zhao et al., 2020). Figures 2 
to 4 show the exercise that the assistant produced from the prompt. 

 
Figure 2. Steps 1 and 2 of the exercise produced from the prompt in Figure 1, 
each after an incorrect answer: deciding how the place is meant, then choosing 
the preposition. Figures 2 to 4 show the version the assistant first returned, 
before corrections were requested; the item numbers shown on the page within 
each step are omitted. 

The first two steps separate meaning from form. The sequence asks the 
learner to decide whether a place is a point, a surface, or an enclosure 
before choosing the word, and a wrong preposition is then treated as a 
misreading of the place. The assistant carried this into the feedback, as the 
prompt required. Each wrong option has its own explanation, headed by 
a label that pairs the sense of the place with the sense implied by the an-
swer, which is more than the correctness feedback used as a comparison 
condition in one such tutor (Zhao et al., 2020). Even so, the items need a 
teacher’s reading. An item from step 2 not shown here reads: They are 
____ the airport now, waiting for their flight. The answer in is marked 



Teachers as Developers: AI-Assisted Coding in Language Education 
 

 25 

wrong although the explanation itself calls it close. Figure 3 shows the 
next two steps. 

 
Figure 3. Steps 3 and 4, each shown after an incorrect answer: first, a noun 
whose sense is given in brackets and which returns in the next item with an-
other sense; second, a judgement on a complete sentence. First version, as re-
turned by the assistant. 

Steps 3 and 4 move from choosing to contrasting and judging. Because 
the same noun takes two prepositions in neighbouring items, the learner 
cannot simply remember which word goes with which noun, and step 4 
asks for the same decision without offering the prepositions to choose 
from. The explanation for the dog in the kitchen identifies the confusion 
that the prompt called the worst one. The bracketed cues also need a 
teacher’s review. The cue in step 3, We only say which place he is, is 
incomplete as a locative expression, so an A1 learner meets a faulty model 
sentence in the cue and again in the explanation. The item shown in Figure 
3 carries a further problem. With school, English marks the institutional 
reading by dropping the article, as in at school. Once the article is there, 
both at the school and in the school remain available, and only the brack-
eted cue rules the second one out, while the feedback labels the answer a 
confusion of point and enclosure. This contrast came from the teacher’s 
own specification (Figure 1), so the problem is already present in the 
prompt. Figure 4 shows the fifth and last step. 
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Figure 4. Step 5, the writing task that asks for a place meant as an enclosure. 
The two sentences were entered by the author to test the check. The first re-
ceives corrective feedback; the second, which uses in for a time of day, is ac-
cepted. First version, as returned by the assistant. 

Step 5, where learners write a sentence of their own, goes furthest beyond 
choosing, but its check does not follow the aim of the prompt. The second 
sentence in Figure 4, In the morning I drink tea, names a time rather than 
a place, yet the page accepts it with the feedback “Good — you used in 
and named the place after it, so you have written the enclosure sense.” In 
this test, the page fails to distinguish the required spatial use of in from a 
non-spatial one, although that distinction is what the prompt set out to 
measure. The judgement therefore misses the intended construct, that is, 
what the task is meant to capture (Knoch, 2011). The flaw becomes evi-
dent only when someone enters a sentence that fails to express the re-
quired spatial meaning. The distinctions of the first four steps came from 
the teacher and were included in the feedback, even though an item such 
as the airport sentence applies them in a context that leaves the sense open. 
The fifth step keeps their labels and reverses the order of the two senses 
that the arrow pairs, yet the sentence it accepts in Figure 4 does not ex-
press the distinction those labels name. In judging a sentence the learner 
has written, step 5 already does the work of the second category described 
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below, but without establishing whether the sentence expresses the re-
quired meaning. The prompt never said how such a sentence should be 
judged, so this step needed human review before its feedback could be 
treated as an assessment of meaning. 

The level label is another matter. The specification states A1 without giv-
ing a reason; the explanations use English that an A1 learner may not fol-
low, partly because the specification itself asked for the labels point, sur-
face, and enclosure, and nothing in the production of the exercise checked 
whether its items belong at that level. 

A tool that judges responses can also be made to reward them, and gami-
fied skill tools take that step by adding points or other rewards. They at-
tach a game mechanic to a narrow grammatical or lexical regularity, such 
as timed sorting for gender assignment, and can be designed to support 
repeated practice. Because such a tool still judges a closed response, it 
belongs with the practice tools. The decision this adds is which mechanic 
fits which regularity and what the scoring rewards. 

Engagement and motivation recur as the rationale for gamification in sec-
ond language learning, yet the review assembling that rationale found no 
study linking particular elements to the outcomes claimed (Dehghanzadeh 
et al., 2021). Outside language learning, a meta-analysis found that gam-
ification has positive but small effects, largest on what learners learn and 
smallest on their behaviour (Sailer & Homner, 2020). The main risk is 
drift: a mechanic that rewards speed makes rapid recognition sufficient 
for a high score, even where the objective is accurate production. 

Assessment and Feedback Tools 
The second category reads open learner production, in writing or speech, 
to support the teacher’s review. It can reduce the work of providing feed-
back, but what it should do depends on the assessment criteria. Knoch 
(2011) argues that the decisions taken in developing a rating scale, above 
all the choice of criteria, are decisions about what the assessment defines 
as its construct, and that theory does not settle them on the developer’s 
behalf. 

Knoch’s argument predates generative AI and concerns human raters, so 
extending it to a teacher-built rubric is an argument by analogy. A rubric 
that one teacher builds and applies alone may borrow descriptors from 
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established scales, but it does not automatically include moderation of 
borderline cases or checks on agreement between human and automated 
judgements. In practice, one person has defined the construct, and it will 
be reconsidered only if someone deliberately reviews it later. Unless out-
puts are reviewed against the intended criteria, what the assessment 
measures in practice may narrow to whatever the tool actually scores. 

Open-Ended Interaction Tools 
The third category takes learner input as turns in an exchange, as in a role 
play, a simulated dialogue, or a conversation partner, and does not score 
those turns as responses. It can offer more chances for sustained interac-
tion where class size and contact hours limit them. Two decisions are cen-
tral to the pedagogical quality of such a tool. The first is what counts as a 
successful turn and what the partner does with errors: whether it repairs 
an error, lets it pass, or flags it for the teacher. Even without scoring, this 
defines the kind of interaction the tool is intended to support. Interactional 
competence has both cognitive and social sides, and turning it into some-
thing that can be scored is difficult even for human raters (Galaczi & Tay-
lor, 2018). 

The second decision concerns the instructional sequence that structures 
the exchange. Dong et al. (2026) describe custom chatbots for teaching 
genre analysis, whose prompts and workflows were refined across four 
instructional phases under continuous human oversight. The study exam-
ined design and use rather than learning effectiveness. That case falls be-
tween building and adjusting: the instructional sequence originated with 
its designers, but it was realised by adjusting existing chatbots. Fluent 
turns can continue even when the exchange has drifted from its instruc-
tional purpose. A teacher-built partner cannot be relied on to signal such 
drift unless its builder has designed that signal in. 

Materials Adaptation Tools 
The fourth category takes no learner input at all. It converts a single source 
into versions at several levels or in several formats, which saves work for 
a teacher with several proficiency levels in the room. Producing content 
with generative AI is a different matter from building such a tool: prompt-
ing a model to simplify one text produces content. Making a tool that ac-
cepts any text a colleague submits, takes it through steps the teacher has 
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fixed, and returns levelled versions is building a tool; adjusting an existing 
one lies between the two. 

The main design decision is what must stay the same in every version: the 
communicative function, the target structures, or the task demand. Stating 
it is a judgement that materials development places at its centre. A second 
decision is which version reaches which learner. The level-labelling prob-
lem of the first category applies here as well. A single prompted output 
passes under a teacher’s eye, but 30 versions produced automatically do 
not unless someone deliberately reviews them. 

What the Four Categories Share 
None of the four categories requires the teacher to write the code unaided, 
and in each case judging the result is both a pedagogical and a technical 
task. Each category demands a specification of the level, the objective, 
and the point of human inspection. Where the artefact takes learner input, 
it also needs the expected learner product; where it transforms a source, it 
needs a statement of what must stay the same. What the artefact returns 
must then be evaluated. The typology therefore describes the decisions 
teachers still have to make, and AI assistance does not make all of them 
easier. 

Judging is not equally demanding across the four categories. Closed items 
are easier to check, which may lead teachers to favour closed-response 
practice. Where acceptable answers can be specified in advance, scoring 
can be checked against a reviewed answer key. This may make that part 
of evaluation more manageable, but it does not establish an item’s peda-
gogical value or remove the need for accessibility, security, and data-han-
dling checks. Open production and sustained interaction require addi-
tional judgements about meaning and the abilities the activity is intended 
to elicit. 

There is also a language-related difference between artefacts that call on 
a model each time they are used and those that use it only beforehand. 
Some artefacts pass learner input, source material, or a request for new 
items to a model each time they are used, so that every output depends on 
how the model performs in the target language. In others, the model is 
used only beforehand, to make the page and perhaps its items before any 
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learner arrives. What it produced is then fixed, and the items it wrote can 
be read once before use. 

Assessment and feedback tools, interaction tools, and adaptation tools 
may rely on a model each time they are used, although they can also work 
by fixed rules. Judging open meaning is harder than checking a closed 
answer, as the fifth step of the exercise shows (Figure 4). A practice tool 
needs a model only beforehand unless it creates items or feedback while 
the learner works; otherwise, any errors of level sit in a fixed set of items 
that a teacher can read, however fluent those items appear. Where the sec-
ond, third, and fourth categories do rely on a model during use, their out-
put depends on how that model handles the target language. In a language 
that models handle poorly, what such an artefact returns needs closer 
checking, and a thin materials market does not by itself show how well a 
model performs in a language. 

The Costs of Teacher-Built Artefacts 
Published material can come with piloting, editing, level validation, legal 
clearance, accessibility compliance, version management, and a publisher 
answerable for the result. When the teacher becomes the developer and no 
institution shares the load, that work falls largely on the builder. The re-
sulting costs are maintenance and abandonment, accessibility, learner 
data, ownership, and artefacts that work but teach little. The last is the one 
that the checklist proposed below is built to catch by trying the page; the 
others can stay out of sight while the page works. 

The first cost is maintenance. Of the obstacles to teacher authoring that 
Otto and Pusack (2009) named before generative models, the short 
lifespan of software remains. The evidence on abandonment comes from 
other domains and is only an analogy. In 133 widely used open-source 
projects, about two-thirds depended on one or two people who knew how 
the software worked, and a third on a single person (Avelino et al., 2016); 
a teacher who builds alone may be the only person responsible for main-
taining the artefact. 

In CALL, the long-running programme that Kennedy and Levy (2009) 
analyse was the work of a team with institutional support. A teacher-built 
page rarely has such a team. When it stops working, any report of the 
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problem reaches the teacher, if it reaches anyone, and a page kept on an 
outside website depends on arrangements the teacher does not control. 

A page can also stop working for reasons outside it. Some pages ask an 
AI model for a response each time a learner uses them, for instance to 
comment on a sentence the learner has written. Such a page depends on a 
service the teacher does not control: if the provider changes the model or 
its terms, or withdraws the service, the page behaves differently or stops, 
although nobody has touched it. 

Maintenance becomes a lasting cost when an artefact remains in use after 
the course or by people other than its original teacher, holds learner data, 
depends on an outside AI service, or cannot be rebuilt without the original 
prompt. Where none of these conditions holds, building something dis-
posable is defensible. 

Accessibility brings a different cost. Learners who use screen readers, 
work with the keyboard alone, or need strong contrast are in language 
classrooms too, and pages made by an assistant do not reliably provide for 
them, especially when the prompt does not ask for accessibility. When 
web pages were generated with and without a request for accessibility, 
expert reviewers found far more problems in those made without it, 
whereas an automated checker found only a small difference, in the oppo-
site direction (Guriță & Vatavu, 2025). Asking for accessibility in the 
prompt therefore helps, but a clean automated report does not show that a 
page is accessible. Checking a page for learners who cannot see it or can-
not use a mouse is specialist work beyond a language teacher’s training. 

Learner data raise a separate problem. A page that accepts learner writing, 
records speech, or logs errors handles data that may stay on the device, go 
to an institutional server, or be passed to an outside service. Studies have 
repeatedly found security weaknesses in what AI assistants produce: in 
one in four to three in ten samples taken from real projects (Fu et al., 2025) 
and, in a preprint not yet peer reviewed, in nine of every ten publicly avail-
able applications built through conversation (Deng et al., 2026). Neither 
study concerns teacher-built materials. Such weaknesses do not show 
when a teacher tries the page. The rules that govern educational data also 
differ by country and institution, and a trial run cannot settle which of 
them apply. 
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Ownership raises questions at two levels. The first is the artefact as an 
output of employment. In US higher education, institutions may treat in-
structional materials as work made for hire, whereas academic tradition 
treats the creator as the owner (Kranch, 2008). The second is the generated 
code. Assistants sometimes reproduce code that others have published un-
der a licence, often enough for this to be a documented risk (Yu et al., 
2023), and under US copyright law, according to the Copyright Office’s 
reading of current technology, prompts alone do not make a person the 
author of what is generated (U.S. Copyright Office, 2025). Whether a 
teacher may license a page for colleagues therefore depends on who owns 
it and on the terms attached to what it reuses. Wiley and Hilton (2018) set 
out the permissions to retain, reuse, revise, remix, and redistribute a re-
source, and they build a pedagogy on those permissions. If permissions 
carry pedagogical weight in this way, choosing a licence is also a peda-
gogical decision, since the choice determines whether colleagues may 
adapt the artefact. 

The final cost is pedagogical. An artefact can look convincing because its 
interface responds normally even when the activity lacks a defensible re-
lationship to its learning objective. A teacher who builds through conver-
sation sees the page, not how it works, and the fact that it works can draw 
more attention than what it teaches. A pedagogical rationale can be exam-
ined before use. Claims about learning effects also require evidence from 
learners. Materials development already provides a way to address this: 
materials are justified against principles, not by their appearance (Tom-
linson, 2012), and teacher production is a reflective act (Bouckaert, 2019). 
Evaluation, however, is now easier to postpone until after the first work-
ing version. 

A written record of the teacher’s decisions also helps after use: set against 
what the artefact actually did, it serves as a short check. Learners have a 
stake in this evaluation as well. Once a teacher-built artefact contributes 
to a grade, transparency and appeal become live questions. Whether learn-
ers are told that the tool was made by their teacher, and whether the judge-
ment it produces stays open to review by a person, are design decisions 
that a coding assistant cannot be relied on to raise. 
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Implications for Teacher Education 
A programming course might seem the obvious curricular response, but it 
mainly addresses building, which AI-assisted coding has already made 
easier for some small artefacts. Evaluating whether a task is appropriate 
for its stated proficiency level and supports its learning objective requires 
pedagogical judgement. Such judgement is central to both the teacher-as-
designer role (Kali et al., 2015; McKenney et al., 2015) and materials de-
velopment (Tomlinson, 2012). Determining whether an artefact sends 
learner data elsewhere or can be used with a screen reader is technical 
work that design preparation does not by itself supply. Teacher education 
should develop pedagogical judgement and basic technical literacy, while 
technical verification may require specialist support beyond ordinary 
teacher preparation. 

Building through conversation can begin before the pedagogical and tech-
nical decisions discussed above have been made. Fixing the objective and 
the expected outcome before selecting means is a long-standing precept 
of instructional planning and of materials development (Tomlinson, 
2012), and CALL has its own criteria for judging a task, among them lan-
guage learning potential, learner fit, and practicality (Chapelle, 2001). In 
the workflow considered here, the teacher applies these criteria without 
reading code: the teacher writes a prompt, tries the page that comes back, 
and asks in the same conversation for whatever is wrong to be changed. 
What the prompt leaves unsaid, the assistant may decide without asking, 
and the teacher sees such a decision only if trying the page brings it to 
light. 

The five items below form a proposed checklist that follows this way of 
working. The first two belong in the prompt, items 3 and 4 come before 
learners use the artefact, and item 5 continues after first use. If one of 
items 1 to 3 cannot yet be settled, the artefact waits. Table 1, which fol-
lows the list, sets the items against the exercise in Figures 1 to 4. 

1. Level and aim in the prompt. The prompt states the level, what 
learners should be able to do afterwards that they could not do 
before, and why available material does not already serve that 
aim. For a tool that rewrites texts, it also states what must stay 
the same in every version. 
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2. How answers are judged. The prompt states what counts as a 
right answer and what the learner is told after a wrong one. Where 
learners write or speak freely, the teacher decides whether the ar-
tefact judges the answer at all or a person reviews it. Anything 
that counts towards a grade is reviewed by a person, and learners 
are told so. 

3. Trying it with answers that should fail. Before learners see it, 
the teacher works through the artefact as a learner would, enter-
ing correct answers phrased in other ways, wrong answers, and 
answers that make no sense, and reads what the artefact says each 
time. Faults are described in the same conversation, and the arte-
fact is tried again after each change. 

4. A second look, where possible. Preferably, a colleague who 
teaches the level also works through the artefact before learners 
do. 

5. Keeping the prompt. The teacher keeps the prompt, the correc-
tions asked for, and, after first use, a short dated note on what 
learners did with the artefact. Together these form a written ra-
tionale; without them, neither the teacher nor a colleague can eas-
ily revise or rebuild the artefact. 
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Table 1. The checklist applied to the exercise in Figures 1 to 4. 

No. Item In the exercise 

1 Level and aim in the 
prompt 

Level (A1) and aim stated; no reason given for 
A1 

2 How answers are judged Stated for steps 1 to 4, not for step 5 (see Fig-
ure 4) 

3 Trying it with answers 
that should fail 

Partly done by the author: wrong and odd an-
swers were tried (Figure 4); corrections were 
requested in the same conversation 

4 A second look, where 
possible 

Not done 

5 Keeping the prompt Prompt kept (Figure 1); other records not doc-
umented 

Note. Entries record what the author did in writing the prompt and trying the 
exercise. 
 
Table 1 applies the checklist to the exercise. The prompt settled the level, 
the aim, and how steps 1 to 4 judge an answer, but gave no reason for A1, 
and some faults began in the prompt itself: both the school item and the 
labels that an A1 learner may struggle with trace back to it. The prompt 
said nothing about how step 5 should judge a learner’s sentence. Thus, the 
page applied a judgement the teacher had not specified, which became 
visible only when a sentence that should have failed was accepted (Figure 
4). A trial reveals a wrong judgement only when the tester happens to 
enter the answer concerned, so an item that marks a defensible answer 
wrong, as in steps 2 and 3, can pass unnoticed in one person’s trial, which 
is why item 4 suggests a second look. Ordinary trial use also cannot es-
tablish where learner data go or whether the page works for a learner using 
a screen reader. 

The author checked the exercise by working through the page and did not 
read the code. Figures 2 to 4 show the version that the assistant first re-
turned. The author then asked for corrections in the same conversation 
and used the revised exercise with learners. 
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The checklist rests on pedagogical judgement that teacher education 
should help teachers develop, and assessment of this work should give 
weight to the answers tried and the faults found, not to a page that runs. 

Conclusion 
Separating building from judging clarifies what AI-assisted coding 
changes for teachers. Building can be easier for some small artefacts when 
an assistant supplies code from a teacher’s description. Judging whether 
the artefact is pedagogically and technically adequate still requires exper-
tise and effort, and its standards do not depend on how the artefact was 
produced. Easier production does not justify lowering them, and the fact 
that an artefact works can conceal a failure to meet them. 

Easier production can shift responsibility for materials design towards 
teachers. Decisions once settled by a publisher, a platform, or an instruc-
tional designer can now fall to the teacher who describes the artefact. They 
do not all arise at the same point: the order of the steps is fixed early, 
accessibility and data handling may be left to defaults unless someone 
raises them, and maintenance may remain open. The typology shows 
where these decisions sit for different kinds of artefact, and the account of 
costs shows what can follow when nobody takes those decisions. 

Teaching future teachers to write code so that they can produce artefacts 
would prepare them mainly for the part of the work that has become eas-
ier. They need practice in working through the checklist proposed here: 
writing the prompt, trying the artefact before learners use it, and noting 
afterwards what learners did with it. Questions that cannot be settled by 
trying the page may require technical review, and artefacts kept in use 
over time also need someone responsible for their maintenance. 

Most of the evidence drawn on here comes from English language teach-
ing and from general software practice. The case for teacher-built materi-
als is particularly strong in languages whose materials market is thin, and 
the typology needs testing against what teachers of those languages actu-
ally build. The checklist still needs to be evaluated in teacher education, 
both for its feasibility and for whether it helps teachers identify conse-
quential design problems. Other questions concern how long teacher-built 
artefacts remain in use, what they contribute to learning, and, where an 
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artefact calls on a model each time it is used, how reliably the model han-
dles the target language, particularly where evidence about its perfor-
mance in that language is limited. An assistant could be designed to ask 
its user for the level, the objective, and the expected learner product, but 
what teachers would need to agree on before it could check those answers 
remains open. Whether a particular teacher should build a tool remains a 
professional judgement. Ease of production does not settle that question. 
Teachers must consider whether they or their institutions can adequately 
judge what they produce. 

Declaration on the Use of Artificial Intelligence 
Claude Opus 5 (Anthropic) produced the exercise shown in Figures 2 to 
4 from the prompt reproduced in Figure 1. Claude Opus 5 was also used 
to assist with language revision and reference checks. The author re-
viewed all content and takes full responsibility for it. 
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Abstract  
The shi3 to post-method pedagogy liberated language teaching from rigid, one-size-fits-
all methodologies, puKng the emphasis instead on context-sensi%ve, autonomous, and reflec-
%ve pedagogical prac%ces. Simultaneously, the rapid rise of digital technologies, par%cularly 
genera%ve Ar%ficial Intelligence (GenAI), has reshaped the modern foreign language learning 
landscape. This chapter examines the conceptual rela%onship between post-method principles 
and AI-mediated learning environments. Specifically, it explores how genera%ve AI tools oper-
a%onalize key post-methodological macro-level strategies, such as maximizing learning oppor-
tuni%es, suppor%ng learner autonomy, and facilita%ng context-based language exposure. Trac-
ing the shi3 from Computer-Assisted Language Learning (CALL) applica%ons to dynamic AI en-
vironments, the discussion highlights how adap%ve systems allow for individualized learning 
while bringing up serious ques%ons about data bias, digital equity, and pedagogical integ-
rity. Rather than defining GenAI as a replacement for previous methodological tenets, this chap-
ter proposes AI as an adap%ve scaffolding mechanism that allows educators and learners to co-
create responsive, contextually grounded educa%onal seKngs. The chapter concludes with ac-
%onable insights for teacher educa%on, ethical engagement, and future empirical inquiry. 
Key Words: Post-Method Pedagogy, Genera4ve AI, Digitaliza4on in ELT, AI-Assisted Language 
Learning (AIALL), Adap4ve Learning Environments 

 

Introduction 
Over time, several approaches have been tried and major paradigm shifts 
have taken place as an offshoot of changing credences regarding effective 
language teaching (Bacus, 2021). During the last ten decades, the search 
for a more effective way of teaching a second or foreign language went 
through numerous innovations (Bhandari & Bhandari, 2025). Initially 
dominated by teacher-centered paradigms like the Grammar-Translation 
Method (GTM), which arose to focus on classical Latin and Greek texts, 
linguistic forms, and literary translation (Hilgendorf, 2020), foreign 
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language instruction was heavily criticized for not emphasizing real-life 
communicative contexts (Aslan, 2025). Subsequently, practitioners devel-
oped a range of methods including Audiolingualism, the Direct Method, 
the Natural Approach, the Silent Way, and Total Physical Response. The 
introduction of Communicative Language Teaching (CLT) in the 1970s, 
along with its descendants such as Content-Based Instruction (CBI) and 
Task-Based Language Teaching (TBLT), triggered a period of rapid 
methodological expansion (Karimvand et al., 2014). 
However, by the late 1980s and 1990s, English language teaching (ELT) 
practitioners, instructors, and theorists started to express unhappiness as 
the core assumptions of method-based instruction were questioned 
(Senen, 2024). Conventional methods were found to be highly hypothet-
ical, built on crumbled theoretical ground, and untouched by practicality. 
Prescribed methods were too restricted to explain the complexity of teach-
ing and largely ignored the institutional, sociopolitical, and contextual 
conditions within which teachers work (Kumaravadivelu, 2006). 
This dissatisfaction led directly to the emergence of the post-method ped-
agogy, introduced by Kumaravadivelu in 1994 as a turning point to over-
come the limitations of rigid, one-size-fits-all methodologies (Bhandari & 
Bhandari, 2025).  Post-method pedagogy represents a departure from the 
century-old concept of method, accepting multiple truths and options in 
English language teaching (Bacus, 2021).  It posits that all methods are 
context-specific and encourages teachers to adjust, adapt, and alter prac-
tices based on classroom realities. Under this paradigm, teachers transi-
tion from method-followers into decisive elements who construct and de-
construct classroom systems based on their own knowledge, logic, and 
experiences (Bacus, 2021). The post-method framework addresses the 
visualization of a three-dimensional structure that encompasses the pa-
rameters of particularity, practicality, and possibility (Kumaravadivelu, 
2001). A post-method approach to pedagogy must accomplish three 
things: first, it should support the development of language teaching that 
is genuinely responsive to the specific linguistic, cultural, and political 
conditions of a given context, rather than applying one-size-fits-all meth-
ods. Second, it should break down the traditional hierarchy separating the-
orists from practitioners, empowering teachers to develop their own per-
sonal theories grounded in their classroom experience. Third, it should 
recognize and draw on the sociopolitical awareness that learners and 
teachers bring with them, using it to support their ongoing search for iden-
tity and to contribute to broader social change (Kumaravadivelu, 2001). 
To operationalize these parameters in classroom practice, Kumara-
vadivelu (2003a) designed a strategic framework consisting of ten macro-
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strategies such as maximizing learning opportunities, fostering learner au-
tonomy, facilitating negotiated interaction, contextualizing linguistic in-
put, and fostering language awareness, designed to sharpen teachers’ sen-
sitivity to what happens in the classroom. This heightened awareness, in 
turn, allows teachers to devise diverse, context-appropriate instructional 
approaches tailored to their specific teaching situations (Karimvand et al., 
2014). 
Unlike traditional micro-strategies or fixed techniques, these macro-strat-
egies function as broad instructional guidelines within which practitioners 
can generate location-specific classroom activities. Kumaravadivelu 
(2003b) regards these parameters “as the axle that connects and holds the 
center of the pedagogic wheel” (p. 41) and the macrostrategies “as spokes 
that join the pedagogic wheel to its center thereby giving the wheel its 
stability and strength” (p. 41). 
In parallel with these theoretical shifts, dramatic changes have taken place 
due to the rapid integration of digital technologies in language education. 
The field has evolved from early audio-visual tools to advanced digital 
applications, online platforms, and mobile devices (Banafi, 2025; Mar-
tinaj, 2025; Moradi, 2025; YarAhmadi & Kargar Behbahani, 2025). The 
increasing integration of Artificial Intelligence (AI), particularly genera-
tive AI, has garnered significant academic interest. By generating text, 
speech, and multimodal media from data, Generative Artificial Intelli-
gence (GenAI) has the potential to fundamentally transform pedagogical 
approaches in English as a foreign language (EFL) education, offering 
adaptive, context-responsive outputs that enhance tools for both instruc-
tors and learners (Lim et al., 2023). 
Despite these promising advancements, literature reveals a tension be-
tween the pedagogical potential of GenAI and the challenges of its imple-
mentation. A significant research gap remains regarding the practical 
adoption of GenAI by lecturers for EFL preparation. Concerns related to 
reliability, ethical awareness, overreliance, academic integrity, and algo-
rithmic bias underscore the need for structured integration (Peng, 2026). 
Understanding the opportunities and challenges of AI in this context is 
essential to enhancing instructional efficacy. 
The purpose of this chapter is to examine the conceptual relationship be-
tween post-method principles and AI-mediated learning environments. 
Rather than defining GenAI as a new prescriptive method to replace pre-
vious tenets, this chapter proposes AI as an adaptive scaffolding mecha-
nism that empowers teachers and learners to co-create flexible, contextu-
ally grounded educational settings. 
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Theoretical Background 

The Development of Post-Method Pedagogy 
In the early and mid-20th century, ELT researchers proposed various 
methods as effective frameworks for language teaching. The Audio-Lin-
gual Method (ALM), which is based on the behaviorist school of thought, 
has prioritized accuracy and rote learning through repetition, while plac-
ing less focus on the meaningful usage of language in different contexts 
(Nepal, 2023). Similarly, originating from the study of ancient Greek and 
Latin literature, the Grammar-Translation Method and similar classical 
approaches concentrated on isolated grammar rules and their accurate in-
struction (Aydın, 2025), primarily aiming to translate written literary texts 
(Hilgendorf, 2020).While the 1970s brought methods focused on oral pro-
ficiency and real-life communication—such as CLT, the Natural Ap-
proach, Total Physical Response, and the Silent Way—these frameworks 
continued to prescribe teaching procedures globally without considering 
local, practical, and political factors (Senen, 2024).  
By the 1990s, theorists and practitioners voiced displeasure with these re-
strictions, giving rise to the post-method era. Scholars asserted that pre-
scribed methods with advanced principles may not be suitable or effective 
for all teaching and learning contexts (Bhandari & Bhandari, 2025).  
Method-based models overlooked the necessity for language instruction 
to be tailored to the individual cohort of educators teaching a distinct 
group of learners with particular objectives within a defined institutional 
and sociocultural context (Senen, 2024). 
Kumaravadivelu (1994, 2001, 2003a) developed post-method pedagogy 
as an alternative to methods rather than another method. Post-method ped-
agogy looks at instructional resources for real-world communication in 
second language (L2) classrooms, encouraging students to become fluent 
and accurate language users as participants in a cooperative endeavor. 
The post-method framework is anchored by three foundational parameters 
(Kumaravadivelu (2001; 2003a): 

§ Particularity: Emphasizes local context and “situational under-
standing”. It is a bottom-up approach that respects local linguis-
tic, socio-cultural, and political features. Policymakers and L2 
managers must recognize local circumstances to support efficient 
instruction. 

§ Practicality: Focuses on empowering teachers to formulate per-
sonal theories based on classroom experiences, bridging the gap be-
tween theory and practice. 
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§ Possibility: Fosters critical consciousness, acknowledging that lan-
guage teaching involves socioeconomic status, political realities, and 
struggle between old and new identities. 

Using a wheel metaphor, Kumaravadivelu (2003b) positioned the three 
parameters at the central axle, connected and strengthened by the 10 
macro-strategies that serve as supporting spokes. 
Digital environments exhibit a natural alignment with post-method prin-
ciples. Post-method language education no longer revolves around finding 
a single “good method,” but focuses on developing class assignments and 
activities that match second language acquisition research and suit the 
specific characteristics of the class. Digital platforms provide customized 
strategies and flexibility, allowing teachers and students to draw on their 
own experiences, values, and cultures (Bhandari & Bhandari, 2025). By 
moving away from standardized textbook constraints, digital technology 
provides the infrastructure needed to realize context-sensitive, autono-
mous L2 learning. 
Digital environments allow learners to explore personalized learning 
paths, select materials aligned with their personal interests, and engage in 
autonomous practice outside formal classroom hours (Brugliera, 2024). 
Furthermore, digital tools allow teachers to curate, adapt, and co-create 
instructional materials tailored to their specific classroom demographics 
(Simos & Katsiampoura, 2025), operationalizing the principle of particu-
larity. Rather than forcing students into a uniform learning sequence, dig-
ital platforms provide the flexibility required to accommodate individual 
learning rates (Bahari et al., 2025). Thus, the shift toward post-method 
pedagogy pairs naturally with digital technologies for implementation—a 
relationship that has grown even stronger with the emergence of genera-
tive AI. 

The Age of Digitalization in English Language Education 
The trajectory of technology integration in ELT over the past six decades 
reflects broader developments in computer science, educational technol-
ogy, and learning theory. This evolution can be understood as a three-
stage historical progression: Computer-Assisted Language Learning 
(CALL), Mobile-Assisted Language Learning (MALL), and AI-Assisted 
Language Learning (AIALL). 

 



Aysel Deregözü & İlayda Erdem 

 46 

 

Fig. 1. Evolution of Digital Language Pedagogy: From Traditional CALL to AIALL 

The earliest iteration, Computer-Assisted Language Learning (CALL), 
emerged in the 1960s and evolved through structural, communicative, and 
integrative phases (Aslan, 2025; Warschauer & Healey, 1998). Techno-
logical limitations initially forced CALL exercises to mirror Grammar-
Translation and Audiolingual frameworks, concentrating heavily on de-
contextualized grammar practice, flashcards, and text translation (Ba-
bayiğit & Çoşkun, 2023). By the late 1990s, integrative CALL utilized 
multimedia technology and the early Internet to connect language learning 
with authentic communicative contexts, providing exposure to authentic 
input, diverse accents, and multimedia resources (Nazeer et al., 2023). 
Studies confirmed that CALL promoted learner autonomy by enabling 
self-paced, independent learning outside the classroom (; Jeon et al., 2023; 
Liu & Gablasova, 2023; Xiao et al., 2023). However, despite these ad-
vances, early CALL applications remained constrained by desktop 

CALL Era (1960s–1990s)
• Mainframe & desktop computers
• Static grammar drills, vocabulary flashcards, text reconstruction
• Pre-programmed closed feedback, self-paced individual practice

MALL Era (2000s–2010s)
• Mobile devices (smartphones, tablets, gaming consoles, PDAs)
• Mobility, accessibility, short training sessions (Duolingo, Babbel)
• Ubiquitous access to multimedia resources & language games

AIALL Era (2020s–Present)
• Generative AI, Large Language Models, NLP, & machine learning
• Adaptive, dynamic text/speech generation, intelligent tutoring 
• Context-responsive output, automated essay scoring & feedback
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hardware, static content architecture, and rule-based software that pro-
vided pre-programmed, closed-ended feedback. 
Mobile-Assisted Language Learning (MALL) emerged with the wide-
spread adoption of mobile devices such as smartphones, tablets, PDAs, 
MP3 players, and electronic dictionaries (Stockwell, 2022). MALL liber-
ated language learning from physical computer labs, enabling ubiquitous, 
contextualized, and informal learning experiences. Applications such as 
Duolingo, Babbel, and HelloTalk transformed language study by provid-
ing convenient, short daily training sessions accessible via mobile de-
vices. MALL enabled practice of vocabulary, grammar, and pronuncia-
tion in short available periods, fostering engagement through gamified 
tasks (Aslan, 2025). However, despite their portability, many MALL ap-
plications still relied on pre-scripted content sequences and automated 
multiple-choice scoring systems, limiting the depth of interactive lan-
guage negotiation. 
Artificial Intelligence-Assisted Language Learning (AIALL) represents a 
qualitative shift from earlier CALL and MALL technologies. While ear-
lier CALL tools delivered pre-programmed content, AIALL leverages 
Natural Language Processing (NLP), machine learning, and Large Lan-
guage Models (LLMs) to create adaptive learning environments and in-
telligent tutoring systems (Alqahtani et al., 2023; Kamalov et al., 2023). 
GenAI tools (such as ChatGPT, Claude or Gemini) create tailored, multi-
modal responses, including written content, visual assets, audio, and dy-
namic simulations, in response to natural language prompts (Lim et al., 
2023). Unlike earlier rule-based tools, generative AI creates original lan-
guage in context, challenging conventional boundaries between learner, 
teacher, and tool (Kasneci et al., 2023; Kozlova, 2026). 
GenAI applications have been shown to support language teachers across 
a range of instructional functions. In terms of instructional preparation and 
material design, GenAI assists teachers with lesson planning, material de-
velopment, and assessment preparation, while also enabling innovative 
practices such as game-based activities and data-driven learning ap-
proaches (Kartal, 2024; Kusuma et al., 2024; Moorhouse et al., 2024; 
Raimkulova et al., 2025). Beyond preparation, GenAI has also proven val-
uable in the drafting, revision, and feedback process, where its use has 
been linked to gains in improvements in textual structure, grammatical 
precision, and vocabulary growth (Athanassopoulos et al., 2023; Guo, 
2025); notably, contemporary Natural Language Processing (NLP) mod-
els can now evaluate coherence, vocabulary, and grammatical accuracy at 
levels that approach human inter-rater agreement (Hoffmann, 2026). In 
addition to supporting writing development, conversational chatbots and 
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simulations, such as ELSA, Google Assistant, replicate natural dialogue, 
offering learners opportunities for interactive speaking practice alongside 
real-time feedback on both spoken and written output (Yang et al., 2022). 
Finally, GenAI’s capacity to deliver immediate, adaptive feedback has 
been associated with important affective benefits, including reduced lan-
guage anxiety relative to traditional classroom settings, as well as greater 
learner enjoyment and confidence (Hoang, 2026; Liu et al., 2024). 
These developments illustrate a contrast between personalized learning 
pathways and standardized method constraints. Traditional methods en-
forced a single coursebook, one instructor, and rigid sequences (Aslan, 
2025). Every student in a given classroom was expected to move through 
identical textbook units, practice identical dialogic scripts, and complete 
identical assessment tasks. This structural rigidity assumes a homogenous 
learning pace and uniform learner background. 
In contrast, AIALL dynamically adapts content difficulty, schedules mul-
timodal vocabulary presentation (combining visual, auditory, and contex-
tual modalities), and tracks longitudinal performance (Luo, 2026). By tai-
loring instruction to individual preferences and goals, GenAI shifts tech-
nology from a simple delivery mechanism to a multifunctional pedagogi-
cal resource (Peng, 2026). 
This technological flexibility removes the structural requirement for a 
one-size-fits-all curriculum. Instead of fitting the student to a rigid instruc-
tional method, generative AI tools allow language learning to adapt to the 
learner’s specific background, goals, pace, and cultural context. In this 
way, AIALL provides a technological infrastructure capable of realizing 
the post-method ideal of personalized, context-sensitive language educa-
tion.  

Integrating Artificial Intelligence with Post-Method                 
Macro-Strategies 
To evaluate the pedagogical value of Generative AI without falling into 
the trap of technological determinism, AI integration must be guided by a 
clear theoretical framework. Kumaravadivelu’s (1994, 2001, 2003a) post-
method macro-strategies offer an effective framework for this purpose. 
Rather than serving as another set of prescriptive rules, these macro-strat-
egies function as dynamic tools that empower teachers to construct class-
room practices based on their own professional autonomy, local condi-
tions, and student needs (Kumaravadivelu, 2003a). Simultaneously, the 
emergence of generative artificial intelligence and Artificial Intelligence-
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Assisted Language Learning (AIALL) has introduced flexible, multimodal, 
and context-responsive capabilities into EFL education (Yiling et al., 2025). 
Unlike earlier Computer-Assisted Language Learning (CALL) tools that 
delivered pre-programmed content through static drills, modern GenAI 
tools generate original language, speech, images, and interactive simula-
tions in real time (Kozlova, 2026).  Far from functioning merely as auto-
mated substitutes for traditional instruction, AI-driven technologies can 
operationalize key post-method macro-strategies. By serving as a multi-
functional pedagogical resource, GenAI offers dynamic scaffolding that 
allows educators and learners to realize post-method principles in practice. 

Macro-Strategy 1: Maximizing Learning Opportunities  
Kumaravadivelu’s (2003a) macro-strategy of maximizing learning oppor-
tunities emphasizes that teachers must create and utilize learning oppor-
tunities both inside and outside the classroom, treating learners as active 
participants in a cooperative endeavor. In traditional EFL environments, 
however, learning opportunities are often constrained by fixed classroom 
schedules, single coursebooks, and limited individual interaction time 
with the instructor (Zhang et al., 2019). GenAI tools offer a viable solution 
to these structural limitations. Serving as scalable, low-anxiety extensions 
of the classroom environment (Peng, 2026), AI-driven language platforms 
transcend conventional spatial and temporal boundaries by providing 
round-the-clock linguistic assistance (Song et al., 2022). Learners no 
longer have to wait for classroom contact hours or teacher feedback; in-
stead, they can access self-paced, individualized learning experiences tai-
lored to their specific proficiency levels and preferences whenever needed 
(Samsudin & Allen, 2026). 
Voice-enabled conversational AI platforms are designed to mimic natural 
dialogue, processing what learners say and producing responses that are 
both contextually appropriate and meaningful (Jeon, 2022; Lee & Jeon, 
2022). Some more sophisticated AI systems built into language learning 
apps, such as ELSA or Praktika, go further, allowing students to engage 
in simulated conversations with a virtual partner (Aslan, 2025). Such in-
teractions promote social engagement and collaborative learning, con-
sistent with sociocultural theory’s emphasis on the central role of social 
interaction in acquiring language (Tai & Chen, 2023). By rehearsing lan-
guage skills in realistic scenarios, getting instant feedback, and taking part 
in genuine enhances, learners are able to strengthen their overall commu-
nicative ability (Bahari et al., 2025).  
Furthermore, foreign language anxiety is a well-documented barrier, often 
compounding general social anxiety; students dread negative evaluation 
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during oral production or writing tasks (Horwitz et al., 1986). In this 
realm, GAI tools function as highly appealing, low-anxiety interactive 
partners, allowing students to practice target languages without fear of 
judgment. By allowing students to experiment with the structures of the 
target language, make mistakes, and ask for real-time explanations with-
out fear of negative social judgment from their peers or instructors, these 
GAI tools can reduce anxiety about speaking the language and, as a result, 
boost self-esteem and autonomy (Zou & Wang, 2024).  
Macro-Strategy 2: Fostering Learner Autonomy 
Learner autonomy, described as the capacity to take charge of one’s own 
learning journey, is central to post-method pedagogy (Holec, 1981; Little, 
1991). In an AIALL environment, autonomy evolves from individual 
study worksheets to a dynamic, self-directed feedback loop (Han, 2025). 
As learners interact with AI in a more self-reliant way, the concept of au-
tonomy itself starts to shift. Students gain more say over the timing and 
manner of their learning, able to draw on resources without needing to 
wait for a teacher’s guidance. Empirical studies support this shift, demon-
strating that AI use actively promotes independent learning and personal 
discovery (Salah et al., 2024; Yalçınalp et al., 2024). A prime example of 
this dynamic is prompt engineering, through which learners take on an 
active role in managing their own learning process, submitting a draft es-
say to an LLM for targeted feedback rather than waiting for the teachers’ 
periodic assessment (Kundu & Bej, 2025). This mode of engagement 
shifts the learner from a passive receiver of corrections to an active agent 
involved in metacognitive reflection. Learners can independently adjust 
the difficulty of study materials, seek targeted grammar clarifications, de-
sign personalized vocabulary lists, and self-assess their progress, cultivat-
ing skills essential for lifelong language learning (Wei, 2023). 
Learner autonomy is central to post-method pedagogy, which seeks to 
empower students to take control of their learning process, make inde-
pendent decisions, and develop self-directed learning strategies (Kumara-
vadivelu, 2001) AI tools enhance student autonomy through two primary 
frameworks (Owoseni et al. 2024): 

§ AI-Enabled Learning: Supports self-paced, independent in-
struction where learners regulate their own study schedules, set 
personal goals, and complete tasks with minimal teacher media-
tion. 

§ AI-Supported Learning: Provides adaptive scaffolding, auto-
mated diagnostics, and immediate feedback that guide students 
during self-directed study.  
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Generative AI further expands learner agency by offering choice-driven 
feedback rather than rigid enforcement. For example, platforms like 
Grammarly offer suggestions that users can evaluate, accept, or reject, al-
lowing them to retain control over their final writing choices (Yang, 
2026). Conversational agents like ChatGPT act as guides during brain-
storming and drafting, scaffolding student ideas without prescribing fixed 
outcomes (Deep et al., 2025; Xiao & Zhi, 2023). By serving as continuous 
24/7 learning assistants, AI tools shift learners from passive receivers of 
instruction to active decision-makers who direct their own revision, vo-
cabulary exploration, and communicative practice (Chen & Lin 2023; 
Kundu & Bej 2025). 

Macro-Strategy 3: Facilitating Negotiated Interaction 
Facilitating negotiated interaction requires environments where learners 
actively participate in meaningful, context-responsive communication, 
testing hypotheses and negotiating meaning rather than performing me-
chanical repetition (Kumaravadivelu, 2003a). Traditional methods like 
the Audio-Lingual Method relied on static pattern drills, providing little 
space for genuine, negotiated communication (Nepal, 2023). 
Advanced AIALL applications, including conversational chatbots, virtual 
language partners, and intelligent tutoring systems, facilitate negotiated 
interaction by simulating real-world dialogue and communicative tasks 
(Lim et al., 2023) Systems such as ELSA, ChatGPT, or Google Assistant 
allow learners to engage in responsive, interactive scenarios such as or-
dering food in a restaurant, negotiating a business transaction, or engaging 
in open-ended conversation (Aslan, 2025). 
Crucially, AI-mediated interactive environments create a safe, non-judg-
mental learning space that significantly reduces language-speaking anxi-
ety and the fear of negative social evaluation (Liu et al., 2024). By remov-
ing affective barriers, AI tools encourage learners to take risks, test novel 
expressions, build oral fluency, and sustain communicative interaction 
over extended periods, thereby promoting deeper language processing 
(Bhar, 2026). 

Macro-Strategy 4: Contextualizing Linguistic Input 
Post-method pedagogy highlights the parameter of particularity, asserting 
that effective language learning must be firmly rooted in local contexts, 
situations, and the practical surroundings of the learners (Kumara-
vadivelu, 2001). Traditional textbooks frequently present target language 
forms in decontextualized, highly artificial structures that fail to connect 
with students’ immediate environments (Zhang et al., 2019). 



Aysel Deregözü & İlayda Erdem 

 52 

AI technologies provide novel mechanisms for connecting target lan-
guage input directly to authentic, real-world surroundings through dy-
namic contextualization (Hwang et al., 2023). Integrating AI with recog-
nition-to-text technologies, such as Speech-to-Text Recognition (STR) 
and Image-to-Text Recognition (ITR), enables learners to capture ele-
ments from their immediate environment (e.g., taking photos of objects or 
dictating local events) (Shadiev et al., 2018; Shadiev et al., 2020). Natural 
Language Processing (NLP) algorithms can then instantly generate con-
textually relevant target vocabulary, sample sentences, and contextual 
writing prompts based on those local inputs (Du et al., 2021; Hwang et 
al., 2023; Rees, 2022). 
Furthermore, large language models adjust linguistic input to match SLA 
criteria for optimal input, ensuring high frequency, salience, comprehen-
sibility, and interactional relevance (Zou et al., 2023). By tailoring com-
plexity and thematic context to the specific situation of a given group of 
learners, AI allows language instruction to remain context-sensitive and 
locally relevant (Aslan, 2025). 

Macro-Strategy 5: Fostering Language Awareness 
Fostering language awareness involves encouraging learners to attend to 
the formal, functional, and structural properties of the target language dur-
ing meaningful use (Kumaravadivelu, 2003a). Rather than teaching gram-
mar rules through isolated drills, post-method practice encourages explicit 
reflection on language forms as they arise in context (Bhandari & 
Bhandari, 2025). 
Contemporary AI tools leverage advanced NLP architectures to provide 
immediate, individualized feedback on learner language production, ad-
dressing grammatical accuracy, lexical diversity, structural coherence, 
and pronunciation (Hoffmann, 2026). Speech-to-Text Recognition tools 
transcribe spoken input (Shadiev et al., 2018), allowing learners to visu-
ally analyze their own oral production, pinpoint phonological errors, and 
perform self-correction (Dai &Wu, 2021). 
Rather than offering simple error correction, AI-driven writing tools can 
evaluate text organization, suggest sentence reorganizations (Alm, 2024; 
Sajja et al., 2026), propose diverse vocabulary options based on the orig-
inal writing (Wang, 2020), and prompt learners to reflect on their linguis-
tic choices (Yang, 2026). This automated feedback stimulates metacogni-
tive reflection, helping learners compare their output with AI-generated 
suggestions, analyze communication strategies, and refine their overall 
language awareness (Creely, 2024). 
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However, because AI feedback systems may struggle with subtle prag-
matic intent, cultural nuance, and deep meaning-making, automated tools 
should be understood as complementary mechanisms (Bhar, 2026). They 
work best when combined with human-mediated evaluation and reflective 
teacher guidance to ensure comprehensive language development (Torres 
& Kahveci, 2025). 

Challenges and Ethical Considerations 
While the integration of GenAI into post-method EFL instruction offers 
flexible, context-sensitive learning environments, it simultaneously intro-
duces substantial pedagogical, technical, and sociopolitical challenges 
(Creely, 2024). Gaining insight into both the difficulties and opportunities 
that come with using AI in this context could meaningfully improve teach-
ing effectiveness and student success (Chiu, 2024; Jiang, 2022).  

The Digital Divide and Unequal Access 
The application of post-method principles, specifically the parameter 
of particularity, demands high sensitivity to local socioeconomic, cul-
tural, and political realities (Kumaravadivelu, 2003a). However, the de-
ployment of educational AI tools often reinforces systemic inequities 
through multi-tiered digital divides and embedded biases (Chinta et al., 
2024). 
A pronounced gap persists between well-resourced institutions and soci-
oeconomically disadvantaged or developing regions (Conceição & Van 
Der Stappen, 2025; Druga et al., 2022). Restricted affordability (Kim, 
2024; Song et al., 2022), inadequate technological infrastructure, and lim-
ited internet connectivity severely constrain equal access to advanced AI 
platforms, directly undermining educational equity (Vesna et al., 2025). 
Beyond access alone, differential quality of AI output produces uneven 
educational outcomes. Students in under-resourced communities are more 
likely to encounter lower-quality tools or less supportive feedback sys-
tems, compounding existing historical disadvantages (Bulathwela et al., 
2024). As a result, the indiscriminate implementation of educational AI 
widens an existing developmental discrepancy, further marginalizing un-
derprivileged students in the global ELT landscape. 

Algorithmic Bias and Cultural Hegemony 
Most dominant GenAI models are trained on datasets predominantly de-
rived from Western, native-English-speaking populations (Ferrara, 2023). 
Training AI on these extensive databases carries the distinct hazard of 
yielding linguistic outputs that neglect the intrinsic pluralism, local 
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variants, and dialectal nuances of human language (Creely, 2024). As a 
result, these systems frequently lack recognition of indigenous languages, 
local cultural contexts, and non-native English varieties (Mac Fadden et 
al., 2024). This linguistic and cultural bias reduces the pedagogical rele-
vance of AI systems for diverse learner populations, effectively reproduc-
ing exclusion through technology design rather than mere physical ac-
cess—a manifestation conceptualized as the “third-level digital divide” 
(Matjie et al., 2026). When implemented without critical oversight, these 
algorithmic systems misinterpret diverse student work, generate culturally 
inappropriate feedback, enforce a homogenized, sanitized version of the 
target language, and systematically marginalize underrepresented learner 
populations (Creely, 2024; Matjie et al., 2026). 
Beyond the immediate issues of representation, the proliferation of biased 
GenAI outputs creates a subtle yet pervasive form of cultural hegemony 
within ELT. Traditional language resources have long been criticized for 
adopting a “one-size-fits-all” model, but the adaptive and conversational 
nature of GenAI creates an illusion of personalized neutrality while se-
cretly reinforcing dominant Western socio-cultural norms (Creely, 2024). 
By presenting standardized native-speaker norms as the universal bench-
mark for accuracy and pragmatic appropriateness, AI-driven feedback 
risks alienating foreign language EFL learners from their own sociocul-
tural identities. This dynamic stands in direct tension with the core tenets 
of Post-Method Pedagogy (Kumaravadivelu, 2006). According to the pa-
rameters of particularity, practicality, and possibility, effective language 
education must be context-sensitive, embedded in local sociopolitical re-
alities, and empowering of learners’ transformative potential (Bhandari & 
Bhandari, 2025; Kumaravadivelu, 2006). Algorithmic bias directly under-
mines the pedagogy of particularity and possibility by imposing top-
down, Western-centric epistemologies under the guise of automated ob-
jectivity (Mac Fadden et al., 2024). 

Over-Reliance and the Risk of Cognitive De-skilling 
While AI tools support learner autonomy through personalized feedback, 
excessive dependency on automated assistance can inadvertently under-
mine cognitive awareness (Farhat, 2026) and deep learning (Haque & Li 
2024). 
When learners rely habitually on tools like ChatGPT to construct essays, 
generate ideas, or fix syntactic errors without reflection, they bypass es-
sential cognitive struggle. Over time, this offloading weakens critical 
thinking (Haque & Li 2024), reduces attention spans (Fu & Hanaki 2026), 
and impairs unaided problem-solving capabilities (Noorbehbahani & 
Oyibo, 2026). 
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The continuous availability of low-anxiety, non-judgmental AI chat part-
ners can lead learners to prefer virtual interactions over human communi-
cation (Epley et al. 2007; Wan & Chen 2021). This dynamic risks dimin-
ishing interpersonal competence, reduced empathy, and heightened anxi-
ety whenever automated support is not available (Bonezzi et al. 2022; 
Marriott & Pitardi 2024). Ultimately, this double-edged reliance may un-
dermine social confidence and accelerate the gradual de-skilling of core 
linguistic and cognitive competencies that are crucial for authentic, real-
world communication. 

Redefining the Practitioner’s Identity 
The integration of AI disrupts traditional pedagogical hierarchies, spark-
ing tension surrounding teacher identity and classroom authority (Zaman 
et al., 2024). Post-method pedagogy highlights teachers as autonomous 
decision-makers who construct classroom practices based on their profes-
sional experience and local needs (Kumaravadivelu, 2001; 2003a). As AI 
systems take over material creation, immediate error detection, and dia-
logic coaching, teachers must transition from authoritative knowledge 
providers to co-navigators and facilitators of learning (Gentile et al., 
2023). 
Automated real-time feedback can create anxieties regarding professional 
obsolescence or marginalization (Namaziandost & Rezai, 2024; Han et 
al., 2025). However, empirical evidence shows that student motivation, 
emotional engagement, and meaningful language progress depend heavily 
on teacher presence, empathy, humor, and dialogic feedback (De-
rakhshan, 2025; Mahapatra, 2024). The educational worth of artificial in-
telligence is significantly influenced by the manner of its implementation, 
and the efficacy of AI-enhanced learning relies on its incorporation into 
human-centric teaching models (Holmes et al., 2019). AI cannot replicate 
the emotional, relational, and cultural guidance provided by human edu-
cators (Almashour et al., 2025). 
Generative AI is a powerful pedagogical resource, but it is not a self-sus-
taining educational solution (Adewale et al., 2026). Maintaining the in-
tegrity of post-method language education requires balancing technologi-
cal capabilities with critical human judgment (Peng, 2026), ethical over-
sight (Celik, 2023; Celik et al., 2026), and a steadfast commitment to con-
text-sensitive instruction (Kumaravadivelu, 2003a; 2003b). 

Conclusion and Future Directions  
The integration of GenAI into English as a foreign language instruction 
represents a profound paradigm shift, redefining the boundaries between 
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language learners, educators, and digital tools (Banafi, 2025; Martinaj, 
2025; Moradi, 2025; YarAhmadi & Kargar Behbahani, 2025). Rather than 
acting simply as fixed software or static information stores, GenAI tools 
function as flexible, context-aware, and adaptive resources for teaching 
(Sardi et al., 2025), blurring the traditional lines that separate learner, 
teacher, and tool (Kasneci et al., 2023).  By facilitating real-time feedback 
(Hwang et al., 2023; Kundu & Bej, 2025; Yang, 2026; Zou et al., 2023), 
authentic dialogic simulations (Aslan, 2025; Yiling et al., 2025), person-
alized writing support (Hwang et al., 2023; Woo et al., 2024), and speech-
to-text input recognition (Shadiev et al., 2018; Shadiev et al., 2020), AI-
mediated instruction significantly enhances student autonomy, language 
proficiency, and interactional confidence (Ahmad & Khasawneh, 2023; 
Ding & Yusof, 2025; Han, 2025). 
Crucially, this technological evolution aligns directly with the core tenets 
of post-method pedagogy. As language education transitions away from 
rigid, “one-size-fits-all” traditional methods toward context-sensitive in-
structional frameworks (Bhandari & Bhandari, 2025), GenAI offers prac-
tical avenues to operationalize the parameters of particularity, practical-
ity, and possibility. Within this framework, particularity is realized as 
GenAI customizes learning materials (Amin, 2023) to address local, to 
level-appropriate linguistic, and cultural classroom realities (Bhar, 2026). 
Practicality manifests through empowering teachers to generate context-
responsive personal theories (Lim et al., 2023) and dynamic classroom 
tasks rather than relying strictly on static coursebooks (Aslan, 2025). Fur-
thermore, possibility is fostered by enhancing learner agency (Yang, 
2026), critical reflection and self-directed exploration beyond prescriptive 
method boundaries (Kumaravadivelu, 2003b) 
However, the pedagogical potential of GenAI is counterbalanced by sig-
nificant challenges and systemic limitations (Kannan & Munday, 2018). 
Issues surrounding algorithmic and cultural bias, the multi-tiered digital 
divide, content reliability and hallucinations, cognitive overreliance, aca-
demic integrity, and shifts in teacher identity underscore that technology 
alone cannot replace human-centered instruction (Almashour et al., 2025). 
Successful implementation depends not merely on access to software, but 
on the systematic development of critical evaluation skills (Peng, 2026), 
ethical awareness, and structured AI literacy (Celik, 2023; Celik et al., 
2026). 
In order to keep AI integration ethically grounded and pedagogically effective 
within post-method language education, future research should target several 
key areas. Regarding long-term cognitive and metacognitive effects, longitu-
dinal studies are needed to determine how extended use of GenAI tools 
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influences lasting language retention, advanced writing skills, and independ-
ent problem-solving skills, while also investigating whether continuous auto-
mated feedback leads to metacognitive erosion or disrupts self-regulated 
learning strategies over time. 
In terms of teacher identity and agency, future research should investigate 
how sustained dependence on AI-generated materials shaped EFL teachers’ 
professional authority, independence, and classroom decision-making. Em-
pirical work should also examine structured professional development mod-
els, such as lesson study, to identify how pre-service teachers can best build 
the agency needed to critically adapt AI outputs for diverse contexts. 
Addressing the multi-tiered digital divide and algorithmic bias requires future 
work focused on developing AI platforms specifically designed for under-
resourced, multilingual, and indigenous language settings, so as to counteract 
the Western-centric biases (Bozic, 2023). Researchers also need to examine 
the third-level digital divide (Matjie et al., 2026), assessing whether unequal 
quality in AI-generated feedback works to reinforce existing educational dis-
parities across different socioeconomic settings. Finally, achieving the full 
potential of human-AI collaboration will require additional empirical research 
to identify the ideal balance between automated real-time feedback and hu-
man-mediated dialogic instruction. Researchers should examine how to de-
sign AI-supported tasks that lower speaking anxiety while maintaining the 
emotional engagement, empathy, and social connection provided by human 
educators. 
In the end, the post-method era calls on language teachers to serve as critical 
facilitators of technology rather than passive users of it. By embedding Gen-
erative AI within a human-centered framework guided by local context, eth-
ical awareness, and critical judgement, the field of EFL can make the most of 
technological innovation while still protecting learner agency and the integ-
rity of sound pedagogy. 

Ethical Statement on the Use of Artificial Intelligence 
During the preparation of this study, AI-based language models were uti-
lized only for text synthesis, language editing, and improving readability. 
The AI tools were not used for data creation, collection, or analysis. The 
authors retain full responsibility for the content, intellectual integrity, and 
final version of the manuscript. 
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Savoring Language Through Translanguaging:                
A Conceptual and Discursive Perspective 

Maghsoud Hassani Mehr 1 

Abstract 
In applied linguis%cs, the affec%ve turn has expanded scholarly aHen%on to emo%on in language 
learning, par%cularly through constructs like foreign language enjoyment and well-being. Yet, 
the field has paid far less aHen%on to savoring, the agen%ve process through which individuals 
aHend to, amplify, and prolong posi%ve experiences over %me. Drawing on posi%ve psychology 
and SLA affect research, this conceptual paper argues that translanguaging provides the semi-
o%c architecture through which savoring is discursively enacted. Translanguaging is approached 
not merely as a pedagogical orienta%on, but as a meaning and sense-making framework fore-
grounding lived experience, mul%modality, subjec%vity, and iden%ty. We introduce a novel 
model of “savoring-through-translanguaging” centered on a 4-Stage Discursive-Savoring Cycle 
(Affec%ve Re-Voicing, Present-Moment Amplifica%on, An%cipatory Re-Framing, and Semio%c 
Entrenchment) accompanied by a micro-analy%c qualita%ve coding matrix. The paper delineates 
how savoring differs from enjoyment, demonstrates the framework via illustra%ve micro-dis-
course vigneHes, and iden%fies systemic boundary condi%ons (e.g., monolingual language po-
licing, cogni%ve load). Implica%ons are offered for moving affect research beyond momentary 
emo%on toward tracking savoring as a co-constructed, discursive accomplishment across learn-
ing trajectories. 
Keywords: savoring, translanguaging, affect in language learning, mul4lingual meaning-mak-
ing, posi4ve psychology in SLA 

Introduction 
Over the past two decades, applied linguistics has witnessed what is often 
described as an affective turn, marked by a growing interest in emotions, 
well-being, and subjective experience in language learning and teaching 
(Dörnyei & Ryan, 2015; Pavlenko, 2013). Early work in the field largely 
emphasized negative emotions such as anxiety, fear, and apprehension, 
viewing affect primarily as an obstacle to successful language acquisition 
(Horwitz, 2001; MacIntyre, 2017). More recent scholarship, influenced 
by positive psychology, has shifted attention toward positive emotions, 
with constructs such as enjoyment, hope, pride, and well-being becoming 
central to contemporary discussions of second and foreign language learn-
ing (Dewaele et al., 2019; MacIntyre et al., 2019). This shift has 
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contributed to a more balanced understanding of affect, highlighting how 
positive emotional experiences can broaden learners’ engagement, sup-
port motivation, and foster sustained participation in language practices. 
Within this expanding body of research, enjoyment has emerged as one of 
the most extensively studied positive emotions in applied linguistics. Re-
search on foreign language enjoyment has demonstrated its close relation-
ship with motivation, willingness to communicate, and active classroom 
engagement (Dewaele & MacIntyre, 2014; Dewaele et al., 2018). How-
ever, the focus on enjoyment has tended to conceptualize positive affect 
as a relatively immediate, moment-bound emotional response to learning 
tasks, classroom interaction, or instructional practices. As a result, less 
attention has been paid to how positive experiences are processed, ex-
tended, revisited, or narrated over time by learners and teachers. This gap 
raises an important theoretical question: how do language users actively 
work with positive emotions beyond the moment of their initial emer-
gence? 
This paper argues that the concept of savoring, developed in positive psy-
chology, offers a valuable yet underexplored lens for addressing this ques-
tion in applied linguistics. Savoring refers to the ways individuals attend 
to, intensify, prolong, and reflect upon positive experiences, whether by 
anticipating them, dwelling on them in the present, or recalling them af-
terward (Bryant & Veroff, 2007). Unlike enjoyment, which denotes an 
emotional state, savoring emphasizes agency, temporality, and meaning-
making. Although savoring has begun to attract empirical attention in sec-
ond language acquisition (e.g., Pan & Zhang, 2021; Wang et al., 2023), 
existing studies treat it primarily as an internal, individual-level psycho-
logical trait measured through self-report scales. Consequently, the field 
lacks a structural model that accounts for how savoring is discursively 
enacted, multimodal, and socially co-constructed over time. 
At the same time, translanguaging has become a prominent theoretical and 
pedagogical orientation in applied linguistics, challenging monolingual 
assumptions about language, learning, and communication (García & 
Wei, 2014; Li Wei, 2018). Translanguaging foregrounds language users’ 
full semiotic repertoires and treats meaning-making as dynamic, embod-
ied, and socially situated. By emphasizing lived experience, affect, 
memory, and identity, translanguaging provides a framework for rethink-
ing how positive experiences in language learning are expressed, sus-
tained, and transformed over time (Li Wei, 2022). Yet, despite its atten-
tion to subjectivity and experience, translanguaging research has rarely 
engaged explicitly with savoring as a form of affective–discursive prac-
tice. 
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Against this background, the present paper brings together insights from 
positive psychology, applied linguistics, and translanguaging theory to 
propose a conceptual and discursive account of savoring language through 
translanguaging. Rather than treating savoring as an individual psycho-
logical trait, the paper approaches it as an agentive process that is socially 
and discursively accomplished through multilingual and multimodal re-
sources. By positioning savoring within translanguaging spaces, this con-
ceptual paper seeks to extend current discussions of affect beyond mo-
mentary enjoyment, offering new directions for theorizing positive expe-
rience, agency, and meaning-making in translanguaging-oriented re-
search. 

Statement of the Problem and Purpose of the Paper 
Despite the growing prominence of affect in applied linguistics, current 
theorization remains uneven in how positive experience is conceptualized 
and examined. While constructs such as enjoyment, motivation, and well-
being have been widely investigated, they are most often treated as emo-
tional states associated with specific classroom moments or instructional 
conditions. This emphasis has limited the field’s ability to explain how 
positive experiences are actively worked on, sustained, and transformed 
over time by learners and teachers. As a result, applied linguistics lacks a 
robust conceptual vocabulary for addressing the agentive and temporal 
dimensions of positive affect, how individuals linger on, revisit, narrate, 
and re-embed positive moments into their ongoing language learning tra-
jectories. 
Savoring, a construct well established in positive psychology, directly ad-
dresses this gap by focusing on how people attend to, prolong, and make 
meaning out of positive experiences. However, savoring has not yet been 
fully integrated into applied linguistics theories, and where it has ap-
peared, it has often been approached through individual-level or psycho-
logical lenses. This has limited its potential to illuminate the social, dis-
cursive, and semiotic processes through which positive experiences are 
enacted and shared in language education settings. In particular, there re-
mains a lack of conceptual work that situates savoring within broader so-
ciocultural frameworks that foreground language, interaction, identity, 
and power. 
At the same time, translanguaging research has significantly reshaped un-
derstandings of language, learning, and meaning-making by emphasizing 
learners’ full semiotic repertoires and lived experiences. Translanguaging 
perspectives explicitly foreground affect, subjectivity, memory, and 
agency, yet they have rarely been mobilized to theorize how positive 
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experiences are sustained and reworked over time. This disconnect repre-
sents a missed opportunity to link translanguaging’s emphasis on lived, 
multimodal meaning-making with a richer account of positive affective 
processes such as savoring. 
The purpose of this paper is to move beyond descriptive broad outlines by 
establishing a granular, semiotically grounded framework for savoring-
through-translanguaging. Specifically, the paper aims to (a) establish a 
comparative matrix differentiating Foreign Language Enjoyment, psycho-
logical savoring, and savoring-through-translanguaging, (b) detail a 4-
Stage Discursive-Savoring Coding Scheme with micro-analytic indicators 
for SLA researchers, (c) evaluate theoretical vignettes demonstrating the 
framework in action, and (d) outline the systemic boundary conditions 
where translanguaging fails to facilitate affective savoring. By doing so, 
the paper seeks to extend current affect-oriented research beyond momen-
tary emotion and to contribute a theoretically grounded perspective on 
how learners and teachers come to savor language through translanguag-
ing practices. 

Literature Review 

The Affective Turn in Applied Linguistics 
The shift from deficit-oriented perspectives on foreign language anxiety 
toward positive psychology in applied linguistics has established positive 
emotions—such as enjoyment, hope, and resilience—as central to learn-
ing and engagement (MacIntyre et al., 2019). However, this literature re-
mains heavily anchored in momentary emotional states measured during 
or immediately after instruction (Dewaele & MacIntyre, 2014). Conse-
quently, the field lacks theoretical mechanisms to explain how language 
users actively extend, revisit, and discursively transform positive affective 
experiences over time. 
Building on this broader affective orientation, the field has more recently 
been shaped by the positive psychology turn in second language acquisi-
tion and applied linguistics. Drawing explicitly on developments in psy-
chology, this line of research foregrounds positive emotional experiences 
and learner strengths, including enjoyment, hope, resilience, grit, and 
well-being (MacIntyre et al., 2019). Within this framework, positive emo-
tions are understood not merely as pleasant by-products of learning but as 
resources that can broaden learners’ attention, enhance engagement, and 
support sustained motivation over time. This perspective has significantly 
rebalanced affective research, which had previously been dominated by 
negative constructs. 
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Among the various positive affective constructs introduced during this pe-
riod, foreign language enjoyment has received the most sustained empir-
ical attention. Enjoyment has been conceptualized as a complex, socially 
mediated emotion arising from meaningful challenge, supportive class-
room relationships, and a sense of accomplishment in language use 
(Dewaele & MacIntyre, 2014). A growing body of research has demon-
strated robust associations between enjoyment and motivation, willing-
ness to communicate, classroom engagement, and perceived learning suc-
cess (Dewaele et al., 2018; Dewaele et al., 2019). Despite these contribu-
tions, enjoyment has typically been examined as an immediate emotional 
state tied to particular tasks, interactions, or instructional moments. 
This emphasis on momentary emotional experience reveals a conceptual 
limitation within the affective turn in applied linguistics. While the field 
has become increasingly attentive to what learners feel, it has paid com-
paratively little attention to what learners do with those feelings over time. 
Many affective constructs adopted from psychology, including enjoy-
ment, motivation, and well-being, retain a predominantly individual and 
state-oriented focus. Because current models treat positive affect as an 
episodic outcome rather than an ongoing process, they fail to account for 
the semiotic and discursive mechanisms through which learners actively 
linger on and re-entextualize moments of success across their learning tra-
jectories. 
Savoring directly addresses this gap. Originating in positive psychology, 
savoring refers to the agentive processes through which individuals attend 
to, intensify, prolong, and reflect on positive experiences (Bryant & 
Veroff, 2007). Psychological research on savoring has examined strate-
gies such as anticipation, present-moment awareness, and reminiscence, 
emphasizing how individuals regulate and extend positive affect. Alt-
hough some scholars have begun to introduce savoring into educational 
and second language learning contexts, it has largely remained conceptu-
alized as an individual psychological capacity or belief system (Pan & 
Zhang, 2021). As a result, savoring has not yet been fully integrated into 
applied linguistics’ broader concerns with discourse, interaction, identity, 
and social meaning-making. 
In sum, the affective turn in applied linguistics has progressed from a nar-
row focus on negative emotions to a richer engagement with positive af-
fect and well-being. However, this progression has largely remained an-
chored in psychological constructs that prioritize emotional states rather 
than affective processes. While enjoyment has become a central concept, 
savoring, despite its relevance to learning, agency, and temporality, re-
mains marginal in applied linguistics theorization. This conceptual gap 
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points to the need for frameworks that can account for how positive expe-
riences are socially mediated, discursively enacted, and sustained over 
time. In the next section, savoring is examined in greater detail as a con-
struct rooted in psychology but increasingly relevant to language learning 
and teaching 

Conceptualizing Savoring in Positive Psychology and                   
Language Learning 
The concept of savoring originates firmly in positive psychology, where 
it was introduced to explain how individuals actively engage with positive 
experiences rather than merely experiencing them passively. Seminal 
work by Bryant (2003) and Bryant and Veroff (2007) conceptualized sa-
voring as the processes through which people attend to, intensify, and pro-
long positive emotional experiences across time before, during, and after 
an event. In this framework, savoring is not itself an emotion but a meta-
affective process that regulates emotional experience through anticipa-
tion, present-moment awareness, and reminiscence (Bryant & Veroff, 
2007). 
Within psychology, savoring has been widely examined in relation to 
well-being, resilience, and life satisfaction. Empirical studies have 
demonstrated that individuals who frequently engage in savoring strate-
gies report higher levels of sustained positive affect and psychological 
well-being (Bryant et al., 2011). Importantly, this line of research clearly 
distinguishes savoring from related constructs such as pleasure or enjoy-
ment by emphasizing process rather than emotional state. Whereas en-
joyment refers to the experience of positive emotion, savoring refers to 
how individuals work on that emotion to extend its duration and meaning 
(Bryant, 2003). 
More recently, savoring has begun to appear in educational and learning-
related research, including studies situated within second language learn-
ing and teaching. Drawing largely on positive psychology frameworks, 
these studies have explored savoring in terms of learners’ beliefs, dispo-
sitions, and strategies for engaging with positive learning experiences 
(Pan & Zhang, 2021). Findings suggest that savoring can support motiva-
tion, emotional regulation, persistence, and learner well-being, position-
ing it as a potentially valuable construct within the broader positive psy-
chology movement in second language acquisition (MacIntyre et al., 
2019). 
Despite these promising developments, the introduction of savoring into 
language learning research has so far remained conceptually narrow. Most 
existing studies conceptualize savoring as an individual psychological 



Savoring Language Through Translanguaging 
 

 73 

mechanism, focusing on internal cognitive or emotional processes rather 
than on interaction, discourse, or social context (Pan & Zhang, 2021). As 
a result, savoring is often treated as detached from the communicative 
practices through which learning experiences are expressed, shared, and 
remembered. This limitation reflects a broader tendency within applied 
linguistics to import affective constructs from psychology without fully 
re-theorizing them in relation to language, social interaction, and mean-
ing-making (Pavlenko, 2013; Prior, 2019). 
From an applied linguistics perspective, this reliance on psychologically 
oriented conceptualizations leaves important questions unanswered. In 
particular, it remains unclear how positive experiences are discursively 
constructed, narrated, and recontextualized through language use over 
time. Scholars working within sociocultural, discourse-analytic, and eco-
logical approaches have repeatedly emphasized that affect is not merely 
an internal state but is co-constructed through interaction, positioning, and 
semiotic resources (Larsen-Freeman, 2018; Prior, 2019). Without attend-
ing to these dimensions, savoring risks remaining an imported psycholog-
ical construct rather than becoming an analytically productive concept 
within applied linguistics. 
In summary, savoring is well established in psychology as an agentive 
process of engaging with positive experience (Bryant & Veroff, 2007; 
Bryant et al., 2011), and it has begun to attract attention in language learn-
ing research through positive psychology lenses (Pan & Zhang, 2021; 
Wang et al., 2023). However, applied linguistics still lacks a robust con-
ceptualization of savoring that foregrounds discourse, interaction, and so-
cial meaning-making. Addressing this gap requires a framework that can 
situate savoring within lived multilingual experience and semiotic prac-
tice. The following section argues that translanguaging provides such a 
framework by enabling an affective–discursive understanding of how 
positive language learning experiences are sustained and transformed. 

Translanguaging as an Affective–Discursive Framework 
Moving beyond code-based models, translanguaging conceptualizes 
meaning-making as a dynamic, embodied process where speakers deploy 
their full semiotic repertoires to enact social and affective stance (Garcia 
& Wei, 2014; Li Wei, 2018). From this perspective, translanguaging is 
not merely about alternating between named languages but about engaging 
diverse linguistic, embodied, and multimodal resources in situated social 
action. 
Importantly, translanguaging scholarship has increasingly foregrounded 
lived experience and subjectivity, positioning affect as integral to 
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meaning-making rather than as a peripheral variable. García and Wei 
(2014) emphasize that translanguaging practices are embedded in speak-
ers’ histories, identities, and emotional investments, while Li Wei (2018) 
argues that translanguaging challenges structuralist views of language by 
centering human experience and creativity. This shift aligns translanguag-
ing closely with broader sociocultural and ecological approaches in ap-
plied linguistics that view language learning as an emergent, relational, 
and affect-laden process (Larsen-Freeman, 2018). 
More recently, translanguaging has been advanced not only as a theory or 
pedagogy but also as a methodological and epistemological framework. 
Li Wei (2022) proposes “translanguaging as method,” arguing that trans-
languaging directs analytical attention to sense-making, lived experience, 
memory, feeling, and subjectivity. From this standpoint, affect is not 
treated as an internal psychological state to be measured but as something 
enacted through semiotic orchestration in real time. This methodological 
orientation invites researchers to ask different questions about how emo-
tions are experienced, expressed, and sustained through language use 
across contexts. 
Despite this growing attention to affective dimensions, translanguaging 
research has tended to conceptualize emotions implicitly rather than ex-
plicitly theorizing them. Positive emotional outcomes are often reported 
as benefits or by-products of translanguaging pedagogy, such as enjoy-
ment or reduced anxiety, without detailed examination of how these ex-
periences are discursively constructed, extended, or reflected upon over 
time (Duarte, 2020; Yüzlü & Dikilitaş, 2022). Consequently, trans-lan-
guaging scholarship has yet to fully engage with processes like savoring, 
which foreground the agentive and temporal work individuals do with 
positive experience. 
From an affective–discursive perspective, translanguaging offers a partic-
ularly productive framework for reconceptualizing savoring. Translanguag-
ing spaces enable learners and teachers to narrate experiences, revoice 
achievements, revisit moments of success, and layer affective meaning 
across languages and modes. These practices align closely with psycho-
logical accounts of savoring as involving anticipation, present-moment 
attention, and reminiscence (Bryant & Veroff, 2007), while simultane-
ously situating savoring within social interaction and discourse. In this 
sense, translanguaging does not simply facilitate positive emotion; it pro-
vides the semiotic resources through which positive experiences can be 
sustained, reworked, and shared. 
Furthermore, translanguaging’s emphasis on agency and repertoire chal-
lenges individualistic models of affect by highlighting how savoring can 
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be co-constructed. Learners may savor positive experiences not only pri-
vately but also collectively, through shared narratives, peer interaction, 
and teacher–student dialogue that spans multiple languages and semiotic 
forms (García & Wei, 2014; Li Wei, 2022). This perspective resonates 
with applied linguistics research that conceptualizes agency as distributed 
and relational rather than solely individual (Mercer, 2012; Toohey, 2019). 
In summary, translanguaging provides a theoretically rich and methodo-
logically flexible framework for understanding affect as discursively and 
socially accomplished. While translanguaging research has acknowledged 
positive affective outcomes, it has not yet explicitly theorized how learn-
ers and teachers engage in savoring as an agentive process. By bringing 
savoring into dialogue with translanguaging, applied linguistics can move 
beyond momentary accounts of enjoyment toward a deeper understanding 
of how positive language learning experiences are sustained over time 
through multilingual and multimodal meaning-making. This integration 
lays the groundwork for the conceptual framework developed in the next 
section. 

Conceptual Framework: Savoring Language Through 
Translanguaging 
Building on insights from positive psychology, applied linguistics, and 
translanguaging theory, this paper proposes a conceptual framework that 
understands savoring language through translanguaging as an affective–
discursive process. In contrast to approaches that treat positive emotion as 
an internal, momentary state, this framework conceptualizes savoring as 
a socially situated activity through which learners and teachers actively 
attend to, prolong, and rework positive language learning experiences us-
ing multilingual and multimodal resources (Bryant & Veroff, 2007; Li 
Wei, 2022). 
At the core of this framework is the distinction between enjoyment and 
savoring. Enjoyment refers to the immediate experience of positive emo-
tion during language learning activities, such as pleasure derived from 
successful communication or engaging classroom interaction (Dewaele & 
MacIntyre, 2014). Savoring, by contrast, involves the agentive work that 
follows or surrounds such experiences, anticipating success, dwelling on 
achievement, recalling meaningful moments, and narrating them across 
time (Bryant, 2003). This temporal and process-oriented nature of savor-
ing aligns with applied linguistics perspectives that view learning as dy-
namic and emergent rather than episodic (Larsen-Freeman, 2018).  
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Translanguaging provides the semiotic and discursive conditions through 
which savoring can be enacted. By legitimizing the use of learners’ full 
linguistic repertoires, translanguaging expands the range of resources 
available for expressing affect, reflecting on experience, and constructing 
meaning (Garcia & Wei, 2014). Learners may, for example, recount a suc-
cessful interaction in a home language, elaborate feelings of pride through 
mixed-language narratives, or revisit classroom achievements through 
multimodal artifacts such as notes, recordings, or peer dialogue. These 
practices allow positive experiences to be revisited and re-entextualized, 
key features of savoring as described in psychological research (Bryant et 
al., 2011). 
To delineate how savoring-through-translanguaging diverges from previ-
ous affect constructs in applied linguistics, Table 1 outlines the conceptual 
boundaries separating Foreign Language Enjoyment (FLE), psychologi-
cal savoring, and the proposed affective–discursive framework. 
 

Table 1: Conceptual Matrix of Affective Constructs in SLA 
Dimension Foreign Language 

Enjoyment (FLE) 
Standalone Savor-
ing (Psychologi-
cal) 

Savoring-Through-
Translanguaging 
(Affective–Discur-
sive) 

Primary 
Nature 

Momentary affec-
tive state 

Meta-affective cog-
nitive process 

Socially & discur-
sively co-con-
structed practice 

Linguistic 
Scope 

Often bound to tar-
get-language (L2) 
performance 

Internal, non-lin-
guistic or L1-bound 

Full semiotic reper-
toire (L1 + L2 + 
multimodal) 

Temporal 
Focus 

Immediate present 
(in situ) 

Past, present, or fu-
ture (internal) 

Dynamic re-entex-
tualization across 
learning trajectories 

Primary 
Agency 

Passive/reactive to 
task or environ-
ment 

Individual psycho-
logical regulation 

Relational, distrib-
uted, and ideologi-
cally mediated 

 

The 4-Stage Discursive-Savoring Cycle 
Savoring-through-translanguaging operates through a four-stage cyclic 
mechanism through which positive affective experiences are transformed 
into sustained learning investments: 
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1. Affective Re-Voicing (Retrospective Savoring): This stage refers to 
the agentive process wherein learners revisit past L2 accomplishments or 
overcome linguistic anxiety by re-narrating the event through their home 
language (L1), regional idioms, or affective markers. Drawing on psycho-
logical models of reminiscence (Bryant & Veroff, 2007) and applied lin-
guistics perspectives on emotional voice (Pavlenko, 2005, 2013), this 
stage accounts for how switching to L1 allows learners to re-voice and 
savor the depth of their achievement when L2 emotional vocabulary is 
insufficient. 
2. Present-Moment Amplification (Concurrent Savoring): This stage 
involves lingering on a successful L2 moment right as it occurs in inter-
action. Grounded in Bryant and Veroff’s (2007) concept of “marveling” 
and SLA work on interactional dynamics (Dewaele & MacIntyre, 2014), 
learners and peers deploy dual-language repetition (echoing an L2 term 
alongside an L1 equivalent), shared laughter, and paralanguage (tone 
shifts, sighing, high-fives) to collectively prolong positive affect. 
3. Anticipatory Re-Framing (Prospective Savoring): This stage occurs 
prior to high-stakes or anxiety-inducing L2 tasks. Synthesizing prospec-
tive savoring (Bryant, 2003) with translanguaging as a psychological 
safety net (Garcia & Wei, 2014; Creese & Blackledge, 2010), learners 
utilize translanguaging spaces to pre-experience positive emotions and re-
duce threat by mixing L1 collaborative planning with L2 practice lines. 
Through cross-linguistic humor and peer scaffolding, learners transform 
anticipatory anxiety into collaborative confidence. 
4. Semiotic Entrenchment (Identity Consolidation): The final stage 
converts momentary savoring into long-term multilingual identity. Draw-
ing on entextualization theory (Prior, 2019) and translanguaging ap-
proaches to identity construction (Li Wei, 2018, 2022), temporary inter-
actional moments are locked into permanent physical or digital artifacts 
(dual-language reflection journals, audio logs, digital portfolios). Over 
time, this shifts the learner’s self-concept from a struggling L2 speaker to 
a competent multilingual user. 

Micro-Analytic Coding Framework for Savoring-Through-
Translanguaging 
To operationalize savoring-through-translanguaging for empirical analy-
sis, Table 2 outlines observable discourse markers and qualitative coding 
tags ([BRACKETED]). To assist qualitative researchers, three key ana-
lytical concepts underpinning this framework are defined as follows: 
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§ Paralanguage ([PARALANG]): Non-verbal or vocal vocaliza-
tions that accompany speech, including pitch variations, laughter, 
sighs of relief, and prolonged pauses. 

§ Dual-Language Repetition ([DUAL-REP]): The immediate re-
saying of an L2 word or phrase in the L1 (or vice versa) to em-
phasize meaning and celebrate accuracy. 

§ Entextualization ([ARTIFACT]): Rendering spoken, temporary 
interaction into permanent written or recorded form (e.g., dual-
language entries). 
 

Table 2: Micro-Analytic Coding Matrix for Savoring-
Through-Translanguaging 

 
Stage What the 

Learner Does 
(Primary Func-
tion) 

Observable Class-
room & Discourse 
Markers 

Sample Qualitative 
Research Codes 

1. Affec-
tive Re-
Voicing 

Retells a past L2 
success or over-
coming difficulty 
with emotion 

• Switching to home 
language (L1) to ex-
press emotional re-
lief 
• Re-narrating past 
task moments using 
L1/L2 mix 
• Softened tone of 
voice, laughter, or 
relieved sighing 

• [REVOICE-L1-
EMOT] (L1 Emo-
tional Expression) 
 
• [REVOICE-
RETRO] (Retrospec-
tive Storytelling) 
• [REVOICE-PARA-
LANG] (Sighs/Tone 
Shifts) 

2. Present-
Moment 
Amplifica-
tion 

Celebrates and 
lingers on a suc-
cessful L2 mo-
ment right as it 
happens 

• Repeating the suc-
cessful word/phrase 
across L1 and L2 
 
• Shared peer laugh-
ter and overlapping 
celebration talk 
 
• Physical gestures 
(high-fives, chest-
taps, smiles) 

• [AMP-DUAL-
REP] (Dual-Lan-
guage Repetition) 
 
 
• [AMP-LAUGH-
OVERLAP] (Shared 
Peer Laughter) 
• [AMP-GESTURE] 
(Multimodal Ges-
tures) 

3. Antici-
patory Re-
Framing 

Uses home lan-
guage to reduce 
anxiety before a 
scary L2 task 

• Planning in L1 
while practicing 
lines in L2 
 

• [ANTIC-L1-SCAF] 
(L1 Planning Scaf-
folding) 
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• Using cross-lin-
guistic jokes/humor 
to diffuse stress 
• Peer-to-peer en-
couragement and 
verbal safety build-
ing 

• [ANTIC-HUMOR] 
(Stress-Relieving 
Humor) 
• [ANTIC-AFF-
SAFETY] (Safety 
Building) 

4. Semiotic 
Entrench-
ment 

Locks the success 
into memory to 
build long-term 
multilingual con-
fidence 

• Saying statements 
like: “I feel confident 
in both languages” 
• Writing dual-lan-
guage journal entries 
or recording reflec-
tion audio 
• Long-term positive 
shift in how the stu-
dent views them-
selves 

• [ENTRENCH-
POS] (Self-Position-
ing Statement) 
 
• [ENTRENCH-AR-
TIFACT] (Dual-
Language Jour-
nal/Audio) 
• [ENTRENCH-ID-
SHIFT] (Identity 
Shift) 

 

Operationalizing the Framework: Illustrative Vignettes 
To demonstrate how the 4-Stage Discursive-Savoring Cycle and micro-
analytic coding matrix operate in practice, this section presents two theo-
retical vignettes modeled on typical interactions in multilingual language 
learning contexts. 

Vignette 1: Present-Moment Amplification & Affective Re-
Voicing 
Setting: Two intermediate language learners (Seda and Arda) working on 
a paired oral task. 
Seda (L2): “Our research proves that environment is... sustainable.” 
Arda (L1 + L2): “Woah, sustainable! Demin bu kelimeyi hatırlayamıyor-
dun, harika söyledin!” (Woah, sustainable! You couldn’t remember this 
word a minute ago; you said it amazingly!) [AMP-DUAL-REP] [AMP-
LAUGH-OVERLAP] 
Seda (L1 + Paralanguage): (Laughs, taps chest) “Valla içim rahatladı, 
‘sustainability’ kelimesinden nefret ediyordum ama sonunda başardım!” 
(Honestly, I feel so relieved; I used to hate the word ‘sustainability’ but I 
finally nailed it!) [REVOICE-L1-EMOT] [REVOICE-PARALANG] 
Arda (L2 + L1): “Yes! You nailed it valla!” [AMP-DUAL-REP] 
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Micro-Discourse Analysis: In Line 1, Seda produces a complex target-
language item (sustainable). In Line 2, rather than moving immediately to 
task completion, Arda initiates Present-Moment Amplification ([AMP-
DUAL-REP]) by interrupting to validate the breakthrough. In Line 3, 
Seda engages in Affective Re-Voicing ([REVOICE-L1-EMOT]); she 
switches to her L1 to express emotional relief (“içim rahatladı”) and re-
flect on past frustration. The translanguaging space allows both learners 
to linger on and prolong positive affect before returning to task demands. 

Vignette 2: Anticipatory Re-Framing & Semiotic Entrench-
ment 
Setting: A multilingual learner (Elena) preparing for an upcoming group 
presentation and writing a post-task reflection. 
Elena (Pre-task peer exchange - L1): “Şimdi sunuma başlarken heyecan-
lanırsam Türkçe bir espri yapıp toparlayacağım, tamam mı?” (If I get 
nervous starting the presentation, I’ll make a quick joke in Turkish to re-
gain control, okay?) [ANTIC-HUMOR] [ANTIC-AFF-SAFETY] 
Elena (Post-task dual-language reflection entry): “Today I spoke for 5 
minutes in English without freezing. [L1 insert]: Eskiden heyecanlanınca 
tıkanıyordum ama artık iki dili de kullanabildiğimi bilmek bana güven 
veriyor. I am becoming a real bilingual speaker.” [ENTRENCH-POS] 
[ENTRENCH-ARTIFACT] [ENTRENCH-ID-SHIFT] 
Micro-Discourse Analysis: In Line 1, Elena uses Anticipatory Re-Fram-
ing ([ANTIC-HUMOR]) to reduce pre-performance anxiety by establish-
ing a safety net. In Line 2, she records her success in a dual-language 
reflection log (Semiotic Entrenchment). By entextualizing the moment 
into a semiotic artifact ([ENTRENCH-ARTIFACT]), she consolidates a 
long-term identity shift ([ENTRENCH-ID-SHIFT]) from an anxious stu-
dent to a confident multilingual user. 

Boundary Conditions and Systemic Tensions 
While the proposed framework highlights the affective potential of 
translanguaging, savoring-through-translanguaging does not occur auto-
matically in all language learning environments. Its enactment is con-
strained by systemic, ideological, and cognitive boundary conditions: 
1. Institutional Language Policing and Monolingual Ideologies: In class-
rooms strictly governed by “English-Only” policies, translanguaging 
practices are often penalized or stigmatized as linguistic deficits. When 
learners face institutional surveillance or shame for using their home lan-
guages, attempting to translanguage induces anxiety rather than psycho-
logical safety, effectively preventing affective savoring. 
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2. Peer Positioning and Social Dynamics: Savoring is a relationally medi-
ated process. If peers respond to a learner’s translanguaging moves with 
judgment, mockery, or exclusion, the interactional space collapses. Pre-
sent-moment amplification relies on shared peer validation; without pos-
itive alignment from interlocutors, positive affect cannot be prolonged. 
3. Cognitive Overload in High-Stakes Environments: In situations requir-
ing intense, rapid target-language processing (such as real-time standard-
ized speaking exams), switching between semiotic systems can increase 
cognitive load. When processing capacity is consumed entirely by task 
demands, learners lack the attentional resources required to linger on or 
savor success. 

Discussion 
The conceptual framework proposed in this paper advances current work 
on affect in applied linguistics by shifting attention from momentary emo-
tional states to the specific discursive processes through which positive 
experiences are sustained and made meaningful over time (Bryant & 
Veroff, 2007; Li Wei, 2022). While the affective and positive psychology 
turns have productively foregrounded constructs like Foreign Language 
Enjoyment (FLE) and well-being, these have largely been conceptualized 
as individual, moment-bound psychological reactions (Dewaele & Mac-
Intyre, 2014; Dewaele et al., 2018; MacIntyre et al., 2019). By operation-
alizing savoring as an affective–discursive process through translanguag-
ing, this paper extends positive psychology in SLA toward a dynamic, 
agentive, and interactionally grounded model (Larsen-Freeman, 2018; 
Prior, 2019). 
First, the 4-Stage Discursive-Savoring Cycle (Affective Re-Voicing, Pre-
sent-Moment Amplification, Anticipatory Re-Framing, and Semiotic En-
trenchment) solves a key theoretical limitation in current SLA literature: 
explaining how positive affect moves across time. Rather than treating 
positive emotion as a passive by-product of task success, the cycle demon-
strates how learners deploy their full semiotic repertoires to actively linger 
on, prolong, and consolidate positive moments (Bryant et al., 2011; Gar-
cía & Wei, 2014). Translanguaging serves as the essential linguistic mech-
anism that bridges immediate, high-arousal moments of success with 
long-term identity shift (Li Wei, 2018, 2022). 
Second, as demonstrated in the micro-discourse vignettes, this framework 
shifts the locus of agency from an internal, isolated psychological trait 
(Bryant, 2003; Pan & Zhang, 2021) to a relational and co-constructed in-
teractional achievement (Mercer, 2012; Toohey, 2019). In Vignette 1, 
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Seda’s ability to savor her target-language breakthrough relies directly on 
Arda’s peer amplification ([AMP-DUAL-REP]) and the shared 
translanguaging space that legitimizes her emotional re-voicing ([RE-
VOICE-L1-EMOT]). Savoring is thus revealed to be socially mediated; it 
depends on communicative alignment between interlocutors rather than 
isolated cognitive self-regulation (Duarte, 2020; Yüzlü & Dikilitaş, 2022). 
Finally, the explicit identification of boundary conditions and systemic 
tensions prevents an overly idealized view of translanguaging. 
Translanguaging does not automatically generate positive affect. Where 
institutional language policing enforces strict monolingual norms, or 
where peer dynamics involve mockery, the interactional space collapses, 
turning potential savoring moments into sources of anxiety or surveillance 
(Horwitz, 2001; Pavlenko, 2013; Toohey, 2019). Similarly, under high 
cognitive load (such as high-stakes oral exams), the processing demands 
of code-switching can impede the attentional focus required to linger on 
success (MacIntyre & Gardner, 1994). Savoring-through-translanguaging 
must therefore be understood as an ideologically and contextually condi-
tional practice. 

Implications for Applied Linguistics and Language Education 
The operationalization of savoring-through-translanguaging yields dis-
tinct implications for theoretical development, empirical research meth-
odology, and pedagogical practice: 

Theoretical and Methodological Implications 
• From State Measurement to Micro-Analytic Discourse Analysis: Re-
searchers studying SLA affect can move beyond self-report survey scales 
(e.g., measuring FLE or savoring beliefs via Likert items; Bryant, 2003; 
Pan & Zhang, 2021). Table 2 Micro-Analytic Coding Matrix offers qual-
itative researchers concrete, observable indicators, such as dual-language 
repetition ([AMP-DUAL-REP]), paralanguage ([REVOICE-PARA-
LANG]), and artifact entextualization ([ENTRENCH-ARTIFACT]), to 
analyze classroom transcripts, audio logs, and video recordings (Prior, 
2019). 
• Operationalizing “Translanguaging as Method”: This framework pro-
vides an empirical model for operationalizing Li Wei’s (2022) concept of 
translanguaging as a methodological lens, directly linking semiotic re-
source deployment to emotional regulation and identity construction over 
time (García & Wei, 2014; Li Wei, 2018). 
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Pedagogical Implications 
• Designing for “Savoring Windows”: Rather than rushing learners imme-
diately from one task to the next upon correct completion, teachers can 
intentionally build in brief “savoring windows” (Bryant & Veroff, 2007). 
Instructors can encourage peer validation, dual-language echoing, and 
brief L1 reflections to allow students to linger on breakthroughs (Duarte, 
2020). 
• Scaffolding Anticipatory Safety: Teachers can utilize Anticipatory Re-
Framing ([ANTIC-HUMOR], [ANTIC-L1-SCAF]) before anxiety-induc-
ing tasks by permitting home-language planning and humorous rehearsal 
to lower affective filters (Creese & Blackledge, 2010; MacIntyre et al., 
2019). 
• Entextualizing Multilingual Artifacts: To facilitate Semiotic Entrench-
ment, educators can implement dual-language reflection logs, audio re-
flection entries, or digital portfolios (Li Wei, 2022; Prior, 2019). Trans-
forming temporary spoken achievements into permanent written or rec-
orded artifacts helps learners consolidate long-term multilingual self-con-
cepts. 
• Dismantling Institutional Language Policing: Creating environments 
where savoring can occur requires actively dismantling rigid monolingual 
ideologies (Li Wei, 2018; Toohey, 2019). When schools stigmatize home-
language use, they strip learners of vital semiotic tools needed to express 
relief, take pride in learning, and build psychological resilience (Pavlenko, 
2013). 

Conclusion 
This conceptual paper set out to address a critical theoretical gap within 
the affective turn in applied linguistics by introducing savoring as a vital, 
missing construct and demonstrating how translanguaging provides the 
semiotic architecture for its discursive enactment (Bryant & Veroff, 2007; 
Li Wei, 2018, 2022). While foreign language positive psychology has pro-
ductively expanded scholarly focus toward emotions such as enjoyment, 
hope, and well-being, these have predominantly been conceptualized as 
momentary emotional reactions measured in situ (Dewaele & MacIntyre, 
2014; Dewaele et al., 2018; MacIntyre et al., 2019). By contrast, savoring 
foregrounds the agentive, temporal, and meaning-making work through 
which language users actively attend to, intensify, prolong, and consoli-
date positive learning experiences over time (Bryant, 2003; Bryant et al., 
2011). 
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Synthesizing positive psychology, applied linguistics, and translanguag-
ing theory, the paper conceptualized savoring not as an internal cognitive 
trait (Pan & Zhang, 2021) but as a socially mediated, affective–discursive 
accomplishment (Larsen-Freeman, 2018; Prior, 2019). Through the intro-
duction of the 4-Stage Discursive-Savoring Cycle (Affective Re-Voicing, 
Present-Moment Amplification, Anticipatory Re-Framing, and Semiotic 
Entrenchment), this paper has provided a granular matrix detailing how 
multilingual resources, paralanguage, dual-language repetition, and mul-
timodal entextualization operate to turn fleeting task success into sus-
tained multilingual identity shifts (Li Wei, 2018; Prior, 2019). Further-
more, by analyzing concrete theoretical vignettes and contextual bound-
ary conditions, the paper highlighted that savoring-through-translanguag-
ing is relationally co-constructed (Mercer, 2012; Toohey, 2019) and con-
strained by institutional language policing and cognitive load (Horwitz, 
2001; Pavlenko, 2013). 
Ultimately, this framework contributes to applied linguistics by offering 
a theoretical and analytical bridge connecting emotion, agency, discourse, 
and temporality. Methodologically, the proposed micro-analytic matrix 
opens new avenues for qualitative researchers to operationalize 
“translanguaging as method” (Li Wei, 2022) by tracing real-time class-
room interactions, reflection logs, and audio artifacts. Pedagogically, it 
urges educators to cultivate deliberate “savoring windows” and dismantle 
rigid monolingual ideologies that strip learners of their home-language 
emotional resources (Creese & Blackledge, 2010; Duarte, 2020). By mov-
ing beyond how learners feel to examine how they carry those feelings 
forward through their full semiotic repertoires, applied linguistics can bet-
ter understand how multilingual learners come to savor language across 
their educational trajectories. 
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Learning to See Before Learning to Teach:                 
The Unnamed Role in the Practicum of Pre-Service 

Teachers of German in Türkiye 

Ebru Üstün 1 & Bilal Üstün 2 

Abstract 
Pre-service teachers of German in Türkiye spend a substan%al part of their final year of study in 
classrooms, and only a small part of this %me is devoted to their own teaching. The na%onal 
regula%on of 2021 specifies the hours in which pre-service teachers teach, while the remaining 
hours have neither an assigned task nor a designa%on in the regulatory text, even though the 
regula%on requires them to be planned. These hours are the focus of this chapter. Based on the 
na%onal regula%on, four ins%tu%onal prac%cum documents from Turkish universi%es, and re-
search on professional vision, the chapter shows that classroom presence produces professional 
learning only where observa%on is structured. No%cing emerges as knowledge-dependent ra-
ther than as a generic ability to look closely; the ques%on of subject-specific observa%on has 
been examined in other subjects but remains largely open for foreign language teaching; and 
neither the exis%ng observa%on instruments nor the established clinical supervision model ad-
dresses the hours without the pre-service teachers’ own teaching. On this basis, the chapter 
proposes a framework that organizes observa%on along three axes, the object of percep%on, 
the form of media%on, and the epistemic stance of the observer, linked to a progression from 
imita%ve through analy%cal to inquiry-oriented observa%on, and iden%fies the condi%ons and 
open ques%ons of its implementa%on. 
Keywords: professional vision, classroom observa4on, prac4cum, German as a foreign lan-
guage, teacher educa4on 

Introduction 
Pre-service teachers of German in Türkiye spend a substantial part of their 
final year of study in classrooms. Only a small part of this time is devoted 
to their own teaching. The remainder consists of a condition that the reg-
ulation governing the practicum does not describe, that has no assigned 
task, and for which the regulatory text has no designation. These hours are 
the focus of this chapter. 
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The Practicum and Its Unregulated Remainder 
The practicum is governed by the 2021 regulation of the Ministry of Na-
tional Education. Article 7/1 sets it at two semesters with six hours of 
school attendance per week, 144 hours in total, while article 7/2 ties the 
minimum amount of the pre-service teachers’ own teaching to the number 
of weekly hours allocated to the school subject: at least ten hours per se-
mester if the subject is scheduled for one to two hours per week, and at 
least twenty hours if it is scheduled for three or more hours per week 
(Ministry of National Education, 2021).  
The arithmetic of these two provisions is the starting point of this chapter. 
Depending on the subject, the larger part of each semester falls outside 
the minimum teaching requirement. Because the regulation defines the 
practicum as the acquisition of teaching competence together with admin-
istrative and extracurricular activities (article 4/1-g), not all of this remain-
ing time is spent in the classroom. What the regulation does not do, how-
ever, is specify what the pre-service teachers are to do with it. Neither the 
definition in article 4/1-g nor the task list in article 6/11 assigns an obser-
vation task, an observation guide, or a role for this time. Observation ap-
pears in the text, but only in one direction: under articles 6/5c and 9/1-ı 
and in the evaluation form in the annex, it is the university supervisor and 
the school-based mentor who observe, and the pre-service teachers who 
are observed (Ministry of National Education, 2021). 
This silence is not a regulatory gap. Article 9/1-g requires the university 
supervisor, school-based mentor, and pre-service teachers to prepare an 
activity plan together, and article 9/1-ğ requires the pre-service teachers 
to carry out the activities specified there and report on each of them (Min-
istry of National Education, 2021). The regulation therefore requires the 
remaining hours to be planned while leaving the content of that planning 
entirely open. It delegates rather than omits. Since authority over curricula 
was transferred to universities in 2020, this delegation has been taken up 
at the institutional level. The question addressed in this chapter is not 
whether this time is used, but on what basis it could be structured. 

What Unstructured Presence Produces 
Recent findings from the Turkish practicum show what happens when this 
time remains unstructured. Kırmızı et al. (2025) followed 26 pre-service 
teachers of English through a practicum and conducted weekly joint re-
flection sessions that were deliberately kept open, without instructions to 
attend to a particular aspect. The pre-service teachers primarily attended 
to communication, the physical environment, and classroom manage-
ment, while the content dimension received comparatively little attention 
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and was addressed only superficially. The authors also reported that feed-
back from the school-based mentor often remained superficial and that the 
intensity of university supervision varied considerably. They therefore 
call for tools that direct pre-service teachers’ attention and for themati-
cally focused rather than open reflection (Kırmızı et al., 2025). 
This chapter takes up this call. It asks what such tools would need to look 
like if they were tailored to German as a foreign language instruction and 
seeks the reason for their absence in the regulatory design described 
above. One limitation should be stated at the outset: the study concerns 
pre-service teachers of English and a training pathway that differs from 
the 4-year bachelor’s degree program in German teacher education. Its 
findings are treated here as an indication of what unguided presence may 
produce, not as a description of the German as a foreign language practi-
cum. 

Naming The Role and The Aim of the Chapter 
Structuring these hours requires naming what happens within them, and 
the available vocabulary is inconsistent. Three levels must be distin-
guished. The practicum is an organizational and curricular unit defined by 
duration, credits, supervision, and assessment; it says nothing about the 
activity performed within it. Classroom observation is a methodologically 
regulated activity involving observation categories and a separation be-
tween description and interpretation; it is not tied to any institutional set-
ting and can be practiced using video in a university seminar (Gaudin & 
Chaliès, 2015). Between these two levels lies the role of the person who 
is present in another teacher’s lesson. 
German educational terminology names this intermediate level. Hospita-
tion derives from the Latin hospes, guest, and defines the role through the 
status of the person present rather than through that person’s activity. Lex-
ical definitions describe the verb as staying in an institution as a guest in 
order to become familiar with its structures, procedures, and professional 
problems (Duden.de, 2018). Presence and an intention to learn are thus 
combined in the word itself, and the term has been extended to video-
based settings as virtual Hospitation (Stahl, 2023). This chapter defines 
the role through two implications arising from guest status: no responsi-
bility for conducting the lesson and no authority to evaluate it. The role is 
unnamed in a sense more consequential than the terminological one. It is 
unnamed in the regulation governing the practicum, and a condition that 
the regulation does not name is unlikely to be deliberately structured. 
The chapter is a conceptual contribution and did not collect its own em-
pirical data. Its analysis is based on the current regulation, four institutional 
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practicum documents from Turkish universities, one of which comes from 
a German teacher education department, and published research on pro-
fessional vision. The four documents were obtained on the basis of avail-
ability rather than through a sampling procedure and make no claim to 
represent the sector. “The Institutional Framework of the Practicum in 
Türkiye” examines the national and local levels of that framework. “Ob-
servation as a Knowledge-Based Process” analyzes why observation does 
not in itself lead to learning and develops noticing as a knowledge-based 
process. “Generic and Subject-Specific Professional Vision in the Lan-
guage Classroom” takes up the question of subject specificity, and “A 
Three-Axis Framework for Structured Observation” presents the pro-
posed framework. “Conditions for Implementation” addresses what its in-
troduction would require, and Limitations and Outlook sets out the limits 
of the proposal. 

The Institutional Framework of the Practicum in Türkiye 

Historical Development of the Current Framework 
The practicum has been converted into a dual-semester model. Previously, 
the Higher Education Council divided school practice into Okul deneyimi 
(school experience) and Öğretmenlik Uygulaması (teaching practice) 
(Çam Tosun, 2019; Seyhan Yücel, 2018). It abolished Okul deneyimi on 
the grounds that the course had not been implemented functionally and 
effectively and integrated its content into Öğretmenlik Uygulaması, which 
was expanded into the sequence Öğretmenlik Uygulaması 1 and Öğret-
menlik Uygulaması 2 (Yükseköğretim Kurulu, 2018). In 2020, curriculum 
authority was transferred to the Faculties of Education, which develop and 
update their programs with reference to the national qualifications frame-
work and the Ministry’s teacher competencies (Deregözü, 2020; 
Çobanoğulları, 2023). A subsequent protocol led to the 2021 regulation, 
which replaced the 2018 version (Ministry of National Education, 2021). 
In the course of this change, student observation ceased to be a credit-
bearing component. It survives only as a recommendation: the Higher Ed-
ucation Council notes that the absence of practical hours from the weekly 
schedule of certain courses does not mean that no practice takes place and 
that pre-service teachers should be encouraged to conduct observations in 
schools, classrooms, or laboratories even without receiving credit 
(Yükseköğretim Kurulu, 2018). This passage concerns courses without 
formally designated practical hours rather than the practicum course itself. 
It is also the final mention of observation in the reform volume: a recommendation 
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without an institutional body responsible for it, without credits, and without rele-
vance to assessment. 

Participants, Attendance, and Activity Plan 
The 2021 regulation identifies three participants, the pre-service teachers, 
the school-based mentor, and the university supervisor, and regulates their 
collaboration through numerical ratios. A school-based mentor may su-
pervise up to six pre-service teachers and must hold the certificate issued 
by the Ministry. The groups are formed so that no more than twelve pre-
service teachers are assigned to one university supervisor (Ministry of Na-
tional Education, 2021, Madde 4/1-n, 4/1-ğ, 4/1-o, 9/1-a, 9/1-c). The in-
ternal regulation of Nevşehir Hacı Bektaş Veli University additionally 
stipulates that no more than three pre-service teachers may be assigned to 
a single lesson (Nevşehir Hacı Bektaş Veli University, 2021, Madde 9/1-
e). The pre-service teachers teach themselves in at least eight weeks of the 
semester, while the university supervisor’s school visits are tied to these 
teaching attempts, with at least two on-site observations per semester 
(Ministry of National Education, 2021, Madde 7/2, 6/5-c). Weekly guid-
ance therefore rests with the school-based mentor, while the university 
supervisor’s presence at the school is limited to assessment visits. 
The regulation governs the pre-service teachers’ own teaching but leaves 
the content of the remaining hours to local actors through explicit delega-
tion. Under article 9/1, the university supervisor, school-based mentor, 
and pre-service teachers prepare an activity plan at the beginning of the 
semester, and under article 9/1-ğ the pre-service teachers carry out these 
activities, write a report on each of them, and submit it to the university 
supervisor (Ministry of National Education, 2021). This obligation is not 
accompanied by any thematic specification or determination of content. 

Local Implementations in Four Documents 
How this delegation is taken up can be examined through four documents 
with differing administrative scopes: the university-wide regulation of 
Nevşehir Hacı Bektaş Veli University (2021), the faculty guides of Çuku-
rova University (2021) and Bursa Uludağ University (2026), and the de-
partmental guide of the German department at Gazi University (2023), the 
only document in the corpus prepared for a German department. The cor-
pus is an availability-based selection and makes no claim to representa-
tiveness. Administratively, a directive adopted by a university senate dif-
fers fundamentally from an implementation-oriented guide. None of the 
four documents contains a language-related or foreign-language-specific 
observation category, whether for target language use, bilingual interaction, 
or language pedagogy, and this also applies to the departmental document. 
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The Nevşehir regulation provides a student observation form (Ek 5: Ders 
Gözlem Formu) with 11 open-ended guiding questions on planning, les-
son opening, objectives, methods, communication, transitions, interaction 
with learners, lesson closure, and assessment. Its weekly plan (Ek 3) as-
signs lesson planning, implementation, self-evaluation, and portfolio 
work from week 3 onward, but contains no observation slot and assigns 
no grade weighting to the form (Nevşehir Hacı Bektaş Veli University 
2021). The Çukurova guide limits student observation to week 2 of the 
activity calendar; its instrument (Ek-9, Haftalık Değerlendirme Formu) 
consists of a header and a single free-text field requiring an evaluation of 
the week’s observation in approximately 200 words, without categories 
or a guide (Çukurova Üniversitesi, 2021). 
The Bursa Uludağ University guide refers to the Clinical supervision 
model for observation and feedback techniques and mentions the five-day 
Ministry course built around it (Bulunuz& Gürsoy, 2018, as cited in Bursa 
Uludağ Üniversitesi, 2026). The assignment of school-based mentors is 
tied to the certificate. The guide provides a calendar of ten possible weeks 
from which four teaching weeks are selected, together with a self-evalua-
tion sheet after each lesson taught and a peer sheet completed by fellow 
pre-service teachers, as well as at least two visits by the university super-
visor followed by a triadic feedback session. There is no instrument for 
the systematic observation of the school-based mentor’s teaching (Bursa 
Uludağ Üniversitesi, 2026). 
The Gazi guide contains a student observation form (Form 3: Öğretmen 
Adayları İçin Öğretmenlik Uygulaması 1 dersi Gözlem Formu), which is 
completed once on the basis of the first two weeks and included in the 
portfolio, which accounts for 20% of the grade. Its 17 items are divided 
into the physical environment and the educational process and use pre-
school terminology such as öğrenme merkezleri, gelişim özellikleri, aylık 
plan, and kazanım göstergeler, together with items on individualized sup-
port plans. These terms appear alongside the definition of the practicum 
school as preschool institutions and the requirement for a kindergarten 
observation sheet in the final portfolio (Gazi Üniversitesi, 2023). 
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Table 1. Student observation provisions in the four institutional documents 
 

 
Nevşehir 
(2021) 

Çukurova 
(2021) 

Bursa Uludağ 
(2026) 

Gazi (2023) 

Document 
type 

Regulation Faculty 
guide 

Faculty guide Depart-
mental guide 

Observation 
instrument 

none Week 2 none First 2 
weeks 

Subject-spe-
cific categories 

none none none none 

The Two-Hour Weekly University Seminar 
Threee of the documents provide for a two-hour weekly session at the 
university, while the Uludağ guide does not mention one (Çukurova Ün-
iversitesi, 2021; Gazi Üniversitesi, 2023; Nevşehir Hacı Bektaş Veli Ün-
iversitesi, 2021). The national regulation is silent on this matter. The sem-
inar is therefore documented only locally, not at the national level. The 
documents relate its content directly to the practicum: in Nevşehir, two 
theoretical hours accompany the six hours at school, and the university 
supervisor reviews the development of the school week with the pre-ser-
vice teachers and discusses the problems they have identified (Nevşehir 
Hacı Bektaş Veli Üniversitesi, 2021, Madde 12/1, 12/3, 13/1-a, 13/1-d); 
in Çukurova, the pre-service teachers discuss their weekly reflections and 
self-evaluation sheets under the guidance of the university supervisor 
(Çukurova Üniversitesi, 2021); in Gazi, the sessions are organized around 
lesson planning, microteaching, classroom management, and materials 
development (Gazi Üniversitesi, 2023). None of the documents limits the 
seminar to the pre-service teachers’ own teaching, and none identifies the 
observation of others’ teaching as its object. 

Observation as a Knowledge-Based Process 
Placing pre-service teachers in classrooms does not in itself produce pro-
fessional learning. This section explains why physical presence is insuffi-
cient and develops the competence that would be required instead. 

Prior Experience as a Filter 
Pre-service teachers do not enter the classroom as blank slates. Before 
their training, they have spent thousands of hours observing teachers from 
the student perspective, an apprenticeship of observation that produces 
stable and largely unquestioned beliefs about what teaching is (Lortie, 
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1975, cited in Çelik & Kahraman, 2021). During the practicum, these be-
liefs operate as filters through which classroom events are interpreted 
(Meschede et al., 2017; Mühlum et al., 2023). Where no task structures 
their attention, pre-service teachers are more likely to notice what corre-
sponds to their own school biography and to overlook or misinterpret what 
contradicts it, so that unstructured observation confirms the models they 
bring with them rather than testing those models. 

Presence Is Not Perception 
The classroom is a fast-moving and multidimensional environment in 
which many instructional, social, and behavioral events occur simultane-
ously (Stahnke &Blömeke, 2022). Navigating this stream requires profes-
sional vision, the knowledge-based ability to notice and interpret the rel-
evant features of classroom situations. The construct originates in linguis-
tic anthropology, where Goodwin (1994) described the discursive prac-
tices through which members of a profession construct and interpret the 
objects of their professional interest, and it was taken up in teacher edu-
cation, where it is usually modeled as a two component construct: selec-
tive attention, noticing, and knowledge-based reasoning (Gaudin & 
Chaliès, 2015; Sherin & van Es, 2008; Weger, 2019). Noticing directs 
attention toward learning-relevant events; knowledge-based reasoning 
brings professional knowledge to bear in order to describe and explain 
what has been noticed and assess its consequences (Seidel & Stürmer, 
2014; Weger, 2019). 
Because noticing is knowledge-dependent, it is not a generic ability to 
look closely. It is guided by the schemas and scripts in the observer’s 
memory, and the relevant knowledge comprises content knowledge, ped-
agogical content knowledge, and general pedagogical knowledge (Shul-
mann, 1986; Steffensky et al., 2015). Steffensky et al. (2015) showed that 
professional vision of classroom management and professional vision of 
learning support are empirically separable, although positively related, 
constructs, and that pre-service teachers with a subject-specific focus in 
their training performed better on learning support, while no difference 
emerged for classroom management. Experience operates in the same di-
rection. Experienced teachers observe learners’ attention and participation 
more accurately, approach classroom management preventively, and pro-
pose concrete alternatives that support learning considerably more often 
than novices (Stahnke & Blömeke, 2022). 

No Description Without Categories 
The transition from looking to systematic description depends on the 
availability of conceptual categories that make the continuous flow of 
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classroom interaction segmentable (Manzel et al., 2024; Weger, 2019). If 
these categories are absent, reflections quickly slide from description into 
evaluation, and pre-service teachers judge a lesson as successful or unsuc-
cessful according to personal preferences (Mühlum et al., 2023). When 
pre-service teachers analyze videos without structured prompts, they often 
interpret the lessons shown as negative examples and scarcely recognize 
that they represent regular practice with constructive potential for change 
(Yeşil & Hahn-Laudenberg, 2024). The same surface orientation appears 
in the Turkish practicum, where content-related aspects are addressed 
only superficially in open reflection (Kırmızı et al., 2025). The 4 institu-
tional documents examined reinforce this tendency because none provides 
the subject-specific categories that would direct attention, and one con-
tains no student observation instrument at all. 
More practicum time does not solve this problem either. The 2018 reform 
extended the practicum into a two-semester sequence on the assumption 
that more hours in the classroom would produce more learning 
(Yükseköğretim Kurulu, 2018). Research on the learning potential of 
practica, however, calls for restraint: longer practica do not guarantee con-
tinuous competence development, and pre-service teachers without guid-
ance may just as readily adopt less adaptive routines or lose professional 
motivation (Hascher, 2012). If the duration is extended without a corre-
sponding increase in the quality of guidance, the practicum becomes a 
setting of missed learning opportunities (Hascher, 2012). 

What Structured Observation Requires 
Professional vision can nevertheless be developed as early as the initial 
phase of training if the learning environment is designed accordingly. 
Video-based settings allow teaching to be analyzed at a distance from the 
demands of ongoing events (Gaudin & Chaliès, 2015; Seidel & Stürmer, 
2014), but merely providing them achieves little. A predefined focus, that 
is, a lens through which pre-service teachers view a lesson, reduces some 
of the overload, and instructional supports that direct attention lower the 
cognitive load of video analysis (Bloomberg et al., 2013). Without theory-
based knowledge, novices cannot decode the relevant events at all, and 
pre-service teachers in early stages of training benefit more from simpli-
fied, guided video work than from demanding analytical tools (Gaudin & 
Chaliès, 2015). Repeated work with identical, structured prompts moves 
them from description to classification and prediction (Gießler, 2019), 
whereas repeated use of a video instrument without instructional guidance 
shows no effects (Seidel & Stürmer, 2014). Human guidance is therefore 
correspondingly important: discussions led by the university supervisor 
or school-based mentors help pre-service teachers link what they have 
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seen with theoretical principles (Tripp &Rich, 2012, cited in Gaudin & 
Chaliès, 2015). 

The Clinical supervision model in the Turkish context 
Türkiye already has a structured model for mediating school-based practi-
cum experiences. The Clinical supervision model was introduced to ad-
dress the low quality and frequency of practicum feedback and organizes 
the practicum as a collaborative partnership among pre-service teachers, 
the school-based mentor, and the university supervisor (Gürsoy et al., 
2016). The university supervisor coordinates the conferences and ob-
serves non-evaluatively, while the school-based mentor changes from an 
evaluator into a “model, mentor, colleague and coach” (Kiraz & Yıldırım, 
2007, p. 250, cited in Gürsoy et al., 2013). The cycle comprises 5 phases: 
pre-conference, observation and data collection, data analysis, post-con-
ference, and reflection, with the observation focus selected by the pre-
service teachers during the pre-conference and the triadic post-conference 
serving joint analysis and action planning (Bulunuz et al., 2014). School-
based mentors are prepared in a 5-day Ministry course based on a dedi-
cated practice guide (Bulunuz & Gürsoy, 2018, cited in Bursa Uludağ Ün-
iversitesi, 2026). 
The evaluations report favorable results. Gürsoy et al.(2013) found signif-
icantly higher ratings of supervisory performance in the experimental 
group, including for regular feedback and a positive atmosphere; Bulunuz 
et al. (2014) found higher performance scores in the analysis of vide-
otaped lessons; Gürsoy et al. (2016) found significantly higher satisfac-
tion with supervision among both pre-service teachers and school-based 
mentors, while 8 of 18 pre-service teachers in the control group reported 
that they had never been observed. Throughout, however, the cycle is de-
scribed exclusively with regard to lessons taught by the pre-service teach-
ers themselves. The model does not structure the systematic observation 
of the school-based mentors’ regular teaching and thus leaves the remain-
ing attendance hours without the pre-service teachers’ own teaching un-
addressed. 

Generic and subject-specific professional vision in language 
teaching 
Teaching quality has long been studied using generic frameworks that capture 
cross-subject dimensions such as classroom management, cognitive activa-
tion, and a supportive climate (Praetorius et al., 2020; Steffensky et al., 2015). 
Cross-subject research across subject didactics that uses a synthesis frame-
work with 7 quality dimensions as a basis for comparison suggests that 
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although the highest level of abstraction may be regarded as generic, the sub-
dimensions and, in particular, the observable indicators require considerable 
subject-specific adaptations; even classroom management exhibits a mean-
ingful degree of subject specificity at the indicator level (Praetorius et al., 
2020). The 2-dimensionality of professional vision reported in Observation 
as a Knowledge-Based Process points in the same direction: it is not a unitary 
ability but a competence that depends on the quality focus under considera-
tion and the knowledge base activated in the process (Steffensky et al., 2015). 

Findings from other subjects 
The domain-specific character of professional vision has been investigated in 
several subjects. In science, master’s students with a subject-specific focus 
outperformed the others in the perception of learning support, while no dif-
ference emerged for classroom management (Steffensky et al., 2015), and a 
video-based university teaching intervention improved both professional vi-
sion and self-efficacy beliefs concerning language-sensitive teaching in pri-
mary science education (Grewe et al., 2023). In mathematics, Star and Strick-
land (2008) found that pre-service teachers did not enter their methods course 
with well-developed observation skills, with the weakest initial noticing oc-
curring for features of the classroom environment and mathematical content; 
after a seminar organized around a dedicated observation framework, notic-
ing improved significantly in these areas and in teacher-student communica-
tion. In civic education, the analysis of central practices such as the quality of 
lesson openings, the facilitation of controversial discussions, and the promo-
tion of political judgment requires specialized categories (Manzel et al., 
2024), and without structured categories pre-service teachers slide from de-
scription into moral evaluation and label regular practice as a negative exam-
ple (Yeşil &Han- Laudenberg, 2024). 

Initial findings on foreign language teaching 
Research on foreign language teaching is more recent and concentrated 
on English. Uličná (2017) compared the unstructured reflections of Czech 
pre-service teachers of English with an expert analysis of the same rec-
orded lesson. The experts identified 6 subject-specific moments: a gram-
mar-related warm-up activity, the teacher’s code-switching, the teacher’s 
linguistic accuracy, the teacher’s speaking time, the inductive teaching of 
a grammatical phenomenon, and transfer to real language use. The 47 par-
ticipants commented on an average of approximately 2 of these, and their 
reflections were predominantly descriptive or evaluative and rarely linked 
what they had observed to theory. Janík et al. (2021) examined profes-
sional vision of student engagement in video-based interviews and found 
that pre-service teachers observed engagement at the behavioral, 
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cognitive, and emotional levels but verbalized it in everyday language ra-
ther than specialist terminology. Gießler (2019) examined professional vi-
sion of lexical learning and showed that open prompts leave room for sub-
jective interpretations, whereas structured, category-guided prompts di-
rect attention toward specific features of language pedagogy such as error 
correction and explanations of meaning. 

The open question for German as a foreign language 
For German, the question remains largely open. Professional vision is re-
garded as a key construct in German teacher education, but systematic, 
category-guided empirical studies are rare (Schramm & Bechtel, 2019). 
An exploratory study underscores this point: using the video-based DAF-
VideoWeb platform, Janík And Janíková (2019) analyzed the professional 
vision of 5 pre-service teachers of German and found that their comments 
were dominated by description, while explanation and prediction re-
mained rare and attention was directed much more strongly toward the 
teacher than toward the learners. Weger (2019) defines professional vision 
as the link between a teacher’s competence and action and emphasizes the 
distinctive nature of the foreign language lesson, in which the target lan-
guage is simultaneously the medium and the object of instruction. Re-
search on language-sensitive teaching points in the same direction: Stahl 
(2023) develops a university teaching format combining classroom video 
and observation supports and argues that the perception of language-sen-
sitive quality does not develop on its own but requires explicit support. 
Mühlum et al. (2023) document a staged sequence of tasks in which de-
scriptions remain as value-neutral as possible and evaluations become in-
creasingly conceptually grounded, while also noting that where tasks 
leave observation unstructured, personal beliefs about good teaching 
quickly enter the analysis. This leads to a framework that structures ob-
servation in a subject-specific way. 

A three-axis model for structured classroom observation 
The framework proposed here does not replace existing models of active 
teaching practice. It is a scaffold for the remaining practicum hours with-
out the pre-service teachers’ own teaching and interweaves 3 axes: the 
object of perception, the form of mediation, and the epistemic stance of 
the observer. 

Axis 1: Object of perception 
Axis 1 determines what pre-service teachers attend to. Without explicit 
subject-specific categories, novices are easily overwhelmed by the 
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multidimensionality of classroom interaction, and generic quality dimen-
sions do not provide what language teaching requires. Axis 1 therefore 
groups the object of perception into 5 subject-specific categories: target 
language use, lexical work, instructional language, interactional and com-
municative support, and language-learning feedback. Combining these 5 
into a coherent framework is a proposal by the authors, whereas the indi-
vidual aspects on which it draws are established in language teaching re-
search: target language use and teacher speaking time as subject-specific 
moments of the lesson (Uličná, 2017), professional vision of lexical learn-
ing (GIEßLER, 2019), observation of language-sensitive teaching and mi-
cro-scaffolding (Stahl, 2023), and the dual status of the target language as 
both the medium and the object of instruction (WEGER, 2019). What the 
categories encompass operationally and how they could be translated into 
observation items lies beyond the scope of this chapter. The central point 
here is the principle that the object of perception in language teaching 
cannot be derived from generic quality dimensions alone. 

Axis 2: Form of mediation 
Axis 2 determines how observation is supported, from unstructured pres-
ence to mediated, collaborative reflection. The continuum begins with the 
traditional guest role, in which pre-service teachers spend dozens of hours 
in the classroom without tasks or prompts. The framework replaces this 
condition with mediated observation, in which written supports direct se-
lective attention toward a limited number of events and thereby reduce 
cognitive load (Blomberg et al., 2013; Gießler, 2019); designing such sup-
ports is a task in its own right and is not developed here. Beyond individ-
ual prompts, the highest level of mediation lies in dialogic post-observa-
tion discussion, in which the observation is taken up in conversation with 
fellow pre-service teachers, school-based mentors, and the university su-
pervisor (Mühlum et al., 2023). 
This axis is designed to connect with the triadic conference structure of the 
Clinical supervision model described in Observation as a Knowledge-Based 
Process. Because its cycle is described exclusively with regard to lessons 
taught by the pre-service teachers themselves, the hours without their own 
teaching remain unaddressed, and this is precisely where the present frame-
work extends the model. Structured observation prompts as the basis for dis-
cussions in the 2-hour weekly university seminar ( Çukurova Üniversitesi, 
2021; Gazi Üniversitesi, 2023; Nevşehir Hacı Bektaş Veli Üniversitesi, 2021) 
would create a collaborative space in which the university supervisor and 
school-based mentors support pre-service teachers in linking observations 
with theory. The purpose is to transform classroom presence into a deliberate, 
goal-directed activity rather than an unguided condition. 
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Axis 3: Epistemic stance 
Axis 3 determines the analytical stance of the pre-service teachers. Without cat-
egories and analytical tasks, they slide almost immediately into evaluation and 
judge a lesson according to their own preferences rather than asking why an 
interaction took the form observed (Mühlum et al., 2023; Yeşil & Hahn- 
Laudenberg, 2024). To counteract this drift, we distinguish 3 stances. The dis-
tinction is our own; it was developed with reference to the staged typologies of 
reflection established in teacher education research, which likewise move from 
largely descriptive accounts toward reflection that weighs alternative explana-
tions and questions what is taken for granted (Hatton & Smith, 1995). Prema-
ture evaluation is not regarded here as the first stage of the progression but as 
an untrained starting state that the progression is intended to displace. 
The first stance is descriptive: the observer reconstructs what occurred, uses 
specialist terminology and the categories of axis 1, and suspends judgment 
about quality. The second is explanatory: the observer asks why an interaction 
took the form observed, and what has been noticed is linked to pedagogical 
concepts and the probable consequences for the learners. The third is inquiry-
oriented: the classroom is regarded neither as a repertoire of finished practices 
to be imitated nor as a performance to be graded, but as a place of open ques-
tions in which the observer formulates their own questions, analyzes situations 
as cases of complex educational problems, and develops reasoned alternatives. 

Progression and institutional embedding 
The 3 axes are translated into a progression of 3 stages, an imitative, an 
analytical, and an inquiry-oriented stage, situated within the 2 consecutive 
practicum courses Öğretmenlik Uygulaması 1 and Öğretmenlik Uygula-
ması 2. 
The imitative stage encompasses the first 2 weeks and corresponds to the 
introductory observation phase provided for in the departmental guides: 
the Gazi observation sheet is to be completed on the basis of the observa-
tions conducted by the pre-service teachers during their first 2 weeks 
(Gazi Üniversitesi, 2023, Form 3). All 3 axes are at their narrowest values 
here: a narrow, readily visible object of perception, a strongly guided form 
of mediation, and a strictly descriptive stance. The focus is on orientation, 
not yet on analysis. The analytical stage encompasses the following 
weeks. It fits into the institutional weekly plans, which from week 3 on-
ward require pre-service teachers to prepare a daily plan together with the 
necessary materials, carry out the planned activities, and prepare a self-
evaluation report for their portfolio (Nevşehir Hacı Bektaş Veli Üniversi-
tesi, 2021, Ek 3). The object of perception shifts toward the subject-spe-
cific categories, mediation becomes semi-structured, and the stance 
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moves from description to explanation, with the weekly seminar serving 
as the setting for joint analysis. The inquiry-oriented stage occurs in the 
second practicum course. The pre-service teachers select their own focus, 
mediation shifts from external guidance toward collaborative and largely 
self-directed forms, and the stance becomes inquiry-oriented. The direc-
tion of progression is the same across all 3 axes: from narrow to self-se-
lected objects, from strong to lighter mediation, and from description to 
question. 
Through this structuring, the framework aims to give the guest role a de-
fined cognitive task rather than adding further hours to an already dense 
practicum. Whether it succeeds remains an empirical question because the 
framework has not yet been implemented or tested. 

Conditions for implementation 

Institutional conditions 
The delegation described in “The Institutional Framework of the Practi-
cum in Türkiye” is the starting point for the framework because the regu-
lation requires the remaining hours to be planned without prescribing their 
content (Ministry of National Education, 2021, Madde 9/1-g, 9/1-ğ). The 
local situation is inconsistent. 3 of the 4 guides provide for a 2-hour 
weekly theoretical session in which developments and problems from the 
practicum school are discussed under the direction of the university su-
pervisor, and none limits this session to the pre-service teachers’ own 
teaching ( Çukurova Üniversitesi, 2021; Gazi Üniversitesi, 2023; 
Nevşehir Hacı Bektaş Veli Üniversitesi, 2021); the Uludağ guide does not 
mention such a session, although this silence concerns the document and 
not necessarily the practice it describes. What is missing is not the format 
but its object. 
The situation differs with regard to the instruments. The observation 
forms and weekly plans are not designed to support subject-specific no-
ticing, and the weeks from week 3 onward are assigned to planning, the 
pre-service teachers’ own teaching, and self-evaluation, while observation 
of others’ teaching remains unnamed (Nevşehir Hacı Bektaş Veli Üniver-
sitesi, 2021). Because these weeks are already institutionally structured, 
they could accommodate observation tasks without additional practicum 
hours. The transfer of curricular authority to the faculties in 2020 operates 
in both directions (Deregözü, 2020): it gives the faculties the latitude to 
integrate such a framework, while the absence of shared, language-spe-
cific specifications makes coordinated implementation more difficult. 
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Requirements for the participants 
The framework requires school-based mentors and university supervisors 
to shift from evaluative to developmental guidance, which is particularly 
demanding for school-based mentors who are accustomed to acting as ex-
ternal evaluators rather than as partners who make their own thinking 
about teaching visible. The Ministry’s certificate course is the established 
route for this qualification (Ministry of National Education, 2021, Madde 
4/1-ğ), and the Uludağ guide identifies it as a 5-day course based on the 
Clinical supervision model (Bursa Uludağ Üniversitesi, 2026). Because 
this model is organized around lessons taught by the pre-service teachers 
themselves, school-based mentors are not currently prepared to guide the 
systematic observation of regular teaching; an extension of the existing 
course would be required. 
The university supervisor faces separate constraints. The groups are 
formed so that no more than 12 pre-service teachers are assigned to one 
university supervisor (Ministry of National Education, 2021, Madde 4/1-
o, 9/1-a,9/1-c), often distributed across several schools, which makes reg-
ular visits and sustained dialogic feedback difficult. 

Media and technological options 
Video-based settings can mitigate some of these constraints by decoupling 
observation from physical presence, as demonstrated by the Viko_spra-
cHe corpus and the DAF-VideoWeb platform ( Janík & Janíková, 2019; 
Stahl, 2023). Recordings can be paused and viewed repeatedly, reducing 
the immediate cognitive demand. The limitations are equally clear. With-
out structured prompts and observation supports, pre-service teachers are 
overwhelmed by the density of what they see or attend only to issues of 
classroom management (Blomberg et al., 2013; Gaudin & Chaliès, 2015). 
Producing and distributing classroom recordings requires consent and 
raises data protection issues, and platforms presuppose infrastructure and 
digital competence that are not equally available everywhere. Video prep-
aration and digital tasks can support the early analytical stages (Mühlum 
et al., 2023), but they do not replace the situated experience of the class-
room and should be understood as a supplement. 

Open questions 
The framework is a conceptual proposal, and its value depends on ques-
tions that only empirical work can answer. The first concerns the object 
of perception: whether subject-specific categories of this kind are acces-
sible to pre-service teachers at this stage of training and whether they 
change what the pre-service teachers attend to. The second concerns the 
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epistemic stance: whether a progression from description through expla-
nation to question can withstand the documented drift into premature eval-
uation, and under what conditions. The third concerns feasibility: what 
such an approach would require of school-based mentors and the univer-
sity supervisor under the constraints described. The fourth concerns dura-
bility: whether anything acquired during the practicum carries over into 
the pre-service teachers’ later teaching, the question on which the educa-
tional claim of structured observation ultimately depends. 

Limitations and Outlook 

Limitations 
This proposal has 4 limitations. The first is that the framework is concep-
tual and untested, so nothing can yet be said about its effect on profes-
sional vision, its manageability for university supervisors, or its feasibility 
for school-based mentors under real conditions. The second is the narrow 
document base. The corpus was an availability-based selection of 4 doc-
uments with differing administrative scopes: 1 university-wide regulation, 
2 faculty guides, and 1 departmental guide, the latter being the only doc-
ument prepared for a German department. This selection cannot claim 
representativeness for the diverse field of German teacher education in 
Türkiye. The third is that the institutional analysis is based on written doc-
uments rather than observed practice; guides describe formal structures 
but not how the practicum is negotiated in everyday practice, where infor-
mal routines and adaptations may differ considerably from the written re-
quirements. The fourth is the narrow empirical base in German as a for-
eign language on which the subject-specific categories are based; several 
of the relevant studies use very small samples, including the exploratory 
study by JANÍK and JANÍKOVÁ (2019) with 5 participants. 

Outlook 
The framework does not require restructuring the national practicum sys-
tem. Its principal setting is the 2-hour weekly seminar that 3 of the guides 
examined already provide for and that none limits to the pre-service teach-
ers’ own teaching (Çukurova Üniversitesi, 2021; Gazi Üniversitesi, 2023; 
Nevşehir Hacı Bektaş Veli Üniversitesi, 2021). What would be added 
there is not a format but an object, namely the categories through which 
others’ teaching could be observed and discussed. The Ministry’s certifi-
cate course provides a comparable channel for the qualification of school-
based mentors (Ministry of National Education, 2021, Madde 4/1-ğ) 
which, if extended to include guidance of pre-service teachers’ perception 
during Hospitation hours, would allow them to act as facilitators of 
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observation rather than as evaluators of teaching. For research, the frame-
work provides a starting point for examining how the transition from 
premature evaluation to descriptive, explanatory, and inquiry-oriented 
stances unfolds under different forms of mediation. 
Taken together, these proposals aim to shift the emphasis of the practicum 
away from early teaching attempts alone and toward a connection between 
observation and action. The development of professional vision is not a 
passive by-product of practicum attendance but a prerequisite for peda-
gogical action. Teacher education must first ensure that pre-service teach-
ers learn to see before they are expected to learn to teach. 

Declaration on the use of artificial intelligence 
AI-based tools were used to organize the source corpus, for language ed-
iting and for support in translation. All resulting content was checked 
against the primary sources by the authors. The framework presented here 
and aşş interpretations are the authors’ own and the authors take full re-
sponsibility for the content of this chapter. 
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Motivation to Learn with GenAI:                                       
A Self-Determination Theory Perspective on               

Pre-Service German Language Teachers1 

Hamdullah Şahin 2 

Abstract 
The widespread adop%on of genera%ve ar%ficial intelligence (GenAI) offers dis%nct advantages 
for language educa%on. But its sustainable integra%on depends heavily on student mo%va%on. 
Although exis%ng literature mostly explores this dynamic in general and in English learning con-
texts, the mo%va%onal profiles of pre-service German language teachers remain largely unex-
amined. Based on self-determina%on theory (SDT), this correla%onal survey study inves%gates 
the mo%va%on of 94 pre-service German language teachers regarding GenAI use. The data was 
collected using the AI mo%va%on scale (AIMS) and analyzed through descrip%ve sta%s%cs and 
correla%on analysis. The findings demonstrated that par%cipants—who primarily u%lized tools 
like ChatGPT and Gemini—exhibited high levels of autonomous mo%va%on (intrinsic and iden%-
fied regula%on) alongside notably low levels of controlled mo%va%on (external and introjected 
regula%on) and amo%va%on. A strong nega%ve correla%on between intrinsic mo%va%on and 
amo%va%on indicates that genuine interest, rather than external pressure or regulatory factors, 
drives GenAI adop%on among teacher candidates. Consequently, the results imply that integrat-
ing GenAI into teacher training programs necessitates a hybrid model that accounts for both 
intrinsic and extrinsic mo%va%onal needs, relying on teacher guidance to support autonomous 
learning. 
Keywords: genera4ve ar4ficial intelligence, German language teaching, mo4va4on, pre-service 
teachers, self-determina4on theory 

 

Introduction 
The development and widespread adoption of generative artificial intelli-
gence (GenAI) technologies have fundamentally transformed language 
education. Through individualized, real-time feedback, personalized con-
tent generation, and flexible practice opportunities, these systems offer 
considerable potential for both learners and teachers to improve the 

 
1 An earlier and shorter version of this study was presented as a conference paper at 

the 11th International Conference on Education and Teaching (ICETL), Helsinki, 
July 2026. This chapter presents an expanded and revised version with substantial 
changes. 

2 Asst. Prof. Dr., Anadolu University, Faculty of Education, Department of Foreign 
Language Education, German Language Teaching Program, ORCID: 0000-0002-
1575-1611, hamdullahsahin@anadolu.edu.tr, Türkiye 
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quality of language education (Cordero et al., 2025). With these systems, 
learners can set their own pace, identify their own weaknesses, receive 
feedback on them more quickly than in traditional instruction, and achieve 
a more autonomous learning environment (Creely, 2024). 
However, the adoption of GenAI in education cannot be viewed exclu-
sively as a positive development. The concerns regarding GenAI-facili-
tated plagiarism have become a primary topic of debate in recent years 
(Nelson et al., 2025). Similarly, researchers have identified various risks, 
especially about students, such as developing dependency on GenAI and 
consequently losing essential cognitive skills (Creely, 2024). Other risks 
highlighted are that the systems produce hallucinations which decrease 
educational quality (Nadim & Di Fuccio, 2025), the potential transmission 
of biases and a possible digital divide resulting from unequal access to 
GenAI (Cordero et al., 2025), and broader concerns regarding social iso-
lation and data security (Aly et al., 2025).   
To address such issues and provide a high-quality educational environ-
ment, motivation has emerged as a critical factor in navigating the wide-
spread adoption of GenAI in language education (Ahmed & Sultan, 2026; 
Demirci et al., 2025). Particularly in learning environments such as lan-
guage education, where socialization and human interaction are priori-
tized, the inappropriate use of GenAI can force students into a passive role 
(Creely, 2024). This prevents them from going through the stages of sus-
tainable learning, thereby hindering the long-term retention of the learned 
material (Creely, 2024). In such cases, while students may feel they learn 
autonomously, they might actually be blinded by a false sense of achieve-
ment created by GenAI (Wang et al., 2025). When students attempt to use 
the learned language in an authentic setting or are required to engage with 
more complex academic tasks, they may suddenly confront their own 
shortcomings, lose their self-confidence, and experience a decline in mo-
tivation (Riaz et al., 2026).  
Therefore, to establish a sustainable learning environment and minimize 
the potential risks of GenAI, the structure of motivation and its relation-
ship with GenAI in language education need to be clarified. In this regard, 
Ryan and Deci’s (2000) self-determination theory (SDT) offers a robust 
theoretical framework for explaining motivation. Focusing on individu-
als’ basic psychological needs for autonomy, competence, and related-
ness, SDT examines motivation across a spectrum of intrinsic motivation, 
extrinsic motivation, and amotivation (Ryan & Deci, 2020). SDT explains 
the conditions under which each type of motivation tends to develop or 
conversely, diminish. Over the years, SDT has been widely applied to un-
derstand students’ learning motivation, and more recently, it has also been 
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used to examine how the integration of technology into education affects 
motivation (Demirci et al., 2025). 
Considering this, the primary aim of the current study is to examine the 
motivation of pre-service German language teachers regarding learning 
with GenAI technologies within the framework of SDT. Firstly, the con-
cept of motivation was explained with a central focus on SDT, and its 
connection to GenAI-supported language education was presented in light 
of relevant studies in the present study. Then, the empirical section re-
ported the results of the AI motivation scale administered to 94 pre-ser-
vice German language teachers to assess their motivation to learn with 
GenAI. Descriptive statistics and correlation analysis were used to ana-
lyze the scale responses, and the results were discussed in relation to both 
SDT and GenAI-supported language education. Finally, drawing on the 
theoretical background and the empirical findings, this study offered rec-
ommendations for the effective use of GenAI and how to strengthen stu-
dent motivation regarding its use in German language teaching and learning.  

Definitions of Motivation and Self-Determination Theory 
Motivation is generally defined as a complex construct encompassing 
cognitive, emotional, and social dimensions (Lukianenko, 2025). It is the 
driving force behind people’s willingness to act and devote time to a given 
subject or activity, and also sustains individuals’ engagement with that 
activity over the course of their lives (Espinar Redonda & Ortega Martin, 
2015). It is also described as a multilayered construct containing intrinsic 
and extrinsic motivators, self-efficacy, self-regulation, and the learning 
environment (Moybeka et al., 2023).     
For consistent and sustainable learning to occur, students must first have 
the desire to learn. Therefore, motivation is acknowledged to be an inte-
gral part of a successful and effective learning process (Fan et al., 2024). 
To illustrate, motivation directly influences students’ academic achieve-
ment and persistence in learning, their desire to reach learning goals, and 
their resilience in overcoming obstacles encountered during this process 
(Chiu et al., 2024). It is also widely known that highly motivated students 
engage more actively in the learning process, both behaviorally and cog-
nitively and thus, they internalize this process to a greater extent, which 
makes learning more enduring (Li et al., 2026). In line with this, motiva-
tion promotes students’ independent learning and self-regulation skills. 
Consequently, through the development of autonomous learning skills, 
students can acquire lifelong learning habits (Fan et al., 2024).  
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When all these aspects of motivation are considered in the context of lan-
guage education, it appears that motivation is the underlying force driving 
students to learn a new language and to acquire proficiency in that lan-
guage (Lukianenko, 2025). Students need motivation to achieve their lin-
guistic goals, maintain their overall interest in the language, dedicate time 
to necessary assignments and practice, and cognitively prepare them-
selves for this process (Espinar Redonda & Ortega Martin, 2015). Funda-
mentally, language education involves learning about a different culture, 
a new country, and interacting with its people. Using the language cor-
rectly, achieving these learning goals, and internalizing the process, in 
turn, positively affect motivation (Wang et al., 2025). 
Concerning the theoretical perspectives of motivation, Gardner and Lam-
bert (1972) distinguish between integrative and instrumental motivation 
in their framework of second language acquisition. They define integra-
tive motivation as a language learner’s emotional affinity for the target 
language, their desire to become part of the culture where it is spoken, 
their appreciation for its people and values, or their desire to live, work, 
or form relationships within that community. Instrumental motivation, on 
the other hand, describes learners acquiring the language not for their per-
sonal interest, but for academic success, self-improvement, or general ne-
cessity.  
Gardner and Lambert’s (1972) framework was further expanded by Dö-
rnyei (1994). Dörnyei (1994) groups Gardner and Lambert’s integrative 
and instrumental motivation under another sub-dimension called the lan-
guage level. Accordingly, there are two other important sub-dimensions 
for motivation in foreign language teaching: the learner level and the 
learning situation level. Among these sub-dimensions, the learner level 
encompasses personal characteristics and cognitive processes such as the 
individual’s need for achievement, self-confidence, anxiety level, and be-
liefs about their own abilities. The learning situation level, however, is 
directly related to factors such as the classroom environment, curriculum 
and materials, teachers’ approaches and feedback as well as the overall 
cohesion, commitment, and goals of the class.   
A more comprehensive and generalized form of these motivation theories 
in foreign language learning can be found in Ryan and Deci’s (2000) SDT. 
Further developed by Ryan and Deci over the years and now widely ac-
cepted in the academic world, this theory holds that every individual has 
three basic psychological needs that must be met for natural development, 
success, and intrinsic motivation to occur: autonomy, competence, and re-
latedness (Ryan & Deci, 2000). Autonomy refers to individuals’ ability to 
initiate their own actions, make their own choices, and maintain control 
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over their behavior (Ryan & Deci, 2000). In the context of education, this 
includes students making their own decisions and ensuring their behavior 
aligns with their own interests and values (Chiu et al., 2024). Competence 
is an individual’s sense of succeeding at a task and making effective pro-
gress (Ryan & Deci, 2000). It can also be defined as possessing the 
knowledge and skills needed to carry out a complex task successfully (Shi 
& Zhang, 2025). The final need, relatedness, concerns being connected 
with other students and teachers during the learning process and feeling 
like part of a social structure (Ryan & Deci, 2000). 
SDT posits that in situations where these three needs are supported, moti-
vation would become more internalized and enduring, thereby making it 
more likely that educational goals would be achieved. Nevertheless, ac-
cording to Ryan and Deci (2000), not all types of motivation are equal. 
From an educational perspective, the type of motivation a person has can 
be more important than how much they are motivated. While Ryan and 
Deci (2020) categorize motivation into three main types — intrinsic mo-
tivation, extrinsic motivation, and amotivation, they also explain their 
sub-dimensions and meanings within the SDT taxonomy (see Figure 1).  
 

Figure 1: SDT Taxonomy by Ryan and Deci (2020) 
 

 
 
According to this taxonomy, learning motivation progresses along a con-
tinuum from amotivation to intrinsic motivation. Amotivation describes 
the complete absence of motivation — a lack of intention or willingness 
on the individual’s part to act at all while extrinsic motivation refers to 
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performing an action for an instrumental purpose or a reward (Ryan & 
Deci, 2020). This type of motivation is further divided into four subcate-
gories based on its level of internalization and its proximity to intrinsic 
motivation. The first of these, external regulation, is the most controlled 
type of motivation. In this state, the individual performs the action entirely 
to obtain external rewards or to avoid punishment. Introjection, another 
controlled type of motivation, is somewhat more internalized than the pre-
vious level: the individual acts to avoid guilt, anxiety, or shame, or to gain 
social approval. At the next level, identification, the individual acknowl-
edges the value and importance of the action itself. At the final level, in-
tegration, this acknowledgment transforms into a complete assimilation 
of these values, bringing them into alignment with the individual’s own 
identity. When an individual performs an action free of any external pres-
sure — purely for their own enjoyment, interest, and personal satisfaction 
— this is intrinsic motivation, the most autonomous form of motivation. 
This SDT taxonomy by Ryan and Deci (2020) shows that an individual’s 
success, willingness to engage, sustained commitment to an action, and 
long-term retention of what is learned are all directly related to how close 
their motivation lies to intrinsic motivation. 

The Relationship Between Motivation and Learning                         
with GenAI 
Within the SDT framework, it can be maintained that sustainable aca-
demic success heavily relies on autonomous motivation. Therefore, it may 
be necessary to examine how emerging educational technologies, espe-
cially GenAI, a major breakthrough of recent years, relate to and influence 
learners’ motivation. In fact, due to the inherent nature of GenAI technol-
ogies, there is a significant relationship between their use for high-quality, 
sustainable language education and motivation (Moybeka et al., 2023). 
Rather than a momentary effort, language learning requires sustained en-
gagement, practice, and persistence from individuals—in other words, 
motivation (Ma & Chen, 2025). Therefore, integrating GenAI into lan-
guage education is considered to be critical for sustaining that motivation. 
Viewed through the lens of SDT, GenAI-supported language education 
can meet three basic psychological needs that Ryan and Deci (2000) iden-
tify as indispensable for intrinsic motivation and arguably goes beyond 
them (Demirci et al., 2025). 
For example, GenAI-supported language education directly addresses au-
tonomy, one of these basic needs. When learning with GenAI, individuals 
can set their own pace, customize their learning, access personalized con-
tent, and study independently (Ma & Chen, 2025). However, SDT does 
not associate autonomy simply with working alone. According to Ryan 
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and Deci (2000), individuals must take ownership of and internalize the 
learning process as they make their own choices and learn freely. During 
this process, students must embrace GenAI as a learning partner and also 
be trained in AI literacy to eliminate risks such as potential technological 
dependency, the erosion of critical thinking skills, and the uncritical ac-
ceptance of inaccurate information generated by GenAI (Gulich & 
Chetveryk, 2025).   
In terms of competence, GenAI’s personalized feedback and error-correc-
tion functions can help language learners overcome their most common 
challenges in areas such as vocabulary, grammar, and pronunciation (Ma 
& Chen, 2025). Through learning from their mistakes in this way, students 
can gain a sense of competence in improving and learning the language 
(Moybeka et al., 2023), which in turn, enhances their levels of self-effi-
cacy and intrinsic motivation. 
Since GenAI systems create a neutral learning environment free of social 
judgment and emotional bias, they can help some students overcome lan-
guage anxiety and the fear of being negatively evaluated for their mistakes 
(Gulich & Chetveryk, 2025). As a result, students can become less afraid 
to make mistakes and gain confidence in using the foreign language ef-
fectively. To prevent student social isolation, utilizing GenAI at this stage 
as a safe practice space—where concepts learned in class are put into prac-
tice — will most likely increase the classroom relatedness levels of stu-
dents who have built self-confidence in such a safe environment (Ahmed 
et al., 2025).  
The research on the relationship between motivation and GenAI shows in 
general that motivation plays a key role in the acceptance and effective 
use of GenAI in education (Wang et al., 2025). For instance, there is a 
direct relationship between the adoption and educational use of GenAI 
technologies, and increased intrinsic motivation (Ahmed & Sultan, 2026). 
Given the critical importance of this technology in education, the signifi-
cance of motivation for this acceptance becomes evident. 
There is also a substantial increase in the research specifically focusing 
on motivation and GenAI in the context of general education and foreign 
language learning. For instance, in an experimental study conducted with 
60 EFL learners at the university level in China, Wei (2023) demonstrated 
that groups learning with GenAI support exhibited a significant increase 
in their second language motivation, academic achievement, and self-reg-
ulation strategies compared to groups learning through traditional meth-
ods. It was also found that the personalized learning opportunities and im-
mediate feedback provided by GenAI attracted students’ interest and 
strengthened their intrinsic motivation.  
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Similarly, in their study involving 49 pre-service English teachers in Po-
land, Kruk and Kałużna (2024) found that GenAI increased students’ mo-
tivation and curiosity. GenAI, however, caused demotivation among some 
students. For example, since GenAI performs tasks so easily, it may re-
duce students’ own engagement with those tasks and, for some students, 
create problems such as dependency on GenAI (Kruk & Kałużna, 2024). 
Within the context of SDT and GenAI applications, Zhai and Nezakatgoo 
(2025), in a study involving 310 university students in China, demon-
strated that using GenAI in English language teaching led to a substantial 
increase in students’ intrinsic and autonomous motivation. According to 
their findings, while students enjoyed working with GenAI, this process 
increased their confidence in using the foreign language, decreased lan-
guage anxiety, improved their language skills, and enhanced their cultural 
awareness of the target language (Zhai & Nezakatgoo, 2025).   
In another study focusing on the use of GenAI and SDT in language teach-
ing, Ma and Chen (2025) found in their research with 150 Chinese EFL 
university students that teacher scaffolding was of critical importance for 
the appropriate use of GenAI in language education. The results of this 
study revealed the experimental group that combined teacher support with 
GenAI managed to sustain their motivation longer than the group using 
GenAI alone (Ma & Chen, 2025). 
In a scale-development study conducted in Türkiye, Demirci et al. (2025) 
investigated the motivation of university students learning English with 
GenAI within the framework of SDT’s three basic factors — autonomy, 
competence, and relatedness. This study, which also established a valid 
and reliable instrument, found a strong correlation between students’ level 
of GenAI adoption and their motivation (Demirci et al., 2025).  
Expanding on the relationship between GenAI use and motivation, Zhen 
(2025) examined the role of teacher support alongside students’ autono-
mous language-learning skills. That study demonstrated that while AI 
technology is a powerful catalyst for autonomy and competence, it cannot 
replace the human element in education. Hence, teacher support remained 
essential to satisfy students’ psychological needs and ensure that AI tech-
nology effectively boosts internal motivation (Zhen, 2025). 
Focusing specifically on technological acceptance, Wang et al. (2025) in-
vestigated the effects of Chinese EFL students’ acceptance of GenAI on 
their motivation. Their study revealed that autonomous motivation, spe-
cifically the sub-dimensions of self-efficacy and self-satisfaction, served 
as a key mediator. Consequently, it was emphasized that proving techno-
logical acceptance alone is insufficient and must fulfill learners’ internal 
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psychological needs to generate meaningful, persistent learning behavior 
(Wang et al., 2025). 
Grounded in SDT, Shi and Zhang (2025) explored to what extend aca-
demic self-efficacy and resilience predict the learning motivation of Chi-
nese university EFL students within AI-assisted educational environ-
ments. They found that the adaptive scaffolding, personalized feedback, 
and real-time analytics provided by AI tools fulfill learners’ psychological 
need for competence, while psychological resilience supplies the stamina 
required to overcome technical problems and maintain long-term autono-
mous learning motivation. 
Finally, Shi and Derakhshan (2026) analyzed the progress of GenAI use 
in language teaching from an SDT perspective over the course of a long 
teaching process. Their study revealed that the students’ levels of auton-
omy, competence, and relatedness developed significantly over time due 
to AI integration. Their findings indicated that sustained interaction with 
adaptive AI technologies progressively satisfies learners’ core psycholog-
ical needs and systematically fosters long-term autonomous motivation 
throughout an instructional program. 
While the existing literature provides valuable insights into the relation-
ship between GenAI and motivation within the SDT framework, the ma-
jority of these studies have focused on EFL contexts. However, the moti-
vation of pre-service teachers of German language — a population whose 
future professional role depends heavily on the long-term language profi-
ciency — has not yet been fully examined within an SDT framework. 
Therefore, understanding the unique motivational profiles of pre-service 
German language teachers can provide insights into their learning situa-
tion as their professional context and linguistic needs may differ signifi-
cantly from those of EFL learners. 
Then, the present study aimed to answer the following research questions: 

1. What are the pre-service German language teachers’ motivation 
levels (intrinsic motivation, identified regulation, introjected reg-
ulation, external regulation, and amotivation) regarding the use 
of GenAI tools? 

2. Is there a relationship among autonomous motivation (intrinsic 
and identified), controlled motivation (introjected and external) 
and amotivation in the context of GenAI use by pre-service Ger-
man language teachers? 
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Methodology 

Research Design 
To examine pre-service German language teachers’ motivation toward 
GenAI technologies through the lens of SDT and to reveal the relationships 
among these types of motivation, this study employed a correlational survey 
design, one of the quantitative research methods. Survey design is a type of 
quantitative research that uses a scale to identify the attitudes, opinions, be-
haviors, or characteristics of a general population regarding a given topic or 
trend, through the sample to which the scale is administered (Creswell, 2012). 
Correlational survey design is used to draw inferences relevant to the research 
questions by investigating the relationships among variables within the sur-
vey (Fraenkel et al., 2011). Since this study used a pre-existing scale without 
modifying any of its items, this design was employed to examine the correla-
tion among the sample’s responses regarding the sub-dimensions of SDT 
(amotivation, extrinsic motivation, and intrinsic motivation).  
Participants and Research Context 
The participants of this study consisted of 94 students enrolled in the German 
Language Teaching Department at a state university in Türkiye. Of these stu-
dents, 35 were male, 58 were female, and 1 preferred not to state their gender. 
The age range distributed mostly between 20 and 22 years old, with a mean 
age of around 21. There was one notable outlier at 48, which showed a mature 
or returning student in this cohort (see Figure 2). Regarding the year of study, 
first-year students formed the largest group with 33 participants, followed by 
second-year students, fourth-year students, and third-year students (see Table 1).  
 

Figure 2: Age Range of the Sample 

 



Motivation to Learn with GenAI 
 

 121 

 
Table 1: Study Year of German Language Teaching Students 

             Year of study f % 
 First-year student 33 35.1 

Second-year student 25 26.6 
Third-year student 15 16.0 
Fourth-year student 21 22.3 
Total 94 100 

 
Since the aim of this study was to gather data specifically from students 
in the German Language Teaching Department, only students from this 
department were selected, meaning that purposive sampling was em-
ployed (Patton, 2002).  

Instrument and Data Collection 
To collect the data, the AI Motivation Scale (AIMS) was utilized. This 
measurement tool was originally developed and validated by Li et al. 
(2025) with a large sample of over 1,000 university students in China (N 
= 1052). The scale has a 7-point Likert scale (1 = strongly disagree to 7 = 
strongly agree) consisting of 20 items distributed across five subscales. 
Each subscale comprises four items developed in accordance with the 
SDT taxonomy to measure intrinsic motivation, identified regulation, in-
trojected regulation, external regulation, and amotivation. Sample items 
from the scale include: ‘I enjoy learning with AI very much’ (intrinsic 
motivation), ‘Learning with AI could enhance my effectiveness’ (identi-
fied regulation), and ‘Learning with AI is meaningless’ (amotivation). 
The scale was administered in its original English form without any mod-
ifications. It was distributed and collected face-to-face in the classroom 
setting, in strict adherence to the principle of voluntary participation. The 
only additions to the survey were the questions regarding demographic 
information and a single open-ended question asking students to specify 
which GenAI tools they used (see Table 2). Notably, 75 out of 94 students 
— nearly 80% — reported using more than one tool. Only two students 
reported using no AI tool at all.  
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Table 2: Students’ AI Tools Usage (N = 94) 
Rank AI Tool n %  
1 ChatGPT 84 89.4 
2 Gemini 77 81.9 
3 NotebookLM 6 6.4 
4 DeepSeek 5 5.3 
4 DeepL 5 5.3 
6 Grok 4 4.3 
7 Copilot 3 3.2 
8 ElevenLabs 2 2.1 
8 Claude 2 2.1 
8 None 2 2.1 
11 Perplexity 1 1.1 
11 Higgsfield 1 1.1 
11 Banana Pro 1 1.1 
11 Grammarly 1 1.1 
11 Transkriptor 1 1.1 
11 Gamma 1 1.1 

 
Cronbach’s alpha reliability coefficients were also calculated based on the 
data obtained from the current sample. Four of the five subscales demon-
strated good to excellent internal consistency. Intrinsic motivation yielded 
a Cronbach’s alpha of .929, identified regulation at .849, amotivation at 
.896, and external regulation at .799. The only subscale worth noting was 
introjected regulation at .677, which fell slightly below the conventional 
.70 threshold. However, since this is a 4-item scale, values in this range 
are considered acceptable for short subscales (Pallant, 2020). 

Data Analysis 
The data gathered were analyzed using the SPSS version 26. Descriptive 
statistics were computed to determine participants’ levels of motivation 
toward learning with GenAI tools and to identify which SDT dimensions 
were relatively higher or lower. In this step, the mean and standard devi-
ation values for each SDT subscale — intrinsic motivation, identified reg-
ulation, introjected regulation, external regulation, and amotivation — 
were calculated to reveal students’ levels of motivation across these 
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dimensions. Correlation analysis was then applied to determine the direc-
tion and strength of the relationships among these five motivational sub-
scales of SDT. 

Findings 
This section presents the descriptive statistics and correlation analysis 
conducted on the data collected from 94 pre-service German language 
teachers through the AIMS. 

Descriptive Statistics 
To determine the motivation levels of pre-service German language teach-
ers regarding GenAI use within the SDT framework, descriptive statistics 
were calculated. The values are presented in Table 3.  
 

Table 3: Motivation Profile of Pre-Service German Teachers (N = 94) 
Descriptive Statistics M SD 
Intrinsic motivation 4.56 1.55 
Identified regulation 4.44 1.44 
Introjected regulation 1.90 .94 
External regulation 1.97 1.14 
Amotivation 2.51 1.50 

 
The examination of the descriptive statistics revealed a meaningful pat-
tern. Specifically, intrinsic motivation scored the highest at 4.57, and iden-
tified regulation followed closely at 4.45 — both above the midpoint of 
the scale, suggesting genuine positive engagement with AI learning. At 
the other end of the spectrum, introjected regulation was recorded at just 
1.91, and external regulation at 1.98 — both well below the midpoint — 
while amotivation stood at 2.51. This indicated that pre-service German 
language teachers engaged with generative AI primarily because they 
found it interesting and recognized its value for their future, rather than 
because they felt pressured, guilty, or obligated to do so. 
When an item-by-item basis was considered, certain items stood out 
prominently, either positively or negatively, both across the overall scale 
and within their respective subscales (see Appendix). For example, the 
highest-scoring item in the entire scale was Item 1 (‘I enjoy learning with 
AI very much’) with a mean of 4.86, while Item 5 (‘Learning with AI 
could enhance my effectiveness’) scored 4.84. These two items—one in-
trinsic and one identified—were essentially tied at the top. On the other 
end, the lowest-scoring item was Item 15 (‘I will get in trouble if I don’t 
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learn with AI’) at just 1.56. This is an external regulation item concerning 
the fear of consequences, indicating a notable absence of such pressure 
among pre-service teachers. Aside from these, the item with the lowest 
mean score for introjected regulation was identified as Item 9 (‘I will feel 
guilty if I don’t learn with AI’) at 1.77, and for amotivation, Item 20 
(‘Learning with AI is a waste of my time’) at 2.16.  
These results demonstrated consistency across both the subscale and item 
levels: interest and perceived value are driving AI engagement, not exter-
nal pressure or guilt. Furthermore, students generally adopted GenAI in 
education and acknowledged that learning with AI was, on the whole, 
meaningful.  

Correlation Analysis 
Within the scope of this research study, a correlation analysis was also 
conducted to determine the direction and strength of the relationships 
among the motivational sub-dimensions of SDT. The statistical findings 
obtained from this analysis are summarized in Table 4.  
 

Table 4: Correlations Among the Motivation Types (N = 94) 
 Identified 

regula-
tion 

Introjected 
regulation 

External 
regulation 

Amotivation 

Intrinsic motiva-
tion  .782** .093 .209* -.705** 

Identified regula-
tion  .069 .259* -.660** 

Introjected regu-
lation   .539** -.021 

External regula-
tion    -.301** 

* p < 0.05   
** p < 0.01 
 
Table 4 displayed several significant relationships. First, intrinsic motiva-
tion and identified regulation correlated at .782, indicating a strong posi-
tive relationship. This means that students who enjoy learning with AI 
tend to find it personally valuable, showing that these two autonomous 
motivation types are closely linked. 
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Second, intrinsic motivation and amotivation correlated at -.705, repre-
senting a strong negative relationship. The more a student is genuinely 
interested in learning with AI, the less amotivated they tend to be, indi-
cating that interest and disengagement do not coexist. 
On the controlled motivation side, introjected and external regulation cor-
related at .539, reflecting a moderate positive relationship. This shows that 
students who feel guilty about not using AI also tend to feel externally 
pressured, indicating that these two controlled motivation types are related 
to one another. Notably, introjected regulation and amotivation showed 
essentially no relationship (r = -.021); that is, this non-significant correla-
tion revealed that feeling guilty about AI use does not relate to a lack of 
intentionality.  

Discussion 
The aim of this study was to examine pre-service German language teach-
ers’ motivation for using GenAI in education within the framework of 
SDT. To this end, Li et al.’s (2025) AIMS was administered to collect data 
from German language teacher candidates. The findings revealed that pre-
service teachers’ levels of autonomous motivation (intrinsic motivation 
and identified regulation) were quite high whereas their levels of con-
trolled motivation (introjected and external regulation) and amotivation 
were low. This general tendency indicated that GenAI was largely ac-
cepted by students as an educational tool without external pressure, and 
that using this tool met individuals’ psychological needs. These findings 
are also consistent with the original AIMS validation study by Li et al. 
(2025). In their sample of over 1,000 Chinese university students, auton-
omous motivation types were also more prominent than controlled types 
(Li et al., 2025).  
The strong relationship between intrinsic motivation and identified regu-
lation showed that pre-service German language teachers who genuinely 
enjoy using AI recognize its practical value for their future classrooms, 
which implies that enjoyment and utility are not distinct motivators but 
rather reinforce each other. These findings align with those of Demirci et 
al. (2025) and Zhen (2025), who found high levels of autonomous moti-
vation among students who adopted GenAI. The results of this study also 
showed that students used multiple GenAI tools simultaneously, which 
serves as an indicator of GenAI’s acceptance among students. Similarly, 
Zhai and Nezakatgoo (2025) found that students who used GenAI for lan-
guage learning with high motivation showed reduced language anxiety 
and improved language skills. Given that pre-service German language 
teachers’ target language was German and that they would use this 
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language throughout their professional careers, they would require a more 
enduring type of motivation — one that, according to Ryan and Deci 
(2000), corresponds to intrinsic motivation and identified regulation. 
Since the results of this study revealed the higher means in intrinsic moti-
vation and identified regulation, it can be inferred that there is a positive 
support of GenAI on language education.  
GenAI offers features such as personalized and immediate feedback, in-
dividualized and goal-oriented learning, and the ability to set one’s own 
pace, all of which support autonomous learning. Within the framework of 
SDT, these features provide advantages for students’ autonomy and com-
petence needs (Ma & Chen, 2025; Moybeka et al., 2023). For students to 
fully benefit from these advantages, further efforts are needed to increase 
their rates of GenAI acceptance (Ahmed & Sultan, 2026). For instance, to 
maintain students’ interest, activities can be designed that are more en-
gaging and action-oriented, and that prevent students from simply copy-
ing and pasting responses generated by GenAI in place of completing the 
assigned task themselves. Such activities would also reduce the risk of 
demotivation as highlighted by Kruk and Kałużna (2024). In addition, stu-
dents can be encouraged to use GenAI as a kind of safe space for language 
learning. According to Ahmed et al. (2025), this allows students to learn 
from their mistakes and, through the confidence they gain, to develop a 
stronger sense of relatedness. Designing and offering suitable activities 
and strategies for that is acknowledged to be the responsibility of teachers 
(Ma & Chen, 2025). 
On the contrary, the controlled motivation dimensions (introjected and 
external regulation) were found to be quite low in this study, and a positive 
correlation was found between them. The moderate correlation between 
external and introjected regulation signals that when academic require-
ments force students toward AI use, they tend to activate internal feelings 
of pressure or guilt. That is, these external and internal pressure mecha-
nisms are intertwined. These results align with the findings of Li et al. 
(2025), as well. Nevertheless, controlled motivation types played a sec-
ondary role for students who already adopted GenAI in this study. As 
these technologies are further integrated into educational systems, this 
role is likely to diminish even more (Wei, 2023). 
One of this study’s key findings is the strong negative relationship be-
tween amotivation and intrinsic motivation. This shows that students who 
adopted GenAI and used it for educational purposes also found this use 
inherently meaningful. As Shi and Zhang (2025) similarly emphasize in 
their research, this positive form of motivation is likely to enhance stu-
dents’ levels of self-efficacy and resilience. However, in this context, it 
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can be inferred that quality of motivation matters, not just the quantity. 
The strong negative relationship between intrinsic motivation and amoti-
vation indicated that cultivating genuine interest — not merely mandating 
AI use — is what keeps disengagement at minimum. Proper educational 
processes, training on AI literacy, and the aforementioned interactive ac-
tivities might further improve students’ motivational perceptions within 
the SDT framework over time (Shi & Derakhshan, 2026).  
Finally, the type of motivation students hold should also be measured and 
monitored on an ongoing basis. For this purpose, in addition to the scale 
developed by Li et al. (2025), the scale developed by Demirci et al. (2025) 
can also be utilized. By focusing on different dimensions of SDT, both 
scales attempt to measure students’ psychological needs as well as their 
motivation types. In this way, any shortcomings in achieving a sustained 
and lasting language education can be identified, and targeted solutions 
for these gaps can be developed over time. Although GenAI currently 
plays a critical role in education, as Ma and Chen (2025) emphasize in 
their study, teacher guidance is indispensable for both instruction and mo-
tivation. Intrinsic motivation can only be maintained robustly under the 
guidance and direction of teachers. Furthermore, relatedness, one of the 
three core needs of SDT, inherently encompasses the social relationship 
established with the teacher (Ryan & Deci, 2000). For this reason, using 
GenAI in language education calls for a hybrid model — one that does 
not marginalize the teacher in the educational process but instead brings 
with it a fundamental transformation in teacher roles. 

Conclusion 
This study examined the motivation of pre-service German language 
teachers regarding the use of GenAI technologies for educational pur-
poses within the framework of SDT. The research results revealed that 
pre-service teachers generally used these technologies with high intrinsic 
motivation — without any external pressure, obligation, grade anxiety, or 
guilt — by recognizing their advantages, internalizing their value, and 
genuinely enjoying the process. 
In light of these findings, it can be argued that the right type of motivation 
plays a significant role in ensuring sustained and lasting engagement with 
GenAI in education. To cultivate this type of motivation, teachers must 
adapt to their new roles within the changing educational landscape. It is 
apparent that learning solely through GenAI is insufficient. To achieve 
lasting educational outcomes, particularly in human-centric disciplines 
like language teaching, the teacher’s role may be more vital than ever be-
fore. Furthermore, teacher education curricula should not only focus on 
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the mechanics of GenAI usage; rather, they should support pedagogical 
shifts designed to strengthen autonomous motivation. Therefore, students, 
teachers, and faculties must work collaboratively to ensure the quality of 
this mode of education, developing policies directed toward AI literacy, 
human-AI collaboration, and action-oriented GenAI applications in teach-
ing to sustain higher motivation levels in different dimensions.  
In conclusion, it should be note that this study had some limitations. First, 
it was a quantitative study conducted with a limited sample size. Future 
studies supplementing these quantitative data with qualitative interviews 
could provide deeper insights, shifting the focus from ‘to what extent’ 
students exhibit this type of motivation to ‘why’ they experience it. Sim-
ilarly, future research could examine how in-service German language 
teachers—rather than just pre-service teachers—utilize GenAI in their in-
struction, for what purposes, and how this impacts motivation within the 
SDT framework. 

Declaration on the use of artificial intelligence 
The author acknowledges the use of DeepL and Gemini but only for 
checking grammatical accuracy and clarity. All the content of this paper 
represents the original work of the authors. 

References 
Ahmed, I., Ghafoor, A., Liliuara, D., & Akyuningrum, V. Q. (2025). The impact of 

AI learning tools on ESL learners’ motivation and success: A systematic litera-
ture review. English Learning Innovation (englie), 6(1), 134–142. 
https://doi.org/10.22219/englie.v6i1.38961 

Ahmed, A., & Sultan, A. (2026). Examining the impact of generative AI on student 
motivation and engagement: The mediating role of autonomy-support and auton-
omous motivation in education. Frontiers in Psychology, 17, 1852265. 
https://doi.org/10.3389/fpsyg.2026.1852265 

Aly, A. H., Setiadi, S., & Zuriyati, Z. (2025). Exploring AI’s ethical impact on 
teacher-student dynamics in English language learning. Journal La Edusci, 6(1), 
1–16. https://doi.org/10.37899/journallaedusci.v6i1.1703 

Chiu, T. K. F., Moorhouse, B. L., Chai, C. S., & Ismailov, M. (2024). Teacher sup-
port and student motivation to learn with Artificial Intelligence (AI) based chat-
bot. Interactive Learning Environments, 32(7), 3240–3256. 
https://doi.org/10.1080/10494820.2023.2172044 

Cordero, J., Torres-Zambrano, J., & Cordero-Castillo, A. (2024). Integration of gen-
erative artificial intelligence in higher education: Best practices. Education Sci-
ences, 15(1), 32. https://doi.org/10.3390/educsci15010032 

https://www.google.com/search?q=https://doi.org/10.22219/englie.v6i1.38961&utm_source=gemini
https://doi.org/10.3389/fpsyg.2026.1852265
https://doi.org/10.37899/journallaedusci.v6i1.1703
https://doi.org/10.1080/10494820.2023.2172044?utm_source=gemini
https://doi.org/10.3390/educsci15010032


Motivation to Learn with GenAI 
 

 129 

Creely, E. (2024). Exploring the role of generative AI in enhancing language learn-
ing: Opportunities and challenges. International Journal of Changes in Educa-
tion, 1(3), 158–167. https://doi.org/10.47852/bonviewIJCE42022495 

Creswell, J. W. (2012). Educational research: Planning, conducting, and evaluating 
quantitative and qualitative research. United States of America: Pearson Educa-
tion. 

Demirci, H., Kara, M., & Korkmaz, Ö. (2026). Measuring motivation for generative 
AI-based language learning: Scale development and validation based on the self-
determination theory. International Journal of Applied Linguistics, 36, 1425–
1436. https://doi.org/10.1111/ijal.12868 

Dörnyei, Z. (1994). Motivation and motivating in the foreign language classroom. 
The Modern Language Journal, 78(3), 273–284. 

Espinar Redondo, R., & Ortega Martín, J. L. (2015). Motivation: The road to suc-
cessful learning. PROFILE Issues in Teachers’ Professional Development, 
17(2), 125–136. http://dx.doi.org/10.15446/profile.v17n2.50563 

Fan, Y., Tang, L., Le, H., Shen, K., Tan, S., Zhao, Y., Shen, Y., Li, X., & Gašević, 
D. (2025). Beware of metacognitive laziness: Effects of generative artificial in-
telligence on learning motivation, processes, and performance. British Journal of 
Educational Technology, 56, 489–530. https://doi.org/10.1111/bjet.13544 

Fraenkel, J. R. et al. (2016). How to design and evaluate research in education. New 
York: McGraw-Hill. 

Gardner, R. C., & Lambert, W. E. (1972). Attitudes and motivation in second-lan-
guage learning. Newbury House Publishers. 

Gulich, O., & Chetveryk, V. (2025). Generative artificial intelligence as a tool for 
psychological and motivational support in foreign language learning. Educa-
tional Challenges, 30(2), 248–261. https://doi.org/10.34142/2709-
7986.2025.30.2.19 

Kruk, M., & Kałużna, A. (2025). Investigating the role of AI tools in enhancing 
translation skills, emotional experiences, and motivation in L2 learning. Euro-
pean Journal of Education, 60, Madde e12859. 
https://doi.org/10.1111/ejed.12859 

Li, J., King, R. B., Chai, C. S., Lee, V. W. Y., & Li, R. (2026). AI and student moti-
vation: A scoping review. Journal of Research on Technology in Education. Ad-
vance online publication. https://doi.org/10.1080/15391523.2026.2672515 

Li, J., King, R. B., Chai, C. S., Zhai, X., & Lee, V. W. Y. (2025). The AI Motivation 
Scale (AIMS): A self-determination theory perspective. Journal of Research on 
Technology in Education. Advance online publication. 
https://doi.org/10.1080/15391523.2025.2478424 

Lukianenko, N. (2025). Motivational pathways in language learning: Psychological 
perspective. Вісник ХНАДУ, 108, 318–324. https://doi.org/10.30977/BUL.2219-
5548.2025.108.0.318 

Ma, Y., & Chen, M. (2025). The human touch in AI: Optimizing language learning 
through self-determination theory and teacher scaffolding. Frontiers in Psychol-
ogy, 16, Madde 1568239. https://doi.org/10.3389/fpsyg.2025.1568239 

https://doi.org/10.47852/bonviewIJCE42022495
https://doi.org/10.1111/ijal.12868?utm_source=gemini
http://dx.doi.org/10.15446/profile.v17n2.50563
https://doi.org/10.1111/bjet.13544?utm_source=gemini
https://doi.org/10.34142/2709-7986.2025.30.2.19
https://doi.org/10.34142/2709-7986.2025.30.2.19
https://www.google.com/search?q=https://doi.org/10.1080/15391523.2026.2672515&utm_source=gemini
https://doi.org/10.1080/15391523.2025.2478424
https://www.google.com/search?q=https://doi.org/10.30977/BUL.2219-5548.2025.108.0.318&utm_source=gemini
https://www.google.com/search?q=https://doi.org/10.30977/BUL.2219-5548.2025.108.0.318&utm_source=gemini
https://doi.org/10.3389/fpsyg.2025.1568239?utm_source=gemini


Hamdullah Şahin 

 130 

Moybeka, A. M. S., Syariatin, N., Tatipang, D. P., Mushthoza, D. A., Dewi, N. P. J. 
L., & Tineh, S. (2023). Artificial intelligence and English classroom: The impli-
cations of AI toward EFL students’ motivation. Edumaspul: Jurnal Pendidikan, 
7(2), 2444–2454. 

Nadim, M. A., & Di Fuccio, R. (2025). Unveiling the potential: Artificial intelli-
gence’s negative impact on teaching and Research considering ethics in higher 
education. European Journal of Education, 60(1). 
https://doi.org/10.1111/ejed.12929 

Nelson, A. S., Santamaría, P. V., Javens, J. S., & Ricaurte, M. (2025). Students’ per-
ceptions of Generative Artificial intelligence (GENAI) use in academic writing 
in English as a foreign language. Education Sciences, 15(5), 611. 
https://doi.org/10.3390/educsci15050611 

Pallant, J. (2020). SPSS survival manual: A step by step guide to data analysis using 
IBM SPSS(7th ed.). McGraw-Hill Education. 

Patton, M. Q. (2002). Qualitative research and evaluation methods (3rd ed.). Sage 
Publications. 

Riaz, S., Ayaz, N., & Khan, M. U. (2026). Artificial intelligence and self-regulated 
learning: Implications for student success in contemporary higher education. In 
AI and the future of learning - Psychological perspectives on student success and 
teacher resilience. IntechOpen. https://doi.org/10.5772/intechopen.1016671 

Ryan, R. M., & Deci, E. L. (2000). Self-determination theory and the facilitation of 
intrinsic motivation, social development, and well-being. American Psycholo-
gist, 55(1), 68–78. https://doi.org/10.1037/0003-066X.55.1.68 

Ryan, R. M., & Deci, E. L. (2020). Intrinsic and extrinsic motivation from a self-de-
termination theory perspective: Definitions, theory, practices, and future direc-
tions. Contemporary Educational Psychology, 61, Madde 101860. 
https://doi.org/10.1016/j.cedpsych.2020.101860 

Shi, L., & Derakhshan, A. (2026). Exploring the role of AI in EFL students’ auton-
omy, relatedness, and competence through the lens of self-determination theory 
(SDT): A latent growth curve modeling (LGCM) analysis. International Journal 
of Applied Linguistics. https://doi.org/10.1111/ijal.70272 

Shi, S., & Zhang, H. (2025). EFL students’ motivation predicted by their self-effi-
cacy and resilience in artificial intelligence (AI)-based context: From a self-de-
termination theory perspective. Learning and Motivation, 91, 102151. 
https://doi.org/10.1016/j.lmot.2025.102151 

Wang, Q., Amini, M., & Fu, Z. (2025). AI acceptance and Chinese EFL learners’ be-
havioral engagement with mediating effects of motivation. Scientific Reports, 15, 
Article 33310. https://doi.org/10.1038/s41598-025-11305-2 

Wei, L. (2023). Artificial intelligence in language instruction: Impact on English 
learning achievement, L2 motivation, and self-regulated learning. Frontiers in 
Psychology, 14, Madde 1261955. https://doi.org/10.3389/fpsyg.2023.1261955 

Zhai, Y., & Nezakatgoo, B. (2025). Evaluating AI-powered applications for enhanc-
ing undergraduate students’ metacognitive strategies, self-determined motiva-
tion, and social learning in English language education. Scientific Reports, 15, 
35199. https://doi.org/10.1038/s41598-025-19118-z 

https://doi.org/10.1111/ejed.12929
https://doi.org/10.3390/educsci15050611
https://doi.org/10.5772/intechopen.1016671?utm_source=gemini
https://doi.org/10.1037/0003-066X.55.1.68
https://doi.org/10.1016/j.cedpsych.2020.101860?utm_source=gemini
https://www.google.com/search?q=https://doi.org/10.1038/s41598-025-11305-2&utm_source=gemini
https://doi.org/10.3389/fpsyg.2023.1261955
https://doi.org/10.1038/s41598-025-19118-z?utm_source=gemini


Motivation to Learn with GenAI 
 

 131 

Zhen, X. (2025). Application of artificial intelligence in English learning: The inter-
active effects of teacher support, learning motivation, and autonomous learning 
ability. Acta Psychologica, 261, 105960. 
https://doi.org/10.1016/j.actpsy.2025.105960 

 

Appendix 

Descriptive Statistics of Items 

Items N M SD 

1.  I enjoy learning with AI very much. 94 4.86 1.66 

2.  Learning with AI is fun for me. 94 4.79 1.67 

3.  I feel satisfied through learning with AI. 94 4.32 1.71 

4.  Exploring knowledge with AI is fascinating 

to me. 

94 4.30 1.78 

5.  Learning with AI could enhance my effec-

tiveness. 

94 4.84 1.62 

6.  Learning with AI is important for my aca-

demic performance. 

94 4.54 1.74 

7.  Learning with AI is important for my future 

career. 

94 4.06 1.77 

8.  Learning with AI is important in helping 

me deal with future challenges. 

94 4.35 1.81 

9.  I will feel guilty if I don’t learn with AI. 94 1.77 1.21 

10.  I feel a sense of obligation to learn with AI 

because others expect it of me. 

94 2.22 1.44 

11.  I will feel ashamed if I cannot learn with 

AI. 

94 1.86 1.38 

12.  I will feel ashamed if others think I am in-

capable of learning with AI. 

94 1.79 1.25 

13.  I have no other choice but to learn with 

AI. 

94 1.72 1.33 

14.  Learning with AI is one of the rules. 94 2.17 1.60 
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15.  I will get in trouble if I don’t learn with 

AI. 

94 1.56 1.02 

16.  I’m required to learn with AI. 94 2.45 1.73 

17.  Learning with AI is meaningless. 94 2.37 1.60 

18.  I cannot see why I need to learn with AI. 94 2.80 1.83 

19.  I don’t know what I am getting out of 

learning with AI. 

94 2.71 1.76 

20.  Learning with AI is a waste of my time. 94 2.16 1.70 

Valid N (listwise) 94   
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AI as Support, Not Substitute:                                         
English Instructors’ Perceptions of ChatGPT in         

Foreign Language Teaching 

Şule Çınar Yağcı 1 & Tuğba Aydın Yıldız 2 

Abstract 
This qualita%ve case study explored how English language instructors make sense of ChatGPT 
and other ar%ficial intelligence (AI) applica%ons in foreign language teaching following a four-
hour in-service professional development program. Four instructors at the School of Foreign 
Languages of a state university in Türkiye par%cipated in semi-structured interviews, which were 
analyzed using thema%c content analysis. The findings revealed a simultaneously enabling and 
cau%onary view of AI. Par%cipants valued AI for facilita%ng material development, expanding 
access to instruc%onal resources, reducing prepara%on %me, suppor%ng language learning, and 
promo%ng learner autonomy. However, these perceived benefits were closely intertwined with 
concerns about privacy, academic integrity, originality, student dependency, and reduced cogni-
%ve engagement. Par%cipants also viewed AI as reshaping rather than replacing teachers’ pro-
fessional roles, increasing the importance of pedagogical judgment, cri%cal evalua%on, and AI 
literacy. Prac%ce-based professional development and clear ins%tu%onal guidance were consid-
ered necessary for responsible implementa%on. Overall, the study shows that the educa%onal 
value of AI depends less on technological affordances alone than on how they are mediated 
through teacher exper%se, learner responsibility, ethical safeguards, and ins%tu%onal support. 
Keywords: ChatGPT, foreign language teaching, teacher percep4ons, AI literacy, professional de-
velopment. 

 

Introduction 
Artificial intelligence (AI) applications have recently been addressed in 
education not merely as technical innovations, but also as tools that sup-
port teaching and learning processes in meaningful ways. These applica-
tions provide students with opportunities for personalized learning, while 
helping teachers and researchers offer rapid feedback, support assessment 
processes, and create more interactive learning environments. In this 
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regard, AI technologies may provide learning pathways adapted to stu-
dents’ individual needs with the aim of improving their learning pace and 
academic achievement (Çınar Yağcı & Genç, 2024, p. 86). For this reason, 
AI has become increasingly visible both in classroom practices and in out-
of-class learning processes. Generative AI tools, in particular, have at-
tracted attention in foreign language teaching because they can produce 
texts, provide feedback, organize content, and support learning according 
to individual needs. In skill-based language teaching, these tools further 
enrich the learning process by enabling individualized content production, 
offering immediate feedback, encouraging metacognitive strategies, and 
supporting learner autonomy (Sarı, 2025, p. 246). However, the educa-
tional value of these tools is not limited to the speed and convenience they 
offer. Rather, the use of AI constitutes a multidimensional field that di-
rectly affects the role of the teacher, the learner’s responsibility in the 
learning process, the understanding of academic integrity, and institu-
tional decisions on this issue. 
Within this transformation, ChatGPT holds particular significance for for-
eign language teaching and learning. This is because the tool can generate 
natural language, revise texts, interact through question-and-answer ex-
changes, and provide students with immediate support. Through these fea-
tures, ChatGPT offers various areas of use in the language learning pro-
cess. For this reason, ChatGPT is considered in foreign language class-
rooms not merely as a technical tool, but as a new learning partner that 
encourages a reconsideration of teaching and learning processes (Çınar 
Yağcı, 2026). Similarly, it has been stated that AI-supported personalized 
learning helps students manage their own learning processes more auton-
omously and strengthens their motivation (Özçelik & Çınar Yağcı, 2024). 
From this perspective, ChatGPT can be viewed as a supportive tool in 
students’ processes of practice, self-paced learning, receiving feedback, 
and experimenting with different forms of language use. However, this 
support should not mean that students transfer their learning responsibility 
entirely to AI. Therefore, the role of ChatGPT in foreign language teach-
ing should be addressed not only in terms of learner autonomy, but also 
in relation to preserving students’ effort to think and their ability to make 
critical judgments. 
Recent studies show that AI tools are being used increasingly widely by 
foreign language learners. Bayraktar Balkır and Zehir Topkaya (2025) ex-
amined English language learners’ habits of using AI, their perceptions of 
these tools, and their educational needs in the Turkish context, and re-
vealed that AI has begun to occupy a more visible place in students’ lan-
guage learning practices. This finding indicates that students are no longer 
limited to the resources provided by the teacher, but also benefit from AI-
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supported tools in their learning processes. Similarly, Dizon (2026) stated 
that ChatGPT can support self-directed foreign language learning and 
showed that this tool may contribute to students’ ability to sustain their 
own learning processes. When these two studies are considered together, 
it is understood that ChatGPT offers important support for learner auton-
omy and individual study processes. Nevertheless, the question of 
whether students use AI as a conscious learning tool or regard it as a 
shortcut that reduces their learning responsibility remains important. 
The contribution of ChatGPT to foreign language learning has become 
particularly evident in the context of writing skills. This tool can produce 
grammatically accurate sentences and contextually appropriate texts, pro-
vide feedback on students’ written products, and offer suggestions for im-
proving the quality of writing (Chen, 2023; Özçelik & Çınar Yağcı, 2024; 
Üstünbaş, 2024). In this respect, ChatGPT may contribute not only to stu-
dents’ text production, but also to their ability to review and improve the 
texts they write. Indeed, Ataş, Cengiz, and Çelik (2024) examined the ex-
tent to which ChatGPT generates feedback on content and organization 
components in English comparison-and-contrast essays, and showed that 
this tool can provide feedback capable of complementing teacher support 
in the writing process. However, the study also highlights the importance 
of teacher supervision. Similarly, Barrot (2023) emphasizes that ChatGPT 
has strong potential to support second language writing, but that it should 
be used carefully in terms of originality, academic integrity, and students’ 
critical evaluation skills. Shi, Chai, Zhou, and Aubrey (2026), by compar-
ing ChatGPT with automated writing evaluation tools, examined the role 
of this tool in students’ writing development and their self-perception as 
second language writers. When these studies are considered together, it 
becomes clear that ChatGPT can be used as an effective feedback and 
support tool in writing skills; however, this use should be addressed to-
gether with teacher guidance and ethical principles. 
The literature includes experimental studies examining the effects of 
ChatGPT on writing, grammar, reading, and vocabulary learning; studies 
comparing teacher feedback with ChatGPT-generated feedback; and re-
search focusing on learners’ attitudes, experiences, and intentions to use 
this tool (Guo & Wang, 2024; Özdemir Çiftçi & Tilbe, 2025; Werdin-
ingsih et al., 2024; Xiao & Zhi, 2023). These studies show that ChatGPT 
has been evaluated in foreign language learning across different skill areas 
and learning dimensions. A similar situation is also observed in relation 
to speaking skills. Yıldız (2024) examined the effect of ChatGPT use on 
English language learners’ speaking self-efficacy and revealed that this 
tool may provide a learning environment that supports students’ confi-
dence in speaking. This finding is important in terms of enabling students 



Şule Çınar Yağcı & Tuğba Aydın Yıldız 

 136 

to engage in more speaking practice outside the classroom, reduce their 
anxiety about making mistakes, and gain more frequent exposure to the 
target language. Karataş et al. (2024), in their qualitative case study con-
ducted in the Turkish context, also showed that ChatGPT contributes to 
the foreign language learning process in terms of writing, grammar, and 
vocabulary learning, while also bringing certain limitations and chal-
lenges. Therefore, the literature indicates that ChatGPT can support dif-
ferent language skills. However, the conditions under which this support 
becomes more effective, reliable, and meaningful for teaching remain an 
issue that still needs to be discussed. 
From the perspective of teachers, ChatGPT stands out as an important 
support tool in the processes of lesson preparation and classroom activity 
design. This tool can assist teachers in many instructional processes, such 
as preparing lesson plans, activities, dialogues, role-play tasks, and vo-
cabulary and grammar exercises (Büyüksaraç, 2026). Studies based on 
teachers’ views also support this contribution. Orhan and Cinar Yagci 
(2026) state that ChatGPT may make meaningful contributions to foreign 
language teaching by saving time, supporting learner autonomy, strength-
ening self-regulated learning, increasing motivation and self-confidence, 
offering personalized learning experiences, sustaining out-of-class lan-
guage practice, and developing cultural awareness. These findings show 
that ChatGPT is not merely a tool that accelerates material production for 
teachers. In addition, ChatGPT also contributes to teachers’ ability to pre-
pare more varied and flexible content suited to students’ levels, needs, and 
learning goals. 
However, these opportunities offered by ChatGPT do not diminish the 
role of the teacher. On the contrary, they make the teacher’s responsibili-
ties for selection, revision, evaluation, and guidance more visible. Öztürk 
Demir and Çetin (2025) examined instructors’ views on the use of 
ChatGPT in English language teaching and emphasized that this tool 
should be used under teacher guidance, within ethical boundaries, and in 
a conscious manner. This finding shows that the teacher is not placed in a 
passive position in relation to AI; rather, the teacher assumes a more se-
lective, evaluative, and guiding role. The qualitative studies conducted by 
Gao et al. (2024) and Orhan and Cinar Yagci (2026) also examine how 
teachers make sense of ChatGPT in classroom practices, what benefits 
and limitations they experience, and how they evaluate this tool in terms 
of ethical, reliable, and instructional use. These studies are considered im-
portant for understanding the changing professional role of the teacher in 
the age of AI. 
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The opportunities offered by ChatGPT for material development and the 
production of cultural content are also important for foreign language 
teaching. This tool can provide teachers with an initial draft in the process 
of preparing cultural content and instructional materials; in this respect, it 
is regarded as a supportive resource that promotes cultural awareness and 
increases content variety (Yalçın & Çınar Yağcı, 2024). However, content 
generated by AI should not be used directly in the classroom. Such content 
needs to be carefully reviewed by the teacher, revised where necessary, 
and adapted to the classroom context (Al-Maawali, 2026; Çınar Yağcı & 
Aydın Yıldız, 2023). This is because materials used in foreign language 
teaching should be evaluated not only in terms of linguistic accuracy, but 
also in relation to students’ proficiency level, cultural appropriateness, the 
aims of the lesson, and the characteristics of the class. Therefore, a text, 
activity, or dialogue prepared by ChatGPT may serve as a useful starting 
point for the teacher; however, the final decision should always be based 
on the teacher’s professional knowledge and evaluation. 
At this point, the limitations and risks of AI tools should be carefully con-
sidered. The literature indicates that ChatGPT may sometimes produce 
inaccurate, incomplete, decontextualized, or unverified information 
(Çınar Yağcı & Aydın Yıldız; Orhan & Cinar Yagci, 2026). Findings 
based on teachers’ views also support this concern. Accordingly, 
ChatGPT may, in some cases, provide incorrect information, fabricated 
references, grammatically problematic sentences, or responses that are not 
appropriate to the given context (Orhan & Cinar Yagci, 2026). This may 
create important risks, particularly in relation to academic writing, source 
use, assessment and evaluation, cultural content production, and student 
assignments. Therefore, the use of ChatGPT in foreign language teaching 
should not be evaluated only in terms of the types of content the tool can 
generate. How the generated content is checked, revised, and used within 
ethical and instructional principles should also be taken into account to 
the same extent. 
The international literature also shows that ChatGPT should be addressed 
in a balanced manner in foreign language teaching. Yang and Li (2024) 
systematically reviewed studies on the use of ChatGPT in second lan-
guage learning and revealed that this tool can be used in interaction, feed-
back, instructional support, and autonomous learning processes. This 
finding indicates that the function of ChatGPT in foreign language teach-
ing is not limited to a single skill or area of use. In addition, Kır and Tekin 
(2025) examined the main features of AI applications used in foreign lan-
guage teaching and emphasized that these tools should be evaluated in 
terms of their purpose, areas of use, and contribution to the learning pro-
cess. When these two studies are considered together, it becomes clear 
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that for AI tools to be useful in foreign language teaching, teachers need 
to become familiar with these tools, critically evaluate the outputs they 
generate, and use them in ways that are appropriate to the classroom con-
text. 
When the studies in the literature are considered together, AI appears to 
be both a powerful support tool in foreign language teaching and a field 
of change that needs to be managed carefully. On the one hand, ChatGPT 
offers students opportunities for personalized study, rapid feedback, con-
tinued learning beyond the classroom, and the development of different 
language skills. On the other hand, it saves teachers time in lesson plan-
ning, material preparation, designing role-play activities, developing cul-
tural content, and supporting student work. However, these opportunities 
also bring several important challenges. Academic integrity, originality, 
data security, the production of inaccurate information, the use of fabri-
cated references, contextual appropriateness, and students’ excessive de-
pendence on AI are among the most prominent concerns. Therefore, ex-
amining instructors’ perceptions of ChatGPT only through positive or 
negative attitudes is not sufficient. A more comprehensive evaluation re-
quires studies that address instructors’ experiences, concerns, changing 
professional roles, and support needs together. 
Although previous studies have examined learners’ use of ChatGPT, writ-
ing feedback, autonomy, and skill-based outcomes, fewer studies have ex-
plored how English instructors interpret ChatGPT after a structured pro-
fessional development experience, particularly in relation to teacher role 
transformation, ethical concerns, and institutional support needs in Turk-
ish higher education. 
Based on this need, the present study examines the perceptions, experi-
ences, concerns, and professional development needs of four English in-
structors working at the School of Foreign Languages of a state university 
in Türkiye regarding the use of ChatGPT and AI applications in foreign 
language teaching. 

Significance of the Study 
This study is significant in that it reveals how ChatGPT and AI applica-
tions are perceived by instructors in the context of foreign language teach-
ing. The study examines in detail which aspects of these tools instructors 
consider useful and which issues raise concerns for them. The literature 
includes various studies examining students’ habits of using AI, the ef-
fects of ChatGPT on writing and speaking skills, learner autonomy, and 
feedback processes. However, there is still a need for qualitative studies 
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that address English instructors’ perceptions of ChatGPT after an in-ser-
vice training program, their experiences, concerns, views on the changing 
role of the teacher, and expectations for institutional support together. 
Therefore, this study focuses on this gap in the literature and aims to un-
derstand instructors’ views on AI directly through their own experiences. 
At this point, the significance of the study is not limited to identifying 
instructors’ positive or negative views. Rather than approaching the use 
of AI from a one-sided, benefit-oriented perspective, the study addresses 
it together with its educational, ethical, and professional dimensions. It is 
known that ChatGPT offers important opportunities, such as saving time, 
facilitating material preparation, supporting language learning processes, 
and contributing to learner autonomy. However, for these opportunities to 
be used effectively and reliably in educational settings, the possible risks 
also need to be examined carefully. Therefore, issues such as academic 
integrity, originality, data security, students’ excessive dependence on AI, 
the production of inaccurate information, and teacher supervision are also 
included within the scope of the study. In this way, the study evaluates the 
place of ChatGPT in foreign language teaching not only in terms of its 
benefits, but also with regard to responsible use and the quality of the 
teaching process. 
This evaluation is also important for understanding the changing profes-
sional role of the teacher. Tools such as ChatGPT should not be regarded 
as systems that replace teachers. On the contrary, these tools should be 
considered as forms of support that make the teacher’s responsibilities for 
selection, revision, evaluation, and guidance more visible. In this context, 
the study reveals instructors’ need for AI literacy, critical evaluation 
skills, and practice-based professional development activities. The find-
ings are expected to contribute to the more functional design of in-service 
training programs on the use of AI in foreign language teaching. In addi-
tion, the findings of the study are expected to guide the development of 
clear institutional principles for AI use and to support students in using AI 
more consciously and responsibly. 

Research Questions 
This study sought to answer the following research questions: 

1. How do English instructors evaluate the contributions of 
ChatGPT and AI applications to foreign language teaching? 

2. What difficulties, risks, and concerns do English instructors ex-
press regarding the use of ChatGPT and AI? 
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3. How do English instructors make sense of the changing profes-
sional role of the teacher in the age of AI? 

4. What are English instructors’ professional development and in-
stitutional support needs regarding the use of ChatGPT and AI 
applications? 

Methodology 

Research Design 
This study adopted a qualitative case study design to explore English lan-
guage instructors’ perceptions, experiences, and concerns regarding the 
integration of AI into language teaching following a professional devel-
opment program. A qualitative case study is particularly suitable for ex-
amining a contemporary phenomenon within its real-life context and for 
gaining an in-depth understanding of participants’ experiences (Creswell 
& Poth, 2018). In the present study, the case was bounded by a four-hour 
in-service training program on ChatGPT and AI applications in foreign 
language education and the experiences of the instructors who partici-
pated in this program. 
The study aimed to explore how instructors perceived the pedagogical 
benefits, challenges, ethical implications, and professional demands asso-
ciated with AI-supported language teaching. Given the exploratory nature 
of these objectives, a qualitative approach was deemed appropriate for 
capturing participants’ subjective interpretations and experiences in depth 
(Creswell & Poth, 2018). 

Participants 
The participants of the study consisted of four English language instruc-
tors employed at the School of Foreign Languages of a state university in 
Türkiye. All participants voluntarily attended a four-hour professional de-
velopment workshop entitled “ChatGPT and Artificial Intelligence in 
Language Education” and subsequently agreed to participate in semi-
structured interviews. 
The participants ranged in age from 39 to 44 years (M = 41.75). Two par-
ticipants were female and two were male. Three participants held a mas-
ter’s degree, while one participant held a doctoral degree. All participants 
had extensive experience in English language teaching and were actively 
involved in tertiary-level language education. To ensure anonymity and 
confidentiality, participants were assigned pseudonyms (P1–P4) through-
out the study. 
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Data Collection Instrument 
Data were collected through a semi-structured interview form developed 
by the researchers. Semi-structured interviews are widely used in qualita-
tive research because they allow participants to express their experiences 
and perspectives in detail while maintaining a common structure across 
interviews (Creswell & Poth, 2018). 
The interview protocol consisted of open-ended questions designed to in-
vestigate instructors’ perceptions of AI integration in English language 
teaching. The questions focused on four primary dimensions: (a) per-
ceived pedagogical benefits of AI, (b) ease of adoption and implementa-
tion, (c) concerns regarding ethics, privacy, dependency, and academic 
integrity, and (d) evaluations of the AI training program. The semi-struc-
tured format enabled participants to elaborate on issues they considered 
important while ensuring consistency in data collection. 

Data Collection Procedure 
The data were collected following the completion of a four-hour in-ser-
vice training program on ChatGPT and AI applications in foreign lan-
guage education. The training introduced participants to a variety of gen-
erative AI tools and demonstrated their potential applications in language 
teaching, including lesson planning, material development, assessment, 
feedback provision, and classroom activities. 
Upon completion of the training, four volunteer instructors participated in 
individual semi-structured interviews. The interviews were conducted in 
Turkish to facilitate richer and more authentic responses. All interviews 
were audio-recorded with participants’ permission and subsequently tran-
scribed verbatim. The resulting transcripts were carefully reviewed and 
checked for accuracy before being imported into MAXQDA 2020 for 
analysis. 

Data Analysis 
The interview data were analyzed using thematic content analysis sup-
ported by MAXQDA 2020 software. Thematic analysis is a flexible and 
systematic approach that enables researchers to identify, organize, ana-
lyze, and report recurring patterns within qualitative data (Braun & 
Clarke, 2006). The analysis followed the six-phase procedure proposed 
by Braun and Clarke (2006). First, the researchers familiarized themselves 
with the data through repeated reading of the interview transcripts. Sec-
ond, initial codes were generated by identifying meaningful units of text 
related to participants’ experiences and perceptions of AI-supported 
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language teaching. Third, similar codes were grouped into broader cate-
gories and potential themes. Fourth, the preliminary themes were re-
viewed and refined to ensure internal coherence and meaningful distinc-
tions between themes. Fifth, the themes were defined and named to accu-
rately represent the underlying patterns within the dataset. Finally, the 
themes were interpreted and supported with representative quotations 
from participants. 
Throughout the analysis process, MAXQDA facilitated the systematic or-
ganization, retrieval, comparison, and visualization of coded segments. 
The software also supported the examination of code frequencies and the-
matic relationships, thereby enhancing the rigor and transparency of the 
analytical process. The coding process was informed by recommendations 
for qualitative coding proposed by Saldaña (2021). Similar codes were 
continuously compared and refined through an iterative process until 
meaningful thematic structures emerged. In addition, the procedures sug-
gested by Miles, Huberman, and Saldaña (2020) regarding data reduction, 
data display, and conclusion drawing guided the overall analytical pro-
cess. 

Trustworthiness 
Several strategies were employed to enhance the trustworthiness of the 
study. Following the criteria proposed by Creswell and Poth (2018), cred-
ibility was strengthened through prolonged engagement with the data and 
repeated examination of interview transcripts. All interviews were tran-
scribed verbatim to preserve participants’ original meanings and perspec-
tives. 
Dependability was supported through the systematic coding procedures 
implemented in MAXQDA and the maintenance of detailed coding rec-
ords. Confirmability was enhanced through continuous reflection during 
the coding and theme development processes. Finally, representative quo-
tations were included in the findings section to provide evidence for in-
terpretations and allow readers to evaluate the connection between the raw 
data and the reported themes. 

Ethical Considerations 
Participation in the study was entirely voluntary. Prior to the interviews, 
participants were informed about the purpose of the study and provided 
informed consent. Anonymity and confidentiality were ensured through 
the use of participant codes (P1–P4). All interview recordings and tran-
scripts were stored securely and used solely for research purposes. Also, 
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the ethical approval for this study was obtained from the Human Research 
Ethics Committee of Zonguldak Bülent Ecevit University on November 
1, 2024 (Protocol No. 842). 

Findings 
The analysis of the interview data resulted in four overarching themes: 
Perceived Pedagogical Benefits of Artificial Intelligence, Challenges and 
Risks Associated with Artificial Intelligence, Teacher Adaptation and 
Changing Professional Roles, and Professional Development and Institu-
tional Support Needs. Figure 1 presents the hierarchical coding model 
generated through thematic content analysis in MAXQDA. To provide a 
clearer understanding of these themes and the codes that constitute them, 
representative excerpts from participants’ views were included through-
out the findings section. The use of direct quotations contributed to a more 
detailed representation of participants’ experiences and strengthened the 
presentation of the findings as grounded in the original interview data. 

 

 
 

Figure 1. Hierarchical Coding-Thematic Model 
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Figure 1 presents the hierarchical coding–thematic model derived from 
participants’ responses regarding the integration of AI into English lan-
guage teaching. The model includes four overarching themes and eleven 
related sub-codes. Together, these themes reflect participants’ perceptions 
of AI’s pedagogical value, the risks they associate with its use, the chang-
ing professional role of teachers, and the support needed for responsible 
AI integration. 
The first theme, Perceived Pedagogical Benefits of Artificial Intelligence, 
includes four sub-codes: Material Development and Resource Accessibil-
ity (f=8), Time Efficiency and Workload Reduction (f=6), Language 
Learning Enhancement (f=5), and Learner Engagement and Autonomy (f 
=4). Among these, Material Development and Resource Accessibility was 
the most frequently referenced code. This indicates that participants re-
garded AI as a useful resource for preparing instructional materials and 
accessing educational content more easily. Time Efficiency and Workload 
Reduction was also emphasized, suggesting that instructors perceived AI 
as a tool that can simplify routine teaching tasks and reduce preparation 
time. Participants further noted that AI may support language learning 
processes, increase learner engagement, and encourage learner autonomy. 
Overall, this theme shows that participants associated AI with several ped-
agogical opportunities, particularly when its outputs are reviewed and 
adapted by teachers. 
The second theme, Challenges and Risks Associated with Artificial Intel-
ligence, consists of three sub-codes: Ethical, Privacy, and Security Con-
cerns (f=13), Academic Integrity and Originality Concerns (f =11), and 
Student Dependency and Reduced Cognitive Engagement (f=7). Ethical, 
Privacy, and Security Concerns emerged as the most frequently cited code 
within this theme. This finding suggests that participants were particularly 
concerned about data protection, responsible AI use, and the possible mis-
use of personal information. Academic Integrity and Originality Concerns 
were also strongly emphasized. Participants expressed worries about pla-
giarism, authorship, and the difficulty of distinguishing between student-
generated and AI-generated work. In addition, they noted that excessive 
reliance on AI may weaken students’ independent thinking and reduce 
their cognitive engagement. These findings indicate that AI integration 
requires careful attention to ethical, academic, and pedagogical safe-
guards. 
The third theme, Teacher Adaptation and Changing Professional Roles, 
includes two sub-codes: Transformation of Teacher Roles (f=12) and De-
veloping AI Literacy and Critical Evaluation Skills (f=11). Participants 
frequently stated that AI is reshaping traditional understandings of 
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teaching. They viewed the teacher not only as a transmitter of knowledge, 
but also as a facilitator, guide, and evaluator of AI-generated content. 
Closely related to this transformation was the need to develop AI literacy 
and critical evaluation skills. Participants emphasized that teachers should 
be able to assess the accuracy, relevance, and pedagogical appropriateness 
of AI-generated outputs. They also highlighted the importance of guiding 
students in the responsible use of AI tools. This theme shows that AI in-
tegration is not merely a technical issue; it also requires new professional 
competencies and a clear redefinition of teachers’ roles. 
The fourth theme, Professional Development and Institutional Support 
Needs, comprises two sub-codes: Need for Practical AI Training (f=11) 
and Need for Institutional Guidance and Policies (f=5). The most fre-
quently referenced code in this theme was the Need for Practical AI Train-
ing. This finding indicates that participants expected hands-on profes-
sional development activities focused on classroom-based AI use. They 
did not view theoretical knowledge alone as sufficient. Participants also 
emphasized the importance of institutional guidance, ethical frameworks, 
and clear policy regulations. These expectations suggest that responsible 
AI integration should be supported not only by individual teacher compe-
tence, but also by institutional structures and shared guidelines. 
Overall, the thematic structure demonstrates that instructors’ perceptions 
of AI in English language teaching are multidimensional. Participants rec-
ognized AI’s potential to support material development, save time, en-
hance language learning, and foster learner autonomy. At the same time, 
they expressed concerns about ethics, privacy, academic integrity, student 
dependency, and changing professional responsibilities. The findings 
therefore suggest that effective AI integration requires a balanced ap-
proach. AI should be used as a supportive tool, not as a substitute for 
teacher expertise. Its meaningful use depends on continuous professional 
learning, critical AI literacy, ethical awareness, and clear institutional pol-
icies. 
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Theme 1: Perceived Pedagogical Benefits of Artificial Intelligence 

 
Figure 2. Theme 1: Perceived Pedagogical Benefits of Artificial                             

Intelligence (by MAXQDA) 

As shown in Figure 2, the theme of Perceived Pedagogical Benefits of 
Artificial Intelligence reflects participants’ views on the educational value 
of AI in English language teaching. Four sub-codes emerged under this 
theme: Material Development and Resource Accessibility (f=8), Time Ef-
ficiency and Workload Reduction (f=6), Language Learning Enhance-
ment (f=5), and Learner Engagement and Autonomy (f=4). 
Among these sub-codes, Material Development and Resource Accessibil-
ity was the most frequently referenced (f=8). Participants emphasized that 
AI facilitates rapid access to educational resources and supports the prep-
aration of instructional materials. Several instructors stated that AI ena-
bles teachers to generate materials tailored to students’ individual needs 
within a short time. One participant noted that AI “provides rapid access 
to resources,” while another stated that “materials tailored to students’ in-
dividual needs can be generated quickly.” Participants also underlined that 
AI can help teachers create instructional materials that would otherwise 
be difficult to prepare independently. These findings suggest that partici-
pants viewed AI as a practical tool for improving resource accessibility 
and supporting instructional design. 
The second sub-code, Time Efficiency and Workload Reduction (f=6), 
indicates that participants perceived AI as a tool that can reduce routine 
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teaching workload and increase instructional efficiency. Instructors fre-
quently associated AI with saving time in lesson preparation, planning, 
and content development. For instance, one participant stated that “artifi-
cial intelligence can save a considerable amount of time,” while another 
noted that “it reduces teachers’ workload and facilitates lesson prepara-
tion.” Participants also emphasized that AI improves efficiency in instruc-
tional planning. These findings show that AI was perceived as a useful 
support mechanism for optimizing teachers’ time and easing professional 
workload. 
The third sub-code, Language Learning Enhancement (f=5), reflects par-
ticipants’ views on AI’s potential contribution to students’ language de-
velopment. Participants stated that AI-supported activities can make les-
sons more engaging, modern, and interactive. One instructor noted that 
“artificial intelligence can make lessons more engaging and modern.” 
Others emphasized that AI tools can support the development of speaking 
and reading skills and provide rapid feedback on writing and speaking 
tasks. These statements indicate that participants regarded AI as a tool that 
can enrich language learning experiences and support skill development 
across different areas of language education. 
Finally, Learner Engagement and Autonomy (f=4) highlights partici-
pants’ perceptions of AI as a means of encouraging active participation 
and independent learning. Participants suggested that AI can increase stu-
dent engagement by offering interactive and personalized learning oppor-
tunities. One participant stated that “artificial intelligence can increase 
student engagement,” while another emphasized that “students can man-
age their own learning process more independently.” Participants also 
noted that AI creates opportunities for autonomous learning. These find-
ings suggest that AI was perceived not only as a teaching aid but also as 
a tool that may help students take greater responsibility for their own 
learning. 
Overall, the findings related to this theme indicate that participants gener-
ally perceived AI as a supportive educational technology. They associated 
AI with easier access to resources, more efficient material development, 
reduced workload, enriched language learning, and increased learner au-
tonomy. However, these benefits appear most meaningful when AI is used 
under teacher guidance and integrated into teaching and learning pro-
cesses in a purposeful and pedagogically appropriate manner. 
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Theme 2: Challenges and Risks Associated with Artificial Intelligence  

 
 

Figure 3. Theme 2: Challenges and Risks Associated with                                     
Artificial Intelligence (by MAXQDA) 

Figure 3 presents the theme of Challenges and Risks Associated with Ar-
tificial Intelligence, which reflects participants’ concerns about the poten-
tial difficulties that AI may create in educational settings. These concerns 
relate mainly to teaching, learning, assessment, and students’ academic 
responsibility. Three sub-codes were identified under this theme: Ethical, 
Privacy, and Security Concerns (f=13), Academic Integrity and Original-
ity Concerns (f=11), and Student Dependency and Reduced Cognitive En-
gagement (f =7). 
Ethical, Privacy, and Security Concerns was the most frequently men-
tioned sub-code (f =13). Participants expressed serious concerns about the 
collection, storage, and processing of personal and student-related data in 
AI-supported educational environments. Several instructors referred spe-
cifically to data privacy, cybersecurity, and the ethical use of AI. One par-
ticipant stated, “I have significant concerns regarding data security and 
ethical issues,” while another noted that “the way student data are col-
lected and processed also raises concerns.” Similarly, another instructor 
emphasized that “my primary concerns involve data security, ethical is-
sues, and cybersecurity.” These statements suggest that participants 
viewed ethical governance, data protection, and privacy safeguards as es-
sential requirements for the responsible use of AI in education. 
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The second sub-code, Academic Integrity and Originality Concerns 
(f=11), represents participants’ concerns about the possible effects of AI 
on academic honesty and authentic student work. Participants frequently 
stated that AI-generated content may increase the risk of plagiarism and 
make it more difficult to assess students’ original contributions. One par-
ticipant noted that “this may lead to plagiarism-related issues,” while an-
other stated that “students may rely entirely on artificial intelligence to 
complete writing assignments.” Participants also pointed to the difficulty 
of determining the source and originality of AI-generated content. As one 
instructor explained, “determining the originality and source of AI-gener-
ated content is often difficult.” These findings indicate that participants 
considered academic integrity to be one of the major challenges associated 
with the increasing use of AI in educational contexts. 
The third sub-code, Student Dependency and Reduced Cognitive Engage-
ment (f = 7), focuses on participants’ concerns about students’ possible 
overreliance on AI tools. Participants argued that excessive dependence 
on AI may weaken students’ critical thinking, problem-solving skills, cre-
ativity, and independent learning habits. One participant stated that “peo-
ple may become less willing to think, solve problems, and create inde-
pendently.” Another participant noted that “students may become depend-
ent on these tools,” while a third observed that “students may use these 
tools as shortcuts rather than as learning aids.” These statements show that 
participants were concerned that AI, when used without sufficient peda-
gogical guidance, may reduce students’ active involvement in the learning 
process. 
Overall, the findings under this theme show that participants identified 
several important risks related to the integration of AI into education. Eth-
ical issues, data privacy, cybersecurity, academic integrity, originality, 
and student dependency were among the most prominent concerns. Alt-
hough participants recognized the potential benefits of AI, they empha-
sized that its use should be guided by clear ethical principles, institutional 
safeguards, and teacher supervision. In this regard, AI should be inte-
grated into educational settings in a way that supports meaningful learning 
while protecting students’ academic responsibility, cognitive engage-
ment, and originality. 
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Theme 3: Teacher Adaptation and Changing Professional Roles 

 
Figure 4. Theme 3: Teacher Adaptation and Changing                                           

Professional Roles (by MAXQDA) 

Figure 4 presents the theme of Teacher Adaptation and Changing Profes-
sional Roles, which reflects how participants interpreted the professional 
adjustments required for the effective integration of AI into English lan-
guage teaching. This theme consists of two sub-codes: Transformation of 
Teacher Roles (f = 12) and Developing AI Literacy and Critical Evalua-
tion Skills (f = 11). 
The first sub-code, Transformation of Teacher Roles, received the highest 
number of references (f = 12). Instructors emphasized that AI should not 
be understood as a technology that replaces teachers. Instead, they de-
scribed it as a complementary tool that can enrich and support pedagogical 
practice. One participant stated that “artificial intelligence should function 
as a supplement rather than a substitute for teachers.” Another participant 
similarly noted that “the conscious and controlled use of artificial intelli-
gence can strengthen the teacher’s role.” Participants also drew attention 
to the changing nature of teachers’ responsibilities in AI-mediated learn-
ing environments. As one instructor explained, “teachers may increas-
ingly become guides who facilitate learning processes.” These statements 
suggest that participants viewed AI as a factor that redefines, rather than 
weakens, the teacher’s professional role. In this respect, teachers’ tradi-
tional responsibility for transmitting knowledge is increasingly accompa-
nied by new roles, such as guiding learners, organizing learning processes, 
and critically evaluating AI-generated content. 
The second sub-code, Developing AI Literacy and Critical Evaluation 
Skills (f = 11), refers to the competencies teachers need in order to use AI 
responsibly and effectively. Participants stated that teachers should under-
stand how AI tools work and how these tools can be used in pedagogically 
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meaningful ways. One participant clearly expressed this need by stating 
that “learning how to use artificial intelligence is necessary.” However, 
participants did not define AI literacy only in terms of technical 
knowledge. They also emphasized the importance of critical judgment. As 
one instructor noted, “teachers need to critically evaluate artificial intelli-
gence outputs.” Another participant underlined the need for teachers to 
preserve their professional confidence while using AI, stating that “teach-
ers need to maintain their professional confidence while benefiting from 
artificial intelligence.” These views indicate that AI integration requires 
not only familiarity with digital tools, but also the ability to evaluate the 
accuracy, relevance, reliability, and instructional value of AI-generated 
responses. 
Taken together, the findings related to this theme indicate that participants 
understood AI integration as a process that requires professional renewal 
and adaptation. Instructors did not position AI as a direct threat to the 
teaching profession. Rather, they viewed it as a development that reshapes 
teachers’ responsibilities and increases the need for new professional 
competencies. The prominence of both sub-codes shows that the mean-
ingful use of AI in education depends on teachers’ ability to adapt to 
evolving roles, strengthen their AI literacy, and critically evaluate AI-gen-
erated content while maintaining their pedagogical expertise and profes-
sional identity. 

 
Theme 4: Professional Development and Institutional                                 

Support Needs 

 
 

Figure 5. Theme 4: Professional Development and Institutional Support 
Needs (by MAXQDA) 
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As shown in Figure 5, the theme of Professional Development and Insti-
tutional Support Needs reflects participants’ expectations regarding the 
conditions required for the effective, responsible, and sustainable use of 
AI in educational settings. Two sub-codes were identified under this 
theme: Need for Practical AI Training (f = 11) and Need for Institutional 
Guidance and Policies (f = 5). 
The first sub-code, Need for Practical AI Training, was the most fre-
quently emphasized category (f = 11). Participants stated that general 
awareness of AI is not sufficient for teachers to use these tools confidently 
in classroom contexts. Instead, they stressed the need for practice-based 
training that demonstrates how AI can be integrated into teaching activi-
ties in concrete and purposeful ways. One participant stated that “aware-
ness-raising activities and training programs should be provided.” An-
other participant noted that “additional practical examples and hands-on 
activities could have been included,” indicating a clear expectation for 
more applied learning opportunities. Similarly, the statement that “more 
time could have been allocated to practical activities” shows that partici-
pants valued hands-on engagement with AI tools. These views suggest 
that instructors considered practical training a key condition for develop-
ing confidence, competence, and pedagogical control in AI-supported 
teaching. 
The second sub-code, Need for Institutional Guidance and Policies (f = 
5), concerns participants’ expectations for clear institutional direction and 
regulatory support. Participants stated that the use of AI in education 
should be guided by explicit principles, boundaries, and ethical standards. 
One participant emphasized that “clear boundaries should be established 
regarding the use of artificial intelligence.” This view points to the need 
for shared rules that clarify acceptable and responsible forms of AI use. 
Participants also expressed concern about the lack of formal guidance. 
One instructor stated that “the lack of institutional policies and guidelines 
creates difficulties for teachers,” while another noted that “the absence of 
clear ethical and legal frameworks creates uncertainty.” These statements 
indicate that participants associated institutional guidance with clarity, 
consistency, and reduced ambiguity in AI-related educational practices. 
Viewed from this perspective, the theme shows that participants regarded 
professional development and institutional support as essential for mean-
ingful AI integration. They did not view access to AI tools alone as suffi-
cient. Rather, they emphasized the need for applied training, clear institu-
tional policies, ethical guidelines, and organizational support. Therefore, 
the responsible use of AI in education appears to depend not only on 
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teachers’ professional growth, but also on institutions’ capacity to provide 
a clear, coherent, and supportive framework for implementation. 

Relationships Among Themes and Codes 
To examine the relationships among the themes and codes in greater de-
tail, a code co-occurrence analysis was conducted using the MAXQDA 
Code Relations Browser, as presented in Figure 6. 

 
Figure 6. Co-occurrence analysis of Themes and Codes (by MAXQDA) 

The Code Relations Browser shows how often different codes were as-
signed to the same segments of participant data. In this matrix, both the 
rows and columns represent the codes used in the analysis. Each square at 
the intersection of two codes indicates a co-occurrence between them. 
Larger and darker squares represent stronger relationships. Therefore, 
Figure 6 provides insight into how participants connected different dimen-
sions of artificial intelligence use in English language teaching. 
The analysis shows that participants did not discuss the opportunities and 
challenges of AI as separate issues. Instead, their responses often linked 
pedagogical benefits, ethical concerns, teacher adaptation, and profes-
sional support needs. This suggests that participants understood AI inte-
gration as a multidimensional process that affects teaching, learning, as-
sessment, and institutional practice at the same time. 
One of the strongest relationships in the figure was observed between 
Need for Practical AI Training and Developing AI Literacy and Critical 
Evaluation Skills. This co-occurrence indicates that participants associ-
ated AI literacy with practice-based professional learning. They did not 
view AI literacy as limited to theoretical knowledge. Rather, they 
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emphasized the need for hands-on training that helps teachers understand 
how AI tools work, evaluate AI-generated outputs critically, and use these 
tools in pedagogically appropriate ways. This finding suggests that prac-
tical training was regarded as an essential condition for responsible and 
meaningful AI integration. 
Another strong relationship appeared between Ethical, Privacy, and Secu-
rity Concerns and Academic Integrity and Originality Concerns. These 
codes frequently occurred together in participants’ responses. This indi-
cates that ethical issues were closely connected with concerns about pla-
giarism, authorship, originality, and the authenticity of student work. Par-
ticipants seemed to view privacy, data security, and academic integrity as 
interrelated aspects of responsible AI use. This pattern also shows that AI-
related risks were understood not only as technical or legal issues, but also 
as matters that directly influence assessment practices and educational 
trust. 
A further strong relationship was identified between Academic Integrity 
and Originality Concerns and Need for Practical AI Training. This finding 
suggests that participants linked problems of academic integrity to the 
need for more concrete teacher training. Instructors appeared to believe 
that teachers need practical guidance on how to design assignments, eval-
uate student work, and prevent inappropriate AI use. In this respect, prac-
tical AI training was seen not only as a way to improve technical compe-
tence, but also as a means of supporting ethical and original student work. 
The figure also shows a meaningful relationship between Transformation 
of Teacher Roles and Developing AI Literacy and Critical Evaluation 
Skills. This co-occurrence suggests that participants associated the chang-
ing role of teachers with the need to develop new professional competen-
cies. As AI becomes more visible in language education, teachers are ex-
pected to act not only as knowledge providers, but also as guides, evalua-
tors, and decision-makers. Therefore, the ability to assess the accuracy, 
relevance, and pedagogical value of AI-generated content becomes in-
creasingly important. This finding indicates that teacher adaptation and 
AI literacy development were viewed as complementary processes. 
Within the pedagogical dimension, a notable relationship was found be-
tween Material Development and Resource Accessibility and Time Effi-
ciency and Workload Reduction. Participants often discussed these two 
issues together. This suggests that the perceived efficiency of AI was 
largely related to its ability to support material preparation, content gen-
eration, and access to instructional resources. Instructors appeared to 
value AI because it could reduce the time required for routine teaching 
tasks and support day-to-day instructional planning. 
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The analysis also shows a relationship between Ethical, Privacy, and Se-
curity Concerns and Student Dependency and Reduced Cognitive En-
gagement. This indicates that participants’ concerns about AI were not 
limited to data protection or privacy. They also considered the possible 
effects of AI on students’ learning responsibility, independent thinking, 
and cognitive engagement. From this perspective, uncontrolled AI use 
was perceived as a risk that may weaken students’ active participation in 
the learning process. 
Some weaker but still meaningful relationships were also visible among 
the pedagogical codes. For example, Language Learning Enhancement 
co-occurred with Learner Engagement and Autonomy. This suggests that 
participants sometimes connected AI-supported language development 
with increased student engagement and independent learning. However, 
this relationship was not among the strongest patterns in the figure. There-
fore, it should be interpreted with caution. 
The code Need for Institutional Guidance and Policies showed a more 
limited pattern of co-occurrence. It was mainly associated with Ethical, 
Privacy, and Security Concerns and, to a lesser extent, with Developing 
AI Literacy and Critical Evaluation Skills. This suggests that participants 
linked institutional guidance primarily to ethical clarity, data protection, 
and responsible teacher competence. The figure does not show a strong 
direct relationship between Need for Institutional Guidance and Policies 
and Need for Practical AI Training. Therefore, institutional support ap-
pears to be connected more directly with ethical regulation and AI literacy 
than with practical training alone. 
Overall, the Code Relations Browser analysis indicates that participants 
conceptualized AI integration as an interconnected educational process. 
The strongest relationships were observed among practical training, AI 
literacy, academic integrity, and ethical concerns. Pedagogical benefits 
were mainly connected with material development and time efficiency. 
Teacher adaptation was closely related to the development of critical AI 
literacy. Institutional guidance was associated with ethical and responsi-
ble use. These findings show that instructors’ perceptions of AI were not 
limited to a simple distinction between benefits and risks. Rather, partici-
pants viewed AI as a complex phenomenon that influences teaching prac-
tices, student responsibility, professional roles, ethical decision-making, 
and institutional structures simultaneously 
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Discussion 
This qualitative case study examined English instructors’ perceptions of 
ChatGPT and AI applications in foreign language teaching after a four-
hour in-service training program. More specifically, it explored how in-
structors interpreted the contributions of AI, the risks and concerns asso-
ciated with its use, the changing professional role of teachers, and the 
forms of professional and institutional support needed for responsible 
classroom use. The results point to a balanced but cautious understanding 
of AI. Participants did not frame AI as a simple solution to instructional 
problems. Rather, they viewed it as a powerful support mechanism whose 
value depends on teacher judgment, ethical awareness, and clear institu-
tional guidance. 
The first theme indicates that instructors perceived AI as a useful instruc-
tional support tool, particularly in relation to time efficiency, material de-
velopment, language learning support, and learner autonomy. This finding 
supports the view that “AI technologies move beyond traditional ap-
proaches in foreign language teaching by offering more personalized, in-
teractive, and task-based learning environments” (Dinar, 2025, p. 72). In 
the present study, instructors did not define AI merely as a tool for pro-
ducing ready-made content. Rather, they emphasized its role in generating 
initial drafts, diversifying instructional options, and helping teachers re-
spond more quickly to learners’ needs. This result is consistent with stud-
ies suggesting that ChatGPT can support language learning through rapid 
feedback, personalized practice, writing assistance, and flexible access to 
resources (Barrot, 2023; Chen, 2023; Dizon, 2026; Karataş et al., 2024; 
Yüzlü, 2024). It also aligns with Aydin and Candemir Özkan’s (2026) 
findings, which showed that learners perceived AI tools and environments 
as more supportive of writing and reading skills, while they adopted a 
more cautious stance regarding their effects on speaking, listening com-
prehension, pronunciation, and communication skills. In this respect, the 
present findings suggest that AI may contribute to different areas of lan-
guage learning, although its perceived contribution may be more evident 
in text-based skills than in oral and interactional skills. The participants’ 
emphasis on workload reduction is also in line with Büyüksaraç (2026) 
and Orhan and Cinar Yagci (2026), who note that ChatGPT can assist 
teachers in preparing lesson plans, activities, dialogues, and classroom 
materials. However, the present finding adds a context-specific nuance. 
For these four instructors, the value of AI was not limited to speed or con-
venience. Its instructional contribution became meaningful when AI-gen-
erated outputs were reviewed, adapted, and aligned with students’ profi-
ciency levels, course aims, and classroom realities. In this respect, AI 
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should be understood as a complementary resource that supports teacher 
decision-making rather than as an autonomous substitute for teacher ex-
pertise. 
The second theme reveals that instructors were aware of the risks associ-
ated with AI use, especially academic integrity, originality, student de-
pendency, reduced cognitive engagement, data security, and ethical un-
certainty. These concerns are closely aligned with the literature, which 
warns that ChatGPT may produce unreliable, incomplete, decontextual-
ized, or fabricated information and that its use in academic writing re-
quires careful supervision (Barrot, 2023; Çınar Yağcı & Aydın Yıldız, 
2023; Orhan & Cinar Yagci, 2026). The participants’ concern about pla-
giarism and authorship also overlaps with Werdiningsih et al. (2024), who 
discuss the tension between AI-supported writing and authenticity in EFL 
contexts. Yet the instructors in the present study did not reject AI because 
of these risks. Their accounts suggest a more refined position: AI may 
support learning, but uncontrolled use may weaken students’ effort, crea-
tivity, and independent thinking. This concern is important for foreign 
language education because language learning requires sustained cogni-
tive engagement, repeated practice, error awareness, and gradual devel-
opment. If students use AI mainly as a shortcut, the tool may reduce the 
very learning processes it is expected to support. At the same time, the 
risks should not be overstated. The participants’ concerns point less to the 
inherent danger of AI itself and more to the need for supervised, transpar-
ent, and ethically guided use. In this sense, the findings support a respon-
sible-use perspective rather than a prohibition-oriented approach. 
The third theme shows that instructors interpreted AI as a factor that re-
shapes, rather than replaces, the teacher’s professional role. Participants 
emphasized that teachers must become more active as designers, evalua-
tors, facilitators, ethical guides, and critical decision-makers. This result 
is strongly compatible with Öztürk Demir and Çetin (2025), who under-
line the need for teacher guidance and conscious use of ChatGPT in for-
eign language teaching. It also extends the teacher-focused findings of 
Gao et al. (2024) and Orhan and Cinar Yagci (2026), which show that 
teachers make sense of AI through both its instructional benefits and its 
limitations. The emerging picture points to a shift from the teacher as the 
sole source of knowledge to the teacher as the person who evaluates the 
reliability, appropriateness, and educational value of AI-generated con-
tent. This shift does not reduce the importance of teachers. On the con-
trary, it makes their professional expertise more visible. Instructors must 
decide which outputs are accurate, which are suitable for learners, which 
may require revision, and which should not be used at all. Thus, AI use 
requires not only technical familiarity but also critical AI literacy. For 
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teacher education, this result is significant because future language teach-
ers need to learn how to design AI-supported activities, guide students in 
responsible use, and maintain the human, relational, and ethical dimen-
sions of teaching. 
The fourth theme highlights instructors’ need for practice-based profes-
sional development and clear institutional support. Participants valued the 
training program, but they expected more hands-on examples, classroom-
based applications, and concrete guidance. This result extends previous 
work by showing that teachers’ willingness to use AI is closely connected 
to practical competence and institutional clarity. Studies such as Yang and 
Li (2024) and Kır and Tekin (2025) emphasize that AI tools in language 
learning should be evaluated according to their purposes, uses, and con-
tributions to learning. The present study adds that such evaluation cannot 
be left only to individual teachers. Instructors need institutional policies 
that clarify ethical boundaries, assessment principles, acceptable uses, 
data-related responsibilities, and student guidance procedures. Without 
such clarity, teachers may remain uncertain about how far they can go in 
using AI or how they should respond to student use. Practice-based train-
ing is therefore essential. It should include prompt design, material revi-
sion, feedback evaluation, assessment redesign, privacy awareness, and 
examples from real language classrooms. This need is especially im-
portant in higher education contexts where teachers are expected to re-
spond quickly to technological change while also protecting academic in-
tegrity and learning quality. 
The relationships among themes and codes suggest that instructors’ per-
ceptions of AI were interconnected rather than fragmented. Benefits such 
as time efficiency and material development were closely linked, indicat-
ing that teachers valued AI because it helped them produce and access 
resources more easily. Likewise, concerns about academic integrity were 
connected with fears of student dependency and reduced cognitive en-
gagement. This overlap suggests that instructors did not see plagiarism 
only as a rule violation; they also viewed it as a threat to meaningful learn-
ing. Another important connection appeared between AI literacy and 
changing teacher roles. Teachers’ ability to evaluate AI-generated content 
was central to how they understood their evolving responsibilities. Ethical 
and privacy concerns were also related to the need for institutional guid-
ance, showing that responsible AI use cannot be reduced to individual 
awareness alone. Taken together, these relationships indicate that AI in 
foreign language teaching should be examined as a multidimensional is-
sue involving instructional practice, teacher agency, learner responsibil-
ity, ethics, and institutional decision-making. 
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Overall, the findings suggest that AI in foreign language teaching should 
be understood neither as a purely beneficial innovation nor as a direct 
threat to education. Instead, it should be approached as a complex educa-
tional phenomenon that requires critical AI literacy, teacher agency, ethi-
cal awareness, and institutional support. ChatGPT may help teachers save 
time, design richer materials, support language practice, and provide feed-
back opportunities. However, these benefits become meaningful only 
when teachers review, adapt, and supervise AI use. Similarly, the risks of 
dependency, academic dishonesty, unreliable outputs, and data-related 
concerns can be managed more effectively when institutions provide clear 
policies and when teachers are prepared through practice-oriented train-
ing. Given the small number of participants and the qualitative case study 
design, these results should not be generalized to all English instructors. 
Nevertheless, the study offers a useful, context-sensitive account of how 
instructors in a Turkish higher education setting make sense of AI after 
professional training. The central implication is clear: responsible AI use 
in foreign language teaching depends less on the tool itself than on the 
professional, ethical, and institutional conditions under which it is used. 

Conclusion 
This study examined English instructors’ perceptions of ChatGPT and AI 
applications in foreign language teaching after a four-hour in-service 
training program. The findings indicate that instructors approached AI 
with a balanced and reflective stance. They recognized its potential to sup-
port lesson preparation, material development, feedback practices, lan-
guage skill development, and learner autonomy. At the same time, they 
did not view AI as an independent solution to instructional challenges. 
Rather, they considered it a supportive tool whose educational value de-
pends on how it is selected, evaluated, adapted, and used within a mean-
ingful teaching context. 
Overall, the study suggests that the role of AI in foreign language teaching 
should be understood through the relationship between technological af-
fordances and human judgment. ChatGPT and similar tools may reduce 
teachers’ workload, broaden access to instructional resources, and create 
additional opportunities for practice. However, these benefits become ed-
ucationally valuable only when they are guided by teacher expertise, eth-
ical awareness, learner responsibility, and clear institutional direction. 
This interpretation is consistent with the view that teachers are no longer 
positioned merely as transmitters of knowledge; rather, they are actors 
who use technological tools within an ethical framework, organize learn-
ing processes, provide emotional support, and manage digital pedagogy 
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(Topaloğlu & Erol, 2025, p. 279). In this sense, the findings underline that 
responsible AI use is not merely a matter of adopting new tools. It requires 
critical AI literacy, careful instructional decision-making, and shared prin-
ciples that protect the quality, integrity, and human dimension of language 
education. 

Limitations 
This study has several limitations that should be considered when inter-
preting the findings. First, the study was conducted with four English in-
structors working at the School of Foreign Languages of a single state 
university in Türkiye. The small number of participants allowed for an in-
depth exploration of instructors’ perceptions, but it limits the transferabil-
ity of the findings to broader groups of language teachers or different ed-
ucational contexts. Therefore, the results should be read as a context-sen-
sitive account of instructors’ experiences rather than as representative of 
all English language instructors. 
A second limitation concerns the research design and data source. As a 
qualitative case study, the research relied on semi-structured interview 
data and therefore reflected participants’ self-reported perceptions after 
the training program. The study did not include classroom observations, 
student data, teaching materials produced by participants, or long-term 
follow-up evidence. In addition, the training program lasted four hours, 
which means that participants’ views were shaped by an initial profes-
sional development experience rather than by extended classroom use of 
AI tools. These limitations do not reduce the value of the study, but they 
suggest that the findings should be interpreted within the boundaries of a 
short-term, interview-based qualitative inquiry. 

Recommendations 
The findings point to several recommendations for foreign language 
teaching contexts. Institutions should offer practice-based AI training pro-
grams that move beyond general awareness and focus on real classroom 
applications. In this regard, it has been recommended that teachers’ pro-
fessional development processes should first be restructured so that AI 
technologies can be used effectively, ethically, and sustainably in foreign 
language teaching (Çınar Yağcı & Aydın Yıldız, 2025, p. 219). Such 
training should include prompt writing, material development, feedback 
evaluation, lesson adaptation, ethical use, and examples of responsible 
student engagement with AI tools. Teachers also need clear institutional 
guidelines that define acceptable uses of AI, address academic integrity, 
clarify privacy and data-related responsibilities, and support consistent 
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decision-making across courses. In addition, students should be guided to 
use AI as a learning aid rather than as a substitute for effort, reflection, 
and independent language production. 
Future research should examine AI use in foreign language teaching with 
larger and more diverse participant groups across different institutions, 
proficiency levels, and educational settings. Longitudinal studies would 
be useful for understanding how teachers’ perceptions and practices de-
velop after sustained experience with AI-supported teaching. Mixed-
method studies may also provide a broader understanding by combining 
interview data with surveys, classroom observations, document analysis, 
and learner performance data. Further research should include student per-
spectives, observed classroom practices, and redesigned assessment tasks 
in order to examine how AI affects learning responsibility, authorship, 
feedback practices, and the development of language skills over time. 
 

Declaration on the Use of Generative Artificial Intelligence 
In this study, generative artificial intelligence tools were used solely to 
support translation and linguistic editing processes. The theoretical frame-
work, scientific content, source selection, and final interpretations of the 
study were developed, reviewed, and revised by the authors. Full scien-
tific and ethical responsibility for the study rests with the authors. 
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The Transformation of the Teacher’s Role in the Age 
of Artificial Intelligence: A Didactic Decision Tree 

Proposal Based on a Prompt Engineering Taxonomy 

Hakan Dolan 1 

Abstract 
Ar%ficial intelligence is reshaping teachers’ professional roles and increasing the need for peda-
gogically grounded AI competencies. This conceptual study examines prompt engineering as an 
emerging didac%c competence and proposes a decision-support framework for foreign language 
educa%on. Drawing on current literature on AI literacy, teacher competencies, and prompt en-
gineering, the study reinterprets the 41-technique taxonomy according to instruc%onal needs 
in foreign language teaching. Par%cular aHen%on is given to selec%ng techniques for reliable, 
source-grounded material development. A scenario-based decision tree is developed to dis%n-
guish among source-grounded/document-grounded promp%ng, Retrieval-Augmented Genera-
%on (RAG), Chain-of-Note (CoN), Chain-of-Knowledge (CoK), ReAct, and Chain-of-Verifica%on 
(CoVe) according to source structure, informa%on needs, and external tool use. The framework 
posi%ons these techniques as complementary pedagogical decision-support mechanisms rather 
than automated subs%tutes for teacher exper%se. It further emphasizes that model-assisted 
verifica%on must be followed by mandatory teacher review to ensure linguis%c accuracy, source 
fidelity, proficiency-level appropriateness, cultural validity, and pedagogical usability. 
Keywords: ar4ficial intelligence, prompt engineering, foreign language educa4on, teacher com-
petencies, decision tree 

Introduction 
Although many teachers are willing to utilize AI, their personal experi-
ences and practical knowledge remain limited; hence, there is a need for 
AI-focused professional development programs with specific objectives 
(Kalimullina et al., 2020; D. Ng et al., 2023; Tenberga and Daniela, 2024; 
Velander et al., 2024). Because AI literacy builds partly on existing digital 
competencies while also requiring AI-specific knowledge and skills, tar-
geted professional development is important for supporting teachers’ 
meaningful integration of AI into educational practice (Tenberga & Dan-
iela, 2024). One of the most critical skills necessary for the effective uti-
lization of AI technologies is prompt writing. The ability to formulate 
clear, goal-oriented, and well-structured prompts is a critical skill for the 
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effective use of generative AI, as prompt quality can directly influence the 
quality of generated outputs and creative problem-solving performance 
(Knoth et al., 2024; Urban et al., 2025).  
Prompt engineering emerges as a strategic paradigm that guides the out-
puts of large language models through task-specific instructions without 
modifying internal model parameters. The prompt engineering taxonomy 
established by Sahoo et al. (2025) offers a comprehensive framework for 
this domain by classifying numerous techniques, including zero-shot, 
few-shot, Chain-of-Thought, Retrieval-Augmented Generation, ReAct, 
Chain-of-Verification, Chain-of-Note, Chain-of-Knowledge, Emotion 
Prompting, and Take a Step Back, based on their specific application 
fields. However, this taxonomy does not provide a pedagogical decision 
model specifically designed for foreign language education. In response, 
the present study reinterprets this taxonomy in accordance with the in-
structional requirements of foreign language education, thereby proposing 
pedagogical objective-based decision trees designed to assist foreign lan-
guage educators in selecting pedagogically appropriate prompt engineer-
ing techniques for specific instructional goals. Accordingly, the study 
conceptualizes prompt engineering not merely as a technical AI skill but 
as a pedagogical decision-support mechanism designed to support mate-
rial development, source-grounded content generation, formative feed-
back, grammar instruction, interactive practice, and assessment.  

The Teacher’s Role in the Process of Digital Transformation 
In tandem with digital transformation, teachers have increasingly been po-
sitioned as transformative agents and key actors in digital leadership and 
school-level innovation (Antonopoulou et al., 2025; Reinius et al., 2022).  
Digital transformation shifts the role of the teacher from a mere transmit-
ter of knowledge into a multidimensional professional who designs, exe-
cutes, and evaluates digital learning processes. Recently, artificial intelli-
gence technologies, which represent one of the most prominent advance-
ments in digital transformation, have elevated teachers to the status of 
learning facilitators, designers, and data-driven decision-makers (Chen, 
2025; Aspandi & Muttaqin, 2025). AI-enabled learning analytics and 
adaptive systems can provide educators with information about learners’ 
progress, needs, and interaction patterns, which can inform personalized 
instructional support and course redesign while also supporting students’ 
self-regulated learning (Ren & Wu, 2025). The following table illustrates 
the specific dimensions through which this transformation grants new 
roles to teachers within the context of artificial intelligence. 
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Table 1. Dimensions of the teacher’s role in the AI era 

Core Roles Transformed by AI 

Role             
Dimension 

Emphasis in the           
Context of AI 

Relevant Studies 

Instructional 
Designer 

AI-supported personal-
ized learning pathways 

Antonopoulou et al., 2025; Ren & 
Wu, 2025; Aspandi and Muttaqin, 
2025 

Data-driven 
Decision 
Maker 

Intervention through the 
interpretation of learning 
analytics 

Antonopoulou et al., 2025; Ren & 
Wu, 2025 

Ethical Guide 
/ AI Literacy 
Facilitator  

Facilitating discussions 
on bias, transparency, and 
accountability 

Markauskaite et al., 2023; Chiu et 
al., 2024; Sperling et al., 2024; 

Digital 
Leader / 
Change Agent 

Transforming school cul-
ture and practices 

Reinius et al., 2022; Wohlfart & 
Wagner, 2023; Yue et. al., 2024; 
Tenberga & Daniela, 2024 

 
Artificial Intelligence Literacy and Competency as Emerging Teacher 
Competencies  
AI literacy generally encompasses the knowledge and skills required to 
understand, critically evaluate, and responsibly engage with AI, whereas 
AI competency extends this foundation to the confident, reflective, and 
contextually appropriate application of such knowledge and skills (Chiu 
et al., 2024; Sperling et al., 2024). Owing to the positive correlation iden-
tified between educator digital competence and attitudes toward AI 
(Galindo-Domínguez et al., 2024), various studies define pedagogical AI 
competencies for teachers as multidimensional constructs comprising 
content knowledge and AI integration across learning, teaching, assess-
ment, and evaluation (Mikeladze et al., 2024; Zou et al., 2025). The Eu-
ropean Commission’s (2022) DigCompEdu Framework for Artificial In-
telligence Competencies designed for educators serves as a foundational 
benchmark specifically for AI integration in teacher education and re-
search within the domain of educational technologies. 
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Figure 1.  Conceptual relationship between DigCompEdu domains and AI-
related teacher competencies. Developed by the authors based on Redecker 

(2017), European Commission (2022), and Ng et al. (2023) 
 

 
 
This illustration demonstrates that educators’ digital competencies in the 
era of artificial intelligence cannot be reduced to the mere utilization of 
technological tools. Rather, these competencies must be addressed in tan-
dem with multidimensional capacities such as pedagogical decision-mak-
ing, ethical reasoning, data governance, learning analytics, human auton-
omy, and digital citizenship. The core structure of the DigCompEdu 
framework mandates that teachers be digitally competent across the do-
mains of professional engagement, digital resources, teaching and learn-
ing, assessment, learner empowerment, and facilitating learners’ digital 
competence (Redecker, 2017; Caena & Redecker, 2019). The European 
Commission’s (2022) ethical guidelines complement this digital compe-
tence perspective by emphasizing educators’ ability to critically evaluate 
AI systems, understand their ethical implications, and make informed de-
cisions regarding the use of AI and data in teaching and learning.  
The professional engagement domain, located on the left side of the illus-
tration, signifies the educator’s critical evaluation of both the positive and 
negative impacts of AI in education, their understanding of the fundamen-
tal mechanics of AI and learning analytics, and their active participation 
in continuous professional development. This dimension mandates that 
teachers conceptualize AI systems not merely as functional tools but as 
socio-technical systems embedded with pedagogical and ethical implica-
tionsThis perspective requires educators to move beyond the functional 
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use of AI tools and to critically consider their pedagogical, societal, and 
ethical implications (European Commission, 2022; Long & Magerko, 
2020). Similarly, UNESCO’s AI competency framework for teachers 
states that the teacher-student dynamic in the AI era has transitioned into 
a teacher-AI-student interaction, thereby necessitating a comprehensive 
redefinition of educator roles (Miao & Cukurova, 2024). The central dig-
ital resources domain demonstrates that the selection, creation, and shar-
ing of digital resources within AI-supported educational environments 
must now be conceptualized alongside data governance and AI govern-
ance. Within this context, educators are expected to possess a foundational 
awareness regarding personal data processing, data security, data reten-
tion periods, the role of third-party service providers, and automated de-
cision-making processes (European Commission, 2022). Furthermore, the 
teaching and learning domain emphasizes the role of the teacher as a ped-
agogical designer in integrating AI systems into instructional processes. 
The inclusion of concepts such as ‘models of learning,’ ‘objectives of ed-
ucation,’ ‘human agency,’ and ‘fairness’ within the illustration reveals 
that AI systems are not neutral instruments. Instead, they incorporate spe-
cific models concerning the definition of learning, how it is assessed, and 
the pedagogical assumptions through which it is supported (European 
Commission, 2022). Consequently, when utilizing AI-backed learning 
systems, educators must conduct evaluations that center on human auton-
omy, pedagogical objectives, and learner well-being (Miao & Cukurova, 
2024, UNESCO, 2021). 
The assessment domain highlights critical issues in AI-based assessment 
and evaluation processes, including individual differences, algorithmic 
bias, and cognitive focus. AI systems often evaluate student progress 
based on predefined knowledge models, which creates the potential for 
underrepresenting more complex learning outcomes such as creativity, 
collaboration, social skills, or contextual performance (European Com-
mission, 2022). Furthermore, algorithmic bias can reproduce or reinforce 
existing inequalities in educational technologies. Consequently, educators 
must critically interpret automated feedback, learning analytics, and pre-
dictive systems (Baker and Hawn, 2022). The empowering learners do-
main, while emphasizing the opportunities AI offers for personalized 
learning, inclusivity, and student engagement, also cautions that these op-
portunities may not yield equitable outcomes across all student popula-
tions. The European Commission notes that personalized learning systems 
are adaptive regarding content, learning pathways, and pedagogical ap-
proaches. Nevertheless, these systems can impact diverse student groups 
differently (European Commission, 2022). Therefore, the role of the edu-
cator is not to blindly adopt AI-supported personalization, but rather to 
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evaluate the system’s pedagogical rationale, evidence-based value, and 
potential exclusionary effects (Ng et al., 2023; Salas-Pilco et al., 2022). 
Lastly, the facilitating learners’ digital competence domain demonstrates 
that educators must guide students not merely to use AI tools, but rather 
to comprehend the ethical, societal, and data-driven implications of these 
technologies. This dimension conceptualizes AI literacy as a broader con-
cept than technical skill, thereby requiring individuals to critically evalu-
ate AI systems, interact effectively with AI, and utilize these systems re-
sponsibly (Long and Magerko, 2020). This approach directly correlates 
with the principles of transparency, fairness, accountability, privacy, and 
responsibility frequently emphasized in the AI ethics literature (Jobin et 
al., 2019; UNESCO, 2021). 
Therefore, the illustration conceptualizes teacher competence in the AI 
era at three foundational levels. The first level involves the teacher con-
textually structuring AI-supported learning processes as a pedagogical de-
signer. The second level entails critically and ethically interpreting learn-
ing analytics as a data-driven decision-maker. The third level focuses on 
supporting students in engaging in conscious, safe, and responsible inter-
actions with AI systems as an ethical guide and digital citizenship facili-
tator. In this regard, the framework transforms the role of the teacher from 
a passive practitioner who merely utilizes technology into an active agent 
of change who safeguards educational values, human autonomy, and so-
cietal responsibility (European Commission, 2022; Miao and Cukurova 
2024; Regulation [EU] 2024/1689, 2024). 

Prompt Engineering as a Didactic Competence  
Prompt engineering is defined as a rapidly emerging didactic competence 
necessary for establishing effective communication with artificial intelli-
gence tools and securing pedagogically meaningful outputs from these in-
struments (Lo, 2023; Walter, 2024; Elsayary et al. 2025; Leung, 2024; 
Qian, 2025; Dourvas et al., 2026). Recent systematic reviews and empir-
ical studies demonstrate that prompt engineering is not merely a technical 
skill, but rather a holistic competence that supports the core pedagogical 
functions of educators, such as critical thinking, content design, assess-
ment, and the creation of personalized learning environments (Cain, 2023; 
Leung, 2024). This competence encompasses the dimensions of 
knowledge regarding prompt types and techniques, skills involving effec-
tive prompt writing and evaluation, and attitudes focusing on a critical 
approach and ethical awareness (Elsayary, 2025; Abaidoo, 2026; Akh-
madullina et al., 2026). 
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For educators, prompt engineering is utilized in core didactic processes 
such as lesson planning, material development, generating assessment 
questions, and designing personalized learning scenarios (Leung, 2024; 
Rey, 2025; Saefurrohman et al., 2026). Through effective prompts, teach-
ers can foster critical thinking among students, stimulate higher-order 
cognitive processes, and promote collaborative learning (Lo, 2023; Wal-
ter, 2024; Leung, 2024). Evidence from language teacher education and 
vocational education indicates that structured training in generative AI 
and prompt engineering can enhance teachers’ competencies in using AI 
for lesson planning and developing effective prompts  (Huang et al., 2025; 
Schmitt & Brutzer, 2025). Recent reviews further suggest that structured 
prompting strategies may support higher-order cognitive processes such 
as analysis, reflective reasoning, and metacognitive engagement (Moguš, 
2025). Furthermore, educators who receive prompt engineering training 
within continuous professional development programs experience not 
only an increase in lesson planning efficiency but also an elevation in ma-
terial quality (Saefurrohman et al., 2026). 

Frameworks for Prompt Engineering 
Various frameworks have been developed to address prompt engineering 
as a didactic competence, including models such as the CLEAR Frame-
work, comprising Concise, Logical, Explicit, Adaptive, and Reflective di-
mensions, and the TCREI model, consisting of Task, Context, Resources, 
Evaluate, and Iterate (Oreški et al., 2025). These frameworks integrate the 
dimensions of cognitive knowledge or skills, technical tool utilization, 
and ethical practice (Akhmadullina, 2026). The following illustration pre-
sents an adapted pedagogical example of the TCREI framework, demon-
strating how it can be used to enhance prompt quality in human–AI inter-
action and to support more accurate outputs generated by large language 
models (LLMs). 
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Figure 2.  TCREI Framework Sample for Foreign Language Education 

(adapted by the author using generative AI tools) 
 

 
 

The color coding embedded in the illustration demonstrates through a ped-
agogical approach how a complex natural language command can be de-
composed into its functional components. In the present example, the 
prompt is organized around the design of a communicative speaking ac-
tivity in German as a Foreign Language, thereby illustrating how peda-
gogical aims, learner context, linguistic resources, evaluation criteria, and 
iterative refinement can be systematically integrated into prompt con-
struction. Accordingly, prompting frameworks may contribute not only to 
improved output quality, but also to more pedagogically aligned lesson 
design, feedback generation, and instructional decision-making (Serra & 
Oliveira, 2025; Lee & Palmer, 2025; Alyahyan, 2025).  

Prompt Taxonomy 
Prompt engineering is identified as an indispensable and transformative tech-
nique utilized to enhance and extend the capabilities of large language models 
(LLMs). Fundamentally, it represents the process of eliciting desired behav-
iors from a model solely through task-specific instructions termed ‘prompts,’ 
without modifying or updating the core parameters of the model (Sahoo et al., 
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2025). Whereas traditional artificial intelligence approaches require model re-
training or extensive fine-tuning to introduce a new task, prompt engineering 
eliminates this requirement through strategic instruction design, thereby ena-
bling models to exhibit high adaptability across diverse tasks and domains. 
Prompt engineering techniques represent methods that are more complex and 
purposefully diversified compared to standard prompt frameworks. Sahoo et 
al. (2025). established a comprehensive taxonomy by classifying these 
prompt engineering techniques according to their specific objectives and 
demonstrating empirical case studies for each method. Organized based on 
application domains, the classification of prompt engineering techniques uti-
lized in large language models (LLMs) provides a detailed framework for 
customizing prompts across various pedagogical and instructional contexts. 
 

Figure 3. Taxonomy of prompt engineering techniques in LLMs 
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Note. adapted from Sahoo et al. (2025) 
The taxonomy delineates a total of 41 distinct prompt engineering tech-
niques alongside empirical case studies illustrating their respective appli-
cations. These techniques are categorized based on their application fields 
and functional objectives, spanning a comprehensive spectrum that ranges 
from foundational methods such as zero-shot prompting to highly sophis-
ticated approaches like Chain of Code. 
Prompt engineering originates with foundational techniques such as Zero-
Shot Prompting, which facilitates the adaptation of models to novel tasks 
without requiring training data, and Few-Shot Prompting, which enhances 
performance by presenting the model with several task exemplars. Over 
time, these have evolved into significantly more potent variants including 
Chain-of-Thought (CoT) Prompting, which enables the model to solve 
complex problems step-by-step in a logical sequence, and Automatic 
Chain-of-Thought (Auto-CoT) Prompting, which minimizes human inter-
vention. Additional advanced iterations encompass Self-Consistency, 
which evaluates multiple valid reasoning pathways, and Logical Chain-
of-Thought (LogiCoT) Prompting, which isolates erroneous steps through 
symbolic logic. Furthermore, to model the non-linear architecture of hu-
man cognition, Tree-of-Thoughts (ToT) Prompting utilizing branching hi-
erarchies and the highly versatile Graph-of-Thoughts (GoT) Prompting 
have been developed. The reasoning capacity of models has been exten-
sively expanded through specialized methods such as Chain-of-Table 
Prompting for tabular operations, Chain-of-Symbol (CoS) Prompting to 
overcome word-based ambiguities in text, and Self-Refine Prompting, 
wherein the model autonomously critiques and rectifies its initial output.  
To mitigate the issue of models generating unrealistic hallucinations and 
to leverage external knowledge repositories, a distinct specialized cate-
gory has been developed. Within this domain, pioneering methods include 
Retrieval-Augmented Generation (RAG), which retrieves real-time docu-
ments from external databases to provide context for the model, and Re-
Act Prompting, which executes reasoning and external actions simultane-
ously, such as utilizing the Wikipedia API. Reliability is further advanced 
through Chain-of-Verification (CoVe) Prompting, wherein the model val-
idates its own generated responses by planning verification questions, 
Chain-of-Note (CoN) Prompting, which enables the model to output an 
unknown status when retrieved external information is irrelevant, and 
Chain-of-Knowledge (CoK) Prompting, which dynamically aggregates 
information from multiple sources rather than relying on a static database. 
Additionally, fine-tuning and optimization workflows have been com-
pletely re-engineered through Active Prompting, which utilizes active 



The Transformation of the Teacher’s Role in the Age of Artificial Intelligence 
 

 175 

learning strategies to focus on ambiguous instances that the model re-
quires most, Automatic Prompt Engineer (APE), which dynamically gen-
erates optimal instructions via reinforcement learning, and Automatic 
Reasoning and Tool-use (ART), which integrates external instruments 
such as calculators into the process as automated programmatic routines. 
Innovative prompt engineering designs focusing on more complex math-
ematical problems, code generation, emotion regulation, and metacogni-
tion are also available. To enable the model to learn not only from correct 
reasoning but also from erroneous logical steps, Contrastive Chain-of-
Thought (CCoT) Prompting has been developed, whereas Emotion 
Prompting, which enhances output quality by embedding psychological 
expressions such as emphasizing the importance of the task into prompts, 
introduces a novel dimension to consistency. In coding tasks, logical pre-
cision is maximized through techniques such as Scratchpad Prompting, 
wherein the model utilizes a buffer memory for temporary computations, 
Program of Thoughts (PoT) Prompting, which translates complex numer-
ical calculations into directly executable Python code rather than natural 
language, and Chain-of-Code (CoC) Prompting, which transforms even 
semantic subtasks into pseudocode. Lastly, methods such as Rephrase and 
Respond (RaR) Prompting, in which the model reformulates the question 
to align with its own semantic framework prior to generating an answer, 
Take a Step Back Prompting, which facilitates a focus on high-level ab-
stract principles rather than specific instances, and Optimization by 
Prompting (OPRO), which effectively converts models into optimization 
engines through natural language instructions, collectively deepen the ca-
pacity of artificial intelligence to comprehend user intent and cultivate ad-
vanced insights. 

Adaptation of Prompt Engineering Techniques to Foreign Lan-
guage Education 
Current prompt engineering techniques that enhance the performance of 
large language models (LLMs) are predominantly structured around log-
ical inference, algorithmic computation, and general knowledge-based 
question-answering tasks, having been optimized on benchmarks specific 
to these domains. Upon examining this taxonomy established in the liter-
ature, it becomes evident that the aforementioned techniques are not di-
rectly ready for deployment in a specialized field such as foreign language 
education and learning, which possesses its own unique pedagogical and 
linguistic dynamics. 
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The primary function of prompt engineering resides in the strategic design 
of task-specific instructions. Consequently, for existing techniques such 
as Chain-of-Thought, Retrieval-Augmented Generation, and Emotion 
Prompting to be successful in foreign language instruction, a structural 
adaptation based on targeted foreign language skills and specific learning 
objectives is required rather than a direct transfer. Furthermore, given the 
persistent challenges that models continue to harbor, including biases, fac-
tual inaccuracies, and interpretability gaps, it is critical that these tech-
niques undergo context-specific modifications, various optimizations, and 
compliance screenings when being integrated into a highly sensitive do-
main like education. 

Developing Reliable and Source-Grounded Lesson Content 
Through Scenario-Based Prompting 
Within the field of foreign language education, a primary benefit of arti-
ficial intelligence resides in its capacity to offer alternatives tailored to 
individual learning needs by developing materials aligned with diverse 
learning styles and paces (Kessler, 2018). This section of the study eluci-
dates how decisions can be made regarding the selection of prompt engi-
neering techniques featured in the taxonomy through a specific scenario. 
In this scenario, a German language teacher intends to design a reading 
activity themed ‘Sustainable Transportation in Germany’ for B1-level stu-
dents. The educator possesses CEFR B1 learning outcomes, a brief text 
from the course textbook, and two additional resources related to the 
topic. The objective of the teacher extends beyond merely generating a 
rapid text. The core aim is to construct an instructional material that is 
source-grounded, level-appropriate, pedagogically viable, and fully veri-
fied. To achieve this objective, the following decision tree has been de-
signed and its progressive stages have been explained. 
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Figure 4.  A Decision Tree for Selecting Appropriate Prompt Engineering 
Techniques for Source-Grounded Content Generation 

 
Note. adapted by the author using generative AI tools 
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This decision tree re-functionalizes specific techniques from the prompt 
engineering taxonomy presented by Sahoo et al. (2025), most notably Re-
trieval-Augmented Generation, Chain-of-Note, Chain-of-Knowledge, 
ReAct, and Chain-of-Verification, within the context of foreign language 
education.  

Stage 1:  Source-Grounded Prompting / Document-Grounded 
Prompting  
The initial question of the decision tree is formulated as follows: “Will the 
teacher provide the source documents, texts, learning outcomes, or other 
relevant materials?” In the present scenario, the answer is affirmative be-
cause the teacher directly provides the CEFR B1 learning outcomes, the 
textbook passage, and supplementary resources to the model. Since these 
materials are supplied directly rather than retrieved from an external in-
dexed knowledge source, the appropriate approach at this stage is source-
grounded or document-grounded prompting, rather than Retrieval-Aug-
mented Generation (RAG). Source-grounded prompting constrains the 
generation process by explicitly requiring the model to rely on the mate-
rials supplied within the interaction. This distinction is particularly im-
portant in foreign language education, where instructional content may 
need to conform closely to curriculum objectives, proficiency-level de-
scriptors, textbook materials, or culturally sensitive information. Accord-
ingly, the teacher may use a prompt such as the following: 

You are an experienced German language teacher. Design a reading 
activity for B1-level students based strictly on the CEFR B1 learning 
outcomes and the textbook passage provided below. Rely exclusively 
on the supplied materials. Do not introduce factual information that 
cannot be supported by these sources. Provide a short reading passage, 
five comprehension questions, and an answer key.  

In this context, source-grounded prompting serves three primary func-
tions. First, it anchors the generated content to specific instructional ma-
terials. Second, it supports alignment between the output, curriculum ob-
jectives, and learner proficiency level. Third, it reduces the introduction 
of unsupported information beyond the materials supplied by the teacher. 
If the required information is not directly provided and must instead be 
retrieved from an external indexed source, the workflow shifts to Re-
trieval-Augmented Generation (RAG), as represented by the separate 
branch of the decision tree. 



The Transformation of the Teacher’s Role in the Age of Artificial Intelligence 
 

 179 

Stage 2: Pedagogical Adaptation of Chain-of-Note for Filter-
ing Noisy or Irrelevant Materials  
In the second stage, the teacher determines whether the available materials 
require filtering before they can be used for instructional content genera-
tion. In the present scenario, one resource contains excessive detail, 
whereas another includes information that is only partially relevant to the 
instructional objective. Under these circumstances, direct generation may 
result in unnecessary or pedagogically inappropriate content. The present 
framework therefore pedagogically adapts the logic of Chain-of-Note 
(CoN) to support the evaluation and filtering of candidate materials. Ra-
ther than treating every source fragment as equally useful, the model is 
instructed to produce concise notes identifying information that is rele-
vant, usable, and appropriate for the target proficiency level. A prompt 
may be structured as follows: 

Analyze the three sources provided below. For each source, identify 
only the information that directly contributes to the topic of sustainable 
transportation for B1-level students. Exclude information that is irrel-
evant, unnecessarily detailed, or linguistically inappropriate for the B1 
level. Present the selected information as concise notes that can sub-
sequently be used to develop the instructional material.  

Within this pedagogical adaptation, CoN does not directly generate the 
final instructional material. Instead, it functions as an intermediate filter-
ing mechanism that helps reduce informational noise and identify source 
elements relevant to the instructional objective. This may be particularly 
useful when teachers work with extensive, heterogeneous, or partially ir-
relevant materials.  

Stage 3: Using Chain-of-Knowledge to Build Structured 
Knowledge Evidence  
The third stage concerns situations in which the teacher requires more 
than simple filtering and needs the model to organize relevant information 
into structured knowledge evidence before generating an instructional 
response. In the present scenario, selected information from the CEFR 
outcomes, textbook material, and supplementary sources may contain 
facts, concepts, and relations that first need to be explicitly organized. At 
this stage, Chain-of-Knowledge (CoK) is used not merely to “combine 
several sources,” but to establish an explicit knowledge structure that can 
subsequently support reasoning and generation. The teacher may there-
fore use a prompt such as: 
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Using the relevant information identified in the previous stage, extract 
and organize the key facts, concepts, and relationships concerning sus-
tainable transportation. For each knowledge element, indicate the 
source from which it is derived. Identify any conflicting or unsup-
ported claims. Then use only the resulting structured knowledge evi-
dence to prepare the basis for a B1-level instructional text.  

The central function of CoK in this framework is therefore to establish a 
transparent knowledge basis before final content generation. Within for-
eign language education, such structured evidence may support tasks in-
volving factual explanation, cultural comparison, knowledge-supported 
reading materials, and instructional activities in which the relationship be-
tween source information and generated content must remain traceable.  

Stage 4: Implementing ReAct When Actual External Tools Are 
Required  
In the fourth stage, the decision concerns whether the model must interact 
with actual external tools or information systems while performing the 
task. These may include search engines, dictionaries, corpora, databases, 
or APIs. In the present scenario, the teacher seeks authentic examples of 
expressions such as nachhaltige Mobilität, öffentliche Verkehrsmittel, and 
Fahrradnutzung. If the AI system has genuine access to an external dic-
tionary or corpus, a ReAct-based workflow may be appropriate. ReAct 
combines reasoning with actions performed through accessible external 
tools and incorporates the resulting observations into subsequent reason-
ing. Consequently, merely instructing a model to “think like a dictionary” 
or “use corpus logic” does not constitute ReAct. The external resource 
must actually be accessible to the system. An appropriate task instruction 
could therefore be formulated as follows: 

Using the connected German dictionary or corpus tool, search for au-
thentic uses of the expressions “nachhaltige Mobilität,” “öffentliche 
Verkehrsmittel,” and “Fahrradnutzung.” Examine the retrieved exam-
ples and identify frequent or pedagogically useful collocations. Based 
on these observations, generate brief definitions and example sen-
tences that are comprehensible for B1-level learners.  

Within foreign language education, ReAct may therefore be useful when 
a task requires genuine interaction with dictionaries, corpora, search tools, 
databases, or other external resources. However, access to such tools does 
not eliminate the need for teacher supervision; retrieved information and 
generated examples must still be evaluated for linguistic accuracy, profi-
ciency-level appropriateness, authenticity, and pedagogical relevance.  
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Stage 5: Model-Assisted Chain-of-Verification Followed by 
Mandatory Teacher Review  
The final stage focuses on the systematic verification of the generated in-
structional material. Within the proposed framework, Chain-of-Verifica-
tion (CoVe) functions as a model-assisted verification mechanism ra-
ther than as a definitive guarantee of accuracy. The model is prompted to 
formulate and answer verification questions concerning its own output be-
fore producing a revised version.  

1. Verify the activity you have generated below. 
2. Is every factual claim supported by the provided or retrieved 

sources? 
3. Has any unsupported information been introduced? 
4. Are the vocabulary and structural complexity appropriate for 

CEFR B1? 
5. Are the comprehension questions consistent with the reading pas-

sage? 
6. Is the answer key accurate? Answer each verification question 

separately, identify any problems, revise the activity accordingly, 
and then provide the corrected version. 

CoVe provides an additional opportunity to identify inconsistencies, un-
supported claims, answer-key errors, or proficiency-level mismatches. 
However, model-based self-verification cannot substitute for professional 
pedagogical judgment. Therefore, mandatory teacher review constitutes 
the final validation step in the proposed decision tree. The teacher remains 
responsible for evaluating linguistic accuracy, source alignment, CEFR 
appropriateness, cultural validity, and the overall instructional suitability 
of the generated material. This emphasis also preserves the original 
study’s position that ultimate pedagogical accountability remains with the 
educator.  
Within the present scenario, the decision tree operates as a sequence of 
functionally differentiated processes. Because the teacher directly pro-
vides the CEFR outcomes, textbook passage, and supplementary materi-
als, the workflow begins with source-grounded/document-grounded 
prompting rather than RAG. Because some of these materials are exces-
sively detailed or partially irrelevant, the pedagogically adapted logic of 
Chain-of-Note is subsequently used to identify relevant information and 
reduce informational noise. Where the task requires explicit organization 
of facts, concepts, and relationships, Chain-of-Knowledge is employed to 
construct structured knowledge evidence that can support subsequent rea-
soning and generation. If authentic lexical information must be obtained 
through an actually accessible dictionary, corpus, search system, or API, 
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ReAct provides a reasoning-and-action workflow for interacting with 
those external tools. By contrast, when relevant information is not directly 
supplied by the teacher but must be retrieved from an external indexed 
knowledge source, Retrieval-Augmented Generation constitutes the ap-
propriate retrieval-based approach. Finally, the generated instructional 
material undergoes CoVe-assisted verification followed by mandatory 
teacher review, ensuring that model-based checking remains subordinate 
to professional pedagogical validation.  

Conclusion 
Rather than constituting mutually exclusive alternatives, the approaches 
represented in the decision tree support different informational and peda-
gogical requirements within the material-development process. Source-
grounded or document-grounded prompting is appropriate when teachers 
directly provide the materials on which generation should be based, 
whereas Retrieval-Augmented Generation (RAG) becomes relevant when 
task-related information must be retrieved from an external indexed 
knowledge source. Maintaining this distinction prevents direct document 
provision from being conflated with retrieval-based generation.  
Within source-rich environments, the pedagogically adapted use of 
Chain-of-Note can support the filtering of noisy, excessive, or instruction-
ally irrelevant information. Chain-of-Knowledge, by contrast, can be em-
ployed when relevant information needs to be organized as structured 
knowledge evidence before reasoning or content generation. ReAct be-
comes relevant when the instructional task requires the model to reason 
while actually interacting with external tools such as dictionaries, corpora, 
search systems, databases, or APIs. Finally, Chain-of-Verification pro-
vides a model-assisted verification stage through which generated content 
can be systematically questioned and revised; however, the final determi-
nation of linguistic accuracy, source fidelity, proficiency-level appropri-
ateness, cultural validity, and pedagogical usability remains the responsi-
bility of the teacher. Thus, the decision tree positions prompt engineering 
techniques and related generation approaches as complementary decision-
support mechanisms rather than replacements for professional pedagogi-
cal judgment.  

Declaration on the use of artificial intelligence 
ChatGPT (GPT-5.6 Sol) and Gemini were employed exclusively for lan-
guage editing and visualization. After using these tools, the author 
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thoroughly reviewed and edited the output and takes full responsibility for 
the final content of the publication. 
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A Stage-Oriented Model of AI-Personalized German 
Language Preparation from A1 to B2 

Betim Neyran Can 1 

Abstract 
Ar%ficial intelligence is no longer a peripheral concern in language educa%on; for many learners, 
it has already become part of the ordinary landscape of studying, prac%sing, and revising a new 
language. The more difficult ques%on is how that role ought to evolve as learners move from 
dependence on basic linguis%c support toward greater communica%ve and cri%cal independ-
ence. This chapter proposes a stage-oriented account of AI-supported personaliza%on in Ger-
man preparatory programmes spanning A1 to B2. Instead of equa%ng personaliza%on with an 
ever-increasing amount of automated assistance, the model links the type and intensity of sup-
port to proficiency, task purpose, learner independence, and teacher judgment. At A1–A2, AI is 
most useful when it stays close to the curriculum: short vocabulary work, pronuncia%on re-
hearsal, controlled grammar prac%ce, and predictable exchanges. At B1–B2, its role can widen 
to include comparison, revision, media%on, register awareness, argument development, and 
reflec%ve feedback. At every stage, however, pedagogical responsibility con%nues to rest with 
the teacher, par%cularly in calibra%ng difficulty, checking the quality of generated language, pro-
tec%ng meaningful human interac%on, and helping learners judge instead of simply accept AI 
output. The chapter closes by transla%ng these principles into a prac%cal framework in which 
technology remains subordinate to pedagogical purpose. 
Keywords: ar4ficial intelligence; German as a foreign language; personalized learning; CEFR; 
genera4ve AI 

 Introduction 
Generative AI has changed the practical conditions under which language 
learning now takes place. A student who is unsure about a word order 
pattern can ask for more examples immediately; another can rehearse a 
dialogue before speaking in class; a third can compare two versions of a 
paragraph and ask why one sounds more natural. Their appeal lies partly 
in their immediacy: support can appear at the exact moment a learner en-
counters difficulty. Yet immediacy should not be confused with educa-
tional value. Having more language available is not, by itself, the same as 
learning more effectively. 
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This distinction becomes especially consequential in German preparatory 
programmes. An A1 learner who is still stabilizing articles, verb position, 
and high-frequency vocabulary needs a very different kind of support 
from a B2 learner working on argumentation, register, and extended dis-
course. The same AI response may be helpful for one learner, distracting 
for another, and far beyond the independent competence of a third. The 
relevant question, then, is not how extensively a programme uses AI, but 
whether that use is developmentally appropriate for what learners can rea-
sonably understand, attempt, and evaluate. 
It is from this problem of developmental fit that the stage-oriented model 
proposed here emerges. The model deliberately begins with learning in-
stead of with a catalogue of available tools. It is the developmental move-
ment from A1 to B2 and the changing demands this places on learners: 
first building a reliable linguistic base, then managing longer stretches of 
language, making choices, interpreting context, and evaluating alterna-
tives. AI is assigned a different role as these demands change. At the lower 
levels it mainly supports practice and scaffolding; at the higher levels it 
becomes more useful as a partner for comparison, rehearsal, revision, and 
reflection. 
The position taken throughout is deliberately human-centred. Speed, 
scale, and endless variation are genuine advantages of AI, but they do not 
resolve the educational questions that matter most. Generated language 
may be fluent and still be inaccurate, culturally flat, pragmatically awk-
ward, or simply too polished to be useful for learning. A learner can like-
wise receive so much assistance that the difficult but productive part of 
the task disappears. Teacher mediation is therefore not an extra layer 
added after the technology; it is what gives the technology pedagogical 
direction (Harsch et al., 2025; Hartmann, 2024). 
Three closely connected aims structure the discussion. First, it clarifies 
what meaningful personalization can mean in German language prepara-
tion from A1 to B2. Second, it translates this understanding into a practical 
stage-oriented framework for vocabulary, grammar, pronunciation, read-
ing, writing, speaking, mediation, and self-directed learning. Third, it 
identifies the conditions under which AI use can strengthen rather than 
weaken learner agency, classroom interaction, and pedagogical coher-
ence. The focus is conceptual and practice-oriented: the purpose is not to 
claim that AI automatically improves outcomes, but to offer a principled 
way of deciding when, why, and how it may add educational value. 
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From Technological Adaptation to Pedagogical Personalization 
Personalized learning is commonly understood as the deliberate adjust-
ment of instruction in response to differences in learners’ knowledge, 
aims, interests, preferences, and pace. In language education, this may in-
volve different amounts of vocabulary support, alternative explanations 
of grammar, flexible task difficulty, targeted pronunciation practice, or 
materials connected to learners’ academic and professional purposes. 
Generative AI appears to extend these possibilities because it can respond 
immediately to a learner’s request and produce multiple versions of the 
same content. But responsiveness at the level of output should not be mis-
taken for pedagogically meaningful personalization. 
A system can simplify a text without knowing whether the simplification 
removes the discourse features a learner needs to notice. It can correct a 
sentence without knowing whether the learner understands the correction. 
It can produce an apparently B1-level dialogue whose topic, cultural as-
sumptions, or interactional demands are actually too difficult. Conversely, 
it can over-simplify language for an intermediate learner and unintention-
ally restrict development. These examples illustrate the difference be-
tween surface-level adaptation and deeper instructional alignment. The 
latter requires attention to what the learner is ready to do, what the task is 
intended to develop, how much support is productive, and what should 
remain the learner’s own cognitive work. 
From this perspective, personalization is better understood as a sequence 
of pedagogical decisions than as a built-in property of a digital system. 
The first question is not ‘What can the AI do?’ but ‘What does the learner 
need to learn next?’ The second is ‘What kind of assistance will make that 
learning more likely without replacing the learning process itself?’ Only 
then does the question of technology become relevant. Such a needs-first 
orientation matters especially in language education, where progress is 
not simply an accumulation of correct forms. Learners must gradually de-
velop control over meaning, interaction, genre, register, discourse, and 
cultural context. 
This distinction becomes especially useful when the same AI function 
may be productive in one situation and counterproductive in another. Im-
mediate correction can be useful when an A1 learner is practising a tightly 
defined verb pattern. The same correction function may be insufficient for 
a B2 argumentative text, where the most important issues concern reason-
ing, organization, rhetorical purpose, and audience. Similarly, a generated 
model answer may reduce anxiety before a beginner role-play, but a pol-
ished model essay can deprive an advanced learner of planning, drafting, 
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and revision. Pedagogically defensible personalization thus depends on 
calibrated, not maximal, assistance. 
A stage-oriented perspective makes this calibration more concrete. It links 
the degree of AI support to learners’ growing ability to interpret feedback, 
tolerate ambiguity, make linguistic choices, and reflect on those choices. 
This is consistent with the broader literature positioning learners and 
teachers as active agents who transform technology-supported activities 
rather than passively receiving automated instruction (Yang & Kyun, 
2022). Personalization becomes a relationship among learner readiness, 
task design, teacher judgment, and technological affordances. 

AI in Language Learning: Affordances and Boundaries 
The current landscape of AI-supported language learning includes a strik-
ingly broad set of functions: speech recognition, automated writing sup-
port, adaptive vocabulary practice, conversational simulation, intelligent 
tutoring, text generation, translation, summarization, and feedback. These 
tools can extend practice beyond scheduled classroom time and make ad-
ditional examples or explanations available when a teacher is not imme-
diately present. In German as a foreign language, large language models 
can likewise help structure self-study and connect independent practice 
with classroom work. 
For classroom teachers, one of the most tangible benefits is the possibility 
of differentiation. A teacher can use AI to create several versions of a 
reading text, generate glossaries, adjust question difficulty, or produce fol-
low-up tasks that require different degrees of support. Such uses can re-
duce preparation time in heterogeneous classes and make it easier to pre-
serve a shared topic while varying the linguistic demands placed on indi-
vidual learners. Differentiation is most valuable when it keeps learners 
within a common curricular and social environment rather than sending 
each student down an isolated pathway. 
Formative feedback provides another productive, though more compli-
cated, area of use. AI often identifies recurring grammatical, lexical, 
spelling, and syntactic problems and provide rapid reformulations. This 
immediacy can be motivating and can help learners notice patterns in their 
own production. Yet automated feedback is uneven. It may identify a 
grammatically possible expression without recognizing that it is pragmat-
ically odd, too formal, culturally narrow, or inconsistent with the intended 
meaning. It may also privilege sentence-level correctness over coherence, 
argumentation, and rhetorical effectiveness (Renandya & Floris, 2024). 
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Feedback is therefore useful only when learners can understand it and 
when it remains connected to an explicit learning objective. 
Rehearsal can be equally valuable, especially for learners who benefit 
from a private first attempt before speaking in front of others. Conversa-
tional systems can simulate everyday situations, interviews, complaints, 
negotiations, or discussions. For learners who are hesitant to speak pub-
licly, such rehearsal may lower the threshold for participation and allow 
repetition without embarrassment. It can also provide additional practice 
when access to proficient speakers is limited. Still, a simulated conversa-
tion is not equivalent to interpersonal communication. AI does not bring 
lived experience, genuine intentions, emotional accountability, or the un-
predictability of a human interlocutor. Its best use is often preparatory: 
learners rehearse with AI and then transfer the language to pair work, role-
play, debate, or collaborative problem-solving. 
With increasing proficiency, mediation and text transformation create a 
qualitatively different space for learning. Learners may compare an orig-
inal text with an AI-generated summary, identify what has been omitted, 
adapt information for a different audience, or evaluate whether a cultur-
ally specific meaning has been preserved. These activities are particularly 
promising because they make AI output an object of language work in-
stead of a ready-made answer. Hartmann similarly highlights the potential 
of AI applications to support mediation in German as a foreign language. 
The pedagogical gain lies not in accepting the generated version, but in 
examining and transforming it. 
These affordances, however, come with clear limits. AI may hallucinate 
facts, generate unnatural collocations, reproduce bias, or present uncertain 
claims with confidence. It can likewise encourage dependency if learners 
habitually ask it to translate, formulate, or rewrite before attempting a task 
themselves. Responsible integration therefore requires an explicit division 
of labor: AI can expand opportunities for practice and comparison, but 
learners remain responsible for meaning and teachers remain responsible 
for pedagogical quality, cultural context, and ethical oversight. 

The Stage-Oriented Model 
The model developed here brings together three interdependent dimen-
sions of AI-supported German preparation: learner proficiency, instruc-
tional purpose, and degree of teacher mediation. CEFR levels provide a 
developmental reference point, but they are not treated as rigid boxes. 
Learners at the same nominal level may differ in vocabulary size, pronun-
ciation, confidence, literacy, prior schooling, and ability to work 
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independently. The model thus uses CEFR stages as a planning frame-
work while preserving room for individual variation. 
The first principle is developmental alignment. AI-supported tasks should 
match the linguistic and cognitive demands learners can reasonably man-
age. At A1 and A2, this usually means short input, familiar topics, limited 
lexical range, predictable interaction, and explicit models. At B1 and B2, 
tasks can involve longer texts, multiple perspectives, more open-ended 
interaction, register choices, implicit meaning, and independent revision. 
The second principle is purposeful assistance. Every use of AI should 
have a named function: retrieval practice, pronunciation rehearsal, gram-
mar reinforcement, idea organization, cohesion review, register compari-
son, or another clearly defined purpose. Unrestricted use makes it difficult 
to know whether technology is supporting learning or simply completing 
work. 
Learner autonomy, similarly, should be developed progressively instead 
of taken for granted. Beginners need stronger external control because 
they often lack the linguistic knowledge required to judge AI output. As 
proficiency develops, learners can be given more responsibility for 
prompting, evaluating, rejecting, and revising generated suggestions. This 
does not mean teacher mediation steadily disappears. Rather, it changes 
form. At A1, mediation may involve pre-selecting vocabulary and check-
ing every model sentence. At B2, it may involve asking learners to defend 
why they accepted one reformulation and rejected another. 
Equally important is a deliberate return to human interaction. Individual 
AI-supported practice should return to human communication. A vocab-
ulary drill should feed into a pair exchange; an AI-supported reading 
should lead to discussion; a revised paragraph should be peer-reviewed; a 
simulated negotiation should be performed with classmates. This princi-
ple protects the social nature of language learning and prevents personal-
ization from becoming isolation. It also makes the classroom the place 
where language is tested against real interlocutors, competing interpreta-
tions, and unpredictable responses. 
The final principle is reflective verification. Learners should gradually 
learn that fluent AI output is not self-validating. They need routines for 
checking accuracy, appropriateness, evidence, and register. At lower lev-
els, verification may be as simple as comparing a correction with a 
teacher-approved model. At higher levels, it can involve consulting dic-
tionaries and course materials, checking claims against reliable sources, 
comparing alternative formulations, and explaining the pragmatic conse-
quences of different choices. In this way, AI literacy develops alongside 
language proficiency rather than as a separate technical skill. 
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A1–A2: AI as Structured Scaffolding 
At A1 and A2, the central task is still foundational: learners are trying to 
make a relatively small linguistic repertoire dependable enough for eve-
ryday use. High-frequency vocabulary must become retrievable; basic 
sentence patterns must become familiar; pronunciation needs repeated 
practice; and routine communicative exchanges need to become manage-
able. At this point, AI is most useful not because it is creative, but because 
it can make carefully bounded practice repeatedly available. It can provide 
many short opportunities to repeat, retrieve, listen, notice, and try again at 
an individual pace. 
Vocabulary work illustrates the point particularly well. Rather than asking 
an AI system to ‘teach German vocabulary,’ the teacher can specify a 
small lexical set connected to the current unit and ask for controlled re-
trieval tasks. One learner may need extra practice with family members, 
another with classroom objects, and another with time expressions. The 
content remains aligned with shared curricular goals, but the amount and 
focus of practice vary. AI can generate matching items, cloze sentences, 
simple categorization tasks, or short question-and-answer exchanges. The 
teacher still needs to verify the lexical choices and prevent the system 
from introducing unnecessary synonyms or low-frequency items. 
Grammar practice benefits from the same kind of boundary-setting. A1 
learners may practise verb position, present-tense conjugation, articles, 
negation, or simple accusative structures using teacher-approved sentence 
frames. A2 learners can gradually work with modal verbs, separable 
verbs, common past-tense forms, subordinate clauses, and routine com-
parisons. What matters here is the possibility of targeted repetition. If a 
learner repeatedly misplaces the verb, the system can generate a small set 
of sentence-building tasks focused on that pattern. The task should remain 
short enough for the learner to notice the form rather than become over-
whelmed by new vocabulary. 
Pronunciation is another area in which individualized rehearsal can be 
genuinely useful. Learners may rehearse short words and phrases, com-
pare their production with a model, and repeat difficult sound combina-
tions. Speech-recognition systems can provide additional feedback, but 
their judgments should not be treated as definitive. Accent variation, mi-
crophone quality, and system limitations can affect results. The teacher 
still needs to identify which pronunciation features are communicatively 
important and to prevent learners from interpreting a software score as an 
absolute measure of intelligibility. 
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Short conversational rehearsals work best when the communicative pur-
pose is familiar and the interaction remains reasonably predictable. A1 
learners can practise introducing themselves, ordering food, asking for a 
price, or giving a simple direction. A2 learners can handle slightly longer 
exchanges involving appointments, travel problems, invitations, past ex-
periences, or routine complaints. The system can be asked to keep its turns 
short, use known vocabulary, and avoid suddenly increasing complexity. 
After rehearsal, learners should perform a related exchange with a peer, 
where timing, misunderstanding, and spontaneous response become part 
of the task. 
In classroom practice, this can produce a straightforward but pedagogi-
cally purposeful A1–A2 sequence. First, the teacher introduces the target 
language and provides a reliable model. Second, learners complete a nar-
rowly defined AI-supported practice activity at a pace suited to their 
needs. Third, they compare their responses with a teacher-approved refer-
ence and mark anything they do not understand. Fourth, the class returns 
to pair or group communication, where the target language is used for a 
meaningful purpose. AI thus increases the quantity of practice without 
becoming the source of curricular direction. 
The principal risk at beginner levels is epistemic vulnerability: beginners 
often cannot tell when an AI response is inaccurate, unnatural, or too ad-
vanced. They may internalize a plausible-looking form simply because it 
is presented fluently. For that reason, beginner prompts should be con-
strained, generated materials should be checked, and explanations should 
use language learners can understand. Personalization at A1 and A2 
should primarily adjust pace, repetition, focus, and the amount of scaf-
folding—not replace common learning outcomes or teacher guidance. 

B1–B2: AI as a Resource for Reflection and Communicative 
Expansion 
By B1 and B2, the pedagogical value of AI begins to shift. Learners are 
no longer working only toward accurate isolated sentences; they must sus-
tain interaction, organize longer texts, explain viewpoints, interpret inten-
tions, adapt register, and connect ideas coherently. They also possess 
more linguistic resources with which to question the output they receive. 
At this point, AI can move from tightly controlled scaffolding toward 
guided comparison, revision, rehearsal, and reflection. 
Reading makes this shift especially visible. At B1, learners can work with 
adapted or authentic short texts such as announcements, interviews, news 
items, blogs, or informational webpages. AI may generate a glossary, 
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identify potentially difficult expressions, or create comprehension ques-
tions, but learners should first attempt the text independently. Only after-
ward should they consult AI for clarification. This sequence preserves in-
ferencing and reading strategies. At B2, learners can compare perspec-
tives, identify implicit claims, examine tone, or ask how the same content 
might be framed for different audiences. AI-generated interpretations 
should remain provisional and be checked against the source text and 
classroom discussion. 
Writing support should undergo a similar change: the emphasis can move 
away from simple correction and toward inquiry. At B1, AI may help 
learners examine paragraph organization, topic sentences, cohesion, re-
peated vocabulary, and common grammatical patterns. The learner should 
produce the first draft. The system may then identify unclear transitions 
or ask questions about missing information, but it should not simply re-
place the draft with a polished version. At B2, learners can use AI to test 
the clarity of a thesis, compare alternative structures, explore register, or 
receive questions that expose weaknesses in reasoning. The most produc-
tive prompt is often not ‘Rewrite this better’ but ‘Which parts of my ar-
gument are unclear, and what questions should I answer before revising?’ 
This distinction is important because polished output can create the ap-
pearance of development without demonstrating corresponding learner 
control. When AI produces an elegant paragraph, the text may exceed the 
learner’s independent repertoire. The learner may submit a stronger prod-
uct while developing little control over the language that created it. A 
learning-oriented approach therefore requires visible decision-making. 
Students should identify which suggestions they accept, which they reject, 
and why. They can compare first and final drafts and briefly explain how 
particular revisions improved precision, cohesion, or appropriateness. 
Such procedures turn feedback into metalinguistic reflection (Joo, 2024; 
Zeevy-Solovey, 2024). 
Speaking work at B1 and B2 can afford considerably more unpredictabil-
ity. Learners may rehearse agreement and disagreement, complaints, ad-
vice, interviews, negotiations, or discussion of social issues. At B2, sim-
ulations can include ambiguity, follow-up questions, changes of topic, or 
competing viewpoints. Yet the endpoint should still be human interaction. 
A learner might use AI to prepare a position for a debate, but the debate 
itself should require listening to classmates, responding to unexpected ar-
guments, and adjusting language in real time. These are precisely the so-
cial and strategic dimensions that automated interaction cannot fully re-
produce. 
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Mediation and register awareness become particularly fertile areas for 
work at these levels. Learners may ask AI to reformulate the same mes-
sage for a friend, a university office, a workplace, or an academic audi-
ence and then compare the results. They can identify where politeness, 
directness, lexical choice, or sentence structure changes and discuss 
whether the generated version is actually appropriate. Similarly, learners 
can summarize a German text for a different audience, compare their ver-
sion with an AI-generated one, and evaluate what information was lost or 
distorted. Such tasks make cultural and pragmatic judgment visible rather 
than treating language as a set of interchangeable sentences. 
The learning sequence at B1–B2 can therefore become more open-ended: 
independent attempt, narrowly defined AI consultation, evaluation of the 
output, learner-led revision, and human interaction or reflection. The in-
dependent attempt is crucial because it establishes what the learner can do 
without assistance. The AI consultation then becomes diagnostic and 
comparative instead of substitutive. Evaluation requires the learner to 
judge accuracy, relevance, register, and usefulness. Revision returns re-
sponsibility to the learner, and the final human stage connects individual-
ized support with the social purposes of language. 
As learners become more independent, personalization can likewise re-
spond more directly to their academic, professional, and personal pur-
poses. A student preparing for academic study may need formal email 
writing and seminar discussion; another may need workplace interaction; 
another may be preparing for a proficiency examination. AI may help gen-
erate context-specific practice while the teacher ensures that the tasks re-
main linguistically appropriate and connected to the program’s outcomes. 
Personalization therefore becomes richer as proficiency grows, but it 
should also become more demanding: greater technological freedom must 
be accompanied by greater critical responsibility. 

Teacher Mediation in Mixed-Level German Preparatory      
Programs 
Few contexts make the practical case for AI-supported differentiation as 
clearly as the mixed-level classroom. Teachers often need to maintain a 
common syllabus while responding to learners who differ in speed, con-
fidence, prior exposure, and skill profiles. AI may help vary the amount 
of support without requiring entirely separate lesson plans. The key is to 
preserve shared communicative goals. Learners may discuss the same 
topic, solve the same problem, or work toward the same final task while 
receiving different forms of preparation. 
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For instance, a common lesson on sustainable travel might provide A2 
learners with a short text, a vocabulary bank, and sentence starters, while 
B1 learners work with a longer text and more open questions. In a B1–B2 
group, one set of learners might receive guiding questions and a cohesion 
checklist, while more advanced learners compare competing viewpoints 
and evaluate register. AI can generate these variants quickly, but the 
teacher decides what counts as an appropriate difference. The purpose is 
not to individualize everything; it is to remove unnecessary barriers while 
keeping learners connected to one another. 
Flexible group roles can extend this inclusive logic. In group tasks, learn-
ers can act as summarizer, questioner, language monitor, evidence 
checker, or discussion leader. AI can help prepare a learner for a particular 
role, but the role is performed within a human group. This arrangement 
makes differentiation socially productive. Learners contribute at different 
levels of complexity while still participating in a common communicative 
event. 
Teacher mediation remains indispensable because automatically gener-
ated differentiation is not reliably well calibrated. A supposedly easier 
version may contain unfamiliar idioms; a generated B2 task may be cog-
nitively simple despite complex vocabulary; a cultural example may be 
inappropriate for the learners’ context. Teachers thus need to evaluate 
generated materials not only for grammatical correctness but also for con-
ceptual difficulty, discourse demands, cultural assumptions, and curricu-
lar fit. This is pedagogical work, not merely quality control. 
A useful way to describe the teacher’s role here is orchestration. The 
teacher decides when AI should be used, how much assistance it should 
provide, when learners should work independently, and when the class 
should return to shared interaction. This orchestration prevents the class-
room from fragmenting into a collection of private learner-machine ex-
changes. It also ensures that technology serves the learning sequence in-
stead of determining it. As research on AI-supported language education 
repeatedly suggests, effective integration depends on the relationship 
among tools, tasks, teachers, and learners rather than on the technology in 
isolation. 

Learner Autonomy, Prompt Literacy, and Productive Struggle 
AI is frequently linked with learner autonomy, largely because explana-
tions, examples, and additional practice can be accessed on demand. 
Learners may decide when to ask for help, how many examples to request, 
and which difficulty to revisit. This flexibility can strengthen self-regula-
tion, particularly when learners are taught to set goals, monitor recurring 
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errors, and reflect on progress. Yet access to instant assistance can also 
produce the opposite effect. If learners routinely outsource planning, 
translation, formulation, and revision, they may become less willing to 
tolerate uncertainty and less capable of independent performance. 
For this reason, the boundary between assistance and substitution is cen-
tral to the model. Productive language learning involves moments of dif-
ficulty: retrieving a word, deciding between structures, organizing an ar-
gument, or trying to understand a text before reaching for a translation. 
These moments are not inefficiencies to be eliminated. They are often the 
points at which noticing, hypothesis testing, and self-regulation occur. A 
responsible AI pedagogy should preserve enough productive struggle for 
learning to remain cognitively active. 
A practical principle follows from this: attempt before assistance. Learn-
ers first produce a sentence, interpretation, outline, or draft. Only then do 
they consult AI for a specified purpose. A second rule is ‘explain the 
change.’ If learners accept a correction or reformulation, they should be 
able to state what changed and why. A third is ‘verify when stakes are 
high.’ Claims, unfamiliar expressions, and culturally sensitive formula-
tions should be checked against reliable sources, dictionaries, course ma-
terials, or teacher guidance. These routines make AI use visible as part of 
learning rather than an invisible shortcut. 
Prompt literacy forms one part of this developing autonomy. Effective 
prompts require learners to articulate the task, level, purpose, constraints, 
and kind of feedback they need. In this sense, prompting can become a 
metacommunicative competence: learners must think about what they are 
trying to do with language before they can ask the system for useful as-
sistance. At the same time, prompt skill should not be romanticized as a 
purely technical competence. A well-written prompt cannot guarantee an 
accurate or pedagogically appropriate response. Critical evaluation re-
mains more important than prompt elegance. 
Responsibility for prompting can therefore be transferred gradually as 
learners progress from A1 toward B2. Beginners may work with teacher-
provided prompts such as ‘Ask me five A1 questions about my daily rou-
tine. Use only present tense and short sentences.’ Intermediate learners 
can modify prompts, specify the type of feedback they want, and compare 
different outputs. By B2, learners can design prompts that ask for coun-
terarguments, register comparisons, or diagnostic questions instead of fin-
ished products. The development of autonomy is therefore not a with-
drawal of guidance but a gradual transfer of informed decision-making. 
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Risks, Ethics, and Conditions for Responsible Use 
A credible model of AI-supported personalization has to begin from a 
simple fact: generative systems are fallible. They can produce factual in-
accuracies, invented references, unnatural language, and confident expla-
nations that are incomplete or wrong. In language education, these errors 
are especially consequential because learners may not possess the 
knowledge needed to detect them. Beginners are vulnerable to internaliz-
ing incorrect forms; more advanced learners may be misled by subtle 
problems of register, collocation, or pragmatics. Teacher verification and 
learner checking routines are thus core pedagogical requirements, not op-
tional safeguards. 
Questions of bias and cultural representation are no less important. AI 
systems may reproduce dominant linguistic norms or present one variety 
of German as universally appropriate. They may flatten regional, social, 
or intercultural variation and generate stereotyped examples. A human-
centered approach treats such output critically. Teachers may sometimes 
turn problematic responses into learning material by asking students to 
identify assumptions, compare alternatives, or discuss why a formulation 
may be acceptable in one context but not another. This transforms an AI 
limitation into an opportunity for sociolinguistic awareness, provided that 
the teacher can safely and accurately frame the discussion. 
Privacy introduces a further institutional and ethical concern. AI-sup-
ported platforms may collect writing samples, speech recordings, interac-
tion histories, and other learner data. Institutions should consider what in-
formation is collected, where it is stored, who can access it, and whether 
learners understand the implications of use. Sensitive personal infor-
mation should not be required for routine language practice. Responsible 
implementation also means choosing tools and procedures that are con-
sistent with institutional data-protection requirements (Mohamed, 2024; 
Häußler et al., 2026). 
Academic integrity and assessment, meanwhile, require policies that are 
explicit enough for both teachers and learners to understand. If AI is per-
mitted for brainstorming, language checking, or formative feedback, 
learners should know what must be acknowledged and what remains their 
own responsibility. If a task is intended to measure independent writing 
or speaking, unrestricted AI assistance can undermine validity. Assess-
ment design may therefore need to include process evidence, in-class pro-
duction, oral follow-up, reflection on revisions, or documented use of AI. 
The aim is not merely to detect AI use but to align assessment with the 
competence the program intends to measure (Joo, 2024). 
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A less visible, but equally significant, risk is that social learning can grad-
ually be weakened. Language is learned through relationships, shared at-
tention, negotiation of meaning, repair, emotion, and participation in com-
munities. AI can simulate aspects of dialogue, but it does not eliminate 
the need for genuine interaction. If personalization leads learners to spend 
more time in private exchanges with a system and less time responding to 
peers, an apparent increase in individualized practice may come at the cost 
of communicative development. The model proposed here thus treats hu-
man interaction as non-negotiable. AI prepares, extends, or supports com-
munication; it does not become the primary social environment of lan-
guage learning. 
In practical terms, responsible integration can be anchored in five condi-
tions: developmental appropriateness, transparency of purpose, verifica-
tion of output, preservation of learner agency, and reintegration into hu-
man communication. These conditions shift attention away from whether 
AI is inherently ‘good’ or ‘bad’ and toward the quality of the pedagogical 
decisions surrounding it. They also provide institutions with a practical 
basis for teacher training and local policy. 

Implications for Curriculum, Assessment, and Teacher               
Development 
These principles also have direct implications for curriculum design. AI 
activities should not appear as isolated digital extras but should be mapped 
onto existing learning outcomes. At A1 and A2, curriculum documents 
can identify where controlled AI practice may support vocabulary, pro-
nunciation, grammar, and routine interaction. At B1 and B2, they can 
specify where AI may support planning, revision, mediation, register 
awareness, or discussion preparation. This mapping helps prevent tool-
driven teaching and makes it easier to evaluate whether a particular use 
actually contributes to progression. 
AI literacy should likewise be treated as developmental instead of as a 
one-off technical orientation. Beginners need simple rules: do not trust 
every answer, use teacher-approved prompts, and compare corrections 
with course models. Intermediate learners can learn to request specific 
kinds of feedback, identify recurring errors, verify unfamiliar language, 
and document revisions. By B2, learners should be able to question AI-
generated claims, evaluate pragmatic appropriateness, compare registers, 
and explain how AI assistance affected their final product. AI literacy thus 
becomes intertwined with linguistic and metacognitive development. 
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Assessment design needs to distinguish clearly between learning with AI 
and demonstrating competence independently. Formative activities may 
encourage AI-supported feedback because the purpose is improvement. 
Summative tasks may require restricted or no AI use when independent 
performance is the construct being assessed. Between these poles, learn-
ing-oriented assessment can ask students to submit an initial draft, a rec-
ord of selected feedback, a revised version, and a short rationale. Such 
designs make decision-making visible and reward critical revision instead 
of invisible dependence. 
Sustained teacher development is the condition that makes these curricu-
lar ambitions realistic. Training should move beyond demonstrations of 
popular tools. Teachers need opportunities to evaluate generated materi-
als, calibrate CEFR difficulty, design prompts with clear pedagogical pur-
poses, recognize bias and hallucination, address privacy and academic in-
tegrity, and decide when a non-AI activity is preferable. They also need 
time to share examples of successful and unsuccessful use. Professional 
judgment develops through comparison, reflection, and adaptation, not 
through a checklist of applications (Häußler et al., 2026; Renandya & Flo-
ris, 2024). 
Institutions can make this work more sustainable by establishing transpar-
ent guidelines while allowing room for small-scale, evidence-informed 
experimentation. A sustainable approach does not require every teacher 
to use AI in every lesson. It requires a shared framework for deciding 
when the technology adds value and how risks will be managed. This is 
particularly important in preparatory programs, where curricular coher-
ence and equitable access matter. Students should not be disadvantaged 
because they have less experience with AI tools, weaker devices, or lim-
ited access outside class. 
Curriculum planning should also protect spaces that are intentionally and 
irreducibly human. Seminar discussion, peer feedback, role-play, collab-
orative writing, oral presentations, teacher conferences, and intercultural 
reflection are not residual practices left over from a pre-AI classroom. 
They are central sites of language development. The purpose of AI inte-
gration is to make these interactions better prepared, more accessible, or 
more reflective—not to reduce their importance. 

A Practical Implementation Framework 
For classroom use, the model can be expressed as a recurring pedagogical 
cycle: diagnose, design, attempt, assist, evaluate, interact, and reflect. The 
cycle begins with diagnosis. The teacher identifies a specific learning 
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need: perhaps article use at A1, word order at A2, paragraph cohesion at 
B1, or register and argumentation at B2. Diagnosis prevents the technol-
ogy from becoming the starting point. 
The design stage determines whether AI is appropriate and, if so, what it 
is allowed to do. The teacher defines the target language, expected output, 
level of complexity, and boundaries of assistance. At lower levels, 
prompts are likely to be teacher-provided and tightly constrained. At 
higher levels, learners can participate in prompt design. The attempt stage 
then requires learners to do something before receiving automated help. 
This may be a first answer, a short recording, an interpretation, an outline, 
or a draft. 
During the assist stage, AI performs a narrow function. It may generate 
extra retrieval items, highlight a recurring pattern, ask diagnostic ques-
tions, offer alternative formulations, or simulate a brief exchange. The 
evaluate stage requires the learner to judge the output. Is it correct? Is it 
understandable? Does it fit the intended register? Does it preserve the in-
tended meaning? At A1, evaluation may rely heavily on a teacher-ap-
proved key. At B2, it can become an open comparative task. 
The interaction stage returns the language to people. Learners use the pre-
pared material in pair work, discussion, peer review, role-play, presenta-
tion, or collaborative problem-solving. Finally, reflection asks what 
changed. Learners may identify one useful correction, one rejected sug-
gestion, one recurring difficulty, and one goal for the next task. This short 
reflection is important because it turns a sequence of tool use into a se-
quence of learning decisions. 
The framework is intentionally platform-agnostic. Platforms will change, 
features will be added, and institutional access will vary. A pedagogical 
model should remain useful despite those changes. By anchoring deci-
sions in proficiency, purpose, mediation, verification, and human interac-
tion, teachers can evaluate new systems without redesigning their educa-
tional philosophy around each technological development. 
A stage-oriented perspective challenges two assumptions that recur in dis-
cussions of AI and language education. The first is that more personaliza-
tion is automatically better. In practice, excessive personalization can 
fragment the curriculum, isolate learners, and make it difficult to sustain 
common standards. The second is that learner autonomy increases when-
ever teacher control decreases. In reality, learners may become more de-
pendent when powerful tools provide answers too quickly. Meaningful 
autonomy requires informed choices, critical evaluation, and responsibil-
ity for one’s own language production. 
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Within this model, scaffolding and autonomy are not opposites; they be-
long to the same developmental process. At A1 and A2, stronger teacher 
control is not a limitation on personalization; it is what makes personali-
zation safe and comprehensible. At B1 and B2, greater learner freedom is 
productive only when learners have developed the linguistic and critical 
resources to use it. This helps reconcile two priorities that are sometimes 
presented as opposites: individualized support and teacher-led pedagogi-
cal coherence. 
The same perspective also reframes the relationship between teacher and 
AI. AI can assume some routine functions—generating additional exam-
ples, varying practice, or offering first-pass feedback—while the teacher 
concentrates on interpretation, interaction, cultural meaning, motivation, 
and higher-order feedback. This is not a simple transfer of labor from 
teacher to machine. It is a redistribution that requires the teacher to design 
the boundaries of automation. The more fluent and persuasive AI be-
comes, the more important professional judgment becomes in deciding 
when fluency is pedagogically useful and when it conceals a problem. 
The insistence on social reintegration is particularly important. Personal-
ized digital practice is often imagined as an individual activity. Yet lan-
guage competence is fundamentally relational. Learners need to experi-
ence misunderstanding, turn-taking, disagreement, repair, humor, hesita-
tion, and the need to adapt to another person. AI may help learners prepare 
for these moments, but it should not remove them. The most promising 
model is therefore hybrid: individualized technological support feeds into 
shared human activity. 
This orientation also makes the model more resilient to rapid technologi-
cal change. Research will continue to evaluate new systems, and their ca-
pabilities will evolve. A durable pedagogical framework cannot depend 
on the assumption that a particular model will always make the same er-
rors or have the same strengths. What can remain stable are the educa-
tional questions: What is the learner trying to learn? What should the 
learner do independently? What assistance is appropriate? How will the 
output be checked? Where will human interaction occur? What evidence 
will show that learning, instead of task completion, has taken place? 
Because this is a conceptual chapter, it does not claim causal evidence that 
the proposed model itself produces gains in proficiency. Its value lies in 
organizing existing concerns and affordances into a coherent set of deci-
sions for German preparatory education. Future empirical work should 
test stage-sensitive tasks across proficiency levels, examine how different 
feedback arrangements affect independent performance, and explore how 
learners’ AI literacy develops over time. Longitudinal research is 
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particularly important because short-term improvements in a revised 
product may not translate into durable language development (Godwin-
Jones, 2024; Pham & Renandya, 2026). 

Conclusion 
AI can undoubtedly make German preparatory education more flexible 
and responsive. Neither quality, however, is a pedagogical achievement 
in itself. What matters is whether the support fits the learner’s present 
competence and still leaves room for effort, judgment, and interaction. 
Between A1 and B2, learners do more than accumulate vocabulary and 
grammar. They gradually become able to sustain discourse, read context, 
make pragmatic choices, evaluate feedback, and take greater responsibil-
ity for their own language use. 
For beginners, the implication is straightforward: AI should remain 
closely tied to clearly defined learning goals. Controlled vocabulary prac-
tice, pronunciation rehearsal, grammar reinforcement, and short dialogues 
can provide useful extra practice when the language has been checked and 
the task remains manageable. At B1 and B2, the same technology can be 
used less as a source of answers and more as a resource for questioning: 
comparing formulations, testing a line of argument, examining register, 
revising a text, or preparing for extended interaction. 
Across the progression from A1 to B2, the teacher is the person who keeps 
the larger pedagogical picture coherent. Teachers decide what matters, 
how difficult a task should be, when generated material is trustworthy 
enough to use, and when students need to leave the screen and talk to one 
another. They also make visible a lesson that is easy to forget when AI 
writes fluently: a convincing answer is not necessarily a correct or appro-
priate one. Learners, for their part, need opportunities to develop the con-
fidence to question suggestions, reject them, and explain their own 
choices. 
The aim, then, is not to give AI progressively more space simply because 
learners have reached a higher level. Its role should become more intel-
lectually demanding. A useful progression moves from repetition toward 
reflection, from accepting corrections toward weighing alternatives, and 
from dependence on automated support toward informed agency. Used in 
this way, AI can widen the range of practice available in German prepar-
atory education without displacing the teacher, the peer group, or the 
learner’s own responsibility for learning. 
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Table 1. Stage-Oriented AI Personalization from A1 to B2 

Stage Primary 
learner need 

Appropriate 
AI role 

Teacher me-
diation 

Learner re-
sponsibility 
 

A1 Foundational 
vocabulary, 
basic pat-
terns, confi-
dence 

Controlled 
repetition, 
pronuncia-
tion models, 
short drills 
and dia-
logues 

High: prese-
lect lan-
guage, con-
strain 
prompts, 
verify out-
put 

Attempt 
short forms; 
compare with 
approved 
models 

A2 Expansion of 
routine com-
munication 
and grammar 

Targeted 
practice, 
guided dia-
logue, simple 
feedback 

High to 
moderate: 
calibrate 
complexity 
and explain 
corrections 

Notice pat-
terns; ask 
limited fol-
low-up ques-
tions 

B1 Coherent 
texts, interac-
tion, strategy 
use 

Guided revi-
sion, com-
prehension 
support, re-
hearsal 

Moderate: 
define pur-
pose, moni-
tor feed-
back, con-
nect to peer 
work 

Produce first; 
evaluate sug-
gestions; jus-
tify revisions 

B2 Argumenta-
tion, register, 
mediation, 
pragmatic 
judgment 

Comparative 
feedback, 
counterargu-
ments, regis-
ter analysis, 
complex sim-
ulation 

Strategic: 
challenge in-
terpreta-
tions, sup-
port cul-
tural/prag-
matic evalu-
ation 

Verify, reject 
or adapt out-
put; defend 
independent 
choices 

Declaration of Artificial Intelligence Usage 
In preparing this work, I used various artificial intelligence (AI) applica-
tions to support proofreading, language and style editing, text refinement, 
preliminary research, brainstorming, and draft organization. All AI-as-
sisted content was critically reviewed, verified, and revised by me. I take 
full responsibility for the originality, accuracy, academic integrity, and 
final content of this work. 
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AI-Driven Learning Analytics for French Language 
Materials Design across CEFR levels A1 to B1 

Fayrouz Merabti 1 

Abstract 
This chapter explores how AI-driven learning analy%cs connect learner data with the adapta%on 
of French language materials across CEFR levels A1 to B1. Moving beyond fixed resources, it 
proposes a con%nuous, data-informed cycle where student interac%on generates data, AI anal-
yses the paHerns, and teachers use these insights to evolve materials. The applica%on scales 
with proficiency: iden%fying founda%onal difficul%es for structured A1 materials, guiding com-
munica%ve ac%vi%es at A2, and suppor%ng extended produc%on, problem-solving, and auton-
omy at B1. Crucially, AI acts as a collabora%ve tool that supports rather than replaces teachers, 
who retain responsibility for ensuring pedagogical appropriateness, cultural relevance, and 
alignment with CEFR standards. Finally, addressing cri%cal challenges such as data privacy, bias, 
and the limits of measurable indicators, the chapter argues that analy%cs should inform rather 
than dictate design. Ul%mately, it advocates shi3ing from designing materials for learners to 
designing materials with evidence from learners, merging AI efficiency with teacher exper%se 
to create truly adap%ve resources. 
Keywords: ar4ficial intelligence; learning analy4cs; French language educa4on; materials de-
sign; CEFR 

Introduction  
AI has progressed from a nascent technological opportunity to an increas-
ingly prominent part of learning practice. AI systems are employed in lan-
guage education for conversational practice, feedback, content produc-
tion, language analysis, assessment, personalisation, and designing learn-
ing activities. A recent scoping review of generative artificial intelligence 
(GenAI) in language learning and language teaching has revealed a devel-
oping research stream as well as unanswered questions about effective-
ness, ethics, specific language interventions, stakeholders, and teacher de-
velopment (Law, 2024). More recent literature shows that although AI 
research in language learning has grown significantly since the advent of 
generative AI, it has been limited to certain languages, skills, learner 
groups and research designs (Wang et al., 2026). While these developments 
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seem to make AI increasingly relevant to the design of language materials, 
they do not, by themselves, make its role in education obvious. 
The question raised in this chapter is, then, not whether AI can create lan-
guage-learning materials. Modern AI programmes can create exercises, 
explanations, dialogues, prompts, texts, questions, feedback and alternate 
versions of learning activities. The research on AI in foreign language ed-
ucation has been a vast area which lists a variety of functions such as lan-
guage practice, content generation, voice and audio applications, text gen-
eration, feedback, gamification, and course development (Kır & Tekin, 
2025). A more significant question is whether these technological capac-
ities can be linked systematically to evidence that can be found of what 
learners are doing and what they are learning. The pedagogical problem 
is not just about how to produce more, it’s about what, for whom, why 
and based on which evidence. 
One potential connection between learner activity and pedagogical deci-
sion-making is provided by learning analytics. Traditionally, the measure-
ment, collection, analysis, and reporting of data related to learners and 
learning environments have been the focus of learning analytics (Hernán-
dez-de-Menéndez et al., 2022; Yılmaz & Çakır, 2021). A wide variety of 
analytical techniques and possible applications have also been identified 
such as visualization, semantic analysis, educational data mining, predic-
tion, clustering, curriculum development, personalized learning, and anal-
ysis of learner behaviour (Nunn et al., 2016). The literature also points to 
methodological, ethical, interpretive, and privacy issues with it, however. 
So, it is not a rule that the more learner data, the more pedagogical 
knowledge. 
This separation is especially crucial when paired with AI in the context of 
learning analytics. AI can accelerate the speed and scale at which learner 
data can be processed and can assist in the creation of potential instruc-
tional responses. The recent meta-analysis indicates that the benefits of 
AI-supported language-learning interventions can be positive for multiple 
language outcomes, but with varying degrees of impact depending on var-
ious contextual, instructional, and social-emotional moderators (Wu, 
2024). Meanwhile, a 20-year review of the literature revealed significant 
gaps in the research, such as small sample sizes, brief interventions, a fo-
cus on English reading and writing skills, lack of diversity in contexts, 
and methodological opacity (Wang et al., 2026). It does not mean that 
there is no pedagogical value in AI. Instead, its value can only be deter-
mined within a specific context, design, implementation, and interpreta-
tion. 
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This chapter builds on this insight and proposes a specific argument: How 
pedagogically valuable the learning analytics provided by AI are depends 
not so much on the amount of automation the system allows, but on the 
quality of the relationship between learner evidence, AI-supported inter-
pretation, teacher judgement and pedagogical action. When it comes to 
discussing educational AI, there is a fine line between four phases of the 
argument, three of which are frequently conflated: data, analytics, inter-
pretation and pedagogical action. Learner activity generates data, patterns 
are found in the data, teacher interpretation of whether or not the patterns 
are pedagogically meaningful, and the materials are adapted based on a 
pedagogical decision. 
The chapter therefore suggests an AI-based, CEFR-oriented materials ad-
aptation cycle for teaching the French language. The learner interaction is 
placed at the start of the cycle, and the learner reengagement is placed at 
the end of the cycle of the model. AI provides computational analysis and 
generative ability between these two points, while the teacher is responsi-
ble for interpretation and pedagogical decision making. The model is used 
at all three levels of the CEFR (A1, A2 and B1) but cannot be viewed as 
a hierarchy of algorithmically determined learner profiles; rather, it is one 
of progressively different pedagogical contexts where different types of 
evidence have significance. The chapter is conceptual and does not report 
the results of an empirical study. The adaptation cycle outlined in this 
chapter is offered as a conceptual model that introduces the possibilities 
of using AI tools for learning analytics to inform the design and refine-
ment of French language learning resources. It serves as a framework for 
future application and empirical study from a theoretical background. 
Rethinking Learning Analytics in Language Education 

From Learner Data to Pedagogical Evidence 
Learning analytics is frequently associated with the collection and analy-
sis of learner data. But it’s not all about data collection. The term learning 
analytics is defined as the measurement, collection, analysis and reporting 
of data related to the learner and the context of learning, and the use of 
such data to better understand and improve learning processes (Hernán-
dez-de-Menéndez et al., 2022). Likewise, Yılmaz and Çakır (2021) high-
light the potential of learning analytics in the comprehension of learners’ 
behaviour, individualized learning, and decision making in education. The 
following definitions lay the foundation for the current argument: Learner 
data have educational significance when they are interpreted in relation to 
learning and teaching.  
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In language education, the difference between data and evidence is im-
portant. When a learner selects a wrong form of a word, such as a wrong 
grammatical form, it can be documented as an observable pattern, if this 
happens repeatedly. The pattern does not, however, necessarily contain 
information about the reason for the learner’s production of the form. The 
cause of the error may be due to a failure in the grammatical knowledge, 
to the influence of the first language, to the difficulty of the task, to the 
lack of concentration on the task, to the unfamiliarity with certain words, 
to a lack of processing space, to a failure to understand the challenge, or 
to several factors. The pattern may be made visible using learning analyt-
ics, but this visibility does not mean that it is explained.  
A conceptual distinction between learner data and pedagogical evidence 
is thus proposed in this chapter. Learner data are a representation of 
learner activity. Those representations are organized or analysed by Ana-
lytics. Pedagogical evidence is produced by the observed pattern and by 
making connections with a learning objective, instructional context, 
learner history, and task characteristics and plausible explanations for the 
observed behaviour. The difference is that it continues the existing pur-
pose of learning analytics and doesn’t suggest that analytics are sufficient 
to reach the pedagogical understanding. This is in line with the constraints 
found in the learning-analytics research. Nunn et al. (2016) recognise, for 
instance, the potential gains and the issues of tracking, collecting, evalu-
ating, analysing, ethical, privacy and the relationship between learning 
analytics and learning sciences. The definition of value of the analytical 
output is not only computational sophistication, as suggested by these 
challenges. The question in the education is what is the output for this 
learner in this task at this point in the learning process? 

The Problem of False Precision 
One of the most challenging aspects of AI systems is the impression of 
precision that can accompany complex algorithms; the danger is that this 
precision might not always align with the accuracy of the interpretation. 
The dashboard can show a percentage, prediction, proficiency estimate, 
or a recurring error pattern. The numerical or algorithmically generated 
information can seem more objective than the qualitative observation by 
a teacher. But uncertainty persists with the numerical representation. This 
problem may be viewed as false precision, or the creation of highly spe-
cific appearing outputs from evidence that may not be complete, may be 
context dependent, or may be ambiguous. The idea is advanced here as a 
critical development of the methodological issues identified in learning-
analytics research.      
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Because analytics are based upon what is measured and how it is meas-
ured, the interpretation that results are necessarily influenced by the de-
sign of the measurement system (Nunn et al., 2016; Hernández-de-Men-
éndez et al., 2022). This is a problem particularly with respect to language 
learning, since not all learning is equally quantifiable. Answers to auto-
matically scored tasks may be evidence of performance of specific items 
but do not necessarily reflect interactional flexibility, pragmatic compe-
tence, strategic competence, willingness to communicate, mediation or 
the ability to transfer knowledge into new contexts.     
The CEFR itself has linguistic, sociolinguistic and pragmatic aspects, and 
involves linguistic production, interaction, mediation and online interac-
tion (Council of Europe, 2020). Thus, a materials-design system that takes 
into account only easily measurable variables may develop an incomplete 
model of L2 acquisition. Here, it is not the case that measurable data are 
unhelpful. On the other hand, they can be very beneficial. The argument 
is that measurement is a means of evidence and not an entire picture of 
learning. Combining quantitative patterns with teacher observation, 
learner work, task analysis, classroom interaction and the goal of the in-
structional programme is pedagogically stronger for the design of materi-
als using AI. 

Learning Analytics in Language Learning 
Language learning patterns that are hard to identify can be uncovered by 
learning analytics. When used at scale, it can highlight errors that recur, 
patterns of responses, patterns of participation, completion of tasks, vo-
cabulary challenges, or variations in task performance. The possibilities 
are consistent with the wider applications of learning analytics found in 
other studies (Nunn et al., 2016; Yılmaz & Çakır, 2021). AI may be able 
to broaden this ability by learning more complex sets of diverse language 
inputs and produce candidate interpretations or instructional resources. 
But what has been observed in the AI literature in general is that it is not 
a given. The results of the meta-analysis conducted by Wu (2024) indi-
cated that the impact of AI interventions could differ based on the learning 
context, intervention length, educational level, learner attributes, language 
proficiency, interactivity, and feedback sources.      
The finding has implications for materials design because it calls into 
question the notion that the use of a computer-based instrument is benefi-
cial by itself, without regard to how it is pedagogically designed. Wang et 
al. (2026) also point out the methodological shortcomings in the existing 
literature on AI in language learning. Their review concluded that they 
focus on English, productive skills, university learners, relatively small 
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samples, and short interventions, and that they look for more varied con-
texts and better research designs. For French materials design it is a direct 
consequence. The evidence that comes mainly from English-medium uni-
versity contexts must not be assumed to be applicable to the French learn-
ers in other educational contexts.  
This chapter thus considers AI analytics as a form of “situated evidence” 
rather than a “universal” learner knowledge. AI can respond to the ques-
tion, “What is the trend that can be seen from the data that is available?” 
The pedagogical process still needs to consider another question: What 
could this pattern imply, and what instructional response is warranted? 
Artificial Intelligence and the Transformation of Language Materials De-
sign 

From Fixed Materials to Responsive Materials 
Conventional language materials are normally developed beforehand and 
are not specifically tailored to the individual learners they will serve. Text-
books, worksheets, exercises and evaluation tasks are designed around ex-
pected curriculum goals and learner traits. This is an organization that 
gives stability, progression and coherence. It also establishes an inherent 
gap between the assumption that underlies materials and the need of a 
specific group. AI and learning analytics have the potential to bridge some 
of that gap. Learner activity can be analysed in the course of instruction, 
and the materials can be adapted based on it. This in principle renders 
materials more responsive. However, responsiveness is not synonymous 
with personalisation for each child.  
When each learner is presented with a different sequence of tasks, the cur-
riculum can be split, and the common learning space can be reduced in 
effectiveness. According to Law’s (2024) review, there are several areas 
in which GenAI has been used in language education, and the review also 
pinpointed the need for further empirical studies, ethical analysis, specific 
interventions, and professional development. Similarly, Kır and Tekin 
(2025) illustrate the host of applications of AI in foreign language educa-
tion. These findings contribute to the technologic feasibility of responsive 
materials, but not the pedagogic desirability of responsiveness at all times. 
Conceptually it is to reconceptualize responsiveness as principled adapta-
tion. Materials should be modified when there is enough evidence that 
they will be better for supporting an identified learning objective. It’s not 
about personalization for the sake of personalization. It is appropriate in-
tegration into an integrated program. 
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Generative AI From Content Production to                                         
Pedagogical Design 
The advent of GenAI has opened up new possibilities to enhance the pace 
at which teachers are able to create and shape language-learning material. 
A teacher may ask for alternative materials to accompany the text, more 
examples, vocabulary practice, comprehension questions, dialogues, role 
play prompts, or different versions of a task. According to research re-
views, content creation is one of the vital areas in which GenAI can be 
implemented in language education (Law, 2024; Kır & Tekin, 2025). 
However, content produced at speed is not always top-quality content de-
sign. An activity that is generated can be grammatically correct but peda-
gogically not. It can include words at a higher or lower level than the task 
required, miss the sense of a task’s communication, misrepresent the ac-
tual purpose of communication or include examples that are culturally in-
appropriate.  
In the same vein, Son and Philpott (2026) therefore position AI-powered 
language teaching in terms of: not only the tools and benefits, but also the 
limitations and skills of the language teacher. So, the difference lies be-
tween the production of content and pedagogical design. Pedagogical de-
sign involves choices about goals, sequencing, cognitive complexity, lan-
guage appropriateness, interaction, assessment, and the learner context in 
designing the candidate materials; AI can generate materials. The chap-
ter’s model, therefore, regards AI-generated content as tentative teaching 
materials to be evaluated by professionals. 

Why Automation Cannot Replace Pedagogical Judgement 
When AI is used in the design of teaching materials, the role of the teacher 
is more vital, not less. The people who design, implement and mediate AI 
in education play a crucial role in shaping its transformative potential, and 
teachers’ professional capacities and agency are highlighted by Cukurova 
(2025). The report also introduces an explicit focus on professional learn-
ing related to using AI to augment and not supplant pedagogical 
knowledge and ethical decisions. At the same time, Son and Philpott 
(2026) centre the roles and competencies of teachers as a key element of 
language teaching through artificial intelligence and highlight the need for 
teacher-student interaction to be critical, effective, efficient, and ethical.  
Continuing professional development is also crucial for informed deci-
sion-making and effective integration of GenAI in language education, as 
noted by Law (2024). Drawing on this, the present chapter introduces the 
concept of the teacher as an interpreter of evidence generated by AI. This 
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distinction matters. When teachers merely follow AI recommendations, 
their roles shift towards some part of the decision-making process being 
taken off their hands, but the outputs of AI systems may be opaque or 
contextually incomplete. When teachers interpret the outputs of AI, how-
ever, the technology itself is a source of evidence in professional decision 
making. 

The CEFR as a Framework for Interpretation, Not Automation 

CEFR as a Framework for AI-Driven Materials Design 
The Common European Framework of Reference for Languages (CEFR) 
is a broad framework to be used for curriculum development, teaching, 
language materials and assessment. According to the Council of Europe 
(2020), language competence is defined in an action-oriented approach 
that includes linguistic competence, sociolinguistic competence and prag-
matic competence, and actions like producing, interacting, mediating and 
online interacting. The CEFR therefore goes beyond being a continuum 
of language knowledge and provides a more comprehensive framework 
of reference for the design and development of language materials. This 
is especially relevant in the context of AI-based materials design; AI-
based adaptation needs to be aligned with meaningful language use goals, 
and not just to the number of errors or linguistic forms. For instance, one 
learner with a frequently incorrect grammatical form might need more 
form practice while another learner at the same proficiency level might 
need more help with interaction, discourse structure, mediation, or prag-
matics.  
Proficiency levels in the CEFR, however, should not be used as a com-
plete psychological or pedagogical profile of an individual learner. Two 
learners with a general level of B1 can have very different profiles in terms 
of their abilities and difficulties: one learner could have relatively good 
grammatical competence but poor fluency, while another learner could 
have relatively high fluency but relatively low grammatical competence, 
or could have good fluency but difficulties with accuracy or with organ-
izing the discourse. The multidimensionality aligns with the CEFR 
(Council of Europe, 2020) and findings that the efficacy of AI-assisted 
learning may differ depending on conditions of the learner and the learn-
ing situation (Wu, 2024). Therefore, pedagogical constraints and contexts 
should be used to limit and shape AI-driven materials adaptation, rather 
than relying on an algorithm to automatically identify learner needs.  
The CEFR outlines general guidance on language activities and language 
competencies associated with the different levels of proficiency, but 
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learning evidence can inform teachers to identify the specific areas that 
need further support and teacher interpretation is always crucial to inform 
teachers about the pedagogical needs. 

Reconsidering A1–B1 Progression Through Learner Evidence 
The A1, A2 and B1 levels should not be singled out as separate areas of 
learning grammar skills and autonomy as this may disguise the more com-
plex concept of the CEFR. Rather, the focus might vary in different levels 
of competence, and several aspects of communicative competence might 
be in play throughout the process. A1 can have a greater focus on relating 
the high-frequency forms, meanings, vocabulary, comprehension, pro-
nunciation and basic communicative functions of materials. A2: Learners 
need to make more frequent connections between language resources 
when communicating in their routine exchanges and to create more co-
herent language when communicating in longer stretches. B1: Materials 
can facilitate longer production, interaction, mediation, discourse organi-
zation, lexical range, and problem-solving. They are not to be interpreted 
as distinctive attributes of specific levels, but rather as evolving aspects 
of communicative competence (Council of Europe, 2020). In this trajec-
tory, AI-powered analytics can be used to detect factors that might need 
further focus on the learner’s performance. The system must not, how-
ever, presume that all A1 learners need to be supported in the same way, 
or all B1 learners in another way. Proficiency level in the broader peda-
gogical horizon and learner evidence in the instructional route. 

From Learner Interaction to AI-Supported Evidence                     
Interpretation 
The proposed adaptation cycle starts with the interaction of learners with 
texts, where the learners interact with the texts, do activities, participate 
in conversations, write text, do vocabulary activities, do assessments, do 
online activities, and interact with texts in other ways, all observable and 
measurable. The nature of the activity is critical, because the activity that 
creates learner data influences the nature of the data. A learner may strug-
gle with a grammatical construct in a non-contextual task but use the same 
linguistic construct differently in a meaningful communication. Thus, the 
performance of the learners is not independent of the context and the ac-
tivity where it was obtained. The next step is to convert the raw activity 
data into evidence of learning that is both meaningful and educational. 
Learning analytics can offer the organisation of answers, detection of re-
curring errors, comparison of performance between tasks, and analysis of 
variations over time, as in the past (Nunn et al., 2016; Hernández-de-Men-
éndez et al., 2022).  
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The model does not assume that all miscues are “evidence” that needs to 
be addressed right away but instead focuses on building and analysing 
evidence over several tasks and contexts. The capabilities of AI can help 
in this process, as they can identify patterns within large sets of learner 
evidence, locate recurring linguistic patterns, arrange learner generated 
texts, and propose potential explanations or instructional suggestions. The 
growing body of literature on language learning with the aid of AI and 
personalization shows the potential of these applications (Wu, 2024; 
Wang et al., 2026). Nevertheless, pattern recognition should not be 
equated with diagnosis.  
There could be a pattern of repeatedly using the same form incorrectly, 
but this does not indicate why the problem is arising, or what pedagogical 
intervention might be helpful. The conceptual cycle can then be expressed 
as: CEFR-informed objectives → initial materials → initial learner inter-
action → initial learning evidence → initial AI-supported analysis → in-
itial teacher interpretation → initial pedagogical decision → adapted ma-
terials → engagement of the learner again, resulting in renewed learning 
evidence. This series sees AI not as an independent decision maker, but 
as a support tool for evidence processing and pattern recognition. 

Teacher-Mediated Materials Adaptation as a Cyclical Process 
The interpretation done by the teacher will play a pivotal role in bridging 
the gap between the AI-generated analysis and the pedagogical action. 
The teacher reflects on patterns identified when considering the learner, 
the task in which the evidence was produced, the curriculum, the CEFR 
objective, previous learning and the overall classroom context. This posi-
tion is aligned with the notion of teacher agency in AI-supported educa-
tion (Cukurova, 2025) as well as the essential skills needed to effectively 
and critically engage in AI-powered language learning (Son & Philpott, 
2026). The teacher can accept the interpretation, refuse it, demand more 
evidence, ask for more information about the learner or choose another 
pedagogical response. In this model, a failure to agree with AI is not a 
failure of the system, but rather a professional teacher choice. Interpreta-
tion, then the teacher decides on any changes to the materials. 
Adaptation can be through more practice, task difficulty, alternative text 
input, more scaffolding, more communication opportunities, alternative 
examples, peer interaction or changing the type of task. It doesn’t need to 
be a new creation and can involve ordering, combining, adding, shorten-
ing, contextualizing, and/or augmenting existing materials with other ap-
propriate materials and/or resources. While AI can aid in these adjust-
ments, the pedagogical principles continue to rely on teacher judgment 
and evidence from learners. The adapted materials are then presented to 
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learners, and a new round of interaction and evidence follows. Materials 
adaptation is therefore not linear but rather cyclical as the effectiveness of 
a pedagogical decision is investigated by the learners’ activity following 
the decision, not just its plausibility when it was made by an AI-based 
tool. In case of an unanticipated change, the teacher can go back to the 
interpretation, to the pedagogical decision, and change the materials once 
more.  
The cycle then includes an ongoing process of pedagogical inquiry that is 
embedded in materials design with AI, running from CEFR-informed 
aims, learner evidence, AI-supported analysis, teacher interpretation, and 
back to materials adaptation. 

Applying the Model Across A1, A2, and B1 

Foundations, Scaffolding, and Controlled Expansion 
Students are building basic language resources and beginning to use basic 
communicative functions. At this stage materials may then need a great 
deal of scaffolding and controlled progression. The CEFR descriptors of-
fer a benchmark of the types of language tasks that are linked to this level 
(Council of Europe, 2020). In other words, it requires materials to build 
sufficiently accessible connections between form, meaning, vocabulary, 
pronunciation, comprehension and basic communicative functions before 
learners are expected to proceed independently. In other words, progres-
sion at A1 level is not just the addition of more complex grammatical 
structures, but also the ability to identify and make use of basic resources 
in relevant yet manageable contexts. 
The advantages of using AI-driven analytics to spot recurring issues with 
basic communicative functions, comprehension activities, high-frequency 
vocabulary and foundational forms can be especially beneficial. This po-
tential should, however, be approached with a degree of caution as the 
reoccurrence of an error does not necessarily mean that the learner needs 
further practice with the same item. A recurring problem could be due to 
a lack of conceptual understanding, lack of contextual support, unfamiliar 
task format, and/or a disparity between what the learner has and what the 
activity requires (Council of Europe, 2020). The repeated error should not 
lead to repetitive drilling, therefore. When a learner has multiple errors 
with an item, an alternative approach could be to alter the explanation, 
representation, task context or level of scaffolding. The evidence pro-
duced by AI should then be interpreted as a signal to need more pedagog-
ical interpretation, rather than as a command to do more practice. 
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From Controlled Performance to Functional Communication 
Learners start to use language in routine interactions and connected activ-
ities at A2. This raises the question of looking at correctness along with 
functional communication. The action-oriented nature of the CEFR does 
not lend itself to the idea of a list of grammatical forms to be accumulated 
at A2 level (Council of Europe, 2020). AI can aid in discovering trends in 
the writing, answers, vocabulary, or interactional activities of learners. 
Wu (2024) presents evidence that intervention with the assistance of AI 
has impacts on several language outcomes and that impacts differ across 
instructional and contextual situations. This further emphasizes the im-
portance of tying analytics to task design instead of making AI effective-
ness a standalone concept. 
For A2, this may mean providing more opportunities for meaningful in-
teraction, more lexical resources, more development of connected dis-
course, or changes to the support of the tasks. Teacher decides which re-
sponse is appropriate. 

Extended Production, Interaction, Mediation, and Autonomy 
At B1, the pedagogical picture becomes more and more complicated as 
the learners are expected to work independently in longer language tasks. 
The CEFR defines areas in which the language may be described, such as 
interaction, mediation and online interaction (Council of Europe, 2020). 
At this stage, the use of AI-based analysis could be helpful in analysing 
patterns over longer texts, multiple writing tasks, oral production, interac-
tion, and learner reflection. The longer and more complex the perfor-
mance, the greater the interpretive problem, however.  A weakness in an 
extended text could be attributable to limitations in vocabulary, limita-
tions in discourse organization, task demands, unfamiliar content or sev-
eral interacting factors. Therefore, the emphasis should be given to trian-
gulation in B1 materials adaptation. Teacher observations, learner prod-
ucts, task characteristics, and learner self-reflections should be taken into 
account when using AI-generated patterns. 

The Teacher at the Centre of Pedagogical Decision-Making 

From AI Output to Pedagogical Interpretation 
The use of AI in language learning should not be seen as a shift from 
teacher to machine in teaching. Instead, it alters the nature of the teacher’s 
job, as it brings new types of evidence, automated analysis, and content 
generation that need professional interpretation. The core of the learning 
analytics field is the measurement, analysis and reporting of information 
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on learners and their contexts to understand and enhance learning (Her-
nández-de-Menéndez et al., 2022). In the field of foreign language educa-
tion, the applications of AI can be used in many fields such as foreign 
language training, content writing, feedback, speech applications, and per-
sonalized education (Kır & Tekin, 2025). But these functions are not nec-
essarily pedagogically suitable just because they are available. The real 
question is not what AI can discover in patterns or create in materials, but 
what does it represent, educationally speaking, and what should be done 
about it. 
This difference is especially significant when it comes to designing mate-
rials with artificial intelligence. A valid pedagogical decision does not 
necessarily stem from an AI system identifying repetitive errors, creating 
a learner profile, suggesting an activity or producing an alternative text. 
The development of learning analytics has long acknowledged the limita-
tions of being able to use available data to inform an educational interpre-
tation, and systematic reviews of the use of AI in learning analytics in 
education have identified substantial potential, yet with some methodo-
logical and implementation hurdles (Hernández-de-Menéndez et al., 
2022; Salas-Pilco et al., 2022). The findings from more recent language 
education studies also indicate that the effectiveness of the learning out-
comes through AI is dependent on the context and the teaching and learn-
ing environment.  
The results of recent research in language education also reveal that the 
learning outcomes that can be achieved through AI are not solely deter-
mined by the technology, but also by the context and the teaching and 
learning environment. The teacher is then in an important interpretive po-
sition in the link between the computations and the teaching action. This 
chapter thus frames the teacher as an interpreter, evaluator, and pedagog-
ical decision-maker in addition to being an AI user.  
The difference between an AI recommendation and pedagogical decision 
is critical as there is a difference between what can be recommended and 
what can be prescribed. When the AI system repeatedly catches a gram-
matical structure that students struggle with, it could be a reason to inves-
tigate further, but it does not always mean that there is a need for more 
grammar exercises. The problem can relate to both task design and inad-
equate contextualization; vocabulary demands and comprehension prob-
lems and/or to differences between written and spoken performance. On 
the other hand, no errors do not imply successful communicative compe-
tence. The challenge is not that AI can’t find patterns but that the patterns 
become pedagogically relevant when they are linked to learning goals, 
task parameters, student characteristics, and curricular expectations. The 
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findings align with the current body of research, as recent reviews have 
emphasized the need for further empirical research and methodological 
limitations of the studies (Law, 2024; Wang et al., 2026). 

Teacher Expertise as a Critical Safeguard 
The role of teacher expertise is especially critical because language learn-
ing has aspects that may not be sufficiently captured by a few numerical 
indicators. Greater visibility of certain aspects of learner behaviour is pos-
sible through the expansion of learning analytics, but it is not a complete 
representation of learning. Nunn et al. (2016) highlight issues regarding 
event collection, analysis and interpretation of learning analytics, and 
Hernández-de-Menéndez et al. (2022) point to the difficulty of the process 
of converting learner data into information to support learning enhance-
ment. The pedagogical risk is not just that the data might be wrong – it’s 
the risk of measurable behaviour being seen as meaningful learning. 
This is especially important for the development of language materials. 
Kır and Tekin (2025) list a wide variety of applications of AI in foreign 
language instruction, such as language practice, language question an-
swering, speech-related applications, content generation and course de-
velopment. These examples illustrate how AI can be applied across vari-
ous facets of language learning, underscoring the critical need for in-
formed pedagogy in choosing the right tools and techniques for the job. 
Technology capability is not a sign of educational appropriateness. In a 
similar manner, Son and Philpott (2026) propose a definition of AI liter-
acy that goes beyond the mere use of the tool to critical and ethical reflec-
tion on the use of AI in language learning. This entails that instructors 
must assess the accuracy of the language used in the material provided by 
the AI, its relevance and suitability for the context, and its alignment with 
the learning objectives. 
Teacher agency should therefore be seen as a core part of designing ma-
terials with AI support and not as a measure taken as an afterthought once 
the technology has been introduced. Cukurova (2025) points out that AI 
cannot replace teachers’ professional skills and moral conviction. This is 
especially vital with the use of AI in the interpretation of learner evidence. 
A teacher can accept, adjust, or request more evidence, or reject the AI 
interpretation. This professional judgment is not an expression of technol-
ogy resistance; it’s a responsible action in the use of technology. The func-
tion of AI then becomes more about providing the teacher with access to 
potentially useful evidence, not taking away the pedagogical authority 
from the algorithm. 
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However, the same rationale applies to the interpretation of materials cre-
ated by AI. In a recent scoping review on the use of GenAI in language 
teaching and learning, Law (2024) points out that the potential applica-
tions are great, but there is a need for more empirical studies and respon-
sible use. In the same way, Wang et al. (2026) show that the research on 
the use of AI in the language learning field has seen significant growth 
with uneven research distributions by language, context, methodology, 
and outcome. Such restrictions emphasize the need for professional as-
sessment. A produced French activity can be grammatically correct but 
not suitable for the purpose of communication, the culture, the level of the 
learners, or the cognitive aspects. Thus, generation should not be confused 
with materials design. AI can speed up the production process, but teach-
ing quality will still need to be assessed by experts. 

Critical Challenges and Ethical Tensions in AI-Driven             
Materials Design 

Data Privacy, Governance, and Institutional Responsibility 
The relation of learning analytics in materials development invariably 
deals with the collection and interpretation of learners’ data, which calls 
for privacy and ethical governance as key issues. Previous learning ana-
lytics studies highlight privacy, data management and ethics as one of the 
key challenges in the field (Nunn et al., 2016). Ethics in the study of AI 
and LAs in-teacher education is another issue noted by Salas-Pilco et al. 
(2022). As AI systems handle more information and data types from learn-
ers, these concerns grow in importance. It is not only a question of whether 
data are technically protected, but also about whether the data collected 
are needed and proportional to the pedagogical goal, for how long they 
will be kept, who will be able to access them, and how decisions made 
based on the collected data could impact learners.  
AI governance is a topic that has been studied recently, and it is important 
to think about these questions at the institutional level. Chiu (2026) points 
out the discrepancy in the speed of development and implementation of 
AI in the education sector and the development of governance frame-
works, highlighting algorithmic bias, data sovereignty, transparency and 
accountability. These worries have immediate ramifications for AI-based 
materials development, as no single educator can be held accountable. 
Additionally, when using AI technologies for learning analytics, institu-
tions must have processes to manage data, maintain transparency, provide 
professional learning opportunities, hold accountability, and challenge the 
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results of automation. Designing materials for responsible AI is thus a 
classroom and institutional responsibility. 

Personalisation, Fragmentation, and Learner Agency 
Personalisation is a one of the most talked about advantage of AI in edu-
cation, and empirical studies have shown that certain AI interventions, 
such as adaptive and personalised learning tools, can positively impact 
language learning within specific contexts (Wu, 2024). The personalised 
learning application of AI in foreign language learning is also mentioned 
by Kır and Tekin (2025). However, personalisation shouldn’t be seen as 
a good for education. When materials are constantly adapted to very spe-
cific student performance measures, learners may find their learning ex-
perience increasingly broken up into smaller pieces with less opportuni-
ties to interact in the classroom. The goal should thus be differentiated 
support instead of endless personalization: pupils can be offered various 
ways of support without having to achieve different objectives in terms of 
the curriculum and communication. 
Agency for learners needs to be taken as well. Law (2024) notes the op-
portunities and challenges of GenAI in language teaching and learning, in 
this regard, Son and Philpott (2026) as well highlight the critical and eth-
ical aspects of AI literacy in language education. It is, therefore, inappro-
priate for learners to solely be a receiver of AI-produced explanations, 
corrections, translations, or materials. Alternatively, materials can ask 
learners to question, confirm, compare, revise, and review the AI-gener-
ated content. These practices make the use of AI a part of language learn-
ing itself and foster learners’ critical thinking about the reliability and suit-
ability of AI-generated language. 

Implications for French Language Materials Development 

From Automated Personalisation to Evidence-Informed              
Adaptation 
Drawing on the above, it is clear that AI-based materials development 
should be recognised as an evidence-based adaptation process rather than 
personalisation by the computer. Learning analytics can enhance the vis-
ibility of learner activity and can aid the detection of recurring patterns 
(Hernández-de-Menéndez et al., 2022; Yılmaz & Çakır, 2021). AI can 
then help to structure evidence, create potential explanations and generate 
candidate materials (Kır & Tekin, 2025; Law, 2024). But teachers need to 
assess the meaning of the evidence and whether the material proposed will 
meet the pedagogical need. This is in line with the literature reporting that 
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the learning outcomes of language learning with AI are different under 
different instructional and contextual conditions (Wu, 2024) and that the 
current evidence base is still fragmented in research contexts and method-
ologies (Wang et al., 2026).  
For French language programmes, it is important that development of ma-
terials can be more responsive, though not fully automated. Learner evi-
dence can suggest the need for: more vocabulary practice, more grammat-
ical recycling, more support for pronunciation, more work on discourse, 
more interactional activities, more mediation work, or more communica-
tive challenge. Learner evidence can help identify the level of support the 
learner needs to have additional communicative competences and activi-
ties, and the CEFR can serve as a reference for the determination of the 
wider communicative competences and activities relevant to the learner’s 
level (Council of Europe, 2020). AI can help inform the identification and 
organisation of such evidence, yet it is still the teacher’s responsibility to 
decide on the pedagogical response. 
Materials development and evidence design should then be thought of as 
related. Tasks must produce evidence of learning that is meaningful if 
teachers will use learning analytics for informing materials adaptation. 
The evidence that can be provided for language use can vary by task type 
and should be understood as related to the design of the intended learning 
outcome. Materials, then, are not just a way to deliver content but are also 
means to create meaningful evidence of language development. 

Implications for Teacher Education 
This approach changes what teachers need to know about AI. For teach-
ers, it’s not their job to become AI programmers but it has become im-
portant that they understand the learner information being fed to AI sys-
tems, what they are outputs are, the uncertainty that still exists, and how 
their outputs relate to pedagogical objectives. Cukurova (2025) highlights 
teacher professional capacity and agency in response to AI and Son and 
Philpott (2026) view critical, creative, effective, efficient, and ethical use 
of AI in language teaching as essential elements. Therefore, teacher edu-
cation must shift from training teachers on how to use tools to pedagogical 
AI literacy. Pedagogical AI literacy can encompass assessing AI output 
for adherence to the CEFR, checking for misinformation, or understand-
ing whether the activities produced match authentic learners’ communi-
cation purposes, comparing the analysis produced by the AI with real stu-
dent performance, or designing learning activities that prompt learners to 
critically analyse the AI output. This way, the notion of AI competency is 
embedded in language teaching, not as an isolated language technology. 
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Implications for Future Research 
The proposed framework also highlights some key areas for future re-
search. Research should focus on French language learning and not just 
take for granted the results of English dominant research. Wang et al. 
(2026) point out key gaps in the existing literature regarding language dis-
tribution and language context and research method. Second, longitudinal 
studies are required as materials adaption is developmental and iterative, 
with changes in performance over short periods of time being insufficient 
to determine whether repeated AI-supported adaptation leads to long-term 
learning. Third, studies could explore teacher decision making, including 
teacher interpretations, adaptations, acceptance or rejection of AI-gener-
ated learner analyses and materials.  
One of the most fruitful methods of the research is studying disagreement 
between AI and teachers. Disagreements should not be seen as evidence 
of technological problems or fault with the teacher. Rather, it could high-
light the gap between computational pattern recognition and pedagogic 
interpretation. Exploring these crossovers could contribute to pinpointing 
areas where the French language performance can be accurately assessed 
with AI and areas that need more context or expert interpretation. This 
study also suggests that, in future, adaptive materials should not be as-
sessed solely based on the quantity of AI-generated products, but also on 
their quality and pedagogical impact (Law, 2024; Kır & Tekin, 2025). 

Conclusion  
Using AI to analyse learning patterns can help make learner patterns more 
visible and offer evidence to guide instructional adaptations that can sup-
port the design of French language materials. But this potential cannot be 
realized unless the evidence is interpreted in a certain way. The CEFR 
serves as an important tool for establishing learning expectations at levels 
A1–B1 but is incapable of capturing individual learner development com-
plexity. Likewise, AI-derived patterns should be interpreted as evidence 
that must be considered but cannot be assumed to be a true reflection of 
what the learner knows or needs. This is the central idea of this chapter 
effective adaptation emerges not only from the automation of the process 
but also from the interaction of learner evidence, the objectives set in the 
framework of the CEFR, and the teacher’s competence and the design of 
the materials. This role aligns with studies demonstrating the capabilities 
and promise of AI and learning analytics in personalised learning and the 
ongoing issues of interpretation, context, ethics, and validity (Nunn et al., 
2016; Law, 2024; Hernández-de-Menéndez et al., 2022; Wang et al., 
2026). 
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This approach also emphasizes that teacher agency is integral to the de-
velopment of materials with the help of AI. The teacher is still responsible 
for the meaningfulness of the identified pattern in the pedagogical context 
and what is the adequate response. Materials should thus be differentiated 
on a principled basis and not at any cost, taking account of the relevant 
differences of learners while keeping the shared aims of learning. Simul-
taneously, the implementation of this approach demands privacy protec-
tion, transparency, bias, and limitations of automated analysis 
(Britchenko, 2025; Chiu, 2026). AI literacy in language learning, there-
fore, goes beyond mere knowledge of how to use technological devices; 
it involves questioning the outputs generated by AI and using professional 
judgment to blend them with existing knowledge and skills (Cukurova, 
2025; Son & Philpott, 2026). 
Finally, the benefits of AI in the design of French language materials are 
not to supersede pedagogical judgement, but rather to augment the evi-
dence that can inform it. Pedagogically interpreted adaptation, therefore, 
is proposed as a strategy that moves away from automated personalisation 
towards supporting teachers in recognizing and responding to learner 
needs while maintaining the agency of humans and learners. The future 
research is needed to study this approach at different proficiency levels, 
at different learners’ groups, and in different situations of learning, while 
focusing on longitudinal evidence and methodological transparency 
(Wang et al., 2026). Within this paradigm, AI is not the one deciding on 
materials but is a means of enabling more thoughtful, critical, and respon-
sive teaching and learning. 

Declaration of Generative AI Use 
ChatGPT (OpenAI) was used in the preparation of this chapter for lan-
guage editing, organization, and revision. The author reviewed and ap-
proved the final content and takes full responsibility for the chapter. 
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Artificial Intelligence-Based Dynamic Persona in   
Language Education: An Examination of                   

Sociocultural Context and Pragmatic Competence 

Burcu Ün 1 & Gizem Arslan 2 

Abstract 
In foreign language acquisi%on, tradi%onal teaching materials o3en present interac%ve dia-
logues through standardized and idealized prototypes that largely exclude social and emo%onal 
variables. This limita%on may restrict learners’ exposure to the sociocultural dimensions and 
linguis%c varia%ons of everyday communica%on. This study examines the poten%al contribu%on 
of the “Dynamic Persona,” generated by Large Language Models (LLMs), to learners’ pragma%c 
competence and linguis%c adapta%on. The research adopts Contextual Scenario Analysis as its 
methodology. Standard language-teaching contexts, such as restaurants, family, health, and 
work, are redesigned by assigning AI-generated characters specific traits, including grumpiness, 
introversion, and authoritarian aKtudes. Through these variable character simula%ons, learners 
are encouraged to respond not only with gramma%cal accuracy but also by adap%ng forms of 
address, idioma%c expressions, and communica%ve strategies to the interlocutor’s social status, 
personality, and emo%onal state. The study demonstrates the pedagogical poten%al of exposing 
learners to diverse personas and socially situated interac%ons, par%cularly for developing soci-
olinguis%c awareness and communica%ve flexibility. Accordingly, ar%ficial intelligence is concep-
tualized not merely as a sta%c response system but as a flexible “sociocultural laboratory” in 
which learners and teachers can explore diverse communica%ve scenarios. 
Keywords: Dynamic Persona; Large Language Models (LLMs); Foreign Language Educa4on; 
Pragma4c Competence; Sociolinguis4c Awareness 

 

Introduction 
The transformations that have taken place in the field of foreign language 
teaching in recent years have highlighted the need to approach language 
not merely as a set of grammatical rules, but also in terms of its social, 
cultural, and pragmatic dimensions. In particular, the Common European 
Framework of Reference for Languages (CEFR) defines the learner not 

 
1 Lecturer, National Defence University, School of Foreign Languages, Department 

of Western Languages, Italian Language Program, ORCID: 0009-0009-0397-8075, 
burcu.un@msu.edu.tr, Türkiye 

2 Lecturer, National Defence University, School of Foreign Languages, Department 
of Western Languages, Italian Language Program, ORCID: 0009-0006-9743-8536, 
gizem.arslan@msu.edu.tr, Türkiye 



Burcu Ün & Gizem Arslan 

 232 

as a passive recipient of information, but as a “social actor” who performs 
tasks and actions in various social contexts. In line with this, the action-
oriented approach that has been adopted does not limit language learning 
to the acquisition of linguistic structures alone; it also considers the indi-
vidual’s understanding of the target language community’s cultural val-
ues, social norms, and communication practices to be an integral part of 
the learning process. 
According to this approach, knowing a language does not simply mean 
learning vocabulary and grammatical rules. Learners are also expected to 
know in what context, with whom, and for what purpose to use the lan-
guage, as well as to develop appropriate communication strategies in dif-
ferent cultural settings. For this reason, in today’s foreign language edu-
cation, communicative competence, pragmatic proficiency, and intercul-
tural awareness have become goals just as important as linguistic accu-
racy. 
However, when examining textbooks and traditional materials commonly 
used in foreign language instruction, it is evident that the dialogues pre-
sented to learners are mostly based on standardized and predictable com-
munication situations. In real life, however, individuals interact with peo-
ple who have different personality traits, different social roles, and differ-
ent communication expectations. For this reason, learners must be pre-
pared not only for linguistic structures but also for variable social situa-
tions and different forms of communication. 
Generative AI systems, which have become widespread in the field of ed-
ucation in recent years, offer new possibilities in this regard. In particular, 
applications based on large language models can create virtual conversa-
tion partners for learners with different social identities, personality traits, 
and communication styles. Thus, the same communicative scenario can 
be reproduced with different contextual variables, allowing learners to ex-
perience situations that more closely resemble the unpredictable commu-
nication conditions of real life. 
The aim of this study is to examine the potential of generative AI-sup-
ported dynamic persona applications in foreign language teaching and to 
demonstrate how these applications can contribute to the development of 
learners’ communicative, pragmatic, and sociolinguistic competencies. 
To this aim, the study establishes a theoretical framework based on 
Hymes’s approach—which centers on the concept of communicative 
competence—and Wittgenstein’s understanding of language games, and 
evaluates dynamic persona applications within the context of foreign lan-
guage teaching. 
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Research Model and Design 
This study was designed as a qualitative research project aimed at identi-
fying the structural and pragmatic differences between the static structure 
of traditional materials and the dynamic linguistic inputs generated by 
Gemini, a Large Language Model, in the foreign language acquisition pro-
cess. The study adopted a comparative case study design, which allows 
for an in-depth examination and comparison of cases within their own 
contexts. Accordingly, the standard dialogue structures found in tradi-
tional teaching materials represent the first case, while versions of the 
same thematic contexts reimagined by artificial intelligence with specific 
psychological and sociocultural variables assigned by the AI represent the 
second case; both cases are analyzed within a linguistic framework. 

Dataset and Corpus Creation Process 
The study’s dataset consists of four core method books prepared in ac-
cordance with the Common European Framework of Reference for Lan-
guages (CEFR) criteria and most widely used in Italian language instruc-
tion at the international level; these books are Via del Corso (Edilingua), 
Nuovo Espresso and Dieci (Alma Edizioni), and Spazio (Loescher). In 
accordance with the purposeful sampling method, units that most clearly 
reflect the sociocultural and pragmatic stratification across language lev-
els were included in the corpus. In this context, restaurant interactions 
from the A1 level, health and doctor-patient relationships from the A2 
level, and workplace dialogues from the B1 level were scanned and digit-
ized, forming the static dataset that constitutes the study’s control group. 

Data Collection Tools and Dynamic Persona Construction 
The dynamic dialogs that constitute the study’s experimental dataset were 
obtained through prompt engineering processes conducted using Gemini. 
In the data collection process, drawing on Dell Hymes’ theory of commu-
nicative competence and Wittgenstein’s philosophy of language games as 
an epistemological foundation, original system prompts were designed to 
disrupt standard scenarios at every level of language and add socio-psy-
chological depth to the text. In this vein, three distinct AI personas were 
constructed with the aim of moving beyond the linear, seamless, and ide-
alized -sterile prototypes- devoid of social variables, as presented in tra-
ditional method books (Via del Corso, Nuovo Espresso, Spazio/Dieci). 
For the A1-level restaurant context, the model has been transformed into 
the persona of a hurried and impatient waiter working in a noisy Roman 
restaurant; thereby generating typical local reactions -in the form of dy-
namic variations- to tourists’ morphosyntactically correct but culturally 
inappropriate inputs (such as requesting ketchup on pizza or ordering a 
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cappuccino at the wrong time), ensuring that students confront pragmatic 
failure firsthand. Throughout the process, in the A2-level healthcare con-
text, the model was designed as an authoritarian pharmacist/physician 
character who maintains a hierarchical distance, creates legal/bureaucratic 
obstacles by refusing requests for over-the-counter antibiotics, and man-
dates the use of formal forms of address; In the B1-level job interview 
context, the model is assigned the persona of a skeptical interviewer who 
questions chronological gaps in the candidate’s resume and uses vivid lin-
guistic patterns and idiomatic expressions such as “chi si ferma è per-
duto.”  In short, this model aims to offer a dynamic “sociocultural labor-
atory” that transcends the linear and sterile boundaries of traditional text-
books, preparing students for the unpredictable sociopragmatic crises and 
lively linguistic interactions of real life. 

Limitations of the Study 
This study is limited, in terms of material, to nine specific units at the A1, 
A2, and B1 levels from the Via del Corso, Nuovo Espresso/Dieci, and 
Spazio textbooks used in Italian language instruction. From a technologi-
cal perspective, the study is limited by the current algorithmic capacity, 
linguistic proficiency, and flexibility of the language model’s responses 
to prompts during the data collection period. Finally, since this research 
does not include empirical testing of these generated dynamic dialogues 
on actual groups of learners or in classrooms, it is confined entirely to text 
analysis, material evaluation, and the proposal of a theoretical pedagogi-
cal model. The primary reason for limiting the study to the A1, A2, and 
B1 levels is to ensure that the dataset can be analyzed as a coherent whole 
and to keep the scope of the study under control. These levels were se-
lected as the focus of the study because they represent learning stages in 
which everyday communication scenarios are heavily emphasized and 
pragmatic skills can be clearly observed. 

Theoretical Framework 

1. Dell Hymes and the Theory of Communicative Competence 
Noam Chomsky is one of the pioneers of the approach that examines lan-
guage in a scientific and systematic manner in modern linguistics. Ac-
cording to his theory of transformational-generative grammar, language 
is a structure capable of producing an infinite number of correct sentences 
through a finite number of rules. The fundamental aim of this approach is 
to explain the complex structures of language using a small number of 
principles. Chomsky also argues that all human languages share a com-
mon underlying structure and that the ability to learn language is innate. 
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According to him, a sentence first takes shape as an abstract “deep struc-
ture” containing meaning and grammatical relationships; it then under-
goes various transformations to become the “surface structure” that is spo-
ken or written (Chomsky, 1957, p. 117). This approach has made signifi-
cant contributions to explaining the structural features of language and has 
continued to influence linguistic studies for many years. However, since 
the theory focuses largely on the formal structure of language, issues such 
as how language is used in social contexts and what functions it serves in 
the communication process have taken a back seat. This situation paved 
the way for the emergence of new approaches in subsequent years that 
centered on the social and cultural dimensions of language use. 
The model of communicative competence proposed by Dell Hymes in 
1972 serves as a response to and a complementary approach to Noam 
Chomsky’s distinction between linguistic competence and performance. 
According to Hymes, Chomsky’s focus solely on grammatical compe-
tence falls short of explaining how language is actually used in real social 
contexts. For this reason, Hymes has expanded the scope of linguistic 
analysis beyond formal grammar and syntax by emphasizing the social, 
cultural, and performative dimensions of language use. In his view, lan-
guage use cannot be considered in isolation from its social and cultural 
context. Communicative competence, on the other hand, refers to an indi-
vidual’s ability to use language effectively and appropriately in specific 
social situations; that is, a language user must know not only what is gram-
matically correct but also what is socially and culturally acceptable 
(Hymes, 1972b, pp. 270, 271). In this vein, Hymes proposed a research 
framework called the “ethnography of communication,” which examines 
how communication varies across communities and how linguistic prac-
tices are embedded in cultural contexts (Hymes, 1972b, p. 284). Accord-
ing to Hymes, the fundamental aim of speech ethnography and the com-
munication model is to explain the meaning of language not at an abstract 
level, but “within the concrete reality of human life” (Hymes, 1972a, p. 
41).  This approach has made it possible to view language not merely as 
a set of grammatical rules, but as a means of communication that functions 
within social life. Thus, the focus of linguistic studies has shifted from the 
question of how correct sentences are produced to the question of how 
individuals use language in different social and cultural contexts. This 
perspective, articulated by Hymes, has given a new direction to language 
research by emphasizing the importance of context and social interaction 
in the communication process. 
Hymes notes that communicative competence should be viewed not only 
as an individual skill but also as a phenomenon shaped within social life. 
According to him, communication and language use become patterned 
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within society in accordance with specific functions, speech categories, 
and shared linguistic tendencies. Similarly, forms of communication can 
vary depending on variables such as gender, age, social status, and occu-
pation. For this reason, the linguistic patterns individuals use reflect not 
only their personal preferences but also the social groups and roles they 
belong to. For example, just as the language and speaking style of a law-
yer, a teacher, or a doctor may differ from one another, factors such as 
educational level, geographic region, and lifestyle can also shape commu-
nication practices (Hymes, 1961, pp. 57–58). This demonstrates that lan-
guage use cannot be evaluated independently of its social context. In other 
words, individuals’ communication preferences are shaped not only by 
their linguistic knowledge but also by their social environment and the 
social roles they assume. Consequently, communicative competence goes 
beyond merely knowing linguistic rules; it also encompasses the ability to 
apply these rules appropriately in different social situations. 
An individual’s language acquisition process also plays a significant role 
in the development of communicative competence. From the moment of 
birth, individuals learn the language or languages used in their environ-
ment, and later in life, they may have the opportunity to acquire other 
languages. However, according to Hymes, knowing a language is not the 
same as being able to use it effectively. For a speaker to be considered 
linguistically competent, they must not only know the grammatical rules 
but also be able to use the language naturally and functionally in appro-
priate contexts. For this reason, communicative competence goes beyond 
mastery of the structural features of language; it also encompasses the 
ability to know what to say, to whom, and how to say it in specific situa-
tions (Hymes, 1966, p. 53). This approach demonstrates that the commu-
nication process does not rely solely on linguistic knowledge but also re-
quires contextual and social knowledge. An individual’s ability to com-
municate effectively depends not only on knowing the rules of language 
but also on being able to apply these rules appropriately to the situation at 
hand. In this regard, communicative competence is regarded as a compre-
hensive area of proficiency that does not limit language learning to gram-
matical accuracy alone but also encompasses the functional dimension of 
language use. 
In conclusion, Hymes emphasized that, in addition to linguistic 
knowledge, sociocultural norms also play a decisive role in communica-
tion; he stated that how individuals communicate depends largely on their 
communicative competence. This approach marked a significant turning 
point in linguistics by acknowledging that linguistic competence is based 
not only on knowledge but also on the ability to apply that knowledge. 
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2. Ludwig Wittgenstein and Language Games 
Ludwig Wittgenstein is one of the thinkers who brought about the most 
profound transformations in the fields of language, meaning, and logic in 
20th-century philosophy. Wittgenstein argued that the task of philosophy 
is not to produce new knowledge about the world, but to reveal the limits 
of language and the logic of meaningful expression. According to him, 
many philosophical problems arise not from reality, but from the misuse 
of language. For this reason, Wittgenstein positioned philosophy not as a 
field for producing theories, but as a critical activity aimed at resolving 
linguistic ambiguities. Especially in his later thought, he turned his atten-
tion to the use of everyday language and, by arguing that meaning arises 
not from fixed essences but from modes of use, laid the foundation for the 
“language games” approach in philosophy. In this way, Wittgenstein pro-
foundly influenced not only analytic philosophy but also modern philos-
ophy of language, pragmatics, and communication theories. (Ryle, 2022, 
p. 175) 
This pragmatic and communicative transformation demonstrates that lan-
guage is not merely an object of philosophical debate, but also a constitu-
tive element of intersubjective interaction. Consequently, the theoretical 
groundwork that resolves philosophical impasses also forms the basis for 
the practical processes of understanding and being understood in everyday 
life. In this context, the shift in focus from abstract concepts to the realm 
of concrete interaction has led researchers to examine how language is 
enacted on the social plane. Indeed, this examination necessitates moving 
beyond philosophical speculation to focus directly on individuals’ com-
municative acts and the limits of these acts. 
Wittgenstein was interested in how people use language to convey spe-
cific meanings and argued that many communication problems stem from 
misunderstandings of language. According to him, only things that can be 
expressed clearly and meaningfully can be discussed; statements that go 
beyond the limits of language lose their meaning. For this reason, Witt-
genstein emphasized the importance of understanding the ways in which 
language is used and the limits of expression (Wittgenstein, 2001, p. 9). 
The philosopher’s emphasis on the limits of language and misunderstand-
ings points to the first step in the dynamic layers that define his place in 
the history of philosophy. Indeed, Wittgenstein’s effort to clarify these 
limits in communicative processes is not a sudden insight but rather the 
product of a comprehensive quest he pursued from the very beginning of 
his career. In this context, understanding where the limits of language 
begin and end necessitates examining the roots of his philosophy and its 
first systematic theoretical steps. These theoretical foundations, in turn, 
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are hidden within the logical architecture of that first major work, which 
would profoundly shake the world of philosophy. 
Wittgenstein’s approach to the functioning of language and the formation 
of meaning dates back to the early stages of his intellectual development. 
In his work Tractatus Logico-Philosophicus, the philosopher developed 
an approach known as the “picture theory” to explain the relationship be-
tween language and the world. According to this theory, the world con-
sists not of objects but of a collection of facts, and the fundamental func-
tion of language is to represent these facts. A proposition is meaningful 
only to the extent that it can establish a structural resemblance to a possi-
ble state of affairs in the world. In other words, language does not directly 
copy reality; rather, it constructs a kind of model by reconstructing its 
logical structure. Therefore, for Wittgenstein, meaning is not a property 
inherent in words alone, but rather a phenomenon that arises from the log-
ical relationship they establish with facts in the world. This representa-
tional relationship between language and reality also plays a central role 
in the philosopher’s explanation of the distinction between meaningful 
and meaningless propositions. Thus, Wittgenstein sought to elucidate not 
only how language is used but also under what conditions it can produce 
meaning. In this context, his “picture theory of language” -which forms 
the foundation of his early philosophy- is regarded as one of the most sig-
nificant theoretical endeavors explaining the logical foundations of the re-
lationship between language and the world (Kargın, 2017). 
The fundamental thesis of picture theory is that there is a one-to-one log-
ical parallelism -that is, an isomorphism- between the structure of lan-
guage and the structure of the world. In Wittgenstein’s philosophy, the 
world is conceived not as a collection of abstract objects, but as the sum 
of the facts that arise from the combination of these objects. Language, in 
turn, is a dynamic tool that reproduces and depicts these facts in a logical 
form. In this structural relationship, objects -the most fundamental, indi-
visible parts of the World- correspond to names at the atomic level in lan-
guage; the possible combinations that objects form with one another con-
stitute basic propositions. Current states of affairs in the World -that is, 
facts- are depicted in language through complex propositions. For a prop-
osition to depict a fact in the world, it is necessary and sufficient that the 
proposition possess the same logical form as the reality it represents. Lan-
guage does not directly copy reality; rather, it constructs a model of the 
world by reconstructing its logical architecture within itself. The inevita-
ble logical conclusion reached by the theory of representation is to equate 
the boundaries of language with the boundaries of the world.  
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According to Wittgenstein’s theory of representation, the world is the sum 
of facts, not objects, and the concept of “language games” has also played 
a foundational role in establishing the epistemological basis of contempo-
rary language teaching methodologies.  Rather than viewing language as 
a set of abstract rules or a system of fixed signifiers, this philosophical 
approach defines it as a dynamic action carried out within social practices, 
heralding a shift from traditional, grammar-focused language pedagogy to 
communicative and action-oriented approaches. Prioritizing context and 
real-life scenarios in language teaching requires students not merely to 
“learn” language as a structural object, but to “experience” it as a way of 
life by actively participating in “language games” within different soci-
ocultural contexts. Consequently, this practical path opened up by Witt-
genstein’s philosophy has transformed foreign language acquisition from 
a mechanical transfer of codes into the individual’s ability to position 
themselves within a new realm of action and meaning. 

From Theoretical Framework to Practice: Dynamic Persona 
and Contextual Scenario Analysis 
Dell Hymes’s theory of communicative competence and Ludwig Wittgen-
stein’s philosophy of language games, discussed in the first section of this 
study, have established an epistemological foundation for the need to 
move beyond static material structures in language teaching. This theoret-
ical framework argues that sociocultural codes and pragmatic flexibility 
must occupy a central place in the acquisition process, just as much as 
linguistic accuracy. To concretize the practical implications of this theo-
retical approach in educational contexts and to examine the “sociocultural 
laboratory” potential offered by Large Language Models (LLMs) on an 
empirical level, this section of the study moves on to an empirical/applied 
analysis.   
In this context, the sterile and predictable dialogue patterns found in tra-
ditional Italian method books (Via del Corso, Nuovo Espresso, Spazio) 
were analyzed comparatively against dynamic persona variations gener-
ated by artificial intelligence, using micro-crisis scenarios designed ac-
cording to language proficiency levels. A key point to emphasize at this 
stage is that the experimental dialogue variations presented in the study 
were prepared as structured reading texts via original system prompts fed 
into the Gemini platform. In their current form, these outputs primarily 
address learners’ reading skills and enable them to passively and analyti-
cally observe the cultural contexts, social breaking points, and ethno-
graphic realities of the target language -which are typically censored 
within traditional boundaries- at the level of textual input. However, given 
the flexible input processing and real-time simulation capabilities of 
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generative AI models, this methodological model is not limited to the act 
of reading alone. Thanks to advanced prompt engineering strategies -such 
as voice-based, interactive, and culturally coded approaches- that will be 
integrated into the model, it has the potential to be transformed into a 
comprehensive pedagogical tool capable of simultaneously testing other 
fundamental language skills, such as speaking and listening, among these 
dynamic avatars. The reciprocal text analyses, which form the practical 
application of the theoretical discussion and represent A1 contextual sce-
narios, are presented below with a focus on linguistic deviations and cul-
tural taboos. 

 
Table 1 Ordering at a Restaurant - A1 

Via del 
Corso 

Cameriere: Prego, volete ordinare? 
Signora: Sì, due bruschette al pomo-
doro per antipasto. Poi per me le lasa-
gne al forno. 
Signore: Io, invece, vorrei i ravioli. 
Cameriere: ...I ravioli. Bene, volete 
anche un secondo? 
Signore: Io sì, prendo... le scalop-
pine. Tu? 
Signora: Mah… una caprese. 
Cameriere: Basta così? 
Signore: Sì. 
Signora: Magari dopo prendiamo un 
dolce… 
Cameriere: Cosa prendete da bere? 
Signora: Una bottiglia di acqua. 
Cameriere: Naturale o gassata? 
Signore: Naturale. Grazie! 
Cameriere: Grazie a voi! 
[…] 
Cameriere: Ecco le bruschette, si-
gnori. Buon appetito! 
(Marin & Diadori, 2017, p. 100) 

Version 1 
Cameriere: Ecco la pizza 
Margherita. 
Turista: Grazie. C’è del 
ketchup, per favore? 
Cameriere: Il ketchup? 
Sulla pizza? No. Non abbi-
amo il ketchup. 
Turista: ... rosso... pomo-
doro... Per favore? 
Cameriere: Signorino, 
questa è una vera pizza ital-
iana. C’è già il pomodoro 
buono. Il ketchup no! 
Turista: Ok... scusi. 
 
 
 
Version 2 
Cameriere: Prego, volete 
un dolce? 
Turista: No, grazie. Per me 
un cappuccino, per favore. 
Cameriere: Il cappuccino? 
Adesso? No, mi dispiace. 
Sono le due. Il cappuccino è 
per la mattina! 
Turista: Io vorrei un cap-
puccino. 
Cameriere: No, dopo 
pranzo il latte fa male. Caffè 
espresso? 
Turista: Va bene... un caffè. 

Nuovo 
Es-
presso 

Cameriere: Buongiorno signora, 
vuole il menù? 
Signora: No, grazie, vorrei solo un 
primo. Che cosa avete oggi? 
Cameriere: Spaghetti ai frutti di 
mare, tagliatelle ai porcini, tortellini 
in brodo, minestra di fagioli... 
Signora: Ah, va bene così, per me gli 
spaghetti. 
Cameriere: E per il ragazzo? 
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Signora: Vuoi anche tu la pasta o 
preferisci qualcos’altro? 
Ragazzo: Mmm, una cotoletta con le 
patatine fritte. 
Cameriere: E da bere? 
Signora: Un quarto di vino rosso e 
mezza minerale, per piacere. 
Cameriere: Gasata o naturale? 
Signora: Naturale. E tu... che cosa 
vuoi? 
Ragazzo: Mmm... una coca... senza 
ghiaccio. 
(Ziglio & Rizzo, 2014, p. 37) 

 

Spazio 
Italia 

Carlo: Allora ragazzi, che cosa 
prendete? 
Viviana: Io vorrei un caffè e un’ac-
qua minerale, e tu Elisa? 
Elisa: Per me un cappuccino. 
Carlo: Tu Stefano, che cosa prendi? 
Stefano: Io vorrei un latte macchiato. 
Carlo: Bene, io prendo un tramez-
zino. 
Cameriere: È tutto? 
Elisa: Beh... io vorrei anche un cor-
netto. 
Carlo: E tu Carlo? 
Carlo: Io prendo una spremuta 
d’arancia. 
Cameriere: Benissimo. 
(Diaco & Tommasini, 2016, p. 65) 

 
The comparative dataset titled “Ordering at a Restaurant—A1” concretely 
illustrates the ontological and epistemological difference between the for-
mal-reductionist structure of traditional language teaching materials and 
the socio-pragmatic richness of input offered by AI-supported dynamic 
persona simulations. A structural analysis of the dialogue patterns in the 
method books Via del Corso, Nuovo Espresso, and Spazio, as presented 
in the relevant data table, clearly reveals the limitations of Chomsky’s 
formal grammar theory in the design of these materials. The ordering sce-
narios constructed in these materials are linear, seamless, and sterile pro-
totypes stripped of social variables, aimed solely at achieving morphosyn-
tactic accuracy (grammatical accuracy). In this context, the fictional char-
acters (waiters) in traditional dialogs function as mechanical automatons 
that validate the interlocutor’s linguistic input solely at the formal level, 
completely excluding linguistic deviations, sociocultural layers, and con-
textual variables. In contrast, the simulations in the experimental dataset 
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generated by the Gemini Large Language Model (LLM) (Version 1 and 
Version 2) operationalize Dell Hymes’ (1972) theory of “communicative 
competence” on a pedagogical plane. 
Hymes’s aim of removing linguistic analysis from a set of abstract rules 
and situating it “within the concrete reality of human life” (1972, p. 41) 
finds a practical counterpart in this dynamic persona model. The learner’s 
use of phrases such as “C’è del ketchup, per favore?” -which are acquired 
from textbooks and are morphosyntactically flawless-  or the phrase “Per 
me un cappuccino, per favore,” spoken in the afternoon—are examples of 
pragmatic failures, despite being grammatically correct (competence), 
when viewed through the lens of the target language’s sociopragmatic 
codes and cultural taboos. The dynamic persona assigned by artificial in-
telligence, while keeping the language level at the A1 threshold, elicits 
reactions such as “Il ketchup? Sulla pizza? No.” or “Il cappuccino? 
Adesso? No... Il cappuccino è per la mattina!”; in this way, it confronts 
the learner with the ethnographic reality of language use, which is shaped 
by variables such as age, social status, and cultural context (Hymes, 
1961). This methodological transformation draws its epistemological 
foundation from Ludwig Wittgenstein’s (2001) philosophy of “language 
games.” Wittgenstein’s approach, which strips meaning of fixed essences 
and reduces it to practical forms of “use” in everyday life, transforms lan-
guage acquisition from a mechanical transfer of codes into a dynamic, 
intersubjective field of action. In the experimental results presented in the 
table, artificial intelligence exposes students to authentic language pat-
terns that are not found in school curricula or traditional teaching materi-
als- patterns that extend beyond formal educational processes. Rather than 
following a static, single-path “question-answer” mechanism, the learner 
must demonstrate linguistic flexibility in response to the interlocutor’s 
cultural defense mechanisms, momentary emotional state, and sociocul-
tural reactions, and renegotiate the rules of the language game at the action 
level. Consequently, the contrast between the dialogues in the analyzed 
dataset scientifically demonstrates that Large Language Models function 
as a flexible “sociocultural laboratory” in language education- one that 
goes beyond a static response system to instantly generate any social sce-
nario. While traditional materials confine learners to an idealized linguis-
tic homogeneity, this AI-powered model transforms learners’ sociolin-
guistic awareness and pragmatic adaptation skills by simulating out of 
school language patterns and micro-cultural crises that are typically cen-
sored in the classroom setting. 
The A1-level restaurant context, which constituted the first stage of the 
study, concretely demonstrated the success of AI-supported reading texts 
in introducing learners to micro-level cultural taboos and deviations from 
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standard language. Through these dynamic texts, learners had the oppor-
tunity to experience, for the first time at the textual input level, the micro-
crisis areas that shape the everyday communication practices of Italian 
culinary culture. To examine the sustainability of the proposed pedagogi-
cal model in language development processes and its reflections across 
different thematic areas, the study then moved to the A2-level healthcare 
context. The communicative conflict area shaped by cultural norms and 
habits at the A1 level gives way at the A2 level to more complex social 
rules, institutional hierarchies, and legal/bureaucratic constraints. Just as 
in the first section, the dialogue variations designed at this level through 
original system commands transferred to the Gemini platform are primar-
ily aimed at developing students’ reading and comprehension skills. This 
framework, which enables learners to analyze the relationships of formal-
ity and distance (dare del Lei) within the target language community at 
the textual level, features a flexible infrastructure that can be integrated 
into other core skill areas -such as listening and conversation- in later 
stages through new voice-based and interactive prompt strategies to be 
added to the system. In this regard, a comparative socio-pragmatic analy-
sis of the smooth, linear doctor-patient/pharmacist-customer relationships 
found in traditional method books and the variations of Italian healthcare 
personnel -structured by artificial intelligence as authoritarian and inflex-
ible regarding rules- is presented below: 

 
Table 2: Doctor’s Visit-A2 

Via 
del 
Corso 

Gianni: Buongiorno, Riccardo! 
Medico: Oh, ciao Gianni! Come stai? 
Gianni: Beh, insomma, se sono qui... 
Medico: Certo. Allora, cos’hai? 
Gianni: Ho la tosse da una settimana e 
il naso chiuso, ma non è niente. Io solo 
il raffreddore o l’influenza. Sono qui 
perché hanno insistito i miei amici. 
Medico: E meno male! Senti, hai avuto 
la febbre? 
Gianni: Boh! 
Medico: Ma come?! Dai, metti questo... 
e poi ti visito. Vedi? 37 e sette. 
Gianni: Davvero? Ma io mi sento... ec-
ciù! 
Medico: Ti senti bene, eh? Hai la tosse, 
la febbre e starnutisci pure! Respira! 
...Hai la bronchite, caro mio. 
Gianni: La bronchite?! E quindi? 

Farmacista: Buongiorno. 
Prego, mi dica, di che cosa 
ha bisogno? 
Turista: Buongiorno. Ho la 
tosse e un po’ di febbre. Per 
favore, vorrei questo 
sciroppo e un antibiotico. 
Farmacista: (Si ferma, 
scuote la testa) L’antibi-
otico? Così, senza ricetta 
del medico? No. In Italia 
non vendiamo l’antibiotico 
senza la ricetta. È vietato, la 
legge non permette. 
Turista: Eh... ricetta... no. 
Ma io... straniero. Molto 
malato... tosse... febbre... 
Per favore? 
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Medico: Prendi questo antibiotico: una 
capsula ogni 8 ore. Se la tosse non 
passa, devi prendere anche questo 
sciroppo! 
Gianni: D’accordo! 
Medico: E mi raccomando, bevi molta 
acqua, evita le bevande fredde o molto 
calde e niente sport per un po’! Chiaro? 
Gianni: Certo, grazie, Riccardo. 
(Marin & Diadori, 2018, p. 22) 

Farmacista: Ho capito che 
Lei è straniero, signore, ma 
l’antibiotico non è una cara-
mella! Non posso darlo 
così. Prima deve andare dal 
medico a fare la visita. 
Turista: (Sorpreso, ripete 
disperatamente la stessa 
struttura del libro) Ma... io 
vorrei un antibiotico. Sto 
male. 
Farmacista: Niente ricetta, 
niente antibiotico. Per la 
tosse posso dare solo una ti-
sana o queste pastiglie leg-
gere. Vuole queste? 
Turista: (Incolpevole, si ar-
rende) Va bene... le 
pastiglie. 
 

Nuovo 
Es-
presso 

Farmacista: La stanno già servendo? 
Cliente: No, veramente no. 
Farmacista: Mi dica, allora. 
Cliente: Sì, senta, è da ieri che mi sento 
un po’ strano, ho mal di testa, mal di 
pancia... 
Farmacista: Ha mangiato qualcosa che 
Le ha fatto male? 
Cliente: No, direi di no. E poi, guardi, 
da stamattina ho anche quest’irritazione 
alla pelle. 
Farmacista: Faccia vedere. 
Cliente: Guardi, qui sulle braccia e 
sulla schiena soprattutto. 
Farmacista: È allergico a qualcosa? 
Cliente: No. 
Farmacista: Venga qui, mi faccia ve-
dere meglio. Mhh, è stato molto tempo 
al sole? 
Cliente: Beh, sì, però ho messo una 
crema solare. 
Farmacista: Lo so, ma a volte non 
basta. Potrebbe essere un colpo di sole o 
forse ha bevuto una bibita troppo 
fredda. 
Cliente: Mhh, sì, può darsi... 
Farmacista: Allora, guardi, per un paio 
di giorni mangi in bianco, non beva al-
colici e naturalmente non vada al sole. 
Le do anche una pomata per la pelle. La 
metta due o tre volte al giorno. 
Cliente: Va bene, d’accordo. 
Farmacista: Se tra qualche giorno poi 
non si sente ancora bene, si rivolga a un 
medico. 
(Balì & Rizzo, 2014, p. 100) 

Spa-
zio 
Italia 

Paziente: Buongiorno, dottore. 
Dottore: Buongiorno, signora Micol. 
Come va? 
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Paziente: Dottore, ho bisogno di fare 
una visita perché ho spesso mal di 
stomaco. Non so se dipende da quello 
che mangio. 
Dottore: Mi sembra strano, signora 
Micol, lei sta sempre molto attenta a 
non mangiare cibi grassi, formaggi o 
salumi. 
Paziente: Infatti. 
Dottore: Ora la visito e vediamo. Si 
stenda sul lettino, si apra la camicia. Di 
solito quando Le fa male lo stomaco? 
Paziente: Praticamente sempre, tutto il 
giorno. 
Dottore: E che cosa sente? 
Paziente: Un bruciore costante. 
Dottore: Allora intanto potrebbe in-
iziare con questa medicina che aiuta a 
calmare il bruciore. La prenda ogni 
giorno prima di pranzo e cena. Poi, 
prima di andare a dormire, si faccia una 
bella tisana di semi di finocchio. 
Paziente: Bene dottore, spero di avere 
un miglioramento. 
Dottore: Non si preoccupi signora 
Micol, segua i miei consigli e torni da 
me fra una settimana. 
Paziente: Grazie, dottore, comincio 
stasera. 
Dottore: Arrivederci alla prossima set-
timana. 
(Tommasini & Diaco, 2018, p. 36) 

 
When examining the dialogue patterns from the Via del Corso and Nuovo 
Espresso method books presented in the left column, the linear, smooth, 
and conflict-free structure of traditional materials is clearly evident. In Via 
del Corso’s A2-level “dal medico” (at the doctor’s) scenario, the commu-
nication between the patient, Gianni, and Dr. Riccardo is conducted en-
tirely through a mechanical confirmation mechanism. The steps of de-
scribing symptoms, the examination process, making a diagnosis, and 
writing a prescription are completed without encountering any socio-
pragmatic obstacles or communicative disruptions. Similarly, the interac-
tion between the pharmacist and the customer in Nuovo Espresso also ex-
hibits an idealized homogeneity. The customer voices their complaints, 
and the pharmacist hands over the cream while providing direct instruc-
tions without creating any contextual or legal complications. In both tra-
ditional examples, the fictional characters are static figures who merely 
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validate linguistic input at a formal level; social variables, cultural sensi-
tivities, and the spontaneous crises of real life are entirely excluded from 
these texts. The experimental dataset in the right column of the table -
obtained through prompt engineering processes using a Large Language 
Model- has been transformed into the persona of a distant, authoritarian 
Italian pharmacist who does not bend the rules, disrupting the question-
and-answer mechanism to add socio-psychological depth to the text. The 
phrase “Ho la tosse e un po’ di febbre. Per favore, vorrei questo sciroppo 
e un antibiotico,” which the learner has acquired from textbooks and is 
morphosyntactically flawless, runs into a severe pragmatic failure in terms 
of the target country’s socio-legal codes and medical culture, despite be-
ing grammatically correct (competence). The dynamic persona assigned 
by artificial intelligence reacts by creating a micro-cultural crisis -just as 
it would in real life- rather than displaying the mechanical conformity 
found in traditional textbooks. At this point, the learner is forced to step 
out of the single-path comfort zone offered by static textbooks, manage 
an unexpected bureaucratic obstacle with a limited A2 language profi-
ciency, and renegotiate the rules of the language game at an action-ori-
ented level. The learner’s hesitations which reflect their difficulty and 
helplessness and their repetition of textbook patterns demonstrate the high 
potential for cognitive flexibility offered by the AI’s input. The dynamic 
persona continues to confront the learner with the cultural and ethno-
graphic realities of the target language, firmly reminding them of local 
norms: In this way, the learner has the opportunity to directly encounter 
the vibrant, non-academic language patterns often censored or overlooked 
in formal educational processes and school curricula as well as the inter-
locutor’s immediate emotional reactions and social taboos.   
The health context addressed at the A2 level in this study demonstrated 
how AI-supported reading texts help learners develop pragmatic aware-
ness in terms of socio-legal norms, institutional hierarchies, and patterns 
of formality. Following this phase which enabled learners to step out of 
the sterile comfort zone of their textbooks and analyze bureaucratic 
boundaries and micro-cultural crises at the level of textual input the study 
moved to a B1-level job interview context to advance the model’s linguis-
tic and pedagogical competence to a higher level. As the linguistic thresh-
old rises to the B1 level, the arena of communicative conflict gives way 
not only to the obligation to comply with rules but also to integration into 
organizational culture, the defense of professional boundaries, linguistic 
adaptation under stress, and more abstract socio-psychological dynamics. 
Just as in previous levels, this interview scenario designed using original 
system commands transferred to the Gemini platform is primarily struc-
tured as reading texts. This situation enables learners to analyze, on a 
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textual level, the negotiation of sensitive topics such as skeptical and in-
quisitive approaches to professional life and career gaps (buco). Further-
more, the dynamic simulation capabilities of generative artificial intelli-
gence, combined with new prompt engineering strategies such as voice-
based, interactive approaches that reflect interview psychology to be inte-
grated into the system in future phases, pave the way for transforming this 
model into a comprehensive assessment and practice environment capable 
of directly testing higher-order performative skills such as listening and 
conversational interaction. In this regard, the linear and encouraging or-
ganizational dialogue structures found in traditional method books (Via 
del Corso, Dieci) which allow candidates to express themselves comfort-
ably and the skeptical interviewer variations generated by artificial intel-
ligence, which aim to corner the candidate and use vivid idiomatic expres-
sions such as “chi si ferma è perduto” is presented below: 
 

Table 3: Job Interview B1 

Via del 
Corso 

Selezionatore: Buonasera signor Viviani, 
prego, si accomodi. 
Candidato: Buonasera. 
Selezionatore: Allora, mi dica, ha già es-
perienza nel settore delle vendite e nelle 
relazioni con il pubblico? Vedo che non ha 
titoli di studio specifici... solo il diploma 
dell’istituto tecnico. 
Candidato: Sì, dopo le superiori ho lavor-
ato per un periodo in un’azienda che pro-
duce barche e poi ho lavorato per quattro 
anni in un punto vendita di una compagnia 
telefonica. 
Selezionatore: Quali erano le sue man-
sioni? 
Candidato: Mi occupavo della promo-
zione di prodotti elettronici, come 
smartphone e tablet, collegati ai piani tar-
iffari. È stata un’esperienza molto im-
portante: ho imparato a trattare con i clienti 
con professionalità ed efficacia. 
Selezionatore: Bene. Ha con sé il curricu-
lum? 
Candidato: Certo. Ecco a Lei. 
Selezionatore: Grazie. Vedo qui che ha 
anche lavorato come commesso per Eataly. 
Perché soltanto per sei mesi? 
Candidato: Beh, diciamo che per motivi 
personali mi sono dovuto trasferire in 
un’altra città e purtroppo ho dovuto 

Selezionatore: (Guarda 
il curriculum soc-
chiudendo gli occhi, poi 
sospira) Buongiorno. 
Dunque, ho letto il Suo 
profilo... Sì, carino, ma 
c’è qualcosa che non mi 
quadra. Vedo che nel 
2024 si è preso un anno 
di pausa. Un anno intero 
senza fare assolutamente 
nulla? Come pensa di 
giustificare questo 
“buco” nel mercato del 
lavoro odierno? 
Candidato: Beh... in 
quell’anno ho voluto vi-
aggiare e studiare la lin-
gua, volevo fare un’es-
perienza personale... 
Selezionatore: (Lo in-
terrompe bruscamente) 
Esperienza personale? 
Senta, signore, qui siamo 
un’azienda seria, non 
un’agenzia di viaggi. Il 
mercato corre e chi si 
ferma è perduto. Inoltre, 
vedo che ha cambiato tre 
lavori in due anni. Lei è 
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smettere perché la sede di lavoro era 
troppo lontana. Però è stata un’esperienza 
interessante. 
Selezionatore: Vede, per fare questo la-
voro contano affidabilità ed esperienza, ma 
il requisito più importante, come abbiamo 
scritto nell’annuncio, è saper comunicare 
in modo efficace con i clienti: convincerli 
a provare i nostri prodotti. Abbiamo vini di 
produzione biologica con marchi di qual-
ità. Siamo una piccola azienda, ma in-
iziamo a esportare all’estero. 
Candidato: Ma avevo capito che cerca-
vate una persona per lavorare qui in zona... 
Selezionatore: Sì, certo, il lavoro si svol-
gerà nei punti vendita della provincia, ma 
vogliamo qualcuno che conosce e capisce 
la nostra realtà aziendale. 
Candidato: Ah, chiaramente. Sono d’ac-
cordo. 
Selezionatore: Visto che spesso si troverà 
in luoghi turistici, come se la cava con 
l’inglese? 
Candidato: Così così, diciamo che le 
lingue straniere non sono il mio forte. 
Selezionatore: Ho capito, bene, grazie... 
Le faremo sapere nei prossimi giorni. 
(Marin & Diadori, 2019, p. 178) 

uno che si stanca facil-
mente o ha problemi ad 
accettare l’autorità dei 
superiori? Mi dica la 
verità. 
Candidato: No, assolu-
tamente, non è così... È 
che cercavo migliori op-
portunità di crescita... 
Selezionatore: (Inarca 
un sopracciglio, scettico) 
Opportunità di crescita o 
semplicemente più 
soldi? Sia onesto, perché 
a me la trasparenza in-
teressa più di un bel 
pezzo di carta. Se un cli-
ente le fa una scenata da-
vanti a tutti perché il 
prodotto non funziona, 
Lei cosa fa? Si prende 
un altro anno di pausa 
per riflettere? 

 
 
 
 
 
 
 
 
 
Dieci 

Intervistatore: Prego, si accomodi. 
Candidato: Grazie. 
Intervistatore: Allora, abbiamo visto il 
Suo curriculum. Interessante, anche se è 
giovane ha già una buona esperienza. Dun-
que... Vediamo... Lei ha cominciato una 
decina d’anni fa. Giusto? 
Candidato: Giusto, ho iniziato molto 
presto, dato che questo lavoro è sempre 
stata la mia passione. Devo dire che è una 
tradizione di famiglia, mia madre faceva lo 
stesso lavoro. All’inizio per me era solo un 
gioco, e in un certo senso lo è ancora oggi, 
poi è diventata la mia professione. 
Intervistatore: Bene. In effetti saper gio-
care è fondamentale in questo mestiere. 
Leggo che ha anche una buona forma-
zione, e che ha molti diplomi. 
Candidato: Esatto. Vede... Molti pensano 
che per fare questo lavoro sia necessaria 
solo la pratica. 
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Intervistatore: In che senso? Vuole dire 
che la pratica non serve? 
Candidato: Non proprio. Sicuramente la 
pratica è importante. Ma è importante 
avere anche delle buone basi teoriche, per 
questo ho sentito il bisogno di frequentare 
le migliori scuole per formarmi a questa 
professione così difficile. 
Intervistatore: Ah, sì, certo. Senza dubbio 
si tratta di un lavoro difficile per il quale 
sono richieste molte capacità, tra cui crea-
tività, fantasia, personalità, e noi come 
avrà capito siamo molto esigenti. Ma il 
Suo percorso di studi è certamente ottimo, 
e anche la Sua esperienza professionale è 
interessante, insomma Lei ha tutte le com-
petenze per avere questo posto. 
Candidato: Ah, bene, La ringrazio. 
Quindi il posto è mio? 
(Naddeo & Orlandino, 2021, p. 118) 

 
Spazio 
Italia 

Samuele: Allora Marilena, che cosa fai di 
bello da quando sei tornata in Italia? 
Marilena: Cerco lavoro. 
Samuele: Davvero? Ma una come te non 
dovrebbe avere problemi! 
Marilena: E invece caro Samuele, non è 
così. Sono stata all’estero tanto tempo e ho 
perso i contatti con il mondo del lavoro 
italiano. 
Samuele: Questo, guarda, non è un prob-
lema, visto che oggi la risorsa migliore per 
la ricerca di lavoro è Internet. 
Marilena: Mah, non saprei. Come vedi sto 
cercando, ma finora non ho avuto grandi 
risultati. 
Samuele: Perché devi stare attenta a come 
cerchi. Ad esempio, se sei molto inter-
essata a un’azienda, dovresti evitare di 
spedire semplicemente una mail alla 
sezione “Lavora con noi”. Io, almeno, pre-
ferirei cercare in maniera più dettagliata, 
magari trovare altre persone che già la-
vorano in quell’azienda, vedere se ho con-
tatti in comune. 
Marilena: Sì, hai ragione! Infatti per il 
momento ho scoperto che alcuni miei com-
pagni di corso all’università sono entrati in 
un paio di aziende che mi interesserebbero. 
A me piacerebbe lavorare per le grandi 
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compagnie telefoniche, le aziende di com-
mercio internazionale, le ditte di trasporti... 
Samuele: Allora, al posto tuo, cercherei 
informazioni sul sito di quelle aziende. Se 
possibile, andrei a eventi in cui magari 
puoi incontrare quei tuoi compagni; op-
pure li chiamerei direttamente e gli direi 
che cosa sto cercando, magari chiederei di 
parlare con il responsabile del personale. 
(Tommasini & Diaco, 2019, p. 44) 

 
Upon examining the textbooks presented in the left column of the table, it 
is evident that institutional interactions are structured step-by-step and in 
a controlled manner in line with pedagogical objectives. In the B1-level 
dialogue from Via del Corso, the interviewer (Selezionatore) allows the 
candidate to clearly demonstrate grammatical structures while reviewing 
the candidate’s resume and length of experience. The candidate’s mor-
phosyntactically flawless justifications are met with professional courtesy 
by the interviewer, and even the description of the candidate’s English 
proficiency as “così così” (so-so) carries the process to its conclusion 
without disrupting the flow of the dialogue. This scenario serves as an 
excellent guide for a B1-level learner in mastering interview stages and 
language patterns.  In the dialogue from the Dieci method book, the pro-
cess presents a positive interview simulation designed to boost the 
learner’s motivation. The interviewer interprets the candidate’s limited 
experience from a positive perspective, and the dialogue concludes in a 
sincere tone with the candidate’s question, “Quindi il posto è mio?” The 
example in Spazio Italia also aims to inform the learner by transforming 
the job search process into a technical and advice-oriented guide. All of 
these examples play an indispensable role in establishing the theoretical 
and morphosyntactic foundation of language education. However, the 
structural framework these dialogues aim to establish is, by its very na-
ture, limited to a single possibility; it falls short of fully encompassing the 
variety of interviewer styles, character types, and spontaneous socio-prag-
matic crises that real life can present. It is precisely at this point that there 
is a need for AI-supported variations built upon the strong foundation laid 
by textbooks.  The AI-based experimental output displayed in the right 
column of the “Large Language Model-Based Persona Diversity and Lin-
guistic Table” does not reject the system outlined in method books; rather, 
it tests the B1 language skills it imparts through a different and more re-
alistic scenario variation. This interviewer persona, constructed by a 
Large Language Model (LLM), is designed as a skeptical HR specialist 
who notices a chronological gap in the candidate’s resume and addresses 
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it with a more probing approach: “Vedo che nel 2024 si è preso un anno 
di pausa... Come pensa di giustificare questo “buco” nel mercato del la-
voro odierno?” This approach encourages learners who have successfully 
mastered the necessary patterns from the textbook to step outside their 
memorized comfort zone and apply the knowledge they have acquired in 
a stressful and defense-oriented context.  The dynamic persona’s inter-
ventions during the interview (“Esperienza personale? Senta, signore, qui 
siamo un’azienda seria...”) confront the learner with sociocultural dynam-
ics such as “speed, corporate loyalty, and professional boundaries” an-
other reality of the business world. In the dialogue, colloquial expressions 
selected by the AI - such as “buco” (gap) or “chi si ferma è perduto” (he 
who hesitates is lost) - enrich the contextual and social knowledge domain 
emphasized by Hymes. While maintaining the grammatical accuracy ac-
quired from the textbook, the learner must simultaneously adapt instantly 
to the rules of the language game in response to the interlocutor’s skeptical 
questions and demonstrate cognitive flexibility.   

Conclusion 
In this study, dialogue examples from the Via del Corso, Nuovo Espresso, 
Dieci, and Spazio method books which are widely used in Italian language 
instruction were compared with dynamic persona scenarios generated by 
generative artificial intelligence. The findings indicate that traditional 
teaching materials predominantly present predictable, linear communica-
tion patterns stripped of social variables. In these materials, learners typi-
cally encounter idealized dialogues that lead to a specific outcome without 
any communicative disruptions. 
In contrast, AI-supported dynamic persona applications can expose learn-
ers to unexpected situations by re-creating the same communicative sce-
narios with varying psychological, cultural, and social variables. This var-
iability, which arises in everyday life scenarios such as ordering at a res-
taurant, visiting a doctor, or attending a job interview, enables learners to 
develop not only grammatical accuracy but also context-appropriate com-
munication strategies. In particular, the ability to simulate communicative 
barriers stemming from cultural norms, social expectations, and the per-
sonal characteristics of the interlocutor makes the pragmatic dimension 
which is often limited in traditional materials more prominent. 
Research findings indicate that the dynamic persona approach holds sig-
nificant potential for developing learners’ communicative competence, 
pragmatic awareness, and sociolinguistic adaptation skills. Thanks to var-
iable characters generated by artificial intelligence, learners have the op-
portunity to use the same linguistic structures in different social contexts 
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and to manage communicative challenges. This transforms foreign lan-
guage learning from a process based solely on the acquisition of linguistic 
structures into a dynamic learning environment where experiences closer 
to real-life communication can be encountered. 
However, this study is based on a text-based comparative scenario analy-
sis rather than an experimental application conducted with actual groups 
of learners. Therefore, the findings constitute a theoretical and pedagogi-
cal evaluation highlighting the potential contributions of the dynamic per-
sona approach. In future research, empirical investigations of this ap-
proach’s effects on communicative competence, pragmatic proficiency, 
and intercultural awareness through applied studies involving learners at 
different language proficiency levels will provide significant contribu-
tions to the field. 
In conclusion, dynamic persona applications powered by generative AI 
can be viewed not as a complete replacement for traditional materials used 
in foreign language instruction, but rather as a complementary tool that 
enriches the learning environments they provide. By exposing learners to 
different social roles, cultural expectations, and communicative chal-
lenges, this approach offers significant pedagogical potential that can con-
tribute to the creation of more flexible, interactive, and real-life-oriented 
learning experiences in foreign language education. 

Declaration on the Use of Artificial Intelligence 
Generative artificial intelligence was used in this study for the creation of dy-
namic dialogue scenarios. Specifically, Google Gemini 2.5 Pro was em-
ployed to generate character-based dynamic dialogues by assigning different 
personality traits, emotional states, and social characteristics to personas 
within the selected language-learning scenarios. The AI-generated dialogues 
were incorporated into the study as research material in their original gener-
ated form, without any modification or editing by the authors. The use of ar-
tificial intelligence was limited to the generation of these dialogues; the anal-
ysis, interpretation, and academic evaluation of the material were conducted 
by the authors. The authors take full responsibility for the analysis, interpre-
tation, and conclusions presented in this study. 
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From AI Translation to Pragmatic Post-Editing:                
A Task-Based Framework for Developing University 

EFL Learners’ Pragmatic Competence 

Maryam DelfarianTurk 1 

Abstract 
Genera%ve AI and machine transla%on are increasingly used by university EFL learners for trans-
la%on, dra3ing, rewri%ng, and academic communica%on. Although these tools can produce flu-
ent and gramma%cally accurate language, their output is not always pragma%cally appropriate 
for a par%cular recipient or context. This chapter introduces pragma%c post-edi%ng as the de-
liberate human evalua%on and revision of AI-generated or machine-translated language in rela-
%on to communica%ve purpose and completeness, recipient and ins%tu%onal rela%onship, di-
rectness and imposi%on, politeness and mi%ga%on, and writer’s voice, ownership, and authen-
%city. The framework is grounded in research on pragma%c competence, request realiza%on, 
email pragma%cs, machine transla%on literacy, and voice in second-language wri%ng. Its five 
dimensions are applied through a six-stage Pragma%c Post-Edi%ng Cycle: contextual planning, 
genera%on or transla%on, diagnosis, informed revision, final verifica%on and authorial approval, 
and focused reflec%on. Two composite university communica%on tasks, a table of guiding ques-
%ons for pragma%c revision, and a final checklist illustrate how the framework can be used in 
prac%ce. The chapter also proposes a task-based classroom sequence and iden%fies areas that 
require empirical valida%on. AI output is therefore treated as provisional material for pragma%c 
learning rather than as a final model. 
Keywords: genera4ve AI; pragma4c competence; post-edi4ng; email pragma4cs; machine 
transla4on literacy 

Introduction 
Different AI tools are now widely used by language learners for transla-
tion, drafting, rewriting, grammar checking, and other language-related 
tasks. Many researchers have highlighted the educational benefits of these 
tools, particularly their potential to provide feedback and language sup-
port. At the same time, concerns have also been raised about inaccurate 
output, unequal access, and overreliance, all of which may limit learning 
rather than support it (Kasneci et al., 2023; Warschauer et al., 2023). AI-
assisted reformulation may also influence the way writers express their 
ideas. Even after post-editing, AI-generated drafts may retain stylistic 

 
1 Lecturer Dr., Istanbul University-Cerrahpaşa, School of Foreign Languages, De-

partment of Foreign Languages, English Preparatory Program, ORCID: 0009-
0009-8349-7510, m.delfarianturk@iuc.edu.tr, Türkiye 



Maryam DelfarianTurk 

 256 

characteristics that distinguish them from unaided writing (Baumler et al., 
2026). The main question, therefore, is no longer simply whether lan-
guage learners use AI. What deserves more attention is whether they can 
evaluate the output and make decisions that support language develop-
ment, pragmatic awareness, and independent communication. 
In educational settings, especially in academic correspondence, emails, 
and student requests, these problems become particularly noticeable. A 
student may make a request very directly without considering the wider 
context or including important information such as the program, deadline, 
submission procedure, or details needed by the referee. For example, a 
student may simply ask, “Could you write a recommendation letter for 
me?” without providing enough information for the recipient to respond 
appropriately. In another situation, a student seeking feedback from an 
instructor about a project may ask, “Did you do it?” Although the student 
may not intend to sound rude, such wording can be perceived as more 
demanding than intended. Research on student–faculty email communi-
cation has shown that perceived appropriateness depends on the interac-
tion among directness, mitigation, forms of address, contextual framing, 
and degree of imposition (Biesenbach-Lucas, 2007; Economidou-Ko-
getsidis, 2011, 2018). A mismatch between what the student intends and 
how the message is received does not necessarily indicate rudeness or dis-
respect. Rather, it may reflect a gap between the writer’s communicative 
intention and the pragmatic effect of the message. 
Classroom-based experiences and observations were among the main mo-
tivations for this chapter because they pointed to a similar problem in stu-
dents’ AI-assisted communication. Learners often appeared to judge AI-
generated or machine-translated messages mainly by grammatical accu-
racy or apparent politeness, while giving less attention to whether the re-
cipient had enough information to understand and respond appropriately. 
These observations are not presented as systematically collected data; 
they provide a pedagogical starting point for a pattern already documented 
in research. Economidou-Kogetsidis (2023) found that advanced EFL 
learners evaluating student-faculty emails focused strongly on framing 
moves such as greetings, address forms, and closings, while attending less 
to content and sociopragmatic considerations. Related differences be-
tween formality, framing, and content priorities were also reported by 
Economidou-Kogetsidis et al. (2021). This is especially relevant to AI-
assisted communication because polished framing can be generated eas-
ily, whereas essential contextual information still depends on the writer. 
The pedagogical context envisioned here is university-level EFL commu-
nication, including preparatory or foundation settings in which learners 
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use English for academic requests and institutional correspondence. The 
framework is intended for adaptation across settings; its transferability has 
not been established. The examples therefore illustrate pedagogical pos-
sibilities rather than findings about a particular national, institutional, or 
L1-specific population. 
This chapter presents a theoretically informed, task-based framework for 
applying pragmatic post-editing to AI-assisted communication among 
university EFL learners. The literature included in the chapter is selected 
and organized around this purpose rather than presented as a systematic 
or exhaustive review. 
In this chapter, pragmatic competence is treated as the conceptual basis of 
the proposed framework. It involves not only knowledge of linguistic 
forms, but also the ability to select and interpret them according to com-
municative purpose and social context. Thomas (1983) distinguished be-
tween pragmalinguistic resources and sociopragmatic judgements: writers 
need ways to formulate an action, but they must also decide what is ap-
propriate for a particular person, relationship, and situation. Later work 
similarly emphasizes the interaction of linguistic resources, contextual in-
terpretation, and developing pragmatic ability (Kasper & Rose, 2002; 
Taguchi & Roever, 2017). This distinction is especially important in AI-
assisted writing because fluent output may appear complete even when 
sociopragmatic decisions remain unresolved. AI may provide the linguis-
tic form, but the learner must still judge whether that form fits the situa-
tion. A grammatically correct request may therefore remain pragmatically 
unsuccessful if its force is unclear, key information is missing, or the 
wording positions the recipient in an unintended way. The framework 
therefore asks learners to explain not only what they changed, but which 
contextual problem the change addresses. 
Some of the most relevant examples can be found in university corre-
spondence and other academic or administrative texts exchanged among 
students, instructors, and administrative staff. University emails, aca-
demic requests, and formal messages to instructors or educational officers 
can provide a useful context for developing pragmatic competence be-
cause the writer’s language choices remain visible in the text and can later 
be examined. These choices include how to address the recipient, how to 
introduce the reason for contact, how to perform the central speech act, 
what supporting information to provide, and how to close the interaction. 
Recipients interpret these elements together rather than separately. Prag-
matic post-editing therefore treats the message as an interpersonal action 
rather than simply as a set of sentences requiring correction. 
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The task-based nature of the proposed framework also connects it with 
task-based language teaching. A pedagogical task is organized around 
meaning and the achievement of an outcome rather than the display of a 
predetermined grammatical form (Ellis, 2003; Long, 2015). Within this 
framework, the intended outcome is a message that a plausible recipient 
can understand and respond to appropriately. To reach this outcome, 
learners may draw on their own language resources, contextual 
knowledge, AI-generated output, and feedback. At the same time, the ac-
tivity remains pedagogical because learners are expected to explain the 
reasoning behind the choices they make. AI is therefore included as one 
resource within a meaning-oriented task rather than as the tool that com-
pletes the communicative task on behalf of the learner. 
Task-based work also requires attention to sequencing and processing de-
mands. Robinson (2001) distinguishes cognitive task complexity from 
learner-perceived difficulty, while Skehan (1998) emphasizes limits on 
attentional resources. Drawing on these concerns, the present chapter pro-
poses varying imposition, social distance, and shared contextual 
knowledge to elicit different pragmatic decisions. This is a pedagogical 
adaptation, not a direct classification of these variables as resource-direct-
ing dimensions in Robinson’s framework. 

From AI Translation to Pragmatic Post-Editing 
Post-editing traditionally refers to human revision of machine-translation 
output according to required quality specifications. It may involve mean-
ing, grammar, terminology, fluency, consistency, style, and suitability for 
the intended use. ISO 18587:2017 specifies requirements for full human 
post-editing and post-editor competences and applies specifically to ma-
chine-translated content (International Organization for Standardization 
[ISO], 2017; Nitzke & Hansen-Schirra, 2021). The present chapter makes 
contextual and interpersonal evaluation explicit for language learners and 
extends the pedagogical procedure to AI-generated drafts. 
This chapter uses pragmatic post-editing as an operational term for delib-
erate human evaluation and revision of AI-generated or machine-trans-
lated language in relation to communicative, interpersonal, and sociocul-
tural appropriateness. Writers check intended meaning, speech act, neces-
sary information, and the relationship represented by the message. These 
decisions require contextual judgement rather than reliance on fluent 
wording alone (Taguchi & Roever, 2017; Thomas, 1983). The proposal is 
consistent with functionalist translation approaches, which evaluate 
choices against the target text’s intended function and situation of use 
(Nord, 2018). Its contribution is not to introduce recipient awareness into 
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translation, but to organize such considerations into an explicit instruc-
tional framework for AI-assisted institutional communication. Checks of 
meaning and linguistic quality remain integral to that framework. 
Pragmatic post-editing overlaps with machine translation literacy, which 
supports informed decisions about when and how to use machine transla-
tion and evaluate its output (Bowker & Buitrago Ciro, 2019). Its interper-
sonal focus is more specific, but its scope also includes generative draft-
ing. It is therefore a complementary instructional practice rather than 
simply a subset of machine translation literacy. 
Pragmatic revision involves choices whose suitability depends on infor-
mation outside the sentence. A brief reminder may fit an established mes-
saging exchange but seem abrupt in a first email to an unfamiliar lecturer. 
Writers therefore reconstruct the situation, consider likely interpretations, 
and select a defensible option. This emphasis on decision-making does 
not imply that conventional correction or post-editing is mechanical; it 
makes the learner’s contextual reasoning available for discussion and 
feedback. 

A Five-Dimensional Framework for Pragmatic Post-Editing 

Communicative purpose and contextual completeness 
The writer first identifies what the message should accomplish and what 
the recipient needs in order to respond. Explanations and justifications, 
often described as grounders, may support a request by clarifying its basis; 
however, completeness does not mean including every available detail. 
Information should be relevant and sufficient rather than repetitive. In a 
recommendation request, this may include the programme, institution, 
deadline, submission procedure, and supporting material (Blum-Kulka et 
al., 1989; Economidou-Kogetsidis, 2011). 

Recipient and institutional relationship 
Appropriateness depends partly on who is writing, who receives the mes-
sage, and what roles and history shape their interaction. Politeness re-
search has long treated relative power, social distance, and degree of im-
position as relevant contextual variables (Brown & Levinson, 1987). 
These variables are useful but should not be treated as fixed, since their 
interpretation varies across individuals, institutions, and cultures; later 
work therefore frames them as part of ongoing rapport management 
(Spencer-Oatey, 2008). Forms of address should be considered together 
with the request itself. A first name may be locally acceptable, while a 
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formal title cannot compensate for wording that disregards the recipient’s 
discretion (Economidou-Kogetsidis, 2018). 

Directness and degree of imposition 
Request strategies range from direct formulations to conventionally indi-
rect forms and hints (Blum-Kulka et al., 1989), and the amount of mitiga-
tion a request conventionally attracts may vary with the power, distance, 
and imposition involved (Brown & Levinson, 1987). Directness is not in-
herently impolite, and unnecessary indirectness may reduce clarity. The 
relevant question is whether the formulation is proportionate to the recip-
ient’s time, effort, responsibility, and professional discretion. “You need 
to mark all of them as exceptional,” for example, represents an evaluative 
judgement as an obligation. Post-editing should acknowledge that the de-
cision remains with the referee rather than merely adding please. 

Politeness and mitigation 
Internal modification occurs within the main request, while external mod-
ification includes supportive moves such as preparators, grounders, 
acknowledgements of imposition, and expressions of appreciation (Blum-
Kulka et al., 1989). L2 writers may rely heavily on a limited set of lexical 
markers, particularly please, while using fewer syntactic modifiers 
(Biesenbach-Lucas, 2007). Yet please does not make every directive ap-
propriate, and multiple apologies or elaborate expressions of gratitude 
may make a simple message unnecessarily long. Politeness must be eval-
uated through the complete message and its context. 

Voice, Ownership, and Authenticity 
The fifth dimension requires more attention because its application to AI-
assisted institutional communication is less established, although the un-
derlying construct is not new. Work on writing and identity shows that 
writers construct a discoursal self through accumulated linguistic choices 
(Ivanič, 1998), while research on academic and second-language writing 
treats voice as relational, reader-perceived, and genre-situated (Matsuda 
& Tardy, 2007; Tardy, 2012). Research on stance similarly identifies re-
sources through which writers position themselves toward readers (Hy-
land, 2005). This chapter therefore does not propose a new concept of 
voice; its pedagogical claim is that voice becomes especially important 
when AI supplies many of the linguistic choices through which it is nor-
mally constructed. Here, writer’s voice refers to the linguistic and inter-
personal choices through which a writer presents a version of the self, 
including vocabulary, formality, sentence style, and the framing of 
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requests or explanations. In institutional communication, that voice re-
mains relational and context-dependent. 
This issue becomes especially important when students transmit AI-gen-
erated messages with little revision. Grammatical accuracy and conven-
tional politeness do not necessarily reflect the sender’s intended identity 
or position. In workplace communication, Cardon and Coman (2026) 
found that medium to high levels of AI assistance could reduce evalua-
tions of sender trustworthiness despite positive impressions of message 
professionalism. Coman and Cardon (2026) likewise examined profes-
sionalism and authenticity as distinct evaluations. These studies concern 
workplace communication, so transfer to student-faculty interaction re-
quires investigation. They nevertheless motivate attention to how a pol-
ished message represents its sender. 
Post-editing can partly reduce the distance between writer and message, 
but its effectiveness depends on the extent and nature of the writer’s in-
tervention. In a preregistered study of 81 participants, Baumler et al. 
(2026) found that post-editing increased the stylistic similarity between 
LLM-generated drafts and participants’ unassisted writing. However, 
post-edited texts still remained stylistically closer to LLM-generated writ-
ing than to participants’ independently composed texts and showed re-
duced stylistic diversity. The study also identified a gap between per-
ceived stylistic authenticity and measured stylistic similarity: participants 
could regard a text as representative of their style even when detectable 
LLM traces remained. 
Writer’s voice is related to, but distinct from, psychological ownership. 
Voice concerns how the writer is represented in the text, whereas owner-
ship concerns the extent to which the writer experiences the text as their 
own. Draxler et al. (2024) found that users did not always perceive own-
ership of AI-generated texts even when they presented themselves as au-
thors, and greater influence over the text was associated with stronger 
ownership. Gero et al. (2026) also found that ownership varied by stage 
of AI support: planning assistance produced a smaller reduction than 
drafting assistance. These findings do not determine the effect of learner-
directed pragmatic revision, but they support keeping substantive deci-
sions with the learner and placing contextual planning before generation. 
Authenticity here does not mean that a text must be free from AI assis-
tance. Stylistic authenticity concerns resemblance to a writer’s habitual 
linguistic patterns. Pragmatic authenticity is used here as an operational 
pedagogical term for alignment among intended meaning, projected iden-
tity, relationship, and communicative action. Writers’ explanations and 
endorsement offer evidence for examining that alignment, but cannot 
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establish how recipients will perceive it. Nor does endorsement demon-
strate stylistic authenticity: Baumler et al. (2026) found a gap between 
self-perception and measured style similarity. Learner accounts should 
therefore be considered alongside the message, its context, and, where 
feasible, recipient interpretations. 
Review of voice can bring the other dimensions together. Learners ask 
whether the message sounds plausible for the relationship, whether its for-
mality and certainty reflect their intended position, and whether they can 
take responsibility for its claims and requests. These questions can also 
prompt a return to planning or diagnosis. The aim is accountable commu-
nication, not recovery of a supposedly pure human voice. 

Synthesis 
Meaning–intention alignment runs through all five dimensions. Auto-
mated reformulation may increase or reduce certainty, convert a tentative 
question into a firm request, or supply details that the writer never pro-
vided. Such changes are not merely stylistic. They can alter the speech act 
and the obligations attributed to either participant. For this reason, prag-
matic diagnosis begins with comparison against the writer’s actual inten-
tion and factual knowledge. A polished sentence should be rejected when 
the writer cannot verify its content or would not endorse the position it 
communicates. 
The dimensions are analytically distinct but operate together. An accepta-
ble address cannot repair missing information, and mitigation cannot jus-
tify prescribing a professional judgement. A complete message may still 
misrepresent the writer. The framework therefore guides evaluation of 
how linguistic form, contextual information, interpersonal positioning, 
and responsibility work together, rather than prescribing features to add 
mechanically. 
The dimensions synthesize work on pragmatic competence (Taguchi & 
Roever, 2017; Thomas, 1983), requests and email communication (Blum-
Kulka et al., 1989; Economidou-Kogetsidis, 2011, 2018), voice (Hyland, 
2005; Ivanič, 1998; Matsuda & Tardy, 2007; Tardy, 2012), and AI-as-
sisted voice and ownership (Baumler et al., 2026; Draxler et al., 2024; 
Gero et al., 2026). They form an instructional synthesis, not a validated 
taxonomy. 
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Table 1: Diagnostic Matrix for Pragmatic Post-Editing 

Dimension Primary diagnos-
tic question 

Typical risk in AI 
output 

Evidence of an in-
formed revision 

Purpose and 
completeness 

Can the recipient 
identify the purpose 
and act without 
avoidable clarifica-
tion? 

A fluent message 
omits the deadline, 
document, attach-
ment, or requested 
action. 

Necessary and accu-
rate context is added; 
irrelevant detail is 
removed. 

Recipient and 
relationship 

Does the message 
fit the participants’ 
roles, history, chan-
nel, and local prac-
tice? 

A generic formal 
register creates dis-
tance, or an infor-
mal address as-
sumes familiarity. 

Address, opening, 
and framing are se-
lected for the stated 
relationship. 

Directness 
and imposi-
tion 

Does the wording 
leave proportionate 
choice and recog-
nize the requested 
effort? 

The draft presents a 
request as an obliga-
tion or becomes so 
indirect that the ac-
tion is unclear. 

The head act is clear 
and its force matches 
time, effort, and pro-
fessional discretion. 

Politeness and 
mitigation 

Do supportive 
moves help the re-
cipient interpret the 
request without un-
necessary elabora-
tion? 

Please is added me-
chanically, or apolo-
gies and gratitude 
are repeated. 

Mitigation and sup-
port are functional, 
concise, and distrib-
uted appropriately. 

Voice, owner-
ship, and au-
thenticity 

Can the writer un-
derstand, endorse, 
and take responsi-
bility for the whole 
message? 

Vocabulary, cer-
tainty, or formality 
does not represent 
the writer’s intended 
position. 

The writer accepts, 
rejects, or reshapes 
wording through rea-
soned choice. 

 
Note. Table 1 converts the conceptual dimensions into diagnostic ques-
tions and observable revision evidence. It is intended to guide analysis 
and feedback; it should not be used as a numerical scale or as evidence 
that one formulation is universally appropriate. 

The Pragmatic Post-Editing Cycle 
The six-stage cycle operationalizes the framework for situations in which 
learners translate an initial message or ask AI to generate one. In both 
routes, the output is treated as a provisional draft. The cycle is a pedagog-
ical proposal rather than a validated assessment model. 
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Contextual Planning 
Before consulting AI, the writer identifies purpose, recipient, relationship, 
necessary information, channel, and imposition. Making these decisions 
explicit reduces reliance on the system to infer missing context. Gero et 
al. (2026) found smaller ownership reductions with planning assistance 
than drafting assistance in a short-essay study. This indirectly motivates 
attention to when support is introduced; it does not establish that the pro-
posed planning stage preserves ownership in institutional communication. 

AI-Assisted Generation or Translation 
The writer may translate a personally composed message or request a draft 
based on a description of the situation. A useful prompt specifies relevant 
contextual constraints, but detailed prompting cannot guarantee appropri-
ateness. The resulting text may still be overly formal, unnecessarily elab-
orate, too direct, or inconsistent with the intended relationship. 

Pragmatic Diagnosis 
The writer first checks meaning-intention alignment: whether the output 
preserves intended content without unsupported additions, omissions, or 
changes in certainty or urgency. The draft is then evaluated through the 
five dimensions. AI may suggest alternatives, but should not be the sole 
judge of appropriateness. Andersson and McIntyre (2025) found that 
ChatGPT 3.5 recognized many instances of impoliteness but had difficul-
ties with some contextual interpretations and register. Their exploratory 
findings support human review without establishing a uniform limitation 
across models or tasks. 

Informed Revision 
Revision addresses a diagnosed problem rather than making the text gen-
erally “better” or “more polite.” Writers may revise directly or prompt AI 
with a specific goal, such as retaining WhatsApp brevity while adding 
information needed by the recipient. Human involvement should not be 
measured by compulsory word replacement. What matters is whether the 
writer guides, understands, and evaluates the change. 

Final Verification and Authorial Approval 
The writer confirms factual details, attachments, names, dates, deadlines, 
and submission procedures, then checks that the revision has not altered 
the intended meaning or created a new interpersonal mismatch. Approval 
means recognizing the message as an acceptable representation of one’s 
meaning and position and accepting responsibility for sending it. 
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Focused Reflection 
A brief reflection identifies the principal problem, the revision made, and 
why the new formulation better suits the purpose and recipient. The focus 
is pragmatic reasoning, not a general account of AI use. This stage makes 
otherwise implicit decisions available for learning and feedback. 

Iteration, Prompting, and Process Records 
Movement through the cycle is iterative rather than strictly linear. A revi-
sion may create a new factual, relational, or stylistic problem, so writers 
may return to diagnosis or planning. This flexibility prevents the stages 
from becoming a mechanical sequence while preserving their central pur-
pose: contextual reasoning, informed revision, and accountable approval. 
The distinction among diagnosis, revision, and verification remains ped-
agogically important. Revising too quickly can lead learners to replace 
visible words without identifying the underlying problem. Naming the 
problem first makes the reason for change explicit and helps distinguish 
pragmatic decision-making from general language correction. 
Comparison can make that judgement visible. Learners may retain the in-
itial text, first AI output, diagnosis, revised version, and brief explanation, 
then compare what changed and why. Such process records can support 
feedback and reflection without becoming compulsory documentation for 
every real-world message. 

Flexibility in Application 
The cycle does not require equal time at every stage. Familiar low-stakes 
exchanges may need only brief planning and verification, while higher-
stakes requests may require closer checking. Focused reflection is mainly 
an instructional scaffold rather than a requirement for every message. The 
stages are adaptable, but the core questions remain stable: what is in-
tended, what does the recipient need, what changed, and can the writer 
stand behind the final version? 
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Table 2: Observable Learning Evidence Across the Six-Stage Cycle 

Cycle stage Learner action Possible rec-
ord 

Teacher’s diagnostic 
prompt 

Contextual 
planning 

Defines purpose, re-
cipient, channel, rela-
tionship, information, 
and imposition. 

Brief context 
card 

What must be decided 
before language is gen-
erated? 

Generation or 
translation 

Uses a self-written 
source or a context-
rich prompt and retains 
the output. 

Prompt/source 
and first draft 

Which decisions did the 
prompt make explicit? 

Pragmatic  
diagnosis 

Identifies a mismatch 
through the five di-
mensions. 

Annotated 
draft 

What might prevent the 
recipient from interpret-
ing or acting? 

Informed   
revision 

Changes only features 
connected to the diag-
nosis; may revise or 
reprompt. 

Revised mes-
sage 

Which change addresses 
the diagnosed problem? 

Verification 
and approval 

Checks facts, attach-
ments, intention, and 
interpersonal implica-
tions. 

Final check-
list and ap-
proved text 

Can every claim and re-
quested action be veri-
fied? 

Focused      
reflection 

Explains the principal 
problem, change, and 
contextual reason. 

Two- or three-
sentence ra-
tionale 

Why is the revision more 
suitable for this recipient 
and purpose? 

Note. Table 2 makes learner decision-making visible across the cycle. The 
records are optional classroom evidence rather than compulsory docu-
mentation for every message, and the teacher prompts are designed to 
elicit contextual reasoning rather than one preferred wording. 

Applying the Cycle: Two Composite Tasks 
The examples are constructed pedagogical composites, not verbatim mes-
sages, systematically collected data, or evidence that an identifiable 
learner used AI. The intermediate draft in Task One is constructed to il-
lustrate possible AI output; it is not a recorded model response. Email and 
instant messaging have different conventions, so brevity and informality 
are not inherently inappropriate. 
The examples focus on requests because requests make relationships and 
imposition especially visible. The Cross-Cultural Speech Act Realization 
Project distinguished the principal request, or head act, from internal 
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modification and external supportive moves (Blum-Kulka et al., 1989). 
This helps explain why adding a polite word may not repair a message: 
the head act, supporting information, and context must be considered to-
gether. The two tasks also show that pragmatic problems differ across lev-
els of imposition and informational need. 

Task One: Following Up on a Recommendation Letter 
Initial message: “Hi teacher, when can you write my recommendation let-
ter? You told me to remind you.” Assume an established WhatsApp ex-
change and an earlier agreement to provide a reference, but that the dead-
line and submission route have not yet been shared. The timing question 
may be reasonable after that agreement. The diagnostic issue is whether 
the recipient has sufficient information in the conversation, not whether 
every reminder repeats the full application context. 
Contextual planning records the programme, university, deadline, sub-
mission route, available materials, prior agreement, and referee’s discre-
tion. A possible prompt is: “Draft a short WhatsApp reminder about a 
recommendation letter already agreed. Include [programme], [university], 
[deadline], and [submission route], and ask whether the deadline is man-
ageable.” This retains the learner’s decisions before generation. 
Constructed intermediate draft: “Dear Esteemed Professor, I respectfully 
remind you to complete my recommendation for [programme] at [univer-
sity] by [date], using [submission route]. Please ensure that all ratings are 
exceptional. I am profoundly grateful for your invaluable assistance.” Di-
agnosis identifies excessive formality for the stated exchange and an un-
supported instruction about ratings. That instruction changes a reminder 
into pressure on the referee’s professional judgement. The learner re-
moves it, selects the locally appropriate address, and checks feasibility 
rather than prescribing completion. 
A possible revision is: “Hi Ms [Surname], I’m following up on the rec-
ommendation letter you kindly agreed to write. It is for [programme and 
university], with a deadline of [date]. The university will send you a sub-
mission link. Would that deadline be manageable? I can send my CV and 
any other information you need. Thank you again.” Verification checks 
the agreement, facts, submission route, and appropriate title; previously 
shared details may be omitted. The learner then approves the message. A 
focused reflection might state: “I removed the instruction about ratings 
because that judgement belongs to the referee. I retained the necessary 
application details and asked about the deadline.” These models reasoned 
post-editing rather than treating either draft as a universal template. 
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Task Two: Requesting Assistance with Coursework 
Initial message: “Hi teacher, I have homework, but I can’t do some parts.” 
This comparatively lower-imposition request could arise in a preparatory 
or foundation programme. Its main issue is ambiguity rather than obvious 
impoliteness: the difficult questions and desired help are unspecified. Its 
actual imposition depends on the work requested and local expectations 
about instructor availability. 
Planning identifies the assignment, questions, prior attempt, attachment, 
and desired assistance. Diagnosis asks whether that information is already 
shared or must be supplied. In an AI-assisted version of this task, learners 
retain the generated draft and check whether it requests explanation, feed-
back, or answers. The shorter illustration below shows the intended revi-
sion outcome; Task One provides the fuller intermediate-draft demonstra-
tion. 
A possible revision is: “Hi Ms [Surname], I’m having difficulty with ques-
tions 6 and 8 in the past-simple homework. I tried both, but I’m not sure 
which verb forms to use. I’ve attached a photo of the page. Could you 
please explain what I should check? Thank you.” Final verification con-
firms the question numbers, grammar topic, attachment, and intended re-
quest for explanation. Reflection can note that the revision remains brief 
but enables a focused response and demonstrates that the learner at-
tempted the task. 

Comparing the Two Cases 
The two cases show why surface indicators should not be scored in isola-
tion. The first revision is longer because the recipient needs several pieces 
of application information; the second can remain brief because the task 
is already shared and the requested help is limited. The presence of please 
in the coursework message, for instance, matters less than the specifica-
tion of the questions and the request for explanation — pragmatic post-
editing aims for proportionate completeness rather than maximum elabo-
ration or mechanical politeness marking. 
Across both tasks, the most visible linguistic change is not necessarily the 
most important pragmatic change. In the recommendation example, the 
revised modal question is supported by information that enables the recip-
ient to judge feasibility. In the coursework example, the key improvement 
is specification of the task and type of help. A relatively high-imposition 
request benefits from acknowledgement of time and discretion; a lower-
imposition request benefits primarily from an explicit, manageable action. 
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Alternative revisions should remain possible. A learner who regularly ad-
dresses an instructor by first name need not adopt a title simply because a 
model message uses one, and a short messaging exchange may not require 
an email-style closing. Learners can compare alternatives by holding the 
situation constant and changing one feature at a time — the form of ad-
dress, the head act, the amount of supporting information, or the closing 
— and predicting how each change could affect clarity, distance, urgency, 
or perceived entitlement. 

Pedagogical Applications 
The framework can be used as a classroom sequence for university stu-
dents and adult learners. Its aim is not only to improve one message but 
to develop the ability to diagnose pragmatic problems and make context-
sensitive decisions. Research on instructed second-language pragmatics 
supports explicit attention to pragmatic meaning, although instruction 
should not prescribe one universally polite formulation (Jeon & Kaya, 
2006). 

Lesson Design and a Three-Lesson Unit 
A lesson may begin with an anonymized message and a description of the 
writer, recipient, relationship, channel, purpose, and institutional condi-
tions. Learners first analyze it independently through the five dimensions 
and then compare interpretations in pairs or small groups. Structured peer 
interaction can support language awareness when learners are prepared to 
explain and negotiate their judgements (Sato & Ballinger, 2012). The 
teacher asks for contextual justification rather than a vote on which ver-
sion “sounds better.” 
Learners next generate or translate a message using a prompt that includes 
relevant contextual information. They compare the initial message, AI-
assisted version, and their own diagnosis, noting what the system added, 
removed, softened, intensified, or made more formal, then revise person-
ally or reprompt with a specific goal. Teacher feedback remains diagnos-
tic at first — for example, indicating that the purpose is clear but infor-
mation needed by the recipient is still absent. A model is introduced only 
when necessary and discussed as one contextually defensible option. 
A three-lesson unit can move from diagnosis to supported use of the full 
cycle and then independent transfer. In the third lesson, learners first com-
plete a comparable task with reduced scaffolding, making independence 
easier to assess. A subsequent task can vary imposition, relationship, or 
shared information to increase the need for pragmatic reasoning. Chang-
ing these demands separately from support helps teachers interpret 
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performance. This proposed sequence requires classroom evaluation ra-
ther than assuming that increasing demands necessarily improves learn-
ing. 
Recipient-response activities make the communicative outcome observa-
ble. One group receives only the message and prepares a feasible reply; 
another holds the writer’s context card. They compare the reply with the 
intended action and identify missing information or unintended pressure. 
Repeating the exchange after revision tests whether the message enables 
the intended response. This information gap connects metapragmatic 
analysis to meaning-oriented task completion. 

Formative Assessment and Differentiation 
Assessment is primarily formative and considers both the message and the 
learner’s explanation. The five-dimensional checklist functions as tempo-
rary scaffolding rather than a validated rating scale, and prompts should 
be reduced as learners become more independent. The activity ends with 
factual verification, authorial approval, and brief reflection. Retaining AI-
generated wording is acceptable when it follows conscious evaluation ra-
ther than automatic acceptance. 
Tasks can be adjusted for proficiency and time. Less experienced learners 
may compare short versions and answer guided questions, while advanced 
learners can analyze competing interpretations and defend a final choice. 
The communication channel should remain visible because an email may 
require fuller framing than an established messaging exchange. The aim 
is contextual appropriateness, not converting every message into formal 
academic prose. 
Feedback can be organized around decision quality rather than the number 
of corrections. Evidence includes whether the learner identified the in-
tended speech act, supplied relevant context, anticipated the recipient’s 
needs, recognized disproportionate force, verified facts, and justified the 
final choice. Linguistic accuracy remains important because errors may 
obstruct interpretation, but it is considered alongside pragmatic effect. A 
simple three-level description — emerging, developing, and independent 
— may be used for classroom feedback, provided it is not presented as a 
validated research scale. 
At the emerging level, the learner mainly evaluates grammar or accepts 
AI output without contextual justification. At the developing level, the 
learner identifies at least one meaningful mismatch and makes a relevant 
revision but may overlook another dimension or rely heavily on teacher 
prompts. At the independent level, the learner reconstructs the context, 
diagnoses interacting problems, selects a proportionate solution, verifies 
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the message, and explains why it is defensible. These descriptions concern 
observable performance in a particular task; they should not be treated as 
fixed characteristics of a learner. 

The Teacher’s Role and Peer Feedback 
Teacher intervention should preserve uncertainty where more than one 
formulation is defensible. Instead of labelling isolated expressions as uni-
versally polite or impolite, teachers can ask what the recipient knows, 
what action is requested, how much choice the wording permits, and what 
alternative interpretations are possible. This supports both pragmalinguis-
tic and sociopragmatic awareness while discouraging reliance on a single 
teacher-approved template. 
Feedback can follow the order of the cycle: first missing or unverifiable 
content, then the relationship and force of the request, and finally linguis-
tic realization. Peer feedback can use the same questions, but judgements 
should be linked to context. A comment such as ‘too direct’ becomes more 
useful when it identifies which wording creates an obligation and why that 
obligation may be disproportionate in the stated relationship. 

Scope, Boundaries, and Extension 
The framework can also support cross-linguistic comparison without 
treating first-language practices as errors. Learners may begin with a mes-
sage in a language they use confidently and examine whether a literal 
translation creates the intended effect in the target context. The goal is to 
expand learners’ repertoire of choices rather than replace one cultural 
norm with another. 
Teachers should establish boundaries for tool use before the activity, in-
cluding permitted uses of AI, anonymization, and disclosure require-
ments. Where access is unequal, a common AI output can be provided so 
assessment focuses on diagnosis and revision rather than platform quality. 
Activities should not depend on paid access or require learners to upload 
confidential correspondence. 
The framework can extend beyond requests, but each speech act requires 
its own analysis. Apologies involve responsibility and repair; refusals re-
quire clarity and relational management; complaints involve evidence and 
proportionality. Extending the cycle means retaining contextual planning, 
diagnosis, revision, verification, and accountable approval while adapting 
the diagnostic questions to the communicative act. 
Final Checklist 
The following checklist can be used after revision and before authorial 
approval. It is deliberately phrased as questions rather than rules because 
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an affirmative answer must be supported by the actual communicative 
context. In classroom use, learners may mark yes, not yet, or not applica-
ble and briefly explain any item that required a change. 
 

Table 3: Final Pragmatic Post-Editing Checklist 

Dimension Review fo-
cus Question for the writer Evidence to verify 

Meaning–inten-
tion alignment 
(cross-cutting) 

Intention 
Does the message per-
form the action I actu-
ally intend? 

The request, enquiry, re-
minder, submission, or 
explanation is identifia-
ble. 

Meaning–inten-
tion alignment 
(cross-cutting) 

Accuracy 

Is every name, date, 
deadline, claim, and 
procedural detail cor-
rect? 

Details are checked 
against the relevant 
source rather than ac-
cepted from AI. 

1. Purpose and 
completeness 

Complete-
ness 

Can the recipient re-
spond without avoida-
ble clarification? 

The necessary task, doc-
ument, deadline, attach-
ment, and requested ac-
tion are supplied. 

1. Purpose and 
completeness Relevance 

Have I removed details 
that do not help the re-
cipient interpret or act? 

The message is concise 
for its purpose and chan-
nel without becoming 
vague. 

2. Recipient 
and relationship 

Relation-
ship 

Do the address, open-
ing, and overall regis-
ter fit this recipient? 

Choices reflect roles, 
prior contact, local prac-
tice, and the communica-
tion channel. 

3. Directness 
and imposition 
 

Imposition 

Does the wording rec-
ognize the recipient’s 
time, effort, and dis-
cretion? 

The message does not 
present optional assis-
tance or professional 
judgement as an obliga-
tion. 

3. Directness 
and imposition Clarity 

Is the central requested 
or reported action ex-
plicit enough? 

Indirectness does not 
force the recipient to in-
fer what response is 
wanted. 
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Dimension Review fo-
cus Question for the writer Evidence to verify 

4. Politeness 
and mitigation Mitigation 

Do politeness and sup-
portive moves serve a 
clear function? 

Please, apologies, expla-
nations, and thanks are 
proportionate rather than 
mechanical. 

5. Voice, own-
ership, and au-
thenticity 

Voice 

Does the language rep-
resent how I wish to 
sound in this relation-
ship? 

Vocabulary, formality, 
certainty, and emotional 
tone are understandable 
and acceptable to the 
writer. 

5. Voice, own-
ership, and au-
thenticity 

Responsi-
bility 

Can I explain and take 
responsibility for the 
complete final mes-
sage? 

The writer has person-
ally reviewed and ap-
proved the text and its 
interpersonal implica-
tions. 

 
Note. Table 3 operationalizes the five dimensions as a final-review scaf-
fold; the first column shows which dimension each item serves, and the 
two meaning–intention items apply across all five. Its value lies in the 
explanation supporting each response, not in obtaining ten affirmative an-
swers; some items may legitimately be inapplicable in a particular task or 
channel. 

Limitations, Implications, and Conclusion 

Limitations 
Pragmatic post-editing cannot eliminate uncertainty. Appropriateness re-
mains relational, culturally situated, and open to more than one defensible 
interpretation. The framework should not establish one variety of institu-
tional English as the universal norm, nor should its dimensions be treated 
as a standardized scoring instrument. Assessing pragmatic performance 
requires contextualized judgement that cannot be reduced to isolated lin-
guistic features (Taguchi & Roever, 2017). 
AI output may introduce inaccurate information, alter the force of a re-
quest, omit qualifications, or reproduce dominant conventions without 
representing the writer’s context. Educational discussions of large lan-
guage models therefore emphasize critical evaluation, human oversight, 
bias, and risks of overreliance (Kasneci et al., 2023). Learners must also 
protect personal information: authentic correspondence may contain 
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names, identification numbers, application details, and information about 
others, so unnecessary or confidential data should not be entered into AI 
systems and anonymized placeholders should be used where possible 
(Miao & Holmes, 2023). 
Access and institutional policy also matter. Learners differ in access to 
paid systems, connectivity, prompting experience, and teacher support, 
and may therefore benefit unequally from the same technology (War-
schauer et al., 2023). Activities should not depend on a particular com-
mercial platform, and disclosure should follow the requirements of the 
institution, course, or assessment; pragmatic post-editing is not a method 
for concealing AI involvement but a means of supporting responsible use. 
The cycle is most suitable for teachable communicative tasks in which 
learners can examine purpose, recipient, and consequences. It should not 
be presented as a substitute for institutional advice in high-stakes, confi-
dential, legal, or safeguarding communication, nor should every informal 
classroom message undergo all six stages in full. With practice, some 
checks may become rapid and internalized; the explicit sequence is scaf-
folding for judgement, not a requirement to make ordinary communica-
tion slow or uniform. 
Finally, the proposed framework and cycle have not yet been validated as 
a unified model across learner groups, languages, genres, or institutions. 
The examples are pedagogical composites rather than a systematically 
sampled corpus, and the classroom observations motivating the chapter 
are not generalizable findings. 

Implications for Curriculum and Research 
At curriculum level, pragmatic post-editing can connect translation, writ-
ing, digital literacy, and language-use courses. Translation tasks can in-
clude target-text purpose and recipient response; writing tasks can exam-
ine changes in stance and interpersonal force; and digital-literacy work 
can require factual verification and accountable acceptance. These ques-
tions can be embedded in existing activities whenever learners use ma-
chine translation or generative AI for communication. 
Evaluation should distinguish product quality from learning evidence. A 
recipient’s preference for a revised message does not by itself demonstrate 
pragmatic development, while a sound diagnosis may still coexist with 
linguistic difficulty. Studies of the cycle should therefore combine prod-
uct ratings with process evidence, learner explanations, and recipient in-
terpretations while controlling the communicative situation closely 
enough to connect changes in appropriateness to identifiable revisions. 
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Further research should examine independent judgement and transfer 
across recipients, speech acts, channels, and imposition. Delayed post-
tests help distinguish durable development from task-bound performance; 
Lai et al. (2026) provide an email-pragmatics precedent. Learner diagno-
ses should also be compared with recipient interpretations. Huynh et al. 
(2026), using survey data from Vietnamese undergraduates, examined 
usefulness, trust, professionalism, and attitudes toward AI-assisted insti-
tutional emails. This recipient-side evidence motivates separate measures 
of these constructs; it does not validate the present cycle. 
The role of AI should also be varied experimentally rather than treated as 
a single condition. Planning support, translation, full-draft generation, tar-
geted reformulation, and automated feedback distribute decisions differ-
ently between learner and system. Findings on ownership (Draxler et al., 
2024; Gero et al., 2026) suggest that these distinctions matter when asking 
which forms of support improve communication without reducing the 
learner’s ability to reconstruct the context, explain revisions, and com-
municate independently. 

Conclusion 
Generative AI does not remove the need for communicative competence; 
it changes where part of that competence is exercised. When fluent lan-
guage can be produced quickly, learners must still determine what should 
be communicated, anticipate how it may be interpreted, verify the content, 
and decide whether the message represents them. Pragmatic post-editing 
connects technological assistance with these human responsibilities. Its 
educational value lies not in guaranteeing a perfect message, but in help-
ing learners make choices they can understand, justify, and accept as their 
own communicative acts. 

Declaration on the Use of Artificial Intelligence 
Generative AI tools supported language refinement, paragraph organiza-
tion, consolidation of overlapping material, bibliographic checking, and 
revisions to pedagogical illustrations. The intermediate draft labelled as 
possible AI output is a constructed teaching example, not an empirical 
model response. The author remains responsible for the conceptual frame-
work, interpretation of sources, pedagogical decisions, and final text. AI 
assistance does not constitute independent verification of the cited re-
search. 
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Assessment in French Language Instruction in the 
Age of Generative Artificial Intelligence 

Gizem Köşker 1 

Abstract 
Genera%ve ar%ficial intelligence enables French learners to generate texts, perform transla%ons, 
receive gramma%cal correc%ons, and adapt content to different target audiences. While these 
capabili%es can support learning, they also challenge the validity of assessments based mainly 
on final products, since a linguis%cally accurate text does not necessarily reflect a student’s in-
dependent language performance or understanding. This chapter examines how assessment in 
French language instruc%on can be restructured in the age of genera%ve AI, drawing on research 
on language assessment, ac%on-oriented approaches, authen%c assessment, second-language 
wri%ng feedback, and cri%cal AI literacy. It proposes a four-stage assessment process comprising 
independent ini%al performance, documented AI-supported edi%ng, cri%cal valida%on, and oral 
explana%on with transfer to a new context. Rather than a standardized model, this process is 
presented as an adaptable design proposal aligned with course objec%ves and CEFR levels. Sam-
ple tasks for A2, B1, and B2, analy%cal scoring criteria, limits on AI use, and ethical principles are 
also discussed. The chapter argues for assessment based on mul%ple forms of evidence that 
make students’ independent language use, decision-making, and communica%ve responsibility 
visible. 
Keywords: genera4ve ar4ficial intelligence, French as a foreign language instruc4on, language 
assessment, process-based assessment, ar4ficial intelligence literacy. 

Introduction 
In generative AI tools, many tasks that language learners previously per-
formed separately using different applications have been consolidated 
into a single environment. Thanks to this capability, a student can now 
write a French text in just a few seconds, have a draft corrected, ask about 
differences in word usage, adapt a text to a different level, or engage in 
various activities with a virtual conversation partner. The fact that these 
tools generate responses that closely resemble natural language offers new 
possibilities in foreign language instruction in terms of feedback, practice, 
and material development (Chapelle, 2025; Kohnke et al., 2023). These 
same features also require a more careful and detailed examination of the 
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connection between a student’s submitted work and their independent lan-
guage proficiency. 
At this point, the problem encountered in language assessment is not 
merely that AI can write text in the student’s place. Generative AI can 
also enhance the content of a text, completely alter its language level, cor-
rect errors, make the discourse more fluent, and mimic certain language 
usage patterns. Therefore, the apparent success of a written text, transla-
tion, or presentation prepared at home may not indicate that the student 
can use that language independently. Current research on language assess-
ment indicates that generative AI can be beneficial in essay writing, grad-
ing, and providing feedback, while also highlighting that it can raise new 
issues regarding validity, fairness, transparency, and human oversight 
(Chuang & Yan, 2025; Jang & Sawaki, 2025). 
This shift is also prominent in French language instruction. Proficiency in 
French cannot be measured only by the correct application of grammar 
rules (Yılmaz Güngör, 2020). Students are expected to construct a text 
appropriate to their communicative purpose, choose the correct form of 
address, adjust the level of formality, respond to the addressee’s reaction, 
and explain cultural content in an understandable manner. In this context, 
the Companion Volume to the Common European Framework of Refer-
ence for Languages recognizes the student as a social actor who uses lan-
guage in real-life tasks; it places dimensions such as interaction, media-
tion, and adaptation to the target audience at the center of language profi-
ciency (Council of Europe, 2020). An output corrected by artificial intel-
ligence can make these dimensions visible. However, this alone is not suf-
ficient to prove that the student can perform all of these tasks inde-
pendently. 
The aim of this section is not to advocate for either banning or unrestricted 
use of generative AI in French language instruction. The goal is to deter-
mine the principles on which assessment criteria should be based when 
AI is used. To this end, the opportunities and risks that generative AI 
brings to language assessment will first be addressed, followed by a dis-
cussion of the limitations of product-oriented tasks and AI detection tools. 
Subsequently, the theoretical foundations of assessment design will be ex-
plained, and a four-stage implementation process for French language in-
struction will be presented. The final sections will focus on tasks for the 
A2, B1, and B2 levels, an analytical scoring approach, the teacher’s role, 
and ethical principles. The proposed process is not a new, empirically val-
idated assessment model. Rather, it is an application design for French 
language instruction based on the existing literature on assessment and AI 
literacy. 
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Why Is Generative AI Changing Language Assessment? 

New Possibilities and New Validity Issues 
Unlike traditional automatic correction tools, generative AI does not 
simply flag specific errors. It can generate a new text from scratch based 
on the user’s intent, take into account previous stages of the conversation, 
and reorganize the same content in different ways. From a language edu-
cation perspective, this supports functions such as personalized practice, 
real-time feedback, role-playing, vocabulary and grammar explanations, 
text simplification, and material preparation (Chapelle, 2025; Godwin-
Jones, 2024; Kohnke et al., 2023). Thanks to this, students can inde-
pendently ask questions tailored to their own level, request further clarifi-
cation on points they do not understand, and attempt written or oral exer-
cises without fear of making mistakes. 
However, when these same features are used for assessment purposes, a 
more complex picture emerges. If the task assigned to a student can be 
largely completed by a tool on the student’s behalf, the meaning of the 
score received becomes entirely unclear. A text submitted by a B1-level 
student that is at the B2 or C1 level may reflect not the student’s language 
development, but rather the capabilities of the tool used at that stage. Even 
if text generated by artificial intelligence appears correct, it may still con-
tain issues regarding content, source, linguistic register, or communicative 
context. Chuang and Yan’s (2025) systematic review emphasizes that 
while generative artificial intelligence enhances efficiency and feedback 
opportunities in language assessment, it simultaneously raises concerns 
regarding reliability, validity, fairness, and feasibility. Jang and Sawaki 
(2025) also underscore the need to maintain human oversight and inter-
pretability in both automated scoring and interactive assessment. 
At this point, it is necessary to distinguish between two different uses of 
the assessment tool. In the first use, AI assists the teacher in preparing 
items or materials and generating feedback. The key question here is the 
accuracy of the content generated by the tool, as well as its alignment and 
consistency with the structure being measured. In the second use case, the 
student utilizes artificial intelligence to complete an assessment task. 
Here, the focus shifts to what the student contributes to the product, the 
decisions they make, and how their independent competence is demon-
strated. These two use cases do not give rise to the same ethical and as-
sessment issues. Imposing a blanket ban or granting blanket permission 
regarding “the use of AI” in every task obscures this distinction. 
When conducting assessments in French language instruction, the feed-
back provided by AI must also be handled with care. While large language 
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models can often generate fluent French, this does not always guarantee 
linguistic fluency or pragmatic and cultural appropriateness in every con-
text. Godwin-Jones (2024) states that generative AI can be a powerful aid 
in language learning, but its processing of the social and cultural nuances 
of human language through statistical patterns creates limitations. For this 
reason, teachers should treat AI output not as a ready-made correct an-
swer, but as a suggestion that needs to be verified and evaluated according 
to context. 

The Limitations of Product-Focused Tasks 
For a long time, foreign language classes have relied on texts written at 
home, translation assignments, and presentations. These tasks allow stu-
dents to conduct research, draft their work, and revise their texts. How-
ever, grading only the final text does not reveal how the product was cre-
ated. Research on writing in a second language shows that the impact of 
feedback is related to how it contributes to the student’s revision process, 
and that examining only the revised product is insufficient for explaining 
the learning process (Hyland & Hyland, 2006). The portfolio approach, in 
line with these views, advocates for the joint evaluation of the first draft, 
feedback, rewriting, and reflection (Hamp-Lyons & Condon, 2000). In 
brief, generative AI has brought this debate into sharper focus. 
For example, when a student is asked to write a 250-word opinion piece 
on online shopping, the tool does more than just generate the text; it can 
shape the text according to detailed prompts such as B1 level, academic 
tone, specific conjunctions, or the number of errors. When a teacher sees 
only the final text, they cannot know whether the student generated the 
ideas themselves, whether they understood the text, or whether they could 
defend the same viewpoint orally. Similar issues arise in translation as-
signments. The final translation may be correct, but it remains unclear 
how the student decided among alternatives, how they chose their words 
based on context, and to what extent they understood the meaning of the 
source text. 
Therefore, the issue is not about abandoning certain types of assignments 
entirely. Writing, translation, and presentation assignments at home retain 
their value for learning. What needs to change is the practice of consider-
ing these assignments alone as proof of competence. Assessment should 
include not only the final product but also the student’s independent work, 
drafts, justifications for revisions, and performance demonstrated during 
interactions. The assessment reform report prepared for TEQSA recom-
mends creating diverse assessment evidence at the program level in the 
age of generative AI, making the learning process visible, and collecting 
reliable performance samples at meaningful points (Lodge et al., 2023). 
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Why are bans and AI detection tools insufficient? 
Imposing a complete ban on AI use may be necessary in some in-class 
assignments to observe students’ independent performance. However, ap-
plying a blanket ban across all assignments is inadequate for two reasons. 
First, students have easy access to these tools outside of class. Second, 
using AI critically and ethically is a competency that is becoming increas-
ingly important in higher education and the workplace. Developed as an 
Assessment Design Scale, the AIAS (Artificial Intelligence Assessment 
Scale) proposes clearly defining different levels of AI use based on learn-
ing outcomes, rather than reducing AI use to a binary choice of “prohib-
ited” or “permitted” (Perkins et al., 2024). This approach helps determine 
in advance where human input is required for each assignment and how 
the tool can be utilized. 
AI detection tools used to enforce bans also fail to provide a sufficiently 
reliable solution at this point. Weber-Wulff et al. (2023) demonstrated that 
widely used detection tools cannot consistently distinguish text generated 
by AI, and that simple rewriting processes significantly alter the results. 
Liang et al. (2023), on the other hand, revealed that detection tools can 
incorrectly classify texts by authors whose native language is not English 
as AI-generated. Although the studies were conducted in English, the fun-
damental warning for foreign language learners is clear: texts with low 
linguistic diversity or those that are more predictable may be incorrectly 
flagged as suspicious. For this reason, it is incorrect to use a detection 
score as standalone evidence of academic misconduct. 
Focusing on design rather than detection is a more robust and reliable ap-
proach. Students may be asked to prepare their first draft in class, explain 
the changes they made, cite the sources they used, and rephrase the text 
during a brief oral discussion. These methods do not definitively identify 
AI use, nor is that the goal. The goal is to gather supporting evidence so 
that the grade can be linked to the student’s learning outcomes. 

Foundations of Assessment Design 

Validity, Authenticity, and Multiple Lines of Evidence 
The most fundamental question regarding an assessment task is which of 
the student’s skills is being measured. If the learning outcome is “the abil-
ity to write a text expressing an opinion at the B1 level,” it is not sufficient 
to look only at the final text that has been corrected from a grammatical 
standpoint. The student must form an opinion, organize the reasoning be-
hind it, use conjunctions, tailor the text to the target audience, and explain 
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these decisions. When artificial intelligence takes over some of these pro-
cesses, the assessment may fail to measure the structure originally in-
tended. This is precisely where the issue of validity in language assess-
ment arises (Chuang & Yan, 2025; Jang & Sawaki, 2025). 
Authentic assessment requires students to complete a task that is mean-
ingful and connected to real life. However, similarity to real life alone is 
not sufficient. The task must ensure that the student applies the targeted 
knowledge and skills, the assessment criteria must be completely trans-
parent, and performance must be interpreted only within the context. In 
this context, Sotiriadou et al. (2020) have shown that phased and interac-
tive authentic tasks can support skill development and academic integrity. 
In the age of generative artificial intelligence, authenticity does not mean 
ignoring the tool. If artificial intelligence can be used in real life, students 
can be given the opportunity to use it in a controlled manner; however, 
human decisions that cannot be delegated to an AI tool must also be eval-
uated. 
The multiple evidence approach strikes this balance. The student’s inde-
pendent in-class performance, the product developed at home, the record 
of AI interaction, the reflective explanation, and the oral response each 
demonstrate different dimensions of the same skill. None of these pieces 
of evidence is flawless on its own. In-class writing may be affected by 
time pressure; oral performance may be influenced by fear of making mis-
takes; and the process record may be incomplete. Nevertheless, evaluating 
the evidence collectively provides a stronger foundation than relying only 
on a single final product. Lodge et al. (2023) recommend collecting evi-
dence at various meaningful points throughout the program rather than 
placing the burden of assessment validity on a single exam. 

Action-Oriented Approach and Mediation 
The Companion Volume of the Common European Framework of Refer-
ence for Languages provides an important foundation for the design of 
French language assessment. The framework defines the learner not 
simply as a person with language knowledge, but as a social actor acting 
with a specific purpose. Production, reception, interaction, and mediation 
are not viewed as isolated skills, but rather as communicative activities 
that can be used together within real-world tasks (Council of Europe, 
2020). This approach also clarifies why a single written product is insuf-
ficient in the age of artificial intelligence. In addition to creating a text, 
students may be expected to answer a recipient’s question, rephrase the 
content, or adapt it for an entirely different target audience. 
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Mediation is particularly well-suited for AI-supported assessment at this 
point. Students may be asked to explain a French news article to a friend 
with a lower language proficiency level, convey basic information about 
a Turkish announcement to French-speaking students, or introduce a cul-
tural practice in context. AI can provide initial suggestions but the student 
must verify the accuracy of the information, the adequacy of the explana-
tion, and its suitability for the target audience. Over time, these tasks shift 
the focus from finding word-for-word translations to developing the abil-
ity to reconstruct meaning. 
The Common European Framework of Reference for Languages (CEFR) 
levels require that expectations for evaluating AI output be scaled accord-
ingly. An A2 student can identify and explain two changes in a simple 
invitation message. A B1 student can choose between suggestions regard-
ing text structure and conjunctions. A B2 student may be expected to ex-
amine more complex issues such as linguistic register, target audience, 
source reliability, and cultural generalization. Thus, AI literacy is not 
evaluated as an additional task independent of the student’s language 
level, but rather within the framework of communicative actions appro-
priate to that level. 

AI Literacy and Process Transparency 
AI literacy is not simply about being able to write an effective command 
to the tool. Ng et al. (2021) define AI literacy in terms of knowing and 
understanding the system, using it, evaluating it, and considering ethical 
issues. From the language learner’s perspective, all these skills require 
questioning word choice, linguistic register, information accuracy, and 
communicative intent, rather than simply accepting the AI’s suggestion 
as correct. A student may use a tool, but the responsibility for the final 
decision always lies with them. 
Wang and Wang (2025), who focus on AI-supported writing in a second 
language, demonstrate that critical AI literacy is related to awareness, how 
the student positions themselves in relation to AI, the strategies they use, 
and how they evaluate the output. This finding shows that asking only 
“What prompt did you type?” is quite insufficient for evaluation. It is also 
necessary to simultaneously examine why the student used a particular AI 
function, how they tested the suggestions, and how they maintained au-
thorship responsibility over the text. 
Process transparency serves this purpose. It does not make sense to require 
students to submit their entire chat history. Instead, the first draft, two or 
three key prompts used, accepted suggestions, a rejected suggestion, and 
a brief rationale may suffice. These records are used not to monitor the 
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student but to explain the creation of the final product. The AIAS also 
advocates for clearly communicating the limits of AI use in assignments 
and ensuring that students know in advance what is acceptable (Perkins et 
al., 2024). 

Program-Level Consistency 
In the age of generative AI, assessment integrity cannot be confined to a 
single assignment. Just as tying a course’s entire grade to a text written at 
home does not capture the full picture, transforming the entire assessment 
into a proctored exam also reflects only a portion of learning outcomes. 
Lodge et al. (2023) recommend that assessment reform be addressed at 
the program level rather than through individual assignments. A deliber-
ate balance must be established throughout the student’s development be-
tween independent, supported, collaborative, and AI-assisted work. While 
some assignments demonstrate what a student can do without external 
support, others can assess skills such as using resources, leveraging feed-
back, and working with technology. 
In the French curriculum, this distribution can be planned from the very 
beginning of the term. Initially, short independent writing and simple 
speaking samples are collected. During the term, development tasks are 
assigned that include drafts, peer or teacher feedback, and limited AI sup-
port. At a more advanced stage, students critique AI output, verify it 
against sources, and adapt it for different target audiences. At the end of 
the term, a single assignment that combines written and oral performance 
may be required. A systematic process that progresses in this way signif-
icantly reduces the pressure to both support learning and ensure high 
safety standards within a single assignment. 
This program-level planning also helps students better understand the 
rules. When one teacher in the same program completely bans AI while 
another allows its unrestricted use, it is unlikely that students will under-
stand the boundaries of academic integrity. At this point, AIAS recom-
mends that the permitted levels of AI use in assignments be specified in a 
common and understandable language (Perkins et al., 2024). The institu-
tion or program can prepare common guidelines for types of use that are 
prohibited, limited, or open-critical. Instructors make their own decisions 
based on the course’s learning outcomes; the common language prevents 
students from encountering different terminology in every course. 
This approach does not require the complete elimination of independent 
exams. If important decisions regarding written and oral proficiency are 
to be made, secure samples must be collected under supervised and acces-
sible conditions. However, these samples should never replace skills such 
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as extended writing, mediation, collaboration, and the critical use of tech-
nology. A valid French assessment program must demonstrate what stu-
dents can do both independently and by making responsible use of con-
temporary tools. 

A Four-Stage Assessment Process for French 
The process presented below is not an independent model with this name 
that has been validated in the literature. It is a process developed by inte-
grating the action-oriented approach of the Common European Frame-
work of Reference for Languages, process-based writing, authentic as-
sessment, AI literacy, and proposals for assessment reform in the age of 
AI into French language instruction (Council of Europe, 2020; Hamp-Ly-
ons & Condon, 2000; Lodge et al., 2023; Ng et al., 2021; Sotiriadou et al., 
2020). The process consists of four stages: independent initial perfor-
mance, documented AI-supported revision, critical validation, and oral 
explanation and transfer to a new context. Teachers are not required to 
apply all four stages with equal weight in every task. 

Initial Independent Performance 
In the first stage, the student demonstrates the targeted language skill 
without AI support. This performance can be assessed in the classroom, 
within a specific time frame, and under pre-defined resource conditions. 
The task does not need to be very long. The student can write a short 
email, describe a simple image, respond to an opinion, or verbally explain 
the main idea of a text. The goal is not to create a punitive testing envi-
ronment, but to obtain a reliable initial sample of the student’s independ-
ent language use. 
The independent performance should be kept separate from the final prod-
uct. The number of errors in the first draft should not, on its own, deter-
mine the grade. This draft demonstrates the student’s vocabulary, gram-
matical control, text structure, and communication strategies. When com-
pared to subsequent revisions, it provides insight into the learning process. 
Lodge et al. (2023) recommend collecting examples of confident perfor-
mance at key points for assessing student progress and proficiency. In a 
French class, this could take the form of short in-class writing activities 
or interactive speaking activities. 
The task conditions must be clear. Whether or not the use of a dictionary 
is permitted, the time limit, expected length, and assessment criteria must 
be clearly communicated in advance. The teacher should not view this 
stage in which artificial intelligence is not used, as “real performance,” 
while regarding subsequent stages as simple supplementary exercises. 
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Each stage demonstrates a different learning outcome. The first stage 
demonstrates independent proficiency, while the subsequent stages 
demonstrate the ability to utilize feedback, evaluate, and apply what has 
been learned. 

Documented AI-assisted revision 
In the second stage, the student refines their initial draft with the help of 
AI. The scope of AI use is determined based on the assignment’s objec-
tive. The teacher may allow AI assistance only for grammar and spelling 
checks; may request feedback on text structure, word choice, or target au-
dience; or may assign the task of comparing different AI responses. Per-
kins et al. (2024) state that clarifying these usage levels before the task 
begins establishes a common language between the teacher and the stu-
dent. 
At this stage, students should be encouraged to ask the AI specific ques-
tions rather than having it completely rewrite the text. For example, in a 
B1 writing task, commands such as “Rewrite the text; highlight only is-
sues related to the use of conjunctions” or “Explain three grammar errors 
while maintaining the B1 level” can be used. This limitation keeps the 
cognitive load on the student. AI serves as a source of feedback but does 
not become the author of the text. The literature on writing in a second 
language emphasizes that for feedback to translate into learning, the stu-
dent must be involved in the decision-making process regarding correc-
tions (Hyland & Hyland, 2006). 
The process log should be brief and functional. The student can present 
the name of the tool used, its purpose, the most important commands, and 
the key changes made to the text in a one-page form. At this stage, the 
length of the log should not increase the assessment score. What is being 
evaluated is the clarity of the process. The student’s decision not to use 
AI is not automatically grounds for a low score. If the use of artificial 
intelligence is part of the assignment’s learning outcomes, an equivalent 
alternative must be provided; if it is only optional, the student must be 
able to demonstrate the same skills without using the tool. 

Critical evaluation 
In the third stage, the student evaluates the AI’s suggestions rather than 
applying them directly. The evaluation should not be limited to linguistic 
accuracy. Questions such as whether the suggested phrasing is appropriate 
for the student’s level, whether it alters the meaning of the text, whether 
the tone is consistent with the intended audience, whether the information 
is verifiable, and whether the cultural explanation is overly general can be 
addressed. The studies by Ng et al. (2021) and Wang and Wang (2025) 
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demonstrate that evaluation and ethical inquiry are fundamental compo-
nents of AI literacy. 
In French instruction, linguistic register is a key area for verification. In-
deed, AI may suggest a grammatically correct expression that is, however, 
too formal, too informal, or beyond the student’s level relative to the target 
audience of the task. A student might reject a more formal academic 
phrase offered in place of “Je pense que” because it does not align with 
the overall tone of a B1-level text. Similarly, in an invitation message, a 
student might choose not to use a formal form of address because the re-
cipient is a close friend. The value of these decisions lies not in whether 
they are accepted or rejected, but in the reasoning behind them. 
Validation should be applied more broadly in cultural contexts. Genera-
tive AI may present social conventions as uniform rules or use definitive 
statements without explaining the context. UNESCO lists the protection 
of cultural and linguistic diversity, human agency, and pluralistic expres-
sions among the fundamental principles for the use of generative AI in 
education (Miao & Holmes, 2023). In a B2-level mediation task, the stu-
dent must verify a cultural claim using a reliable institutional or academic 
source and limit the use of generalizing statements. Asking another AI 
about an AI’s response should not be considered independent verification. 

Oral Explanation and Application to a New Situation 
In the final stage, the student explains the work they have prepared during 
a brief interaction. The purpose of the oral discussion is not to detect AI 
use or to blame the student. The goal is to assess whether the student un-
derstands the text, can explain their language choices, and can use French 
in a similar communicative context. When well-designed, oral assess-
ments can provide valuable evidence regarding validity and academic in-
tegrity; however, they require a standardized question structure, clear cri-
teria, and preparation to reduce student anxiety (Nallaya et al., 2024). 
The interview may last three to five minutes. The teacher may ask why 
the student chose a particular phrase from the text, which AI suggestion 
they rejected, or how they would write the same message to a different 
person. Selecting some questions from a common pool can enhance scor-
ing consistency. The student should not be expected to recite the text from 
memory. Asking the student to rephrase a statement in simpler terms, re-
spond to a counterargument, or adjust the language style when the target 
audience changes produce more meaningful evidence. 
Transferring the text to a new context allows the student to use the lan-
guage without relying only on the prepared text. A complaint email can 
be transformed into a phone conversation; a cultural explanation can be 
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simplified for a child; a personal message can be converted into a formal 
business email. The action-oriented and mediation-based approach out-
lined in the Common European Framework of Reference for Languages 
treats the adaptation of linguistic resources to different situations as a key 
component of proficiency (Council of Europe, 2020). Thus, the oral phase 
not only serves as a means of identity verification but also assesses an 
independent dimension of communicative proficiency. 

Integrating the Stages into a Single Task 
The four stages should not be reduced to isolated, disconnected mini-tests. 
The student prepares a first draft, receives feedback on the same piece, 
evaluates the changes, and explains the final product orally. In this way, 
each stage builds upon the previous one. The teacher, too, tracks the de-
velopment of the same task rather than comparing different products. This 
is a form of portfolio assessment. The fundamental strength of portfolio 
assessment lies not simply in collecting products, but in making visible 
the changes between drafts and the student’s thinking regarding these 
changes (Hamp-Lyons & Condon, 2000). 
When designing a task, the core action to be assessed must first be identi-
fied. “Writing a text” is not clear enough on its own. Will the student be 
persuading a friend, making a formal request, conveying information to 
someone else, or comparing two viewpoints? Once the communication 
goal is clear, it becomes easier to determine in which areas AI can be used. 
Generating ideas, editing language, finding sources, and writing the final 
text are not the same types of assistance. Teachers should leave tasks di-
rectly tied to learning outcomes to the students and should not restrict in 
the assignment instructions the tasks for which the tool can provide sup-
port. 
The second decision concerns the evidence to be collected at each stage. 
Requiring too much documentation can cause students to stray from the 
core language task and leave teachers facing a workload they cannot man-
age. For most assignments, the first draft, the final product, three selected 
AI interactions, and a brief oral discussion are sufficient. Instead of re-
quiring the student to record the entire screen history, the student can be 
given the responsibility of selecting the examples that best illustrate the 
decision-making process. This selection also provides insight into meta-
cognitive awareness. 
The third decision concerns how to interpret the progress achieved with 
AI support. A significant difference between the first draft and the final 
product does not always indicate positive learning. If the student cannot 
explain the changes or cannot use similar language in a new context, the 
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progress may be largely attributable to the tool. Conversely, making only 
a few changes to the final text is not necessarily an indication of failure. 
The student may be able to justify that the initial draft was appropriate for 
the purpose. Therefore, it is the appropriateness of the student’s choices 
but not the amount of revision that should be evaluated (Wang & Wang, 
2025). 
The final decision concerns whether the oral component is task-related. 
Asking the student general questions unrelated to the text provides limited 
insight into their ownership of the writing performance. Questions should 
be linked to the ideas in the text, the linguistic register used, rejected pro-
posals, and potential changes in the target audience. When oral assessment 
is well-structured, it ceases to be a mere repetition of the written product 
and instead facilitates a new communicative performance (Nallaya et al., 
2024; Sotiriadou et al., 2020). 
 
Table 1. The four-stage assessment process and its theoretical foundations 

Stage What is expected of 
the student 

Evidence                 
collected 

Main theoreti-
cal basis 

Independent 
initial perfor-
mance 

Completing a short 
task without artificial 
intelligence support 

An example of 
writing, speaking, 
or mediation in the 
classroom 

Council of Eu-
rope (2020); 
Lodge et al. 
(2023) 

Documented 
AI-Supported 
Revision 

Using the tool within 
specified limits and 
demonstrating key 
changes 

First draft, selected 
prompts, final 
product 

Hamp-Lyons 
and Condon 
(2000); Hyland 
and Hyland 
(2006); Perkins 
et al. (2024) 

Critical vali-
dation 

Reviewing proposals 
in terms of language, 
context, knowledge, 
and ethics 

Acceptance/rejec-
tion decisions and 
brief justifications 

Miao and 
Holmes (2023); 
Ng et al. (2021); 
Wang and Wang 
(2025) 

Oral Expla-
nation and 
Retelling 

Explaining the prod-
uct, answering fol-
low-up questions, and 
adapting to a new 
context 

Short oral discus-
sion and retelling 
task 

Council of Eu-
rope (2020); 
Nallaya et al. 
(2024); Sotiri-
adou et al. 
(2020) 
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Examples of Application According to the Common European 
Framework of Reference for Languages Levels 
The examples below demonstrate how the same assessment logic can be 
simplified across the different levels of the Common European Frame-
work of Reference for Languages. These tasks are not ready-made test 
items, but examples that teacher can adapt to their own curriculum. The 
expectations are graded in accordance with the Common European 
Framework of Reference for Languages’ descriptors for production, in-
teraction, and mediation (Council of Europe, 2020). 

Level A2: Daily Invitation Message  
Students are asked to write a 60–80-word message inviting a French-
speaking friend to an event this weekend. The instructions might be as 
follows: “Vous souhaitez inviter un(e) ami(e) francophone à une activité 
ce week-end. Écrivez un message de 60 à 80 mots. Présentez l’activité, 
indiquez le lieu et l’heure, puis demandez à votre ami(e) s’il/elle peut ve-
nir.” The first draft is prepared in class without the use of artificial intel-
ligence. The basic criteria include providing information about the activ-
ity, location, and time; using an appropriate greeting and closing; ensuring 
clarity; and using simple sentences. 
In the second stage, the student receives only limited feedback from the 
AI. Commands such as “Corrige seulement les erreurs de grammaire. Ne 
change pas le niveau A2” or “Propose deux formules simples pour ter-
miner le message” can be used. The student selects two changes and ex-
plains them briefly. The explanation can be in Turkish or simple French. 
Detailed cultural analysis is not expected at this level. It is sufficient for 
the student to notice the change and describe its basic impact on the mean-
ing. 
In the final stage, the teacher asks where and at what time the activity 
takes place. The teacher then assigns a small communication task, such as 
a time change: “L’activité commence maintenant à 18 heures. Informez 
votre ami de ce changement.” The student is expected to produce a new, 
short, and clear expression rather than simply repeating the memorized 
message. Scoring at the A2 level should be based more on the achieve-
ment of the communicative purpose than on grammatical perfection 
(Council of Europe, 2020). 

Level B1: Opinion Essay 
At the B1 level, students may be asked to write a 150–180-word opinion 
essay on the use of cell phones in university classes. The text should in-
clude the opinion, at least two supporting reasons, an example, and a brief 
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conclusion. The first draft is written in class. The teacher focuses on the 
clarity of the opinion, the relevance of the reasons to the topic, the use of 
basic conjunctions, text organization, and overall comprehensibility. Er-
rors are not evaluated with equal weight as long as they do not completely 
hinder communication. 
In the AI-supported phase, instead of having the student completely re-
write the text, specific feedback is requested : “Indique les passages qui 
ne sont pas clairs, mais ne réécris pas le texte”, “Vérifie l’emploi des con-
necteurs logiques” or “Explique les trois erreurs grammaticales les plus 
importantes.” The student reviews the three suggestions. They may accept 
the addition of a conjunction; they may reject an expression that is above 
the B1 level and does not fit the tone of the text. In a brief process note, 
they explain which suggestions they used and what the most significant 
change was. This approach treats feedback not as a ready-made correction 
but as a rewriting process in which the student makes decisions (Hyland 
& Hyland, 2006; Wang & Wang, 2025). 
During the oral discussion, the student explains their strongest rationale, 
states why they did not use a suggestion they rejected, and responds to the 
counterargument presented by the teacher. For example, the question 
“Certains enseignants pensent que les téléphones empêchent totalement 
les étudiants de se concentrer. Que pouvez-vous répondre?” could be 
used. This stage also reveals whether the student has taken ownership of 
the text and can sustain their argument in an impromptu interaction. 

Level B2: Intercultural Mediation 
At the B2 level, the student prepares a 250–300-word text explaining a 
cultural practice in Turkey to French-speaking international students. The 
task requires not only conveying information but also taking the target 
audience into account and avoiding cultural generalizations. The instruc-
tions might read : “Présente une pratique culturelle de Türkiye à des 
étudiants francophones. Explique son contexte et sa signification, puis in-
dique ce qu’un visiteur devrait savoir. Évite les généralisations et adapte 
le texte à un public qui ne connaît pas cette pratique.” This task relates to 
the “mediation of texts and concepts” dimension of the Common Euro-
pean Framework of Reference for Languages (Council of Europe, 2020). 
After the first draft, the student asks the AI for feedback on the target 
audience and clarity. The student does not ask the tool to rewrite the text 
but rather to highlight points requiring clarification and potential general-
izations. The student reviews at least three suggestions. The student veri-
fies a cultural claim using an independent source, qualify definitive and 
generalizing statements, and adjust the language to suit the target 
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audience. At this stage, the fact that the information provided by the AI 
appears fluent does not constitute proof of accuracy. UNESCO’s human-
centered approach requires the preservation of cultural and linguistic di-
versity, as well as the reliability of data and sources (Miao & Holmes, 
2023). 
During the oral presentation, the student explains why they chose the spe-
cific application, which generalization they corrected, and how they veri-
fied the information. In the retelling task, the student rephrases the same 
content for a 10-year-old child, a formal academic audience, or a 30-sec-
ond tourist video. What is being assessed here is not merely vocabulary 
richness. The student is expected to be able to adjust the level of explana-
tion, tone, and chosen details while preserving the meaning. 
 

Table 2. Grading of expected performance at the A2, B1, and B2 levels 

Level Independent 
task 

Use of artifi-
cial intelli-
gence 

Critical            
analysis 

Oral                   
presentation 

A2 Short daily 
messages 

Simple feed-
back on errors 
and expres-
sions 

Noticing two 
basic changes 

Answering 
short questions 
and updating 
information 

B1 Reasoned 
opinion text 

Feedback on 
coherence, 
conjunctions, 
and grammar 

Accepting or 
rejecting sug-
gestions and 
providing a 
brief justifica-
tion 

Defending 
one’s opinion 
and responding 
to opposing 
views 
 

B2 

Cross-cultural 
mediation ap-
propriate for 
the target audi-
ence 

Feedback on 
content, for-
mat, and target 
audience 

Verification 
based on lin-
guistic, cultural, 
and source-re-
lated factors 

Adapting con-
tent to different 
target audiences 
and communi-
cation contexts 

 

Grading and Assessment Principles 

Analytical Grading 
Placing too much emphasis on the linguistic accuracy of the final product 
in AI-assisted tasks carries the risk of mistaking the tool’s powerful cor-
rection features for the student’s actual proficiency. Therefore, independ-
ent performance, the final product, process transparency, critical verifica-
tion, and oral presentation should be evaluated as separate dimensions. An 
analytical rubric is useful in showing where a student is strong and where 
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they need support. Criteria should be shared before the task begins, and 
clear, descriptive definitions should be used for each level. 
The following scoring distribution is provided as an example: independent 
initial performance accounts for 25 percent, the final product for 20 per-
cent, process transparency for 10 percent, critical validation and justifica-
tion for 20 percent, and oral explanation and presentation for 25 percent. 
In a course with a strong emphasis on speaking, the oral component may 
be increased, while in translation or mediation assignments, the verifica-
tion component may be emphasized. Grading should be based on the qual-
ity of the decision, not on whether the student accepts or rejects the AI’s 
suggestion. Consciously accepting a suggestion can also constitute a crit-
ical decision. 

 
Table 3. Sample Analytical Rubric for Generative              

AI-Supported French Tasks 
Dimen-
sion 4- Strong 3- Adequate 2- Develop-

ing 1- Limited 

Independ-
ent Perfor-
mance 

Completes the 
task in a man-
ner appropriate 
to the level, 
clearly and 
largely inde-
pendently. 

Fulfills the 
basic task; er-
rors do not 
significantly 
hinder com-
munication. 

The task is 
partially com-
pleted; mean-
ing becomes 
unclear at 
times. 

The task’s pri-
mary objec-
tive is not 
met, or per-
formance is 
very limited. 
 

Final Prod-
uct 

The product is 
coherent, ap-
propriate for 
the target audi-
ence, and has 
been meaning-
fully developed 
from the initial 
draft. 

The product 
is generally 
understanda-
ble and ap-
propriate for 
the task; 
some issues 
persist. 

There is lim-
ited develop-
ment; coher-
ence or con-
sistency is-
sues are evi-
dent. 

The product is 
inconsistent 
with the stu-
dent’s level 
and the task’s 
purpose, or 
shows no im-
provement. 

Process 
transpar-
ency 

The tool, pur-
pose, selected 
commands, and 
major changes 
are clearly 
shown. 

The process 
is largely un-
derstandable; 
there are mi-
nor omis-
sions. 

The scope of 
use is only 
partially un-
derstandable. 

The AI’s con-
tribution and 
the student’s 
contribution 
cannot be dis-
tinguished. 
 

Validation 
and Justifi-
cation 

Evaluates sug-
gestions in 
terms of lan-
guage, context, 
target audience, 

Examines 
most sugges-
tions using 
appropriate 
criteria and 

The review is 
superficial; it 
focuses 
mostly on 

Uses sugges-
tions without 
questioning 
them or fails 
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Dimen-
sion 4- Strong 3- Adequate 2- Develop-

ing 1- Limited 

and, if neces-
sary, sources; 
explains their 
decisions. 

provides a 
basic ra-
tionale. 

correcting er-
rors. 

to provide a 
rationale. 
 

Oral Ex-
planation 
and 
Presenta-
tion 

Explains the 
product, an-
swers follow-
up questions, 
and presents 
the content in a 
way appropri-
ate to the new 
context. 

Explains the 
product and 
key deci-
sions; pre-
sents the con-
tent with par-
tial support. 

Explanation 
is limited; 
struggles with 
follow-up 
questions and 
presentation. 

Cannot ex-
plain the 
product or use 
meaningful 
language in 
the new con-
text. 
 

 
To ensure reliable use of the rubric, joint scoring should be conducted on 
sample student work. If there are multiple teachers, the interpretation of 
the criteria can be compared. For oral assessments, question pools of sim-
ilar difficulty should be used; student anxiety, the characteristics of sec-
ond-language learners, and accessibility needs must be taken into account. 
Nallaya et al. (2024) demonstrate that the validity and reliability of oral 
assessments depend on design, structure, clear expectations, and adequate 
preparation. 

Clarifying the Limits of AI Use 
The limits of AI use must be clearly specified for each task. Three basic 
levels may be sufficient. At the first level, AI is not used; the goal is to 
assess independent performance. At the second level, only specific func-
tions such as grammar checking, word suggestions, or feedback, are per-
mitted. At the third level, AI is now explicitly part of the assignment. The 
student compares, verifies, and revises the output. This classification is 
based on the AIAS principle of defining different levels of use according 
to learning outcomes (Perkins et al., 2024). 
The assignment instructions should not simply state, “AI may be used.” It 
must be clearly specified which tools may be used, at which stage, and for 
what purposes; what the student is expected to submit; and how the use of 
AI will be graded. The rules should not be changed afterward. At this 
stage, the student may be asked to provide a brief statement of use. This 
statement explains how they prepared the first draft, in which areas they 
received assistance from the tool, which suggestions they did not use, and 
how they assumed final responsibility. Punishing a student who demon-
strates transparency encourages them to conceal their use of AI. 
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The Teacher’s Role 
The teacher’s role is to be an assessment designer rather than an inspector 
trying to catch students who use AI. The teacher defines the learning out-
comes, selects the stages where human input is required, prepares age-
appropriate tasks, and teaches students how to verify AI output. Language 
teachers need not only technical knowledge of commands but also AI lit-
eracy to make decisions regarding linguistic register, pragmatic appropri-
ateness, source reliability, and ethical use (Kohnke et al., 2023; Miao & 
Holmes, 2023). 
Teachers should not allow AI suggestions to replace their own expertise. 
Any response that raises doubts regarding French word usage, forms of 
address, regional variations, or cultural content should be cross-checked 
against reliable dictionaries, corpora, and institutional sources. Students 
should also be encouraged to develop the same verification habits. AI 
feedback is not an automated and impartial equivalent of teacher feedback 
but rather a supplementary resource selected according to the learning ob-
jective. 

Ethics, Equity, and Data Security 
The protection of personal data is a fundamental requirement in AI-as-
sisted assessment. Students should not upload their own or others’ iden-
tity, contact, health, or educational information to open systems. Teachers 
should also not transfer student assignments to third-party systems with-
out explicit consent and institutional approval. Miao and Holmes (2023) 
note that educational institutions must develop policies that protect data 
privacy, individual autonomy, equality, and cultural and linguistic diver-
sity. Institutions should prioritize the use of approved tools and provide 
alternatives for students who do not wish to use personal accounts. 
Differences in access can sometimes affect grading. Paid versions may 
offer more advanced features; some students may have faster internet, bet-
ter devices, or more experience writing commands. Limiting the weight 
of the final product in the grade, providing common tools and sample 
commands, offering basic usage training, and providing equivalent as-
signments for students who do not wish to use AI can help reduce this 
inequality. The ability to use AI should not replace French proficiency 
unless it is explicitly defined as a learning outcome. 
Teacher workload should also not be overlooked. Reviewing all chat logs 
and conducting lengthy interviews with every student for each assignment 
is neither realistic nor sustainable. All four stages can be applied to one or 
two core assignments over the course of the semester. The process form 
can be limited to one-page, oral interviews can be kept to three to five 
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minutes, and these can be spread out over several weeks. Nallaya et al. 
(2024) highlight the benefits of oral assessments while also drawing at-
tention to issues of standardization, anxiety, and workload. Therefore, im-
plementation must be aligned with class size and class duration. 

Feedback, Self-Assessment, and Student Participation 
An analytical rubric should not be used only as a tool for the teacher to 
assign grades. Students can review the criteria before submitting their first 
draft and evaluate their own performance against the same criteria after 
completing the final product. Self-assessment helps students distinguish 
their own decisions from AI suggestions. Instead of asking students for a 
lengthy explanation for each dimension, they can be asked to identify one 
strength and one area for improvement. This brief reflection becomes a 
natural part of the process record. 
Feedback should not simply become a list of errors in the final text. Hy-
land and Hyland (2006) note that feedback on second-language writing 
should support the student in rethinking the text and developing writing 
strategies. In an AI-supported task, the teacher can also provide feedback 
on how the student evaluates the tool’s suggestions. Instead of saying, 
“This word is wrong,” questions such as “Why did you choose this phrase 
based on the target audience?” or “How did the suggested change affect 
the tone of the text?” guide the student toward the rationale behind their 
decision. 
Limited student involvement in preparing the evaluation criteria can also 
be beneficial. In a B1 class, students can discuss together what character-
istics a good opinion piece should have; in a B2 class, they can determine 
what to watch out for to ensure that cultural explanations do not become 
generalizations. The teacher maintains the core criteria, and students dis-
cuss the meaning of these criteria using sample texts. In this way, the ru-
bric ceases to be a technical document seen for the first time at the end of 
the assignment. Students know from the outset what questions to ask as 
they examine the AI output. 
Peer feedback can also be used, but the responsibility for verifying the AI 
output should not be delegated to peers. Peers can comment on the text’s 
clarity, target audience, and communicative purpose. Verifying the accu-
racy of a linguistic or cultural claim requires a dictionary, a corpus, an 
institutional resource, or the teacher’s opinion. The combined use of hu-
man and AI feedback allows students to compare different suggestions, 
and the final decision ultimately rests with the student. 
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Student Anxiety and Accessible Assessment 
Oral explanations and supervised initial performances, while enhancing 
assessment security, may cause anxiety for some students. In particular, 
spontaneous speech in a foreign language may make a student with strong 
written proficiency appear to perform below their actual level. Nallaya et 
al. (2024) note that issues such as student anxiety, equity, and standardi-
zation for second-language speakers must be addressed during the design 
phase of oral assessments. Therefore, the oral section should not be ad-
ministered as a surprise interrogation. The duration, general question 
types, and scoring criteria must be explained in advance. 
To ensure accessibility, accommodations such as repeating the question 
once, allowing a brief thinking period, using visual cues, or dividing the 
task into two short sections may be implemented. These supports should 
not teach the content of the response but should enable the student to 
demonstrate the targeted skill. While using a fully pre-recorded presenta-
tion may seem practical for a student experiencing speaking anxiety, it 
eliminates evidence of spontaneous interaction. A more balanced solution 
is for the teacher to ask one or two follow-up questions after a brief pre-
pared introduction. 
Digital accessibility is equally important. The AI tool used may not be 
compatible with screen readers, its audio features may not function with 
the same quality in every language, or it may require a paid subscription. 
UNESCO’s human-centered approach requires that technological innova-
tion not create new forms of exclusion among students (Miao & Holmes, 
2023). Teachers should prepare equivalent alternatives that measure the 
same learning outcomes for students who cannot access the tool or who 
do not wish to share their personal data. Assessment equity relies not on 
providing all students with the same tool, but on ensuring comparable 
conditions in which they can demonstrate the targeted competency. 

Discussion and Conclusion 
Generative AI has amplified a pre-existing problem in assessment within 
French language instruction. The product a student submits is not the same 
as the student’s ability to create that product independently. Translation 
tools, online dictionaries, and help from others have long made this dis-
tinction difficult. Large language models, however, have made the author-
ship of the work and the structure being assessed even more ambiguous, 
as they combine the functions of idea generation, text composition, edit-
ing, and rewriting in a single platform. Therefore, the solution is not to 
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continue with old assignments in the same format and seek more powerful 
detection software. 
From a language assessment perspective, a more defensible approach is 
to diversify the evidence. An independent initial performance demon-
strates what the student can do without external support. A documented 
revision process reveals how the student utilizes feedback. Critical vali-
dation shows whether the student views the AI output as the correct an-
swer and whether they take responsibility for their own decision. Oral ex-
planation and presentation, on the other hand, test the understanding of 
the prepared product and the use of linguistic resources in a new context. 
When these pieces of evidence are used together, the assessment shifts 
from the surface features of the final text to the student’s communicative 
actions. 
The proposed four stages are not a mandatory, fixed system for every les-
son. In an A2 class, the process may be limited to explaining two changes 
and a brief oral question. At the B2 level, source verification, target audi-
ence, and cultural representation can be addressed in greater detail. In a 
conversation class, independent interaction and presentation take center 
stage, while in a translation class, justifying alternatives may be given 
greater weight. The validity of the assessment stems not from the number 
of stages but from its alignment with learning outcomes. 
A contribution specific to French language instruction is to avoid discuss-
ing the use of artificial intelligence only in terms of grammatical error 
correction. Form of address, linguistic register, target audience, media-
tion, and cultural explanation are fundamental components of communi-
cative competence in French. Students should be able to reject a gram-
matically correct sentence suggested by AI if it does not fit the context, 
verify cultural knowledge, and reformulate the same message for different 
audiences. The Common European Framework of Reference for Lan-
guages’ understanding of social actors and mediation provides a strong 
foundation for such tasks (Council of Europe, 2020). 
This approach has limitations. Process records may be incomplete, oral 
interviews may cause anxiety, and teacher workload may increase in large 
classes. Access to technology is not equal. The provided rubric and four-
stage process are not an empirically validated, standardized assessment 
tool. Future studies should examine the applicability of the Common Eu-
ropean Framework of Reference for Languages at different levels, inter-
rater reliability, student and teacher perceptions, and the relationship be-
tween independent performance and AI-supported output. These limita-
tions indicate that the proposal must be adapted to the specific context. 
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The quality of implementation depends more on task design than on the 
brand or version of the AI tool used. Tools can change rapidly; technical 
specifications valid today may differ tomorrow. In contrast, the principles 
of collecting independent performance, clarifying usage limits, verifying 
output against sources, and asking students to justify their decisions are 
more enduring. When teachers adopt these principles rather than follow-
ing platform-specific prescriptions, it makes assessment design more re-
silient to technological change. Chuang and Yan’s (2025) emphasis on 
sustainability and context sensitivity also underscores the need to avoid 
tool-centered solutions in language assessment. 
In the age of generative AI, reliable French assessment cannot be reduced 
to simply asking students to prove they did not use the tool. A more mean-
ingful question is what the student can do with French, how they manage 
the support they receive from the tool, and whether they can explain their 
final linguistic decisions and apply them in a new situation. Artificial in-
telligence is not the center of assessment; it is one of the conditions. The 
focus should be on the student’s linguistic proficiency, communicative 
reasoning, and responsibility for learning. 
 
*Artificial intelligence was utilised in this study to assist with language 
support and proofreading. 

 

References 
Chapelle, C. A. (2025). Generative AI as game changer: Implications for language 

education. System, 132, 103672. https://doi.org/10.1016/j.system.2025.103672 
Chuang, P.L., & Yan, X. (2025). Language assessment in the era of generative artifi-

cial intelligence: Opportunities, challenges, and future directions. System, 134, 
103846. https://doi.org/10.1016/j.system.2025.103846 

Council of Europe. (2020). Common European Framework of Reference for Lan-
guages: Learning, teaching, assessment—Companion volume. Council of Europe 
Publishing. 

Godwin-Jones, R. (2024). Distributed agency in second language learning and teach-
ing through generative AI. Language Learning & Technology, 28(2), 5–31. 
https://doi.org/10.64152/10125/73570  

Hamp-Lyons, L., & Condon, W. (2000). Assessing the portfolio: Principles for prac-
tice, theory, and research. Hampton Press. 

Hyland, K., & Hyland, F. (2006). Feedback on second language students’ writing. 
Language Teaching, 39(2), 83–101. 
https://doi.org/10.1017/S0261444806003399 

https://doi.org/10.64152/10125/73570


Gizem Köşker 

 304 

Jang, E. E., & Sawaki, Y. (2025). Advancing language assessment for teaching and 
learning in the era of the artificial intelligence (AI) revolution: Promises and 
challenges. Language Testing, 42(4), 361–368. 
https://doi.org/10.1177/02655322251348685 

Kohnke, L., Moorhouse, B. L., & Zou, D. (2023). ChatGPT for language teaching 
and learning. RELC Journal, 54(2), 537–550. 
https://doi.org/10.1177/00336882231162868 

Liang, W., Yuksekgonul, M., Mao, Y., Wu, E., & Zou, J. (2023). GPT detectors are 
biased against non-native English writers. Patterns, 4(7), 100779. 
https://doi.org/10.1016/j.patter.2023.100779 

Lodge, J. M., Howard, S., Bearman, M., Dawson, P., & Associates. (2023). Assess-
ment reform for the age of artificial intelligence. Tertiary Education Quality and 
Standards Agency. 

Miao, F., & Holmes, W. (2023). Guidance for generative AI in education and re-
search. UNESCO. https://doi.org/10.54675/EWZM9535 

Nallaya, S., Gentili, S., Weeks, S., & Baldock, K. (2024). The validity, reliability, 
academic integrity and integration of oral assessments in higher education: A 
systematic review. Issues in Educational Research, 34(2), 629–646. 

Ng, D. T. K., Leung, J. K. L., Chu, S. K. W., & Qiao, M. S. (2021). Conceptualizing 
AI literacy: An exploratory review. Computers and Education: Artificial Intelli-
gence, 2, 100041. https://doi.org/10.1016/j.caeai.2021.100041 

Perkins, M., Furze, L., Roe, J., & MacVaugh, J. (2024). The Artificial Intelligence 
Assessment Scale (AIAS): A framework for ethical integration of generative AI 
in educational assessment. Journal of University Teaching and Learning Prac-
tice, 21(6). https://doi.org/10.53761/q3azde36 

Sotiriadou, P., Logan, D., Daly, A., & Guest, R. (2020). The role of authentic assess-
ment to preserve academic integrity and promote skill development and employ-
ability. Studies in Higher Education, 45(11), 2132–2148. 
https://doi.org/10.1080/03075079.2019.1582015 

Wang, C., & Wang, Z. (2025). Investigating L2 writers’ critical AI literacy in AI-as-
sisted writing: An APSE model. Journal of Second Language Writing, 67, 
101187. https://doi.org/10.1016/j.jslw.2025.101187 

Weber-Wulff, D., Anohina-Naumeca, A., Bjelobaba, S., Foltýnek, T., Guerrero-Dib, 
J., Popoola, O., Šigut, P., & Waddington, L. (2023). Testing of detection tools 
for AI-generated text. International Journal for Educational Integrity, 19, 26. 
https://doi.org/10.1007/s40979-023-00146-z 

Yılmaz Güngör, Z. (2020). Fransızca Yabancı Dil Öğrencilerinin Dil Öğrenmeye 
Yönelik İnançlarının Çeşitli Değişkenler Bağlamında İncelenmesi. Türk Eğitim 
Bilimleri Dergisi, 18(2), 571-594. https://doi.org/10.37217/tebd.691562 

 
 

https://doi.org/10.1007/s40979-023-00146-z


Living Portfolio in Iterative Artificial Intelligence Feedback 
 

 305 

Living Portfolio in Iterative Artificial Intelligence 
Feedback and the Reorientation of Foreign Language 

Assessment 

Alireza Navidmoghaddam 1 

Abstract 
Ar%ficial intelligence is entering foreign language classrooms faster than research can synthesise 
it, leaving an evidence base that is empirically ac%ve but conceptually fragmented: wri%ng gains 
are studied apart from mo%va%onal gains, biometric stress markers apart from gramma%cal ac-
curacy, pormolio design apart from corpus-based developmental tracking. This chapter offers an 
integra%ve conceptual reading of that literature, drawing on seven empirical studies read in 
full—spanning AI-enhanced pormolio wri%ng, AI-assisted pormolio assessment, biometric-in-
formed adap%ve reading, a longitudinal speaking corpus, task-based instruc%on, and a review 
of learner emo%on—alongside reviews and framework proposals. It argues one mechanism re-
curs across unrelated designs: sustained, proficiency-calibrated feedback embedded in an iter-
a%ve, documented cycle moves learners along linguis%c, cogni%ve, and affec%ve lines simulta-
neously, unlike isolated single-session interven%ons. This is treated as a theore%cally mo%vated 
proposi%on, not an established finding, with explicit falsifica%on condi%ons. The chapter also 
specifies boundaries: pragma%c competence resists automated feedback for reasons that ap-
pear structural rather than transi%onal; data governance obliga%ons grow as pormolios accumu-
late longitudinal records; and the evidence base is narrower—geographically, ins%tu%onally, bib-
liometrically—than surrounding rhetoric implies. It closes by outlining implica%ons for pormolios 
as living instruments and a teacherly role centered on judgement and rela%onship, proposing a 
research agenda to test that direc%on. 
Keywords: AI-enhanced porTolios; second language development; emo4on regula4on; longitu-
dinal assessment; feedback literacy. 

Introduction 
In no time, artificial intelligence (AI) has become one of the driving forces 
that redefine how foreign languages are taught and learned. While chat-
bots are capable of correcting grammar errors at the moment of speaking, 
adaptive platforms can modify the difficulty of the reading material ac-
cording to learners’ fixation behaviors, and portfolio systems can provide 
personalized feedback on drafts being written. Recent systematic reviews 
and bibliometric studies concur about the rapid but uneven evolution of 
this empirical literature, as it has focused too much on second language 
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(L2) writing and not nearly enough on speaking, listening, and many more 
relevant pedagogical and ethical issues raised by the technology (Li et al., 
2025; Wang et al., 2026). For instance, bibliometric mapping of the 2017-
2023 period shows the same rapid increase in the amount of publications 
along with the relentless concentration of works within few skills areas 
and countries (Rahman et al., 2024), while a review of reviews that ana-
lyzes the years 2024-2025 suggests that even synthesis literature begins 
to reproduce itself faster than its consolidation (Jeon, 2025).A parallel 
systematic review of 37 empirical studies on learner emotion in AI-as-
sisted English as a second or foreign language (ESL/EFL) learning con-
firms a similar imbalance: anxiety and enjoyment dominate the literature, 
while boredom, interest, shyness, and the mechanisms of emotion regula-
tion itself remain comparatively neglected (Zhang & Liu, 2025). 

The result is a body of knowledge that is individually rigorous but collec-
tively fragmented. A study of AI-enhanced e-portfolios reports on writing 
proficiency and self-efficacy (Xiao & Liu, 2025). A study of biometric-
informed adaptive reading reports on comprehension, anxiety, and cogni-
tive load (Yuan, 2025). A study of AI-assisted portfolio assessment re-
ports on mindfulness and academic emotion regulation (Khasawneh et al., 
2025). A longitudinal, error-annotated speaking corpus reports on gram-
matical accuracy trajectories and self-correction (Liu et al., 2026). Re-
views focused specifically on L2 writing (Luo et al., 2025) and on gener-
ative AI for written corrective feedback (Ding et al., 2025) catalogue these 
findings skill by skill. Each result is real and specific. What is largely ab-
sent is an account of how they relate to one another and of what, taken 
together, they imply about where foreign language pedagogy may be 
heading rather than merely where it currently stands. 

This chapter attempts that integrative and prospective account. Rather 
than cataloguing the literature intervention by intervention, it reads the 
evidence thematically, allowing findings on writing, reading, speaking, 
and emotion to inform one another in the way a practising teacher or pro-
gramme designer would need to use them. The argument proceeds in four 
moves. The Theoretical Framework section sets out the theoretical frame-
work through which the evidence is read. The sections that follow—In-
structional Infrastructure or Discrete Tool, From Isolated Correction to 
Iterative Documentation, Cognition and Emotion, and Development Over 
Time—identify a recurrent mechanism—iterative, proficiency-calibrated, 
learner-visible feedback embedded in a documented cycle—across four 
otherwise unrelated bodies of evidence. The Boundaries of the Current 
Evidence section specifies the boundaries of what that evidence can sup-
port. The Implications section draws out implications for practice and 
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proposes a testable research agenda. The central claim is deliberately 
structural rather than technological: what appears to do the pedagogical 
work is the architecture of the feedback loop, not any particular platform, 
vendor, or model generation. 

Scope, Source Selection, and Method of Synthesis 
Because the credibility of an integrative argument depends on the trans-
parency of its evidence base, the scope of this chapter is stated explicitly 
before the argument begins. According to Torraco (2005) and Whittemore 
and Knafl (2005), this is an integrative conceptual review on its own. It 
seeks to produce a theoretical explanation from diverse sources of empir-
ical and conceptual work rather than compute an aggregated effect. Con-
sequently, it is not a systematic review, nor does it claim completeness or 
replicability of search associated with the systematic review. Thus, while 
evaluating it in terms of narrative-review criteria (Baethge et al., 2019), 
readers should take into consideration the conclusions made. 

For the purpose of close reading, five primary studies were chosen ac-
cording to three criteria; they must be recent (published in 2025 or later); 
they must feature either iterative feedback or longitudinal feedback in-
stead of a one-time intervention; and in total they should cover all skills, 
productive and receptive ones, as well as the affective dimension. During 
writing, two additional studies were included since they offered an inde-
pendent test of one of the emerging claims: task-based language teaching 
quasi-experiment that expanded the approach to speaking and reading 
(Huang et al., 2024) as well as a correlational study of AI use in all four 
skills in a portfolio approach (Le et al., 2026). All seven were read in full 
rather than at abstract level, so that every claim attributed to them here 
can be checked against the original reporting of methods, statistics, and 
findings. Table 1 summarises their designs and principal outcomes. 

A wider set of systematic reviews, bibliometric analyses, and framework 
proposals is cited more selectively, to characterise the pace and shape of 
the field’s growth and to situate the primary studies within it, rather than 
to supply additional empirical claims. Foundational theoretical sources 
are cited where the argument depends on a construct they define. 

Three limitations of this selection procedure should be recorded at the 
outset. First, the criterion privileging iterative and longitudinal designs is 
not neutral with respect to the chapter’s conclusion: a set of studies chosen 
partly because they instantiate sustained feedback cycles is more likely to 
support a claim about the value of sustained feedback cycles. The 
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convergence reported below is therefore best understood as an internally 
consistent reading of a purposively assembled corpus, not as an unbiased 
estimate of the field. The What Convergence Can and Cannot Establish 
subsection returns to what such convergence can and cannot establish. 
Second, no formal risk-of-bias appraisal was conducted, and the sources 
vary considerably in methodological transparency and in the editorial rig-
our of their outlets; where a claim rests on a single low-visibility source, 
this is noted in the text. Third, the corpus is small by design, which permits 
close reading at the cost of coverage. The Research Agenda subsection 
specifies the studies that would be needed to test the resulting propositions 
against a broader base. 

Table 1: Designs and principal outcomes of the studies read in full 

Study Design, setting, and 
duration 

Primary 
focus 

Principal reported out-
come (see original sources 
for exact statistics) 

Xiao & Liu 
(2025) 

Quasi-experiment; 
junior-high EFL writ-
ing instruction; 12 
weeks; AI-enhanced 
e-portfolio vs. pen-
and-paper portfolio 
(N = 40: 21 experi-
mental, 19 control) 

L2 writing; 
writing 
self-effi-
cacy 

Larger gains in writing pro-
ficiency and self-efficacy in 
the AI-supported condition. 
Writing scores: experimental 
M = 40.82 (SD = 12.42) pre-
test to M = 54.45 (SD = 
13.31) post-test; control M = 
41.20 (SD = 14.31) to M = 
46.72 (SD = 15.20); AN-
COVA F(1, 38) = 18.12, p = 
.003, partial η² = .236. Self-
efficacy (post-test total): ex-
perimental M = 4.82 (SD = 
0.29) vs. control M = 3.64 
(SD = 0.52), t = 9.90, p < 
.001. 

Khasawneh 
et al. 
(2025) 

Intervention study; 
higher-education 
EFL; AI-assisted 
portfolio assessment 

Emotion 
regulation; 
mindful-
ness; 
learning 
attitudes 

Gains in academic emotion 
regulation, mindfulness, and 
attitudes attributed to contin-
uous individualised feed-
back (N = 69: 38 experi-
mental, 31 control; quasi-ex-
perimental, ANCOVA/t-
tests). 

Yuan 
(2025) 

Mixed-methods; 
adaptive AI reading 
platform with heart-
rate variability 

Reading 
compre-
hension; 
anxiety; 

Comprehension gains with 
concurrent reductions in re-
ported anxiety and cognitive 
load; qualitative accounts 
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Study Design, setting, and 
duration 

Primary 
focus 

Principal reported out-
come (see original sources 
for exact statistics) 

sensing and eye 
tracking vs. static 
digital texts 

cognitive 
load 

include unease about bio-
metric data (N = 300, ran-
domly assigned; effect sizes 
ranged from moderate to 
large). 

Liu et al. 
(2026) 

Longitudinal, error-
annotated learner cor-
pus; Chinese EFL 
spoken English; two 
semesters, three 
measurement points; 
AI-enhanced smart 
classroom (N = 100: 
28 lower-intermedi-
ate, 47 upper-inter-
mediate, 25 ad-
vanced) 

L2 speak-
ing accu-
racy; self-
correction; 
develop-
mental tra-
jectories 

Self-correction rate rose 
from 12% (T1) to 34% (T3), 
correlating with proficiency 
gains (r = .52, p < .001); 
cluster analysis identified 
three developmental pro-
files: Rapid Developers 
(31% of participants), 
Steady Progressors (52%), 
and Plateau Learners (17%); 
pragmatic accuracy im-
proved only marginally (23-
31% error reduction) com-
pared to morphosyntactic 
domains (68-76% reduc-
tion). 

Zhang & 
Liu (2025) 

Systematic review of 
37 empirical studies 

Learner 
emotion in 
AI-assisted 
ESL/EFL 
learning 

Anxiety and enjoyment 
dominate the literature; 
boredom, interest, shyness, 
and emotion-regulation 
mechanisms under-re-
searched. 

Huang et 
al. (2024) 

Quasi-experiment; 
college English; 12 
weeks; AI-supported 
task-based language 
teaching vs. conven-
tional TBLT (N = 
120: 60 experimental, 
60 control) 

Speaking; 
reading 
compre-
hension; 
engage-
ment 

Gains in speaking and read-
ing comprehension and 
higher engagement; instruc-
tors report infrastructure and 
training costs. Speaking 
scores rose significantly in 
the experimental group (t = 
4.25, p < .01); reading com-
prehension also improved 
significantly (t = 3.87, p < 
.01); engagement was signif-
icantly higher in the experi-
mental group (ANOVA F(1, 
118) = 5.67, p < .05). 
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Study Design, setting, and 
duration 

Primary 
focus 

Principal reported out-
come (see original sources 
for exact statistics) 

Le et al. 
(2026) 

Correlational; Viet-
namese non-English 
majors; portfolio-
based General Eng-
lish; official end-of-
course examination 
scores (N = 107) 

Frequency 
of AI use 
across the 
four skills 

AI use frequency correlated 
significantly with English 
proficiency: GPA r = .630, 
reading r = .962, writing r = 
.821, speaking r = .557 (all p 
< .01), and listening r = .249 
(p < .01, comparatively 
weak). The near-perfect 
reading coefficient requires 
cautious interpretation, 
given close alignment be-
tween AI-supported reading 
tasks and the exam format. 

Note: TBLT refers to task-based language teaching. Statistics reported in 
the table are drawn directly from each primary source; readers should 
consult the original sources for full statistical detail (e.g., complete AN-
COVA and post-hoc tables). 
This study did not require ethics committee approval, as it is a conceptual 
review that synthesises published literature rather than collecting original 
data from human or animal participants. 

Theoretical Framework 
The mechanism this chapter identifies is not a novel theoretical construct. 
It is better understood as a technologically enabled instance of four estab-
lished positions, and stating them explicitly makes the argument falsifia-
ble rather than merely plausible. First, feedback is effective to the extent 
that it addresses the gap between current and desired performance at a 
level the learner can act upon, and ineffective when it is delivered too late, 
too generically, or at the wrong level of abstraction (Hattie & Timperley, 
2007). This predicts that automated feedback should help most where it is 
immediate, specific, and calibrated—and least where the relevant gap is 
not one of form. 

Second, learning gains accrue when instruction operates within the zone 
of proximal development, the band in which a task exceeds independent 
capacity but is achievable with support (Vygotsky, 1978). Adaptive cali-
bration of difficulty is a mechanised approximation of that principle, and 
it predicts that support arriving during a task will outperform support 
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arriving after it—a prediction the Pragmatic Competence subsection tests 
against the listening data. 

Third, iterative revision is a self-regulatory activity rather than a correc-
tive one: what develops across cycles is the learner’s capacity to monitor 
and evaluate their own production (Zimmerman, 2002), and the uptake of 
feedback depends on a learner’s developing feedback literacy rather than 
on the quality of the feedback alone (Carless & Boud, 2018). Evidence 
from tertiary writing instruction indicates that iterative writing with feed-
back changes the characteristics of learners’ texts, not merely their scores 
(Vardi, 2011). If the mechanism proposed here is correct, the durable out-
come of AI feedback should be improved self-monitoring, which is meas-
urable independently of the AI system’s presence. 

Fourth, affective and cognitive development are not separable channels. 
Control-value theory holds that achievement emotions arise from learn-
ers’ appraisals of control over, and value of, an activity (Pekrun, 2006); 
foreign language anxiety is a situation-specific construct responsive to 
precisely such appraisals (Horwitz et al., 1986); and cognitive load theory 
predicts that reducing extraneous processing demands frees capacity for 
schema construction (Sweller, 1988). Feedback that makes progress visi-
ble and keeps difficulty tractable should therefore raise perceived control 
and lower anxiety through the same operation that produces linguistic 
gain. This is the theoretical reason to expect the affective and linguistic 
findings reviewed below to travel together, and it is what distinguishes the 
present argument from the weaker claim that AI happens to be associated 
with several desirable outcomes at once. Figure 1 represents the resulting 
mechanism schematically, including the domain the evidence assigns to 
human instruction. 
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Figure 1: The iterative feedback cycle and its proposed developmental outcomes 

 

Note. The four-phase cycle on the left represents the mechanism identified 
across the studies reviewed from From Isolated Correction to Iterative 
Documentation through Development Over Time. The dashed arrows in-
dicate that teacher judgement both shapes the tasks entering the cycle and 
interprets the documented trace it produces. The figure represents a pro-
posed mechanism rather than an empirically isolated causal pathway; see 
the What Convergence Can and Cannot Establish subsection. 

Instructional Infrastructure or Discrete Tool 
It is worthwhile to reconsider what we mean by the term “AI in language 
education.” Originally, AI was understood as a certain type of tool—such 
as a grammar checker or a chatbot—and the debates focused on whether 
such AI tools were efficient or not (Özçelik & Ekşi, 2024). Nowadays, we 
talk about AI in terms of infrastructures—the base of technology behind 
a certain course, which can be configured in various ways depending on 
the objectives of the course. It is important to note that things like auto-
matic speech recognition, feedback from a large-language model, bio-
metric tracking, and portfolio technologies should not be treated as sepa-
rate competing technologies but as components combined together—and 
the current research shows that the best results are achieved when these 
components are combined rather than applied separately (Nouzri et al., 
2024). 

The transition discussed is of importance since it alters the way the field 
should be interpreted. A chatbot serves simply as a conversational tool 
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while different analyses exploring the potential of chatbot-assisted lan-
guage learning demonstrate that different benefits brought by the tool are 
very limited and quite temporary (Huang et al., 2021). A portfolio serves 
solely for documenting purposes, with the overall evidence indicating that 
documentation, without adequate feedback, serves only as a formality ra-
ther than an effective tool (Abdulhamid & Fox, 2020). However, the point 
is that when both tools are combined and appropriately utilized according 
to the learner’s proficiency, they perform their function. This distinc-
tion—feedback as recurring process versus feedback as isolated correc-
tion—runs through nearly every strand of evidence considered below, and 
is the thread the remainder of the chapter follows. 

The structural assessment justifies the rapid and uneven progress of the 
literature. When a technology is seen as merely a tool, the research ques-
tion becomes simple: works it? When it is seen as infrastructure allowing 
several configurations, the questions burgeon: which configuration, for 
what skill, what proficiency level, which population, for how long—and 
the answers come more often than any synthesis has time to unpack them 
(Jeon, 2025). The opposite of synthesis does not yield a more coherent 
picture of the evidence but more pieces of evidence besides those already. 

From Isolated Correction to Iterative Documentation 

Evidence from AI-enhanced e-portfolios 
The clearest real-world evidence for this change has come from a com-
parison of AI-driven e-portfolios with the standard pen-and-paper portfo-
lios in junior-high EFL writing classes over the period of twelve weeks 
(Xiao & Liu, 2025). The AI-based group showed a greater increase in both 
the level of proficiency and self-efficacy than their counterparts. None-
theless, the most interesting thing is not whether the innovation worked 
but how exactly it was done. Students submitted drafts, were given gram-
mar, coherence, and style feedback, then revised their texts and, only after 
that, received the teacher’s feedback again. All these stages are essential 
for the ability of students to see the changes in their own papers according 
to specific and calculated input. The point that section 3 is making is that 
what the innovation did is not simply correcting the errors—both options 
involve correction—but a combination of the ability to see the process of 
revision from start to finish. The fact that self-efficacy increases with in-
creasing proficiency supports the control appraisal theory of Bandura 
(1997) and Pekrun (2006), as opposed to any purely linguistic explanation 
of the phenomenon. 
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Collapsing the distance between drafting and feedback 
Technical literature on the topic raises questions regarding the ways in 
which these cycles can be integrated into already established learner sys-
tems instead of asking users to leave an e-portfolio for a separate feedback 
application. For instance, Osawa (2023) discusses the use of e-portfolios 
and proposes delivering automated written corrective feedback in the 
drafting environment of the e-portfolio by utilizing a universal productiv-
ity app and its AI functions based on the logic that feedback-rich portfo-
lios are already self-regulating, and that bringing drafting closer to feed-
back will make it more effective as such. This idea is a theory, not one 
that has been proven. This indicates that it should be treated as such. The 
exception is that the future will bring some changes in its application: as 
portfolio systems and AI feedback systems mix up and become one plat-
form, the current barriers to revision will cease to exist, making the pro-
cess of revision much more efficient. However, the question about the ef-
fects of fewer barriers on revision frequency remains unanswered (see the 
Research Agenda subsection). 

Convergence with an independently developed instructional 
framework 
A pedagogical framework for AI-mediated L2 writing instruction devel-
oped around active, inquiry-based, and adaptive learning rather than 
around portfolios reaches a compatible conclusion from a different start-
ing point: learners instructed under the framework improved in both writ-
ing motivation and writing outcomes (Wang et al., 2025). A specific case 
illustrates the application of this concept outside the realm of writing and 
the setting of portfolio construction. A quasi-experimental study con-
ducted for a duration of 12 weeks explored the use of AI tools in TBLT 
in a university English course and discovered that it was more effective in 
terms of improvements in speaking and reading skills than traditional 
TBLT, and had higher levels of engagement while running (Huang et al., 
2024). The reasoning behind teaching was similar to the logic applied ear-
lier—AI-based applications provided students with personalized pre-class 
preparation and real-time feedback during their in-class activities turning 
a prescribed sequence of tasks into a repeated and personalized sequence 
of activities. The qualitative results introduced a word of caution elabo-
rated on in the Geographic, Institutional, and Bibliometric Concentration 
subsection, as both teachers and students have noticed that successful im-
plementation depends on having the necessary infrastructure, as well as 
on the amount of time spent learning to use the tools, and both groups 
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stressed the fact that support should be provided by the institution instead 
of arguing that the technology can function without help of the institution. 

From the perspective of feedback design rather than empirical evaluation, 
a conceptual counterpart arrives at a structurally similar prescription. Zou 
(2025) suggests the development of a hierarchized feedback landscape in-
cluding AI feedback addressing low-order concerns such as grammar, 
syntax, and vocabulary; peer feedback aimed at coherence and cohesion; 
and teacher feedback concerned with conceptualization, argumentation, 
and discipline-specific judgment. Each layer compensates for a certain 
drawback of its predecessor--while AI feedback has immeasurable and 
constant nature, it lacks context knowledge, peer feedback is collaborative 
yet of variable quality, and teacher feedback, although focused, is limited 
by the scarcity of time and efforts. The same discussion extends the case 
for portfolio-based, multi-draft assessment from a further angle, arguing 
that reflective journals, revision histories, and multimodal artefacts are 
comparatively resistant to the assessment-integrity concerns accompany-
ing generative AI in higher education, precisely because they document 
developing thinking over time rather than a single finished output that 
could have been produced in one pass. 

What convergence can and cannot establish 
The observation at the heart of this chapter is that a shared design principle 
appears again and again in these sources, leading to a particular objection. 
The apprehension is that in trying to ascertain commonality across dispar-
ate studies one runs the risk of treating different forms of evidence as if 
they were the same. In order to address this issue, three different caveats 
need to be put forward. 

First, independence is partial. Xiao and Liu (2025), Wang et al. (2025), 
and Huang et al. (2024) are separate empirical studies with different pop-
ulations, instruments, and theoretical starting points, and their agreement 
is evidentially meaningful. Osawa (2023) and Zou (2025), by contrast, are 
conceptual proposals; their agreement with the empirical studies reflects 
a shared reading of the same prior literature at least as much as it reflects 
independent corroboration. Conceptual convergence and empirical repli-
cation should not be counted as the same kind of evidence, and this chap-
ter does not claim otherwise. 

Second, the corpus was purposively selected for iterative designs (see the 
Scope, Source Selection, and Method of Synthesis section, above), so the 
convergence is in part an artefact of selection. What the studies collec-
tively establish is that the mechanism is consistent with results obtained 



Alireza Navidmoghaddam 

 316 

under varied conditions, not that it has been isolated. No study reviewed 
here manipulates iteration while holding feedback quality constant, which 
is the design that would identify the mechanism directly. 

Third, and most importantly, the claim is falsifiable and should be stated 
so. If iteration and learner visibility are doing the pedagogical work, then 
a high-quality single-shot feedback condition should underperform a 
lower-quality iterative condition matched for total feedback volume; 
learners’ self-monitoring should improve more than their reliance on the 
tool; and gains should be largest where the target competence is form-
based and observable. The Pragmatic Competence subsection shows that 
the third prediction holds in at least one instance. The first two remain 
untested, and until they are tested the mechanism proposed here is best 
treated as a theoretically motivated hypothesis with convergent circum-
stantial support—a stronger position than an isolated finding, but weaker 
than a demonstrated causal claim. 

Cognition and Emotion 
If writing research indicates what iterative AI feedback does for linguistic 
production, a second strand indicates what the same logic does when ex-
tended to learners’ physiological and affective states. An investigation 
employing mixed methods on a reading platform that integrates AI tech-
nology with heart-rate variability and eye tracking, as well as normal com-
prehension tests, mentions that the reading platform produced better com-
prehension with less anxiety and cognitive load than static resources with 
the same content (Yuan, 2025). However, the process relied on a method 
used in writing literature, with the difference that this time it makes ad-
justments in the real time. Thus, when the analysis of the reading patterns 
shows any difficulties for the learners, the reading platform simplifies the 
text or provides a brief explanation instantly, keeping students in the zone 
of possible development (Vygotsky, 1978) and preventing frustration. 

The qualitative accounts add a dimension the aggregate statistics do not. 
Learners described the platform as engaging and as reducing their reading 
anxiety, and many valued the adaptive features and the interface. Learners 
also attended to their own biometric readings during the process, with re-
ported improvements in reading strategies and self-awareness. Not every 
response was positive: a minority found the biometric display distracting, 
and some expressed discomfort about how their physiological data were 
collected and stored—a concern the Data Governance and Learner Con-
sent subsection develops. 
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Two construct-validity caveats should temper the interpretation of this 
study, and by extension of any biometrically instrumented design. Heart-
rate variability is a peripheral index of autonomic arousal, not a measure 
of anxiety as the construct is defined in the foreign language anxiety lit-
erature (Horwitz et al., 1986); arousal attributable to interest and arousal 
attributable to threat are not readily distinguishable from the signal alone. 
Similarly, regressive fixations are an indirect proxy for processing diffi-
culty, and can also reflect careful reading. Where a study reports concur-
rent movement in a self-report anxiety scale, a physiological index, and a 
comprehension score, the convergence is informative, but the inference 
that the physiological signal measured the affective construct remains an 
interpretation rather than a demonstration. Reporting the association be-
tween the biometric and self-report measures directly would strengthen 
such claims considerably. 

A related line of evidence indicates that AI-assisted portfolio assessment 
is associated with gains in mindfulness and academic emotion regulation, 
again through continuous individualised feedback rather than one-off as-
sessment events (Khasawneh et al., 2025). Analysing learners’ written re-
flections for indications of anxiety, stress, or positive engagement allowed 
the system to surface affective information that a human reviewer work-
ing through a stack of submissions might miss, and to do so consistently 
across a cohort rather than only for learners who sought additional sup-
port. Read alongside the systematic-review evidence on learner emotion 
in AI-assisted ESL/EFL learning—where enjoyment mediates the rela-
tionship between self-efficacy and continued tool use, and where AI-en-
gaged learners report decreased anxiety alongside increased willingness 
to communicate (Zhang & Liu, 2025)—a consistent picture emerges. AI’s 
affective correlates in language learning do not appear to be a by-product 
of its cognitive correlates; both appear to operate through the same con-
tinuous-feedback structure, as control-value theory would predict 
(Pekrun, 2006). The causal direction, however, is not established by any 
of these designs: reduced anxiety may enable comprehension, comprehen-
sion gains may reduce anxiety, and a third factor such as engagement may 
drive both. 

Development Over Time 
The previous paragraphs illustrate development over weeks. An error-
tagged longitudinal corpus of Chinese students’ spoken English in an EFL 
context, generated through three measurements across two semesters with 
the use of technological advancements in classroom teaching, adds great 
insights into the case (Liu et al., 2026). 
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There are two results that should be noted. First, the degree of spontaneous 
self-correction of learners increased during the duration of the experiment, 
which correlated with the total improvement in language proficiency—
suggesting the indication that AI feedback is beneficial in developing self-
monitoring, the self-regulatory outcome suggested in the Theoretical 
Framework section (Zimmerman, 2002). The design cannot establish that 
the AI feedback caused the increase, since self-correction also rises with 
proficiency generally; a condition in which the AI is withdrawn would be 
required to show that the capacity persists in its absence. Second, cluster 
analysis of individual trajectories identified three developmental pro-
files—rapid developers, steady progressors, and learners who plateaued 
after early gains—that were not visible in the aggregate statistics and that 
were associated with digital literacy, intrinsic motivation, and voluntary 
engagement with the tools outside required class time. A single-point as-
sessment would have missed this heterogeneity entirely. Cluster solutions 
are, however, sensitive to algorithm and to the number of clusters speci-
fied, and a three-profile solution should be treated as a description of this 
cohort pending replication. 

This is, in effect, the argument for portfolio-based longitudinal tracking 
made concrete through corpus methodology rather than through portfolio 
architecture. Where the writing and reading literatures show that iterative 
feedback is associated with gains within a single intervention (Vardi, 
2011), the speaking corpus shows what becomes visible only when itera-
tion is tracked across an extended period: not a single average effect but 
a landscape of developmental pathways that a responsive pedagogy would 
need to recognise individually. 

Unlike other studies that are based exclusively on self-report measures, 
the correlational examination of AI in portfolio-based instruction in Gen-
eral English among non-major students in Vietnam allows to examine one 
aspect of this correlation. This research shows, based on results from 
standardized tests, that there is a strong link between usage of AI and ef-
fectiveness of reading and writing, moderate connection with speaking, 
and practically no connection with listening (Le et al., 2026). Thus, we 
can once again observe the findings of error-annotated corpora concerning 
the discrepancies between the development of accuracy and pragmatic 
competency, although it is done with a different method and group of par-
ticipants (Liu et al., 2026). AI feedback has a significant impact on text-
related tasks where it deals with grammar correction, vocabulary sugges-
tion, and paragraph restructuring. However, it loses its effectiveness when 
it comes to the processing of real-time, socially motivated, or purely au-
ditory information. Two independent studies conducted on two continents 
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have arrived at the same type of asymmetry, thereby reinforcing the gen-
eral hypothesis about the strengths and limits of AI in this respect but with 
the exception noted in the Statistical and Measurement Caution subsec-
tion. 

Boundaries of the Current Evidence 

Pragmatic competence 
Pragmatic appropriateness, which refers to the understanding of what is 
socially appropriate in a certain context as opposed to what is grammati-
cally accurate, manifested only slight improvement in the longitudinal 
speaking corpus while morphosyntactic accuracy had been significantly 
improved, with the learners continuing to generate overly direct and situ-
ationally inappropriate language long after they had resolved other types 
of errors (Liu et al. 2026). Based on the framework in the Theoretical 
Framework section above, there is nothing surprising about this. In order 
to be effective, feedback has to show the actionable gap (Hattie & 
Timperley 2007). Pragmatic competence is related to being cognizant of 
socially situated processes regarding interlocutors, context, etc. This gap 
can not be revealed in the surface structure of the utterance. Whether it is 
a question of system limitations or it just characteristic of this exact type 
of systems is an empirical question that should be asked rather than taken 
for granted. As far as education institutions and programme developers 
are concerned, it is better to start planning human-oriented instruction in 
pragmatics instead of relying on IT-based solutions to solve this issue. 

Statistical and measurement caution 
The study of Vietnamese portfolio indicates a strong relationship ranging 
from AI utilization and reading results having a correlation of r = .962 (Le 
et al., 2026)—this coefficient means that about 93% of the variance in 
reading results is accounted for by a single self-reported behavioral fre-
quency. Based on this statistic, studies in educational research of complex 
outcomes with such high levels of association usually refer to some meas-
urement error rather than to the substantive impact. Plausible sources in-
clude common-method variance where predictor and criterion are col-
lected in proximity; restriction or coarse categorisation of the predictor, 
which can inflate coefficients computed on aggregated or ordinal data; 
construct overlap, if frequent AI users are also the students whose course-
work most closely resembles the examination format; and small-sample 
instability. None of these can be adjudicated from the published report 
alone. The methodological point generalises: correlations at this 
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magnitude in this literature warrant scrutiny of what was measured before 
they are cited as evidence of what AI achieves, and the present chapter 
treats the study’s ordinal finding—reading and writing above speaking 
above listening—as its informative contribution, not the absolute magni-
tudes. 

The same study’s weakest result is arguably its most useful. Listening, the 
one skill where AI use showed no meaningful association with improve-
ment, was also the skill for which students used AI post hoc, generating 
transcripts to check after they had already worked through an audio pas-
sage, rather than as scaffolding embedded in the listening process itself. 
Read against the zone-of-proximal-development account (Vygotsky, 
1978), this is the predicted outcome: scaffolding that arrives after a task 
cannot support performance during it, and the adaptive-reading evidence 
indicates that real-time calibration rather than after-the-fact correction is 
what accompanies comprehension gains (Yuan, 2025). The apparent fail-
ure of AI to support listening development may therefore reflect a limita-
tion of deployment rather than of the technology—a distinction that is 
testable, and that the Research Agenda subsection proposes as a research 
priority. 

Data governance and learner consent 
Systems generating longitudinal, granular records of learner writing, 
speech, physiological response, and affective self-report accumulate a 
substantial quantity of sensitive information, and the evidence indicates 
that learner comfort cannot be assumed even where formal consent pro-
cedures are followed correctly: a minority of participants in the adaptive-
reading study expressed unease about the collection and storage of their 
physiological data (Yuan, 2025), and research on learner–instructor inter-
action in AI-mediated online learning documents comparable concerns 
about surveillance and the erosion of interpersonal trust (Seo et al., 2021). 
As portfolio systems accumulate data across multiple semesters rather 
than single studies, and as biometric and behavioural logging becomes 
more common, these concerns are likely to grow rather than recede. Three 
criteria emerge in a straightforward manner: the data collection should be 
reduced to the level necessary for achieving the teaching goal, the duration 
of keeping the data and access to it should be determined before the data 
collection and not afterward, and participation in the biometrics should be 
truly voluntary because when people give consent under evaluation con-
ditions it means they are giving consent due to pressure put on them by an 
organization. Transparency in data governance is perceived correctly as 
an important design criterion and not as some administrative aspect. 
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Geographic, institutional, and bibliometric concentration 
This report puts together its main evidence base and mainly draws on East 
and Southeast Asian EFL backgrounds, mainly Chinese secondary and 
tertiary contexts with the addition of one higher education study carried 
out in Vietnam and another study conducted somewhere else, which 
means that the intervention studies adopted a single-institution research 
design. In fact, this type of sampling makes it clear that it limits the gen-
eralisability of applied linguistics studies even more than it is normally 
pointed out (Andringa & Godfroid, 2020). Not surprisingly, the conclu-
sions are true from the perspective of the findings but the idea of “AI-
enhanced language learning” is based on a much narrower cultural and 
institutional background than one may expect when hearing about this 
concept. 

Another seldom mentioned issue is the bibliometric one. The sources 
summarized in this section have been selected from the recognized jour-
nals through to conference proceedings and obscure regional journals 
which make it hard to establish the standards of the peer-review process 
just based on information about it. Since the field is expanding faster than 
its review capacity (Jeon, 2025; Rahman et al., 2024), the proportion of 
rapidly published, lightly reviewed work in any current synthesis is high. 
The claims made in this chapter should be assessed partly depending on 
the venue of study on which they are based, and the purpose of the Table 
1 summary is not to show how each study compares in terms of evidential 
weight. 

An equity issue that has emerged based on theory rather than practice is 
the possibility of having further reliance on technology in education lead-
ing to the increase of educational inequality: as AI tools for feedback and 
personalization grow more advanced, there is a chance that only wealthy 
institutions would benefit from them and use them on a large scale; this 
point also raises a concern regarding how convenient access to technology 
might lead to an overdependence, with learners failing to spend enough 
time on planning, revising and presenting work in language education 
(Zou, 2025). Parallel to this concern, teacher education research has con-
cluded that teacher training should be improved to help educators adapt to 
this new reality rather than relying on them acquiring skills in an informal 
way (Karakaya et al., 2025). In line with the current approach, the TBLT 
study demonstrates that there are practical issues as well: instructors ex-
pressed their frustration with the need to allocate time to learn how to use 
new instruments and requested assistance from their institutions (Huang 
et al., 2024).   



Alireza Navidmoghaddam 

 322 

Technological churn and research tempo 
A final, structural limitation is the pace at which the underlying technol-
ogy changes relative to the pace at which longitudinal research can be 
conducted and published. Every primary study synthesised here was de-
signed around a specific generation of AI tools, over windows ranging 
from a single semester to two academic years; by publication, the tools 
evaluated have often been superseded by systems with different capabili-
ties. This is not a flaw in any individual study but a structural feature of 
researching a fast-moving technology with methods—quasi-experiments, 
longitudinal corpora, systematic reviews—developed for a slower-mov-
ing one. It counsels a particular form of humility for the prospective argu-
ment that follows: the specific findings reviewed here are likely to be su-
perseded in their particulars well before the mechanism they point towards 
is. The safest forward-looking claims are therefore claims about mecha-
nism and structure rather than about any specific tool, platform, or re-
ported effect size, and the Implications section is written with that distinc-
tion deliberately in mind. 

Implications 
Taken together, and subject to the boundaries set out above, this evidence 
points towards a specific direction for foreign language pedagogy—not 
simply more AI, but a change in what a language-learning record is for. 
For most of the history of language teaching, assessment has been organ-
ised around discrete moments: the test, the essay, the oral examination, 
each producing a single score standing in for a much longer developmen-
tal process (Uyanıker, 2017). The evidence reviewed here suggests some-
thing different is now practical: assessment and instruction that treat de-
velopment itself, over time, as the primary object of attention, with port-
folios functioning not as archives of finished work but as living instru-
ments tracking a trajectory as it forms. 

Three projected shifts 
Three shifts follow from the evidence. They are extrapolations from a nar-
row base and should be read as a plausible direction of travel rather than 
an established trajectory. 

First, feedback is likely to move away from single-point correction to-
wards continuous, proficiency-calibrated cycles embedded in the tools 
learners already use for drafting and practice—the trajectory visible in the 
movement from standalone automated written corrective feedback tools 
towards feedback embedded natively within portfolio interfaces (Osawa, 
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2023), and in frameworks that build iteration into instructional design ra-
ther than treating it as an optional extra (Wang et al., 2025). 

Moreover, it is well-expected that the focus of assessment will cease to be 
strictly confined to linguistic precision, and start involving cognitive and 
affective aspects which have formally been neglected for a long time—
awareness, anxiety level, motivation, self-control—not because the latter 
have become important but, because the tools powered by AI facilitate the 
measurement of these aspects on a large scale and for extended periods of 
time (Khasawneh et al., 2025; Yuan, 2025). The warnings provided in the 
Cognition and Emotion section and the Data Governance and Learner 
Consent subsection should be also taken into account: the fact that some-
thing is measured does not guarantee its validity, and the extent of new 
measurements is proportional to the responsibility imposed on it. 

In addition, tracking over an extended period is expected to demonstrate 
as the evidence from the speaking corpus does that there does not exist a 
single typical learner trajectory that the instruction should be built around. 
Rather, there are a limited number of different developmental trajectories 
for which different instructional support should be provided rather than a 
typical curriculum used in a standardized manner (Liu et al., 2026). 

The redistribution of teacherly work 
None of this displaces the teacher; if anything, it clarifies what teachers 
are for. With the continued advancement of AI systems when it comes to 
providing real-time feedback that is tailored and focused, the remaining 
utility of human teachers is found in those areas of human-specialised 
knowledge where AI has clear limitations, namely practical and sociocul-
tural judgement, the creation of activities that require the feedback process 
to begin, and human contact and trust that biometric personalisation will 
never replace. In a way, to come to this conclusion means to confirm the 
validity of the model of education as put forward by Zou (2025), whose 
model assigns the role of educators in assigning meaning, shaping argu-
ments, and determining the scope of knowledge to be supplied by students 
in the process of education, while lower order inquiries would be com-
pleted both by the AI and the peers of respective students. Despite the fact 
that such redistribution is not inherent, it does call for the safeguarding of 
the released time so that it can be spent on higher functions instead of the 
administrative burden of the systems, and it calls for teacher training in 
preparation for the new role of the instructors (Karakaya et al., 2025). 
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Practice, and Presupposes 
To elaborate further, a learner portfolio does not get opened only occa-
sionally to obtain a score, while it collects evidence on a continual basis 
such as drafts and edits, audio recordings and corrections made by the 
learner themselves, entries reflecting their thoughts along with emotional 
signals transmitted within the entries and the entire portfolio setup in such 
a way that it represents a particular rich information flow instead of a final 
product represented by a single score. Thus, the teacher will be able to 
find not a score per se in the learner portfolio but a picture of the learner’s 
development process and achievement levels established by the longitu-
dinal study instead of understanding how the learner’s abilities have been 
progressing (Liu et al., 2026). Curriculum design assumes of a shift from 
a standardized curriculum to creation of a number of the differentiated 
pathways adjusted to the learners’ progress where the AI technology will 
control everything connected to adjustment of difficulty levels and 
providing feedback, while teachers will be responsible for decision mak-
ing regarding selection of a particular pathway and its changes. 

The requirements are significant and should be mentioned here. The vi-
sion calls for institutions ready to consider transparency in data govern-
ance not merely as an add-on to the process, but during its design phase, 
in view of learner anxieties with respect to biometrics and behavioral data 
collection even when provided proper consent (Seo et al., 2021; Yuan, 
2025). It requires teacher training programs ready to see AI literacy as a 
fundamental competency rather than a supplementary workshop (Kara-
kaya et al., 2025). It necessitates accounting for equity challenges in the 
sense that there is a risk for capable systems to become useful only for 
well-funded institutions (Zou, 2025). Besides, it calls for scholars willing 
to experiment with the boundaries discussed here rather than assume that 
they will disappear by themselves, specifically the boundary concerning 
pragmatic competence that can be the area that separates what a machine 
does teach from what can be taught only by a living person. 

Research agenda 
The claims presented here can be examined, and it is possible to devise 
studies to do so. Five major implications can be derived from the gaps 
discussed before. (a) Determining the impact of iteration: A study that 
controls for the overall volume and quality of feedback and tests different 
frequencies of giving and receiving feedback will allow checking whether 
iteration has a significant impact apart from feedback volume. (b) Trans-
fer and withdrawal: Measuring self-monitoring and accuracy after AI sup-
port is removed would establish whether the self-correction gains reported 
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by Liu et al. (2026) reflect internalised capacity or tool dependence. (c) 
Timing in receptive skills. A direct comparison of in-task and post-task AI 
scaffolding for listening would test the deployment-versus-technology in-
terpretation offered in the Statistical and Measurement Caution subsec-
tion. (d) Construct validation of affective instrumentation. Studies report-
ing biometric indices should report their association with validated self-
report measures of the target construct, so that arousal, interest, and anxi-
ety can be distinguished. (e) Replication beyond the current base. Multi-
site studies in under-represented contexts, and replication of the three-
profile trajectory solution in independent cohorts, would establish 
whether the patterns synthesised here generalise beyond the settings that 
produced them. Pre-registration and the routine reporting of sample sizes, 
effect sizes, and confidence intervals would materially improve the cumu-
lative value of this literature, which at present reports these inconsistently. 

Conclusion 
This chapter has argued that the empirical literature on AI in foreign lan-
guage education, read as a whole rather than study by study, is consistent 
with a single underlying mechanism: sustained, proficiency-calibrated 
feedback embedded within an iterative, documented process appears to 
move learners simultaneously along linguistic, cognitive, and affective 
lines of development in a way that isolated interventions do not. The pat-
tern recurs across studies of writing, reading, speaking, and emotional 
self-regulation, and independently developed pedagogical frameworks ar-
rive at compatible prescriptions from different starting points. That con-
vergence is a stronger basis for a general claim than any single study of-
fers, but—as the What Convergence Can and Cannot Establish subsection 
argued—it is not equivalent to a demonstrated causal mechanism, and the 
chapter has specified the designs that would settle the question. 

From this, it is clear that the field is transitioning from assessment as a 
series of individual events to assessment as an ongoing and longitudinal 
process, with portfolios being the most logical existing option for realiz-
ing this transition, provided they are designed in a way that is iteration- 
and calibration-oriented and not as a storage system for completed work, 
which is where portfolio-based assessment has failed in practice (Ab-
dulhamid & Fox, 2020). However, this transition comes with real limita-
tions that should not be overlooked by the industry; especially, pragmatic 
competence does not go well with automated feedback for reasons that 
appear to be structural, rather than transitional (Liu et al., 2026); data gov-
ernance becomes stricter as portfolios gather the records of activities for 
longer periods; and the amount of evidence supporting the process suffers 
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from being geographically, -relatedly, and bibliometrically limited (An-
dringa & Godfroid, 2020). If we consider these limitations, this body of 
work however appears to suggest a future in which foreign language 
teaching may respond more closely to the actual shape of language learn-
ing for each learner and people who teach languages will instead of being 
displaced will find more opportunity to use their judgment to explore 
these aspects of language competence that will stay human for a long time. 

Declaration of Generative AI and AI-Assisted Technologies in 
the Writing Process 
During the preparation of this work, the author used ChatGPT and Gram-
marly in summer 2026 in order to improve grammar and language editing. 
After using these tools, the author reviewed and edited the content as 
needed and takes full responsibility for the content of the publication. 
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Ethical Dimensions of Artificial Intelligence in        
Foreign Language Education 

Zeyneb Dolan 1 

Abstract 
The rapid integra%on of ar%ficial intelligence (AI) and genera%ve language models into foreign 
language educa%on has transformed tradi%onal teaching, learning, and assessment methods. 
While these technologies offer unprecedented opportuni%es for personalized learning, resource 
accessibility, and pedagogical efficiency, they simultaneously introduce profound ethical and 
pedagogical dilemmas. This paper examines the mul%-faceted ethical dimensions of AI-en-
hanced language educa%on, focusing on cri%cal concerns such as student privacy viola%ons and 
data security, algorithmic and linguis%c biases, academic integrity threats like plagiarism, the 
risk of dehumanizing human-to-human interac%on, digital divide inequali%es, and opacity in al-
gorithmic decision-making. Furthermore, it reviews prominent ins%tu%onal governance frame-
works and ethical guidelines established by interna%onal coali%ons, including UNESCO, the Eu-
ropean Commission, and the World Economic Forum, to opera%onalize transparency, equity, 
and human-centered oversight. Ul%mately, the study argues that naviga%ng this technological 
paradigm shi3 requires a proac%ve, principles-based framework combined with targeted digital 
literacy training to ensure that AI tools augment rather than replace human educators, safe-
guarding educa%onal equity and human rights. 
Keywords: Ar4ficial Intelligence in Educa4on, Foreign Language Educa4on, Ethical Dimensions, 
Genera4ve AI, Educa4onal Equity 

Introduction 
Artificial Intelligence (AI) has transformed language teaching and learn-
ing by personalizing activities for individual learners, evaluating progress, 
and providing constant automated feedback (Akinsemolu & Onyeaka, 
2025). As generative artificial intelligence advances, it steadily alters tra-
ditional models and methods of language education (Mohamed, 2024, p. 
1). The integration of these technologies into language classrooms intro-
duces a dynamic realm with profound ethical and pedagogical dimensions 
(Alghamdy, 2023). For instance, while platforms like ChatGPT have un-
locked innovative avenues for language acquisition, they simultaneously 
introduce critical ethical dilemmas that demand thorough examination to 
guarantee conscientious deployment (Vaccino-Salvadore, 2023). 
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Therefore, the instructional consequences of integrating AI into language 
classrooms necessitate a thorough investigation (Aljabr &Al-Ahdal, 
2024). 
Despite the evident benefits of AI, the handling and potential misuse of 
information used to train these systems, combined with algorithmic vul-
nerabilities, can expose users to completely unexpected hazards (Eden, 
Chisom & Adeniyi, 2024, Borenstein & Howard, 2020). On a larger scale, 
this requires separating the concept of doing ethical things from doing 
things ethically. Accordingly, educators must choose teaching methods 
that are fundamentally ethical while always accounting for the reality of 
unintended side effects (Holmes et al., 2021). Consequently, this techno-
logical shift highlights the urgency for policymakers and educators to ex-
amine the ethical implications of their practices, ensuring these tools ben-
efit all students rather than reinforcing existing biases or inequalities 
(Compagnoni, Oguilve & Wen, 2025). 
Crucially, although the extensive collection of user data such as voice re-
cordings and interaction logs enables the personalized experiences that 
boost student engagement, it simultaneously creates serious vulnerabili-
ties regarding data privacy, algorithmic transparency, and informed con-
sent (Selvam & Vallejo, 2025). Therefore, while AI offers unprecedented 
opportunities for resource accessibility and pedagogical efficiency, it also 
imports systemic biases and compromises learner privacy (Chen, Chen & 
Li, 2025). Ultimately, ethical concerns in language learning arise when 
student autonomy is taken for granted to the extent that learners are as-
signed sole responsibility for their outcomes, regardless of their socio-
economic or educational backgrounds (Compagnoni, Oguilve & Wen, 
2025).  

Ethical Dimensions of Use of AI in Language Education 
The widespread adoption of AI in language education raises significant 
ethical concerns regarding teacher job security and the potential for pro-
fessional displacement due to automation (Alghamdy, 2023).  Ethical im-
plications also extend to the risk of deskilling educators, potentially de-
valuing the uniquely human facets of pedagogy such as empathy and cul-
tural mentorship (Sabudu, 2025). Furthermore, the substantial computa-
tional resources required by large-scale AI models introduce a layer of 
ethical consideration concerning ecological sustainability and the envi-
ronmental footprint of educational technology (Sabudu, 2025).   
Critical questions also arise regarding intellectual property rights and the 
potential for copyright infringement when AI systems are trained on 
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datasets containing original work without explicit authorization (Sabudu, 
2025; Pack & Maloney, 2024). Additionally, over-reliance on Western-
centric datasets risks propagating a cultural monoculture that erodes 
global linguistic and cultural diversity (Chen, Chen & Li, 2025, Vaccino-
Salvadore, 2023). Specifically in K-12 settings, unauthorized data collec-
tion and the inability of minors to provide truly informed consent present 
grave ethical and legal dilemmas (Selvam & Vallejo, 2025). To address 
these multi-faceted challenges, it is essential to examine a range of press-
ing concerns, including student privacy, algorithmic bias, plagiarism, lim-
ited human interaction, technology access inequalities, and systemic 
transparency issues.  

Student Privacy and Data 
Within the discourse on AI-enhanced language education, violations of 
student privacy represent one of the most critical ethical concerns (Mo-
hamed, 2024). Significant security risks arise because AI-driven language 
learning platforms continuously gather and store extensive user data, such 
as writing samples, voice recordings, and individual learning patterns 
(Selvam & Vallejo, 2025). Because users often lack a clear understanding 
of what specific information is gathered and how far this collection goes, 
serious apprehensions exist regarding the potential exploitation of stu-
dents’ personal data (Alghamdy, 2023). Furthermore, the broad scale of 
data collection needed to power AI tools creates risks of unauthorized ac-
cess, which can ultimately damage the trust between educators and their 
students (Mariyono et al., 2024). In response to these vulnerabilities, and 
to guarantee that learner data is handled ethically and protected from com-
mercial exploitation, institutions must implement strong data protection 
frameworks and transparent consent procedures (Chen, Chen & Li, 2025). 

Algorithmic Bias 
In addition to privacy concerns, algorithmic bias poses a significant threat 
to educational 
equity and can potentially perpetuate or amplify existing inequalities 
(Mariyono et al., 2024). Because AI algorithms reflect the values and per-
spectives of their developers, training datasets generally reflect historical 
and systemic biases (Mohamed, 2024). Consequently, large language 
models may exhibit persistent biases against gender, race, and religion, 
subtly shaping a user’s opinions and behavior (Vaccino-Salvadore, 2023). 
Within language education, specifically, linguistic bias can occur when 
standard accents are prioritized, penalizing learners who have acquired 
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valid regional variations of a language (Chen, Chen & Li, 2025). This 
devalues the rich tapestry of the language-speaking world and reinforces 
a form of digital linguistic imperialism (Chen, Chen & Li, 2025). There-
fore, bias mitigation is highly significant to prevent the unfair treatment 
of learners based on demographic attributes such as certain accents or so-
cioeconomic status (Mohamed, 2024). 

Plagiarism 
Beyond systemic biases, the operational integrity of academic environ-
ments is also at risk. The widespread availability of AI tools has notably 
expanded the opportunities for students to engage in academic deceit such 
as plagiarism (Alghamdy, 2023). Teachers predominantly view the lack 
of original ideas and the submission of AI-generated text as one’s own 
work as core forms of academic dishonesty (Cong-Lem, Tren & Nguyen, 
2024). Moreover, over-reliance on chatbots like ChatGPT is considered 
detrimental to the development of building real comprehension, critical 
thinking capacities, and language proficiency (Cong-Lem, Tren & Ngu-
yen, 2024). Students who leverage AI platforms as shortcuts to academic 
success could inadvertently bypass the cognitive involvement that under-
pins genuine learning (Alghamdy, 2023). Compounding this issue, large 
language models also have a tendency to hallucinate or fabricate infor-
mation, and students may be unaware that the information they receive is 
inaccurate (Pack & Maloney, 2024). 

Limiting Interactions 
Alongside these academic integrity issues, the integration of AI in educa-
tion introduces a risk of dehumanizing the learning process by reducing 
vital interactions between teachers and students (Mariyono et al., 2024). 
Human educators offer the empathy, emotional understanding, and rap-
port that serve as cornerstones for nurturing meaningful language learning 
experiences (Alghamdy, 2023). This shortfall in AI is evident in its com-
plete incapacity to grasp the nuances of emotional intelligence or under-
stand the complex web of learners’ emotions (Alghamdy, 2023). There-
fore, the guiding philosophy must dictate that AI functions as a tool to 
augment, rather than replace, the human educator (Chen, Chen & Li, 
2025). Adopting a hybrid approach enables AI to manage repetitive drills 
and provide instant grammar feedback, thereby allowing teachers to focus 
their energy on nuanced cultural mentorship and building supportive 
classroom communities (Chen, Chen & Li, 2025). 
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Inequalities in Access to Technology 
Simultaneously, inequalities in access to technology, particularly due to 
the digital divide, threaten to exacerbate existing socio-economic differ-
ences in language education (Akinsemolu & Onyeaka, 2025). Equitable 
access to AI-driven language learning technologies is significant for all 
learners regardless of their demographic or literacy level (Mohamed, 
2024). However, inclusivity remains a challenge, as AI risks widening the 
educational gap between different socio-economic groups (Mariyono et 
al., 2024). 
Furthermore, AI systems trained predominantly on Western datasets risk 
reinforcing existing inequities when deployed in diverse global contexts 
(Compagnoni, Oguilve & Wen, 2025). Therefore, addressing algorithmic 
oppression is essential to ensure that the tech industry does not marginal-
ize underrepresented linguistic and cultural clusters (Mohamed, 2024). 

Transparency Issues 
Algorithmic opacity in AI systems severely hinders the effective imple-
mentation of core ethical principles (Niemi et al., 2023). Finally, these 
layered inequalities are compounded by a fundamental lack of clarity in 
how these systems operate. Because many AI models operate as black 
boxes, it is difficult for both educators and learners to comprehend the 
reasoning behind the assessments or recommendations they generate 
(Selvam & Vallejo, 2025). This absence of transparency creates an ethical 
obstacle by hindering metacognitive learning, given that students might 
be assigned a grade without understanding the underlying linguistic logic 
(Chen, Chen & Li, 2025). 
Furthermore, accountability issues emerge when determining who is re-
sponsible for the biased feedback or errors that AI systems produce 
(Selvam & Vallejo, 2025). The decentralized structure of AI technologies 
spreads out responsibility, which ultimately complicates a student’s abil-
ity to seek recourse for unfair algorithmic determinations (Chen, Chen & 
Li, 2025). Consequently, developers and educational institutions must im-
plement explicit accountability frameworks alongside human oversight 
processes (Selvam & Vallejo, 2025). 

Institutional Frameworks and Ethical Guidelines 
To navigate these complex ethical dilemmas, a growing number of inter-
national governance bodies, educational organizations, and policy coali-
tions have established formal frameworks to steer the responsible 
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deployment of emerging technologies. As of 2021, more than 30 countries 
have instituted national AI policies designed to address the social, ethical, 
and structural impacts of artificial intelligence on key sectors like educa-
tion (Schiff, 2021). 
Prominent examples of these global guidelines include specific frame-
works championed by the United Nations Educational, Scientific and Cul-
tural Organization (UNESCO), the European Commission, and the World 
Economic Forum (WEF), each aiming to operationalize accountability, 
transparency, and equity on a systemic scale. 

UNESCO’s Ethical Framework for Generative AI in Education 
and Research 
UNESCO’s comprehensive guidance on generative AI (GenAI) in educa-
tion and research (2023) is fundamentally anchored in a human-centered 
approach designed to ensure that technology serves the development of 
human capabilities for inclusive, just, and sustainable futures. This ap-
proach is guided by human rights principles, the protection of human dig-
nity, and the preservation of cultural and linguistic diversity. In this frame-
work, AI must not be allowed to usurp human intelligence; instead, it is 
viewed as an invitation to reconsider established understandings of 
knowledge and human learning. 
To reassert public control and leverage the potential of GenAI across sec-
tors, UNESCO proposes seven key regulatory steps for governmental 
agencies to regulate these tools. For data protection, governments should 
endorse international or regional general data protection regulations or de-
velop national ones to regulate the collection and processing of personal 
data by GenAI providers. These efforts must be integrated into whole-of-
government strategies, meaning that regulating GenAI must be integrated 
into broader national AI strategies that ensure safe and equitable use 
through coordinated intersectoral actions. Furthermore, countries must so-
lidify and implement specific ethics regulations on the ethics of AI, trans-
lating guiding principles into enforceable laws. Copyright law adjust-
ments are also required; existing laws should be adjusted or enforced to 
regulate AI-generated content, specifically regarding the use of copy-
righted materials for training and the legal status of GenAI outputs. Addi-
tionally, national and local agencies need to develop GenAI-specific 
frameworks, including requirements for labeling AI-generated content. 
This must be paired with capacity building, where educational institu-
tions, teachers, and researchers require support to strengthen their capac-
ities for the proper, ethical, and effective use of GenAI. Finally, 
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governments should engage in long-term reflection, conducting open pub-
lic debates and policy dialogues to examine the long-term implications of 
GenAI for knowledge creation, transmission, and validation. 
In addition to governmental action, UNESCO outlines ten categories of 
accountabilities regarding ethical obligations for generative AI providers 
and developers to ensure their ethical deployment in educational contexts. 
Under human accountability, providers are responsible for adhering to 
core values, respecting intellectual property, and preventing the spread of 
disinformation and hate speech. They must also deliver trustworthy data 
and models by evidencing the trustworthiness of their data sources, ensur-
ing legal compliance, and obtaining explicit consent for the use of per-
sonal information. Providers are strictly bound to provide non-discrimi-
natory content, meaning the design and deployment of systems that gen-
erate biased or discriminatory content based on race, nationality, or gen-
der must be prohibited. For explainability and transparency, providers 
should be transparent about their data sources, algorithms, and models’ 
propensity for errors, offering explanations to public governance agen-
cies. Regarding labeling and security, AI-generated content, such as pa-
pers, reports, images, and videos, must be clearly labeled as machine-pro-
duced, and providers must ensure secure and sustainable service through-
out the system’s life cycle. For safety and remediation, providers need to 
establish mechanisms for complaints and remedies, prevent predictable 
harms, and assist users in understanding the limitations of the generated 
content. 
At the institutional level, governance and age restrictions must be strictly 
managed. Educational institutions hold the responsibility for determining 
which GenAI tools to procure and deploy within their environments. In-
stitutional auditing mechanisms should be implemented to monitor algo-
rithms, protect user data, and filter out inappropriate content. Crucially, 
UNESCO recommends a minimum age limit of 13 for the independent 
use of GenAI chatbots, and encourages countries to consider raising this 
threshold to 16 to protect children’s rights and well-being. Institutional 
strategies must also address academic integrity by rethinking the design 
of written assignments. While GenAI providers are required to use water-
marks, the long-term solution involves shifting assessment toward tasks 
that GenAI cannot perform better than humans, such as applying values 
like compassion and creativity to real-world challenges. 
To prevent the widening of the digital divide and the risk of “data pov-
erty,” policy measures for inclusion and diversity must prioritize equity. 
To guarantee inclusive access, governments should provide universal con-
nectivity and digital competencies, establishing funding for AI-enabled 
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tools for learners with disabilities or special needs. To protect linguistic 
and cultural pluralism, specifications should require AI providers to in-
clude data in multiple languages, particularly indigenous languages, and 
prevent the removal of minority languages or the imposition of dominant 
cultural norms. Finally, a critical evaluation of bias is necessary; users 
must be aware that GenAI outputs often represent only the dominant 
worldview and may marginalize minority voices due to the nature of their 
training data. 
Furthermore, specific ethical guidelines for research and teaching must be 
established. The use of GenAI in research and teaching should be co-de-
signed by teachers, learners, and researchers rather than being imposed in 
a top-down manner. For research, while GenAI can assist in literature re-
views and data exploration, researchers must be alert to hallucinations or 
fabricated information, such as non-existent citations. For teaching, 
GenAI should be used to enhance teachers’ understanding of their subjects 
and methodologies, and to facilitate higher-order thinking through peda-
gogically appropriate interactions. To safeguard human agency, policies 
must prevent the use of GenAI where it would deprive learners of oppor-
tunities to develop cognitive abilities, social skills, and independent logi-
cal reasoning through real-world observations. 
The rapid evolution of GenAI also presents several uncharted ethical is-
sues and future risks that require immediate and ongoing investigation. 
First, the psychological and developmental impact must be monitored, as 
systems that mimic human interaction may have unknown effects on the 
cognitive development and emotional well-being of young learners. There 
is also the threat of a reduction of human connection, as the use of AI 
systems in education may reduce the critical social-emotional aspects of 
learning that occur through human-to-human interaction. Additionally, an 
over-reliance on GenAI for suggestions and outlines may lead to a ho-
mogenization of thought, causing a standardization of responses and 
weakening the value of independent inquiry and diverse creative output. 
Finally, users must look out for hidden discrimination, since future itera-
tions of GenAI may generate new forms of bias and discrimination that 
are difficult to detect due to the non-transparent “black box” nature of 
artificial neural networks. 

The European Commission’s Ethical Guidelines 
The European Commission’s 2026 revised guidelines (2026) emphasize 
that artificial intelligence (AI) is fundamentally reshaping education, ne-
cessitating a human-centered approach to ensure technology serves peo-
ple and supports educators. Integrating an ethical dimension into 
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educational AI is not merely an addition but a central component of digital 
and AI literacy. These guidelines are grounded in the belief that educa-
tional applications of AI must respect human dignity, promote fairness, 
and preserve the integrity of learning. 
The primary legal framework governing AI use in the European Union is 
the Artificial Intelligence Act (2024), which adopts a risk-based approach 
to ensure systems are safe and transparent. Under this Act, certain AI prac-
tices are strictly prohibited in educational settings, most notably the use 
of AI systems designed to detect or infer a person’s emotions, unless for 
specific medical or safety reasons. Furthermore, AI tools used for sensi-
tive tasks such as admissions, grading, and student progress tracking are 
classified as high-risk due to their potential impact on fundamental rights. 
High-risk systems are subject to strict obligations, including adequate risk 
mitigation, high-quality datasets to prevent discriminatory outcomes, and 
human oversight. In addition to the AI Act, the General Data Protection 
Regulation (GDPR) applies to all processing of personal data in schools, 
requiring institutions to act as data controllers who communicate clearly 
about data usage. Educational institutions are required to carry out Data 
Protection Impact Assessments (DPIA) and, for high-risk tools, Funda-
mental Rights Impact Assessments (FRIA) to identify and mitigate risks 
to individual rights. Transparency is a key legal requirement, as users have 
a “right to explanation” to understand the logic behind AI-assisted deci-
sions that significantly affect them. 
To underpin the use of AI in teaching and learning, the Commission iden-
tifies five foundational ethical pillars that must be upheld across all edu-
cational environments: 

§ Human Dignity: This encompasses the right to privacy and hu-
man autonomy, ensuring individuals are treated as intrinsically 
valuable rather than mere data objects. 

§ Fairness: This principle requires that all users have equal access 
to opportunities through inclusion, non-discrimination, and the 
equitable distribution of rights. 

§ Trust/Trustworthiness: AI is considered trustworthy when it is 
consistently reliable, respects privacy, avoids bias, and promotes 
the best interests of students. 

§ Academic Integrity: This extends beyond tools to include mind-
sets and competencies, focusing on using AI in an honest manner 
and designing valid assessments in the era of generative AI. 

§ Justified Choice: This requires that collective choices in the 
school environment are based on knowledge and participatory 
models of decision-making. 
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Building upon these foundational pillars, the guidelines establish eight 
key operational requirements for the ethical deployment of AI, structured 
through guiding questions for teachers and school leaders: 

§ Human Agency and Oversight: Teachers must be able to review 
and adjust AI outputs before they are used in teaching and inter-
vene if inappropriate effects are observed. 

§ Transparency and Explainability: Providers must supply clear 
documentation on how a tool works, its decision logic, and its 
treatment of intellectual property. 

§ Diversity and Inclusion: AI-assisted materials must adequately 
represent different languages, cultures, and abilities, and schools 
must address digital-literacy gaps that prevent equal usage. 

§ Fairness and Non-Discrimination: Systems must be tested for 
bias across different learner groups to prevent misrepresentation 
or exclusion of marginalized populations. 

§ Societal and Environmental Wellbeing: Educators should moni-
tor whether AI use affects student motivation, mood, or social 
interaction, while also considering the environmental impact of 
the technology. 

§ Privacy and Data Governance: Sensitive student data must be 
anonymized, and educators should avoid inputting personally 
identifiable information into external AI tools. 

§ Technical Robustness and Safety: Schools must establish formal 
procedures for reporting technical faults, unsafe outputs, and data 
breaches. 

§ Accountability: There must be a clear division of responsibilities 
for support, maintenance, and the evaluation of whether AI tools 
align with educational values. 

In the specific context of language learning, AI tools offer specialized 
support such as real-time translation, speech recognition, and interactive 
conversation simulations that adapt to a learner’s proficiency level. These 
tools can provide automated feedback on pronunciation, fluency, and 
comprehension to enhance the learning process. However, when using 
generative AI for language tasks, educators must encourage students to 
verify outputs, as models may produce “hallucinations”—coherent but 
fabricated or factually incorrect information. Discussing these hallucina-
tions is a practical way to develop AI literacy, helping students understand 
that AI generates text based on statistical patterns rather than true under-
standing. 
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World Economic Forum Education 4.0 
The World Economic Forum (2024) defines Education 4.0 as a compre-
hensive framework for teaching and learning that focuses on providing 
learners with the abilities, skills, attitudes, and values fit for a future de-
fined by accelerating technological change. While artificial intelligence 
(AI) offers a unique opportunity to enhance the reach and effectiveness of 
these education systems, its deployment necessitates careful management 
to navigate the associated risks. 
A fundamental ethical principle in the integration of AI is that technology 
must serve to enhance, not replace, the role of the teacher. While AI can 
excel at streamlining administrative duties and presenting differentiated 
content, the complex process of facilitating learning remains an indispen-
sable human element. By automating routine clerical tasks which cur-
rently consume a significant portion of educators’ time AI empowers 
teachers to focus on high-value human interactions, such as building rela-
tionships, providing social-emotional support, and offering individualized 
mentorship. This synergy is intended to improve teaching effectiveness 
while preserving the social-emotional aspects of learning that occur 
through human connection. 
The integration of AI systems raises significant ethical concerns regarding 
the safeguarding of student data and individual privacy. Stakeholders, in-
cluding parents and educators, have expressed ambivalence or a lack of 
trust in AI systems due to fears of exploitation by bad actors. To address 
these concerns, the World Economic Forum emphasizes that robust data 
privacy and security protocols must be implemented at the institutional 
and governmental levels. These protocols should include: 

§ Raising awareness about the ethical use of data. 
§ Ensuring explicit consent and anonymizing sensitive student in-

formation. 
§ Limiting data collection to what is strictly necessary for educa-

tional purposes. 
§ Developing governance measures and equity frameworks before 

the rapid deployment of generative AI. 
Ethical education in the age of AI requires the cultivation of AI and digital 
literacy, which extends beyond the mere technical ability to use tools. This 
literacy encompasses critical thinking, problem-solving, and an awareness 
of the ethical implications of AI design and deployment. Students must be 
equipped with the discernment to: 

§ Assess the reliability of sources and the accuracy of information 
provided by AI. 
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§ Recognize and critically analyze disinformation and misinfor-
mation, particularly as synthetic content becomes more preva-
lent. 

§ Understand the limitations, reliability, and potential unconscious 
biases inherent in machine learning algorithms. 

§ Navigate the ethical considerations of being a “responsible pro-
ducer” of technology, which includes understanding information 
privacy, security, and the potential societal impacts of AI design. 

A primary ethical risk identified by the World Economic Forum is the 
potential for AI to exacerbate existing education gaps and widen global 
inequality. There is a significant concern that if the benefits of AI primar-
ily accrue to privileged communities and geographies, the education eq-
uity gap will further increase. Therefore, equity and inclusion considera-
tions must be central to the design of all AI-integrated educational pro-
grams. Ethical implementation requires: 

§ Universal connectivity and efforts to reach the 2.6 billion indi-
viduals who currently lack basic internet access. 

§ The use of Universal Design for Learning (UDL) principles to 
create inclusive tools for diverse learners, including the 240 mil-
lion children globally who have disabilities. 

§ Leveraging AI to provide customizable interfaces and adaptive 
technologies, such as real-time captioning for students with audi-
tory impairments or text-to-speech functions. 

§ The development of AI models that address language barriers by 
providing training and support in diverse local and indigenous 
languages. 

To balance innovation with ethical guardrails, the World Economic Fo-
rum proposes five essential conditions for the integration of AI in educa-
tion. First, AI tools must be developed in active collaboration with educa-
tors and education leaders to ensure they meet diverse learning needs. 
Second, sensitive information must be protected through rigorous security 
protocols. Third, innovative funding models are required to support inde-
pendent testing and evaluation of AI solutions to ensure their efficacy and 
value. Fourth, teachers, students, and administrators must receive the nec-
essary training and upskilling to make productive and ethical use of AI 
systems. Finally, a focus on academic integrity is necessary, as the rise of 
generative AI challenges basic assumptions about how classroom work 
reflects a student’s cognitive process and necessitates new ways to dis-
courage cheating. 
In the specific realm of language education, generative AI presents unique 
ethical and pedagogical challenges by mimicking human logic, writing, 
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and discourse. These advancements put into question the relevance of tra-
ditional methods for teaching writing, grammar, and logic. However, AI-
driven tools also offer transformative potential for literacy development 
by providing real-time constructive feedback and personalized learning 
journeys. For language learners, AI can: 

§ Provide tailored content and adjust the pace of instruction based 
on individual proficiency levels. 

§ Offer instant translation to adapt culturally relevant materials to 
a student’s lived experience and background. 

§ Enable interactive and engaging learning through gamified as-
sessments and virtual mentors that provide 24/7 support. 

Conclusion 
The integration of Artificial Intelligence into language education marks a 
profound paradigm shift, redefining the boundaries of pedagogical effi-
ciency, personalization, and student engagement. However, as this paper 
has demonstrated, these technological advancements are intrinsically 
bound to complex ethical dilemmas that cannot be ignored. Over the 
course of this analysis, several pressing vulnerabilities have been identi-
fied, most notably regarding the exploitation of student privacy through 
massive data harvesting and the perpetuation of systemic inequities via 
algorithmic and linguistic biases. Furthermore, the widespread availabil-
ity of generative tools poses severe threats to academic integrity by facil-
itating plagiarism, risks dehumanizing the classroom by reducing vital 
teacher-student interactions, and threatens to widen the global socio-eco-
nomic divide due to unequal technology access. Finally, the “black box” 
nature of many modern algorithms complicates these issues further, ob-
scuring transparency and dividing accountability when systems produce 
errors or biased outcomes. 
To mitigate these multifaceted challenges, the global educational commu-
nity must shift away from localized, reactive troubleshooting and move 
toward systemic, policy-driven solutions. As observed in the regulatory 
frameworks put forward by prominent international governing bodies, 
managing the deployment of AI requires coordinated, structural oversight. 
Landmark guidelines from UNESCO, the European Commission, and the 
World Economic Forum collectively underscore that technology must re-
main human-centered, serving to augment rather than replace human ped-
agogy. By enforcing strong data protection standards, mandating algorith-
mic risk assessments, prohibiting discriminatory or invasive AI practices, 
and addressing the global digital divide, these international initiatives 
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offer foundational blueprints for balancing technical innovation with hu-
man rights and educational equity. 
Moving forward, resolving the tension between technological capability 
and ethical responsibility requires a concerted effort from educators, de-
velopers, and policymakers alike. To foster a more informed and ethical 
approach, universal standard language pedagogy should be used to de-
velop learning paths and assessments for AI applications (Akinsemolu & 
Onyeaka, 2025). It is essential that training is provided to both learners 
and educators to develop the necessary digital literacy skills to use and 
critically evaluate AI tools effectively (Compagnoni, Oguilve & Wen, 
2025). Rather than viewing ethics as a restrictive barrier, ethical aware-
ness functions as a cognitive prerequisite for active evaluation, rather than 
merely inhibiting technology use (Zhang & Li, 2026). Empowering stu-
dents in this manner yields practical behavioral benefits; for instance, stu-
dents with a holistic ethical mindset are significantly more likely to en-
gage in critical verification and reflection when using AI translation tools 
(Zhang & Li, 2026). Ultimately, a proactive, principles-based ethical 
framework is a prerequisite for the responsible and sustainable integration 
of AI into the language education ecosystem (Chen, Chen & Li, 2025). 

Declaration on the Use of Generative Artificial Intelligence 
Throughout the creation of this manuscript, the author employed 
ChatGPT (OpenAI, GPT-5) solely to assist with textual refinement and 
translation editing. All theoretical foundations, data interpretations, and 
academic conclusions were independently conceived, reviewed, and fi-
nalized by the author, who maintains complete accountability for the aca-
demic integrity and ethical standards of the work. 
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